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Abstract

Between 2000 and 2021, the political regime in Russia underwent significant transformations, presenting a
compelling case for scholars of electoral authoritarianism. Elections emerged as pivotal not only for the
regime and the opposition but also for the mechanism through which state resources were distributed to a
select group of supporters. Such mechanisms, often referred to in academic literature as political machines or
clientelistic exchanges, involve a complex web of interactions among politicians, intermediaries, and voters.
While existing research on Russia provides some insights into aspects of clientelistic exchanges within the
country, this dissertation seeks to offer a comprehensive analysis by examining all participants in these
exchanges—their motivations, the resources at their disposal, and their dynamics across different electoral
contexts within Russia. Thus, the overarching question of this study is: What does the Russian political
machine look like when viewed as a unified mechanism? This research aims to identify the key actors involved,
understand their motivations, and analyze how their interplay results in electoral gains for the dominant
party (United Russia) and the incumbent (Vladimir Putin).

This research is comprised of three papers, each focusing on different aspects of the interactions and
motivations within the political machine in Russia. Each paper introduces a theoretical framework for
examining these relationships, offering unique perspectives on the dynamics at play. The first paper provides
game-theoretic model explaining how the party distributes benefits to voters and how this influences their
electoral preferences. The second paper examines the interplay between voters’ motivations, the capabilities
of brokers, and the party’s preferences, which culminates in suboptimal electoral outcomes for the dominant
party in an authoritarian regime. The third paper delves into the rent-seeking behavior that characterizes
the cooperation between business entities and the regime, providing insight into the economic underpinnings
of political machine.

This dissertation is organized as follows: It begins with an introduction that lays out the key definitions,
summarizes the main arguments of the study, provides insight into the latest developments within the regime,
and outlines potential avenues for future research on clientelism in Russia. Following this, the first paper
presents findings from a nationwide survey in Russia, uncovering the respondents’ preferences for different
benefits and their related electoral decisions. The second paper investigates the influence of large businesses
on elections through electoral mobilization strategies. It further demonstrates that although mobilization
can increase voter turnout, the votes of mobilized individuals often favor the opposition. Lastly, the third
paper explores the strategic collaboration between the dominant party’s donors and the financial benefits
they receive from the state, specifically through public procurement contracts.

This research contributes to the study of authoritarian regimes and, more specifically, clientelism, by
employing statistical data and advanced quantitative methodologies. It is the aspiration of this work that
scholars investigating clientelism in other non-democratic contexts with scarce data availability, as well
as those focusing on Russia, can leverage the techniques and data presented here to uncover the covert
mechanisms of political corruption.

ii



CEU eTD Collection

Acknowledgements

This dissertation, founded on my independent research, could not have been accomplished without the
help and support I received from many people over six years. I would like to first express my deepest
gratitude to my supervisor, Michael Dorsch, for placing his trust in me and granting me the freedom to direct
my research as I saw fit. I am immensely thankful to Professor Dorsch for his support and attentiveness
throughout the entire project. I couldn’t have asked for a better supervisory style, which empowered me to
persevere through often challenging and difficult times.

Next, I would like to express my gratitude to my supervisory panel members. I was exceptionally
fortunate to have the opportunity to work with outstanding academics who were also wonderful people, each
contributing uniquely to my project. First, I extend my sincere thanks to Professor Cristina Corduneanu-
Huci for her substantial thematic insights, which significantly transformed this project and brought it to its
current state. Her unique expertise in the political economy of non-democratic regimes was always insightful
and enlightening. I also want to thank Professor Corduneanu-Huci for brilliant role model of female in
academia, which inspired me to proceed with my own track. I am also thankful to Professor Mihaly Fazekas
for his guidance regarding my career path and for all that he has taught me about anti-corruption, data
analysis, working style, and the profession at large. I am also thankful to Professor Fazekas for providing
me access to the Russian public procurement data, which was extremely valuable for this research. I would
like to thank Professor Caitlin Brown, who was a panel member during the initial stages of this project. Her
comments and advice were instrumental in enhancing the methodological aspects of my work. Furthermore,
I appreciate the opportunity to have my first teaching assistant experience under her guidance, which taught
me a great deal.

Beyond my supervisory panel, I would like to extend my heartfelt gratitude to Professor Timothy Frye.
Thanks to him, I had the privilege of receiving a fellowship at the Harriman Institute of Columbia University,
which was one of the most crucial experiences for this project’s progress. I deeply appreciate Professor Frye’s
attention to my dissertation, his thorough review and insightful comments on my work, and his agreement
to serve as an external reviewer for this project. I am also grateful to Anton Shirikov for supporting me
during my time at the Harriman Institute and for making this experience more engaging. I would also like
to express my gratitude to Professor David Szakonyi for taking his time and providing invaluable comments
and suggestions regarding the data and research questions of this project.

I would like to express my gratitude to the CEU Doctoral School of Political Science for their financial and
administrative support during my PhD studies. Special thanks go to Ingy Kassem and Monica Lafaire for
all the care and friendship. I want to extend my thanks go to the NGO ”Golos” and particularly to Stanislav
Andreychuk for the patience and many years of providing me with access to data on Russian party donations,
without which one of the papers could not have been written. I am thankful to the Center for Advanced
Governance, and especially to the team responsible for compiling data on local electoral committees, which
proved indispensable for this research. Additionally, I am immensely grateful to the Levada Center team for
our productive collaboration on the survey and for granting me access to extremely useful data.

Before joining CEU, I was profoundly influenced by many professors who significantly shaped the aca-
demic work I produce today. T would like to begin by thanking my former supervisors, Andrey Starodubtsev
and Grigorii Golosov, for their invaluable contributions to my academic career and the extensive knowledge
they shared with me. I am also grateful to Anna Dekalchuk, Ivan Grigoriev, Margarita Zavadskaya, Vladimir
Gel’'man, Ivan Kurilla, Mikhail Turchenko, Alyona Vandysheva, Irina Busygina, and many others who pro-
vided me with the knowledge and inspiration to pursue a PhD in Political Science. It is with deep sadness
that I witness the dissolution of the brilliant academic community of St. Petersburg, which has enabled so
many graduates to continue in academia.

Not a single page of this dissertation would have been possible without the support of my friends and
family. T want to start with my chosen family—Lika Mchedlidze and Liza Potapova, who went with me
through so much, always holding my hands. Any disastrous situation could be funny thanks to Maxim Abu-
Traba and Alex Sorbale. My dear friend Nastya has kept my mental and physical health under control for
years. Since my move to Vienna I was never alone and always mutually loved thanks to Freya Cumberlidge
and Monika Kubova. I am immensely grateful for the friendship, love and support of Lilia Sablina, Mehmet

iii



CEU eTD Collection

Yavuz, Natalia Dziadyk, and Albert Didriksen. I owe my remarkably positive pandemic experience to James
Dunne, Elisabeta Cristina Dinu, Nassim AbiGhanem, Daniel Kovarek, Dominik Brenner, and Stanislaw
Richard. Special thanks to Daniel for taking his time and reading through my paper. I had the best possible
lab experience, which I promise to one day write into a sitcom and pitch to Netflix. This experience was made
possible by all the individuals mentioned previously, along with Thomas Laffitte, Barbora Valikova, Hong
Do, Giancarlo Grignaschi, Sunna Kokkonen, and Thor Moshenets. Thanks to Ekin Guner, Krystof Dolezal,
Elisabetta Mannoni, Alex Olivares, Dominik Sipinski, Franziska Wagner for being around and making this
journey significantly more pleasant. My time at CEU was marked by fortunate friendships and an incredible
concentration of brilliant people and promising academics with whom I shared plenty of valuable moments.

My dear husband, Mikhail Komin, deserves pages and pages in this acknowledgments, though it is difficult
to put in actual words his immense contribution to this work. I am profoundly grateful for his unconditional
support and for being an ally in every idea. His ability to consistently provide the best advice whenever I
faced challenges with my papers has been invaluable. No PhD project exists outside of real life, and over the
last six years, we have navigated through a pandemic, war, immigration, and much more. I cannot imagine
going through all this and writing my dissertation without Misha always by my side.

My dear parents - Alfiya and Vladimir - are probably still questioning my ability to speak English, so
this project is a way to show that I actually managed to learn this language to some extent. For all their
sacrifices and efforts to get me to this point I am immensely grateful. I am very thankful to my grandparents
for their unconditional love throughout this journey, despite not fully understanding what a PhD in Political
Science entails. Their excitement and support for my endeavors mean the world to me.

This work is dedicated to the country of my birth, which I immensely love and miss regardless of how
often it breaks my heart. To democratic Russia with free and fair elections, a future where the issues I
discuss are no longer prevalent. Perhaps one day, this project can serve as a somewhat valuable resource for
those establishing democratic institutions in my homeland.



CEU eTD Collection

Contents

Copyright Notice
Abstract
Acknowledgements

Introduction

ii

iii

3

Paper 1: In acquaintance we trust: assessing electoral preferences of United Russia voters 10

Introduction . . . . . . . L e e e 10
Literature review . . . . . . . . L e e e e 12
Electoral preferences model . . . . . . . . . .. 14
Data and operationalization . . . . . . . . . ... L 17
Model formalization . . . . . . . . . . L e e e e 19
Results . . . . . o e e 20
Robustness check . . . . . . . e 24
Conclusion . . . . . . . . e e e e e 29
References . . . . . . . . . e 30
Annex A: List of questions included to the omnibus survey . . . . . .. ... ... ... ... ... 32
Annex B: Covariate balance after matching . . . . . . .. ... ... ... 0 0. 37
Annex C: Codebook . . . . . . . .. e 38
Annex D: Model Results . . . . . . . . . . e 41
Anned E: Model Results: with inducement . . . . . . .. .. .. ... ... 136
Paper 2: The big brothers: measuring influence of large firms on electoral mobilization
in Russia 284
Introduction . . . . . . . . . e e e 284
Brokers and electoral mobilization . . . . . . . . . .. e 286
Model specification . . . . . . . .o e 289
Russian context . . . . . . . . L e 291
Data collection . . . . . . . . . e e 294
Results . . . . . . e e 295
Robustness checks . . . . . . . L e 300
Conclusion . . . . . . . e e e 303
References . . . . . . . . . e e 305
Annex A: Distribution of observations . . . . . . . . . . ... e 309
Annex B: Regression tables . . . . . . . . Lo e 310
Annex C: Robustness checks . . . . . . . .. 405
Annex D: Robustness checks regression tables . . . . . . . .. ... o 0o 410
Annex E: Robustness checks: salary test for turnout . . . . . ... ... ... 0oL 412
Annex F: Robustness checks: salary test for turnout. Regression Tables . . . . . ... .. ... .. 416
Annex G: Robustness checks: salary test for vote share . . . . . .. .. . ... ... 0. 439
Annex H: Robustness checks: salary test for vote share (Regression tables for UR and Putin . . . . 443
Annex I: Robustness checks: state share in market interaction . . . . . . . . ... ... ... .... 466



CEU eTD Collection

Annex J: Robustness checks: state share in market interaction. Regression table . . . . ... ... 468

Paper 3: Friends with benefits: exploring donors of the Russian ruling party 483
Introduction . . . . . . . ..o e 483
Business actors support in authoritarian regimes . . . . . . . .. ... L Lo Lo 484
Party resources . . . . . . . L L 487
Description of Russian donors . . . . . . . . . . . .. e e e 488
Event study design . . . . . . . . e 490
Data . . . o o e e 494
Results . . . . . e 497
Case studies . . . . . . . . o e e e e e e 501
Discussion and Conclusions . . . . . . . . . . . . L e e 501
References . . . . . . . . . e 505
Annex A: Sector categories . . . . . ... 509
Annex B: Distribution of covariates by matched groups . . . . . . ... ... oL 510
Annex C: Coefficients for general model . . . . . . . ... ... . o o 511
Annex D: Coefficients for sectoral model . . . . . . . . . . . . .. .. ... 512
Annex E: Coefficients for model with number of donations . . . . . . .. ... ... ... ... ... 517
Annex F: Coefficients for income model . . . . . . . . .. ... . L 519



CEU eTD Collection

Introduction

This project explores the various dimensions of political machines within the Russian
Federation as it consolidated its authoritarian regime. The period from early 2000-s to 2021
in Russian politics is usually characterized as electoral authoritarianism(Levitsky & Way,
2002; Ross, 2014; Saikkonen, 2017; Schedler, 2013)!. While elections in the country have
consistently been unfree and unfair by varying degrees, the Russian political landscape was
evolving. This evolution is marked by a gradual escalation in repression, changes in the legal
framework, intensified propaganda and a pivotal moment with constitutional amendments
of 2020 and the full-scale invasion of Ukraine in February 2022, shifting country towards
political regime model bearing similarities to those of Uzbekistan under Karimov or Tajik-
istan under Rahmon. While elections are still held in Russia, their role, as well as employed
tactics have undoubtedly changed and should be studied further.

Prior to 2022, for nearly two decades, Russia’s electoral system has been undergoing
changes and modernization. Throughout this period, the autocrat, the dominant party, the
opposition, and the voters have all been adapting through a process of trial and error in their
strategies and tactics. This complex political evolution positions Russia as a rich case study
for understanding electoral autocracies, which represent a majority of global authoritarian
regimes(“The V-Dem Dataset”, n.d.). However, this analysis should be approached with
certain limitations in mind, acknowledging the unique context and constraints of the Russian
experience. The case of Russia is scientifically fascinating, primarily because of the history,
substantial resources, administrative and territorial complexity. The spectrum of techniques
to sustain autocratic power, partially explored in this project, contributes to its scientific
value. However, it is crucial to acknowledge that elections held within this consolidating
autocracy are one of many components in a large and daunting machinery, which, under the
regime’s control, shows a blatant disregard for the value of individual lives. Throughout its
history of regime consolidation, Russian state inflicted direct harm on a staggering number
of people, both inside the country and abroad.

The increasing body of literature seeks to unpack the current dynamics of the regime
through explanation of the popular support the regime seems to have (Driedger, 2023;
Ishchenko & Zhuravlev, 2022; Rosenfeld, 2023). This project has shown that at least prior
to full-scale invasion of Ukraine, support for the dominant party, United Russia, or for the
autocrat, Vladimir Putin, often had little to no basis in ideological alignment. Instead, it
appears to stem from a clientelistic network involving a multitude of actors and resources.
Furthermore, even with electoral mobilization and the strategic distribution of resources

!Throughout the text, I interchangeably use the terms ”autocracy”, ”authoritarianism”, and ”dictator-

ship”, as well as "autocrat” and ”dictator” following the tradition established by Barbara Geddes and her
co-authors (Geddes et al., 2014) in their writings on such regimes.
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among different supporter groups, there is no assurance that votes will be cast in favor of
United Russia or Putin. These findings indicate that over time, political machines may
increasingly resort to fraudulent practices, a trend that seems to be reflected in the most
recent presidential elections (Seibt, 2024). This also implies that electoral mobilization, even
when coupled with resource distribution, is insufficient to eliminate the need for additional
"security” measures such as ballot stuffing, electronic voting, compromising ballot secrecy,
among others, to make sure the dominant party and the president could demonstrate good
enough electoral support received.

This project consists of three papers observing each different aspect of Russian political
machine and clientelistic practices it uses®. It is expected that political machine does not only
serve dominant party United Russia, but also the autocrat operating on federal parliamentary
and presidential elections. While both types of elections are at the national level, it is
argued that the electoral mobilization, distribution and exchange of resources is organized
in a decentralized manner - by local actors to involve voters in specific electoral districts or
assigned to specific electoral committees. Hence the units of analysis are either voters, local
brokers, or local electoral committees.

One of the the goals of this project was to demonstrate the link between different actors,
their interdependence and their motivations, attempting to see the clientelistic exchange as
pooled mechanism. Quite a lot of research was done on Russian case to overview and ana-
lyze some of the actors of electoral process in the country, as well as to identify schemes and
mechanisms employed by dominant party. For instance, uncovering how resources in pos-
session of political machines or politicians impact political machine organization, Tkacheva
and Turchenko, 2022 showed how independent candidates in Russian elections balance be-
tween using their personal resources and striking deals with the regime to achieve a high
electoral return. Reuter, 2010 focused on governors to demonstrate how they become part
of the United Russia political machine depending on their access to autonomous political
resources. Panov and Ross, 2016 look at distributive politics and its impact at electoral
mobilization and turnout. Some studies look into specific employed mechanisms to assure
electoral returns for United Russia. For example, Frye et al., 2014 highlighted the mecha-
nism of workplace mobilization actively used by certain Russian enterprises. Forrat, 2018
demonstrates school teachers involvement in providing United Russia with expected electoral
results. Several studies have explored ethnic electoral mobilization, attempting to explain
the exceptionally high turnout and electoral success of United Russia in so-called ”ethnic re-
gions.” Shkel, 2021 detailed the mechanism of an ethnic political machine in Bashkortostan,
showing how local elites (e.g., heads of local administrations) play pivotal roles in electoral

2Here and throughout the text, political machines are defined as organizations or network of actors
mobilizing ”electoral support by trading particularistic benefits to voters in exchange for their votes” (Stokes,
2005). It is also important to conceptually distinguish between political machines and clientelism. As Aspinall
(p.549; Aspinall, 2014) notes, clientelism and political machines are very often used as interchangeable terms.
Magaloni and Dimond (p. 253; Magaloni & Diamond, 2014) define clientelism as “an informal contractual
arrangement between a political “patron” and his or her “clients” wherein the former delivers material
benefits, jobs, and other personal favors and the latter respond with desirable forms of political behavior
such as voting for the patron, mobilizing to protest, or even performing acts of violence to intimidate political
rivals”. Hence, in this work, by clientelism we understand certain practices embedded into patron-client
relationships. Whereas political machines are seen as organizations involving certain actors (politicians,
brokers and voters) and performing a set of clientelistic practices in order to achieve electoral goals
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mobilization. Minaeva and Panov, 2023 demonstrated how the density of social networks
in segregated ethnic communities addresses the commitment problem in electoral mobiliza-
tion. Voters’ side has also been overviewed in the context of Russian elections. Panov and
Ross, 2023 found that voters who avoid electoral mobilization by political machines engage
in performance voting when dissatisfied with their socio-economic conditions. Voters can
also be either mobilized or demobilized strategically by political machine depending on the
expectations about their electoral behavior (McAllister & White, 2017). Finally, some au-
thors have attempted to provide a measure of the overall effectiveness of political machines
in the regions. For example, Reuter et al., 2016 indicated that the state generally knows
which political machines are effective and to what extent, as mayoral elections were main-
tained in cities where mayors control strong political machines. Tkacheva and Golosov, 2019
proposed an explanation for the cross-regional variation in United Russia’s results through
party primaries turnout.

This research project examines the dynamics between actors and the resources at their
disposal, along with their preferences, with the goal of further exploring these elements across
three distinct papers. The first paper explores the relationship between voters’ preferences
for various goods and their electoral decisions. Utilizing a nationally representative survey
conducted prior to the 2021 parliamentary elections, it introduces a game-theoretic model
that delineates the decision-making processes of both political parties and voters regarding
resource allocation, expectations concerning the delivery of resources, and ultimately, voting
strategies. This study establishes a connection between resources and voters’ preferences,
enriching the extensively explored area of how public and private goods are instrumentalized
by clientelistic parties. The findings indicate that the core supporters of the leading party
place a high value on personal wealth and connections to party members. In contrast, voters
who emphasize the importance of social benefits and the overall economic growth tend to
either abstain from voting or provide their support for opposition candidates. Additionally,
the research reveals that there is only a slight difference in attitudes towards benefits between
swing voters of United Russia and those who abstein from voting or vote for other parties.
The paper makes an argument that persistent support of the dominant party seems to come
from ability of the party to provide private benefits and the voters’ expectation of them.
This suggests that in the absence of such, the party would lose its support.

The second paper delves into the role of big firms as key players in Russia’s political ma-
chinery. It investigates the spatial relationship between major enterprises and local electoral
committees, proposing that companies situated near these committees significantly boost
voter turnout in parliamentary and presidential elections. This suggests that electoral mo-
bilization is achieved through the mobilization of the workforce. Moreover, this heightened
turnout is linked to an increase in protest votes cast for candidates or parties seen as oppo-
sitional in each electoral cycle. However, this pattern disappears in scenarios where electoral
monitoring is enhanced. For instance, in smaller communities with stronger local ties or
where there is a higher risk of compromising ballot secrecy, there is a noticeable correlation
between high voter turnout and support for the dominant party or incumbent. The paper
proposes a theoretical model that explains why, within an authoritarian context, a political
machine is inevitably constrained to suboptimal efficiency due to the motivations of both
voters and brokers. The ruling party tends to engage with brokers possessing extensive net-
works, viewing them as reliable largely because of personal acquaintances. However, these
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brokers often wield less influence over the voters. From the voters’ perspective, the likelihood
of the dominant party’s victory is seen as high, diminishing any incentive to vote for it unless
there is genuine support or a risk of compromising ballot secrecy. Consequently, this form
of mobilization proves to be rather ineffective for the authoritarian regime in terms of vote
share.

The third paper shifts focus to examine the private donors of the dominant party, with-
out directly analyzing voter behavior through electoral outcomes. Its objective is to uncover
the motivations behind private businesses’ support for the party. Drawing on reasoning
similar to that applied to donors in democratic contexts, the study anticipated finding both
ideologically motivated supporters (those companies not seeking financial gains from their
affiliation with United Russia) and opportunistic ones. Employing event study methodology
to evaluate the impact of donations on the value of public procurement contracts awarded
to donor companies, the paper reveals that opportunistic donors indeed experience a signif-
icant increase in contract values following their donations. The research further identifies a
pattern among the types of companies that donate to United Russia, notably those in the
construction sector and those in retail related to construction materials, as well as firms with
higher annual revenues, are more likely to see benefits from their donations. In conclusion,
the findings challenge the expectation of broad, ideologically based support for United Rus-
sia. Instead, the support from private companies is shown to stem from opportunistic and
strategic motives.

Overall, these three papers have in their goal to discover the complexity of political
machines, and in general demonstrate, that even with all the resources, pressure and mo-
bilization, it often times fails to reach the goal of reaching high unanimous support of the
dominant party and autocrat. Resources involved in rent-seeking of different actors are cru-
cial to make the machine work, and in the absence of them it will inevitably collapse or
would need to achieve its legitimacy through other means.

This dissertation intentionally concludes its scope in 2021 due to the evolving nature of
the regime. Yet further study of clientelism and political machines in Russia could be done
next, focusing on the most recent years. One of the new strategies used by the regime is
remote electronic voting (Distantsionnoe Elektronnoe Golosovanie DEG). The use of DEG
expanded since it was first introduced in 2019 to various regions and elections, culminating
in the 2024 presidential elections where DEG was employed in 29 regions (Mislivskaya,
2023). Considerable concerns about increasing electoral frauds have been raised due to DEG
expansion, citing a lack of transparency in the counting processZayakin, 2021. Yet despite
the consolidation of the authoritarian regime in the aftermath of constitutional amendments
and the full-scale invasion of Ukraine, the regime introduces DEG sporadically, suggesting a
reluctance to fully replace in-person elections. Potential explanations could include concerns
about legitimacy and the importance of elections for gathering information, cooptation,
and signalling stability to domestic elites. The regime’s shift in strategies may reflect an
evolving authoritarian regime, but elections still hold significance, especially when resources
for repression are constrained due to military needs.

One of the potential future questions to explore is how does electronic voting change
authoritarian elections and the public’s relationship with the regime? Does it give autocrats
like Putin ultimate electoral control, or can it backfire? It is evident that electronic voting
may be less effective for legitimation compared to in-person voting. Consequently, many
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Russian officials and the propaganda sources strive to portray DEG as no different from
traditional in-person voting (United Russia, 2024). If these efforts fail, electronic voting has
the potential to significantly diminish its crucial role as a mechanism of legitimation for the
regime, both among the domestic population and the country’s political elites. Furthermore,
it is puzzling what serves as a source of observable variation in electronic voting results? How
do the electoral machinery, the bureaucracy, and patronage networks adapt to using DEG?
Drawing from elections where DEG has been implemented, it is evident that there is an
observable variation in its outcomes(Central Election Commission of the Russian Federa-
tion, n.d.). However, the origin of this variability remains unclear. Furthermore, certain
independent media outlets have reported instances of administrative mobilisation during the
2023 and 2024 elections (Meduza, 2021; Orlova et al., 2024). The efficacy of clientelistic ex-
change is closely tied to the monitoring capabilities of the political machine. Consequently,
the general hypothesis is that the introduction of electronic voting has facilitated mobilisa-
tion strategies within political machines by addressing the perception of ”controlled” voting
among the electorate and, to some extent, by enhancing actual control, particularly over
turnout.

Exploring the evolution of political machinery before 2022 and its subsequent develop-
ments could offer valuable insights and hopefully can be built on this study. This project
aims to enhance the academic comprehension of the progression that led the Russian regime
to its current state and the factors that contributed to its consolidation.
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In acquaintance we trust: assessing electoral preferences
of United Russia voters

Abstract

This paper presents a framework for analyzing the phenomenon of support for the
dominant party in the Russian Federation leading up to the 2021 parliamentary elec-
tions. The paper differentiates among various categories of United Russia supporters
to analyze how voters perceive benefits, aiming to comprehend how variations in pref-
erences for these benefits affect electoral decisions. Using a national representative
survey, the paper explores the distinction between voters who prioritize private ben-
efits with those prioritizing public goods in their electoral decisions. The evidence
suggests that core supporters of the dominant party value individual wealth and per-
sonal connections to party members, while voters who prioritize social benefits and
overall economic development tend to abstain from voting or support opposition can-
didates. The findings also demonstrate that there is minimal variation in attitudes
towards benefits among swing voters supporting United Russia and those employing
different electoral tactics.

1 Introduction

When examining the sources of popular support in autocracies, one body of literature sug-
gests that regimes maintain support through a combination of strategies such as co-optation,
repression, legitimization, propaganda, and others (Gerschewski, 2015; Guriev & Treisman,
2022). Such approach sees regime as rational institution balancing between sticks and car-
rots depending on the amount and type of available resources (Pepinsky, 2009), extent of
popular support (Holdo, 2019) and institutional design (Geddes et al., 2004). It also provides
a comprehensive overview of instruments available to autocrat for power maintaining.

Another set of theories focuses on the use of positive incentives that regimes can em-
ploy to ensure support. Some literature focuses on the regime’s strategies in redistributing
rent (Gandhi & Przeworski, 2006; Mesquita et al., 2005), while other aims to differentiate
between various types of benefits that the state could provide, including public and private
goods (Diaz-Cayeros et al., 2016; Zavadskaya et al., 2017). Such approach overviews regimes
durability through the lens of available resources and their redistribution. And while author-
itarian government in this case is still viewed as rational actor with the set of preferences
and limitation imposed by resources availability, the narrowed focus on redistribution allows
to study in-depth arguably one of the crucial elements of regime’s stability (Greene, 2010;
Pepinsky, 2009).
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Both approaches often neglect to consider the perspective of the voters involved. It is
widely acknowledged in the literature that in competitive authoritarian regimes, voters have
a degree of freedom in their decision-making process, albeit constrained by manipulation of
electoral rules (Levitsky & Way, 2010; Schedler, 2006) as well as by their socio-economic
status (Diaz-Cayeros et al., 2003). However, when discussing rent redistribution, there is
limited understanding of voters’ preferences regarding these resources and whether there are
significant differences in the types of regime supporters based on the benefits they value.
This paper aims to address this gap by examining the following research question: How do
voters’ preferences for different types of benefits influence their support for authoritarian
regime?

To distinguish between types of supporters, we propose examining voters of the dominant
party in the competitive authoritarian regime of Russia from 2016 to 2021 and categorizing
them as either core or swing. Additionally, we aim to differentiate within the group of swing
voters based on the set of options they choose from, such as voting for other parties or
not voting at all. Proposed distinction follows well-established tradition in the literature
about non-democratic regimes (Diaz-Cayeros et al., 2016; Pelke, 2020; Zavadskaya et al.,
2017) and looks at the supporters of authoritarian government in their diversity. While it is
expected that even in the absence of free and fair elections a proportion of the population
supports the regime (i.e. autocrat or dominant party), authoritarian government can rarely
rely purely on its ideological supporters and attempts to mobilize electoral support as wide
as possible, implementing both positive and negative incentives in attempt to expand the
share of supporters. These incentives may encompass a range of material benefits, directed
either toward an individual or a collective, as well as direct electoral mobilization.

This paper aims to delve deeper into the perspective of voters and their preferences. By
surveying voters on the types of benefits they prioritize when making electoral decisions, we
seek to differentiate between: a) core and swing supporters of the dominant party (United
Russia) b) swing supporters of the dominant party and voters of other parties participating
in the 2016 and 2021 parliamentary elections, or non-voters, and c¢) voters who prioritize
public goods and social welfare programs versus those who prioritize particularistic benefits
and individual prosperity. Subsequently, we aim to determine whether there exists a distinct
relationship between the types of benefits valued by voters and their electoral preferences.
Drawing on the frameworks proposed by Diaz-Cayeroz et al. (Diaz-Cayeros et al., 2016),
Pelke (Pelke, 2020), Kitschelt and Wilkinson (Kitschelt & Wilkinson, 2007), and others, we
anticipate that public goods and social welfare programs will have a greater importance for
swing supporters of the dominant party, while particularistic benefits will be of particular
interest to core supporters. We also assume that voters of other parties and non-voters have
preferences similar to occasional supporters of United Russia. Additionally, we consider
factors such as experiences of electoral inducement to assess whether preferences for certain
types of benefits change under the influence of electoral pressure. We find reliable evidence
that core supporters of United Russia indeed value particularistic benefits and individual
wealth the most, while valuing public goods and social welfare programs drives voters to
either be swing supporters of UR, other parties or abstein from voting at all. We also find
that people abstaining from voting are quite simillar in their preferences to swing supporters
of the dominant party, proving the conditionality and instability of this support.
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2 Literature review

How does the dominant party or autocrat incentivize different types of voters? For instance,
Diaz-Cayeroz et al. (Diaz-Cayeros et al., 2016) propose a model of ”portfolio diversification,”
according to which the party’s allocation of public goods versus private transactions increases
in localities with a lower proportion of core supporters. While particularistic benefits may
be more effective in securing votes for the party, they do not target as many voters as the
party may require (Diaz-Cayeros et al., 2016, p.83-84). Pelke (Pelke, 2020) suggests that
these strategies also vary depending on the type of regime, since they are determined by
electoral pressure. The author posits that ruling parties are more inclined to redistribute
income and provide public goods in multiparty autocracies compared to autocracies with
hegemonic party (Pelke, 2020, p.1304). Closed autocracies, according to the author, are the
least likely to distribute public goods due to minimal electoral pressure. Weiss (Weiss, 2016)
demonstrated that the emergence of electoral opponents in authoritarian settings prompts
parties to prioritize programmatic appeals over particularistic ones. Mares and Young (Mares
& Young, 2018) showed that core voters not only have greater access to various forms of
particularistic benefits but also face threats and mobilization efforts before elections. This
is facilitated by ballot secrecy, which enables parties to depend solely on known ideological
supporters.

While the rationale behind party behavior is evident, what about the voters’ perspective?
Diaz-Cayeroz et al. (Diaz-Cayeros et al., 2016) propose the ”conditional party loyalty”
theory, suggesting that voters’ support for the party depends on their history of interactions
and the anticipated redistribution of benefits. This theory is particularly relevant in non-
democratic contexts or developing countries and suggests that generally, voters are less
responsive to public goods in terms of electoral returns. Instead, loyal core supporters
remain committed in anticipation of particularistic benefits. Simultaneously, parties perceive
them as less risky investments than swing voters, as they are more familiar to party brokers.
Mares and Young (Mares & Young, 2018) suggest that core voters are more prone to electoral
mobilization and negative inducements in anticipation of access to benefits they do not want
to lose.

Another set of theories examines voter preferences from an individualistic versus collec-
tive perspective. To some extent, prioritizing private enrichment over public goods, and
vice versa, reflects classical left versus right economic attitudes. The value of collective or
individualistic benefits is also studied in relation to the level of democracy in the state.
The findings are somewhat controversial: while some authors are able to link individualism
to economic prosperity (Gorodnichenko & Roland, 2017), stronger democratic institutions
(Gorodnichenko & Roland, 2021), and a negative attitude towards state interventions (Cai
et al., 2020), others observe that democracies are more likely to adopt redistributive policies
(Acemoglu & Robinson, 2006) and provide higher levels of public goods (Deacon, 2009),
thereby resulting in lower inequality (Acemoglu et al., 2015).

Indeed, although authoritarian countries may implement redistributive policies, their
efficacy is typically constrained by the poor quality of public institutions (Gel'man, 2017) and
high levels of corruption (Pellegata, 2013). Conversely, unlike in democracies, authoritarian
governments are not constrained in resources, as there is no competition for budget allocation
between parties. Therefore, the limitation lies in the amount of state resources available,
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determined by the economic performance of the country, as well as in the size of political
elites and core supporters requiring share of rent to stay loyal (Mesquita et al., 2005). The
dominant party or autocrat can access these resources without public scrutiny and allocate
them as they deem necessary to garner substantial public support. This distribution is likely
to be ineffective as a policy and does not guarantee electoral returns, but is able to target
wider scope of population.

On the contrary, private benefits more directly target supporters (Diaz-Cayeros et al.,
2016) and hold greater significance for authoritarian governments, as they serve to secure
essential support (Bader et al., 2014). Logically, supporters should also recognize that in
a state likely to be inefficient in delivering social welfare, it is more advantageous to align
with the regime in exchange for private benefits. However, not everyone in an authoritarian
state becomes a regime supporter; furthermore, authoritarian governments can often be
unpopular. Why is this the case?

There are several potential explanations for disloyalty to authoritarian regimes (aside
from power struggles within elites), including ideological divergence (Fernandes, 2007), reac-
tions to repression (Escriba-Folch, 2013, p.547), and dissatisfaction with quality of life and
economic performance (Magaloni & Wallace, 2008, p.5). Concurrently, political ambivalence
or conditional loyalty views voters as rational actors who rely on interactions with the party
and strategic signaling (Diaz-Cayeros et al., 2016). However, it remains unclear what ex-
actly distinguishes voters who consistently act as core supporters of the dominant party or
autocrat from those who provide periodic support. In other words, if people do not have
critical ideological divergence with autocratic government, what prevents them from being
core supporters?

Answering this question also involves resolving the ”chicken-and-egg” dilemma and deter-
mining whether voters’ values precede their political identification, or if it is politicians who
shape the political preferences of their constituents through incentives and penalties. To a
large extent, under authoritarian rule, this sequence is determined by the type of autocracy.
Following the dichotomy proposed by Gerschewski (Gerschewski, 2023), an authoritarian
regime may adopt a strategy of either over-politicization or depoliticization. While the for-
mer involves ideational legitimization and formal methods of co-optation, the latter is based
on performance legitimization and various forms of co-optation (Gerschewski, 2023, p.16).
Over-politicization entails winning over voters through ideological means, while depoliticiza-
tion entails avoiding political engagement and simply ensuring that citizens are sufficiently
satisfied to provide the necessary support.

In over-politicized autocracies, ideological indoctrination combined with repression is
more likely to shape people’s political stances, or what perceived as the ”correct” political
stances that voters are expected to either support or risk facing repression for diverging
from. On the contrary, in depoliticized autocracies, there is no strong ideological framework,
allowing room for voters to develop their set of political values and preferences based on state
performance (Gerschewski, 2023, p.15). Unlike autocracies relying heavily on ideology, the
electoral divide in depoliticized regimes is less likely to revolve around clear-cut dichotomies
such as communism vs market economy or nationalism vs pluralism. Instead, it tends to
center around the various goods and benefits provided by the state, resulting in cleavages
based on the performance indicators of the authoritarian regime. Certainly, this set of
preferences is likely to be influenced by the state’s performance, indicating that individuals
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who directly benefit from the dominant party are more inclined to value these benefits over
others.

In a depoliticized autocracy, the electoral decisions of voters are believed to be influenced
primarily by two factors: the distribution of resources by the dominant party or state, and
the voters’ evaluation of this distribution’s quality, along with their preferences for different
kinds of resources. It could be contended that individuals in dictatorships choose to vote or
abstain for reasons that are not directly linked to the allocation of benefits. This discussion
leads to the concept of legitimacy and its significance in competitive authoritarian regimes.
In such systems, legitimacy is often associated with elections. Initially, it was assumed that
elections served to legitimize autocrats in the eyes of the international community (Levitsky
& Way, 2002, p.59). However, as non-democratic regimes have become more recognizable,
contemporary literature suggests that elections primarily serve to legitimize authoritarian
governments in the eyes of their populations and elites (Gandhi & Lust-Okar, 2009; Schedler,
2013, p.121). The strategic distribution of resources among various groups to secure their
support is a fundamental aspect of electoral authoritarianism and plays a crucial role in
shaping voting behavior. This is because it affects the level of legitimacy or popular support
that an autocrat or dominant party can secure. This dynamic has been illustrated through
the analysis of fiscal policy by Pepinsky (Pepinsky, 2007), campaign financing in Malaysia
by Weiss (Weiss, 2016), the case of Mexico studied by Greene, Magaloni, Diaz-Cayeros, and
Weingast (Diaz-Cayeros et al., 2003; Greene, 2007), and more broadly by Seeberg (Seeberg,
2018).

Hence, it is anticipated that in competitive authoritarian systems with a dominant party,
the electoral outcomes are influenced by both the voters’ perceptions and the party’s strate-
gic approach to resource distribution. Drawing extensively from the theoretical framework
proposed by Diaz-Cayeros et al. (Diaz-Cayeros et al., 2016), we aim to introduce an alterna-
tive viewpoint by examining the voters’ perspective in this distribution process. Specifically,
we will analyze whether their preferences for various types of resources shape their voting
behavior.

3 Electoral preferences model

Proposed model follows game-theoretic approach, reflecting signaling game with sequential
equilibrium, in which players make decision one after another and the outcome depends on
the sequence of choices made as well as beliefs of the players (Figure 1). We suggest that
voters and a party make decisions based on the anticipation of the behavior of other player
and their own preferences. Party’s strategy is in maximizing electoral support, while voters
strategy is in maximizing the preferential resources they get in return. To simplify the model
we use binary dichotomies. The sequential equilibrium is supposed to provide us information
not only about the most optimal outcome, but also off-equilibrium paths which would allow
to assess preferences not only dominant party voters, but also voters of the other parties and
non-voting strategy.

The following formula outlines the utility calculation for voters and party.Utility for party
is defined by the proportion of voters responding to the offered goods, as well as their type
(core or swing voters). The dominant party firs and foremost wants to assure that core voters

14



CEU eTD Collection

receive necessary benefits and return their electoral support. Utility for voters incorporates
their preferences for public versus private goods, as well as their perceptions of the quality
of those goods or probability of having access to them, resulting in different voting options.

U(V) = Q- qublic + ﬁ ' Qprivate -C

where:

e U(V) is the utility for a voter from choosing a particular voting option.
e « represents the weight or preference the voter places on public goods.
e [ represents the weight or preference the voter places on private goods.

® Qpublic is the perceived quality of public goods and services provided or promised by
the voting option.

® Qprivate is the perceived quality of private goods and services provided or promised by
the voting option.

e (' any cost associated with the voting option, such as skepticism regarding political
promises (kept constant for all voters).

U(P) = Yoo Vil

1€{public,private}

where:
e U(P) is the utility for the political party.

e pV; represents the proportion of voters responding positively to the signal i (either
public or private).

e vV; is the value the party assigns to attracting voters with preference i, which could
include considerations of loyalty and ideological alignment.

We also assume that the game is not played simultaneously but rather sequentially,
expecting that the voters make the move based on party’s distribution of goods prior to
elections. We also expect different types of goods to have different weights in terms of
probability for electoral return. Following Diaz-Cayeros et al. (Diaz-Cayeros et al., 2016,
p.75-81) we expect private goods to be more effective hence bringing core voters for electoral
support of the dominant party, while public goods would result in occasional voting for the
dominant party (or swing voters).

We begin by positing that the dominant party has both public and private goods at its
disposal for distribution, which are then targeted toward distinct voter groups (Figure 1).
Voter preferences vary, with some leaning towards social programs (indicative of a preference
for public goods), while others prioritize personal gain (showing a preference for private
goods). Based on these preferences, voters might immediately opt to support an alternative
party or choose not to vote at all. Alternatively, they might evaluate the quality of the
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Figure 1: Decision Tree Model of Voter and Party Interaction
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goods provided or the likelihood of accessing these goods. Should voters perceive a high
probability of access and satisfactory quality, they are inclined to support the dominant
party. Conversely, if their expectations are not met in terms of accessibility or quality, they
may decide either not to vote or to vote for a different party. Additionally, it’s anticipated
that the dominant party assigns varying importance to the distribution of these goods,
prioritizing the allocation of private goods over public ones.

Therefore the following hypothesis are formulated to further test in the analysis:

H1: Voters who favor private goods and perceive both the quality and accessibility of
these goods as high tend to consistently choose United Russia as their preferred party. Such
individuals are considered core supporters of United Russia.

H2: Voters with a preference for public goods, who also rate the quality and accessibility
of these goods highly, are inclined to choose United Russia as their party of choice, albeit
on an occasional basis. These voters are identified as swing supporters of United Russia.

H3: Whether a voter’s preference lies with public or private goods, if they judge the
quality and accessibility of these goods to be poor OR they do not have a preference for the
goods being offered, they are likely to support an alternative party or abstain from voting
entirely.
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4 Data and operationalization

The analysis presented in this paper is based on a survey conducted by the Levada Analytical
Center in August 2021, a month before the federal parliamentary elections. This survey was
incorporated into Levada’s monthly omnibus poll, which is a nationwide survey covering both
urban and rural populations across 56 of Russia’s 85 regions (“Levada Omnibus Survey”,
n.d.). The regions not included in the survey are those that are hard to access, such as the
Far North and certain areas of Siberia, which altogether account for less than 2% of the
country’s population. The methodology employed for this omnibus survey is a multi-stage,
stratified, nationwide probability sample. The survey reached a total of 1,600 respondents,
all of whom are over 18 years of age. It intentionally excludes certain population groups:
military personnel (1% of the population), individuals who are convicted or imprisoned (0.8-
1% of the population), homeless individuals (1-1.5% of the population), and those living
in rural settlements with fewer than 50 inhabitants (around 1% of the population). The
statistical margin of error for the survey is approximately 3.4%. Interviews were conducted
face-to-face at the respondents’ places of residence, and efforts were made to include both
employed and unemployed individuals by scheduling interviews during weekends or weekday
evenings. Various techniques were employed to verify the data collected, including route map
checks, selective interview confirmations via phone or return visits, recording controls, and
statistical tests. The survey questionnaire, detailed in Annex A, consisted of 26 questions in
total, including 15 demographic questions and 11 questions regarding electoral preferences.

To determine the outcome variable of interest, we analyze responses to two survey ques-
tions regarding voting behavior in 2016 and the forthcoming 2021 elections:

1. If the elections to the State Duma happened this Sunday, would you participate in
voting? If yes, which of the parties would you vote for — or would you come to the
elections to destroy/take the ballot with you?

2. For which party did you vote for on the last State Duma elections in 20167

We categorize respondents as either core or swing voters for United Russia based on
whether they voted for United Russia in both elections or just once. Individuals who chose
not to vote in both elections are classified as non-voters. Those who consistently voted for
parties other than United Russia are labeled as other party voters. For clarity and precision
in our analysis, each regression model narrows down the sample to specific categories, such
as comparing core versus swing voters or United Russia voters versus non-voters. Figure 2
presents the distribution of answers for both 2021 and 2016.

The main predictors are defined through the following questions:

1. How important is party’s input into infrastructural development of your city /region/country
for you voting decision? (1-not important; 6-the most important)

2. How important is party’s input into economic development of your city/region/country
for you voting decision? (1-not important; 6-the most important)

3. How important is party’s input into social benefits provision for you voting decision?
(1-not important; 6-the most important)
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Figure 2: Party preferences of voters (2016-2021 Federal Duma Elections)
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4. How important are your personal ties and connections to the party representatives for
your voting decision? (1-not important; 6-the most important)

5. How important is your own economic wealth when deciding which party to support?
(I-not important; 6-the most important)

For the purpose of facilitating matching, we converted these categorical variables into bi-
nary format, assigning a value of 1 to the first three levels: very important, rather important,
and somewhat important.

The variables are crafted to identify the different types of goods valued by respondents.
For public goods, such as social benefits, economic improvements, or infrastructural devel-
opment, the categorization is relatively straightforward, as these are universally accessible
benefits. However, capturing private goods—defined by Diaz-Cayeroz et al. (Diaz-Cayeros
et al., 2016) as excludable, particularistic transfers like cash benefits, credits, land, and
gifts—poses a challenge. Directly querying respondents about receiving such specific benefits
in a survey might encourage untruthful responses. To address this, we suggest employing
indirect measures, such as inquiries about individual wealth and personal connections to
party members. We assume that personal ties to party members could serve as an effective
indicator for potential access to exclusive benefits. Meanwhile, assessing individual wealth
helps distinguish between those who prioritize social benefits and those inclined towards
personal enrichment.

Clearly, voters may face coercion or pressure to vote for a specific party. To ensure that
voters’ electoral choices are not primarily swayed by different types of electoral inducements,
relevant question has also been incorporated into the survey. The responses to this ques-
tion serve as a means to perform a robustness check on the primary model, enhancing the
reliability of our analysis.
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5 Model formalization

The initial stage of the analysis involved matching to ensure that there was no inherent
bias due to omitted variable. Although matching is primarily employed in experimental
design studies, it also serves as a valuable technique in non-experimental research, including
those that utilize representative surveys (D’Orazio et al., 2012; Lenis et al., 2019). Matching
should allow balancing samples by predictor to assure no statistically significant difference
because of covariates. Considering that many factors can impact electoral preferences besides
attitude towards certain goods, we want to make sure none of them interfere with statistical
relationship between main predictor and outcome variable.

Various methods are available for conducting matching in research, such as propensity
score matching, subclassification, stratification, among others. The dataset in this study,
while not overly large, contains a diverse array of demographic variables suitable for match-
ing. These variables include both categorical and numerical types, making it feasible to either
apply propensity score or full subclassification matching. Subsequently, their effectiveness
in matching was evaluated and compared (Annex B). The covariates used for matching were
age, sex, average income, education level, employment type, family size, locality size, and
marital status. It is anticipated that any of these variables could significantly influence vot-
ing behaviors. Full subclassification matching appears to present on average higher precision
based on both absolute standardized mean differences and Kolmogorov-Smirnov statistics.

Next after the matching the logistic regression is applied with the following computation
of odds ratio. To assure that even after matching the set of demographic covariates does
not neglect the effect of the main predictor (since not all samples have perfect matching
outcome), we use interaction effect between the main predictor (attitude towards certain
types of goods) and other covariates. Therefore the regression formula is the following:

Logit(P(type of voter = 1)) = [y + /31 - attitude towards goods = 1

+Zﬁz"Xz‘ (1)

+ Binteraction - (attitude towards goods = 1 x X;)

Where:

e Logit(P(type of voter = 1)) is the log-odds of the dependent variable type of voter
being 1.

e [ is the intercept.
e [3;-attitude towards goods represents the main effect of attitude towards goods variable.

e > (- X; denotes the main effects of the covariates included in the model such as sex,
age, education, employment status, marital status, average income, location size, and
the number of family members.

!The results of generalized Logit Model are presented in Annex D: Model Results. The list of predictors
with respective baseline values are presented in Annex C: Codebook
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® [Binteraction® (attitude towards goodsx X;) indicates the interaction terms between attitude
towards goods and each of the other covariates in the model.

Next we calculate the marginal contrast for attitude towards goods, which is computed
as follows:

1. Predicted Probability with attitude towards goods = 1:

P
P(Y = 1|attitude towards goods = 1, X = z;) = logit™*(8y + 1 - 1 + Z/Bjxij)
=2

2. Predicted Probability with attitude towards goods = 0:

P
P(Y = 1|attitude towards goods = 0, X = z;) = logit™ (8, + 1 - 0 + Zﬂj:pij)

=2

3. Marginal Contrast for Each Observation:

N A~

AP(Y = 1|X = z;) = P(Y = 1|attitude towards goods = 1, X = x;)
— P(Y = 1|attitude towards goods = 0, X = z;)

4. Average Marginal Contrast:

N
AP, (Y =1) = %ZAP(Y =1|X = ;)
=1

5. Transforming the Average Marginal Contrast (if needed):

Transformed Contrast = exp(AP,(Y = 1))

The results presented in the following section (estimate and confidence intervals) are the
average marginal contrast of the variable attitude towards goods on the response variable.
The confidence interval represents the range of possible values for the average change in
the log-odds of the outcome when predictor(attitude towards goods) changes from 0 to 1,
averaged over the dataset.

6 Results

This study’s initial model examines voter preferences, leading to a choice between supporting
United Russia and abstaining from voting, or between United Russia and casting votes for
alternative parties (see Figure 3). The underlying theory posits that individuals might opt
for United Russia if they prefer receiving public or private benefits and believe these benefits
will be distributed effectively.
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Figure 3: Goods Preferences Among UR Voters
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(a) The model presents estimated effects after matching. Model fit is done with logistic regression and
subclass weights. The model is first fit for the outcome given the predictor and the covariates, and then
estimates marginal effects with cluster-robust SEs. The graph presents marginal Odds Ratio (exponentiated
log OR) by predictors (calculated as average marginal contrast of the variable attitude towards goods on the
response variable). The confidence interval represents the range of possible values for the average change in
the log-odds of the outcome when predictor(attitude towards goods) changes from 0 to 1, averaged over the
dataset. Each predictor’s sample was separately matched by the following covariates: sex, age, employment
status, family size, marital status, average income and location size. (***) denote significance at the 99%
confidence level, (**) at the 95%, and(*) denote significance at the 90%
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The model indicates that placing a high value on social benefits reduces the likelihood
of someone being a United Russia voter by 35% and 37%, while it raises the likelihood of
being a non-voter or voting for other parties by 65% and 63%, respectively. Conversely,
valuing individual wealth increases the chances of voting for United Russia (as opposed to
not voting) by 27%. This effect, however, does not apply when the choice is between United
Russia and other parties. In such cases, having personal connections significantly boosts the
likelihood of supporting United Russia by 60%.

This implies that United Russia voters in general do not prioritize public goods, instead
giving preference to individual wealth and personal connections with party members when
deciding their vote. Interestingly, it is personal connections that influence the choice between
United Russia and other parties, while the decision to abstain from voting is defined by
valuing individual wealth. This might indicate that politically engaged individuals who
choose to participate in elections are swayed by their relationships with party members to
cast their vote for United Russia. People without such type of connections prefer abstaining
when they are either dissatisfied with their personal economic prosperity, vote for United
Russia if they perceive an alignment between the dominant party and the protection or
promotion of their personal financial interests.

The next model aims to distinguish between core United Russia (UR) voters, swing UR
voters, and those who vote for other parties or choose not to vote at all (see Figure 4). The
theoretical foundation of this model posits that core UR voters are more inclined toward
private goods, whereas swing voters are likely to prioritize public goods in their voting
decisions. Additionally, it anticipates that the voting choice for UR, as compared to other
strategies, may be significantly influenced by the type of goods voters prefer. Alternatively,
if no distinct difference is observed, this could imply that voters’ choices are primarily shaped
by their perceptions of how effectively goods are distributed, rather than the type of goods
per se.

The model reveals several key insights. Firstly, prioritizing social benefits while deciding
for which party to vote for significantly reduces the likelihood of being a core United Russia
(UR) voter by 46% and 40% in comparison to non-voters or voters for other parties, and
to swing voters, respectively. On the other hand, having personal connections boosts the
chances of supporting United Russia in these same groups by 136% and 247%, respectively.
Furthermore, placing importance on individual wealth also enhances the likelihood of be-
ing a core UR voter compared to a swing UR voter by 80%, while valuing infrastructural
development increases the odds for being swing voter by 44%. There appears to be no statis-
tically significant difference in preferences for benefits among those distinguishing between
UR swing voters and non-voters or voters for other parties.

These findings initially indicate that swing voters of United Russia (UR) are not signif-
icantly distinct from non-voters or voters for other parties. It it is likely that factors other
than preferences for certain goods motivate their decision-making process when choosing
among these options. Conversely, core UR voters display tendencies aligned with those iden-
tified in the initial model, showing a preference for private benefits over public goods. The
prioritization of social benefits tends to drive individuals towards voting for other parties,
abstaining from voting, or becoming swing voters. This is further supported by the insignif-
icant coefficients in the model comparing swing voters with non-voters or voters for other
parties, indicating no substantial difference between occasionally voting for UR and either
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Figure 4: Goods Preferences Among UR Swing and Core voters
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(a) The model presents estimated effects after matching. Model fit is done with logistic regression and
subclass weights. The model is first fit for the outcome given the predictor and the covariates, and then
estimates marginal effects with cluster-robust SEs. The graph presents marginal Odds Ratio (exponentiated
log OR) by predictors (calculated as average marginal contrast of the variable attitude towards goods on the
response variable). The confidence interval represents the range of possible values for the average change in
the log-odds of the outcome when predictor(attitude towards goods) changes from 0 to 1, averaged over the
dataset. Each predictor’s sample was separately matched by the following covariates: sex, age, employment
status, family size, marital status, average income and location size. (***) denote significance at the 99%
confidence level, (**) at the 95%, and(*) denote significance at the 90%
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not voting or supporting other parties.

However, a notable exception involves the role of infrastructural development. Valuing
infrastructural development significantly influences an individual’s likelihood of being a swing
rather than a core UR voter, though it does not have a similar impact when choosing between
core voting for UR and not voting or voting for another party. Nor does it have a significant
impact for the group choosing between occasional voting for UR and non-voting or voting
for another party. This could potentially suggest that voters who value public goods but
sometimes are dissatisfied with its delivery tend to vote for UR occasionally. Additionally,
people tend to become core supporters of the UR party, rather than occasional voters,
when they place importance on both personal connections and personal wealth. However,
prioritizing personal wealth alone does not distinctly separate UR’s core supporters from non-
supporters or those who vote for different parties. This indicates a pronounced distinction
between loyal and swing UR voters, primarily grounded in their preferences for public versus
private benefits.

7 Robustness check

Elections in authoritarian regimes are susceptible to various forms of manipulation. Our
survey focuses on voters’ preferences rather than on the actual electoral outcomes in specific
localities, so the results should not be immune to the effects of electoral fraud. However,
they could still be influenced by different types of electoral inducement that voters may
encounter. It is possible that these inducements, rather than voters’ preferences for different
kinds of benefits, are what truly affect voting decisions. Participants were asked if they had
experienced any form of inducement two months prior to elections, with options to indicate
multiple types of inducement if necessary. To ensure the analysis is thorough, we introduced
a binary variable that assigns a value of 1 if the voter has experienced any form of electoral
inducement and interacted it with each type of benefit. The initial formula for the analysis
is updated in the following way:

Logit(P(type of voter = 1)) = 5y + f; - attitude towards goods = 1 + f3, - electoral inducement = 1

+) 8- X 2)
+ Binteraction1 * (attitude towards goods = 1 x X;)

+ Binteraction2 * (infrastructure development = 1 x electoral inducement)

Where:

e Logit(P(type of voter = 1)) is the log-odds of the dependent variable type of voter
being 1.

e [ is the intercept.

2The results of Logit Model with inducement interaction are presented in Annex E: Model Results: with
inducement. The list of predictors with respective baseline values are presented in Annex C: Codebook
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e (31 - attitude towards goods represent the main effects of the attitude towards goods.
e [35 - attitude towards goods represent the effects of the electoral inducement.

e > (- X, denotes the main effects of the covariates included in the model such as sex,
age, education, employment status, marital status, average income, location size, and
the number of family members.

® [interaction1 - (attitude towards goodsx X;) indicate the interaction terms between attitude
towards goods with each of the other covariates in the model.

® [interaction2 indicates the interaction term between attitude towards goods and electoral
inducement.

To compute the marginal contrasts for interaction terms, we create two new datasets
where electoral inducement is set to 0 and 1, respectively.

e For elect_induc = O:

AP(Y = 1lelect_induc = 0, X = z;) = P(Y = 1finfrastr_d = 1, elect_induc = 0, X = ;)
— P(Y = 1|infrastr_.d = 0, elect_induc = 0, X = ;)

e For elect_induc = 1:

N

AP(Y = 1lelect induc = 1, X = z;) = P(Y = 1finfrastr.d = 1, elect_induc = 1, X = z;)
— P(Y = 1|infrastr_d = 0, elect_induc = 1, X = ;)

The average marginal contrast for each condition is computed as follows:

e For elect_induc = O:

N
. 1 .

AP, (Y = 1]elect_induc = 0) = ¥ E AP(Y = 1lelect_induc = 0, X = ;)

i=1

e For elect_induc = 1:

X
APyg(Y = 1lelect induc = 1) = D AP(Y = llelect_induc = 1, X = x;)

i=1

The estimates are then exponentiated to transform them from the log-odds scale to the
odds ratio scale:

e For elect_induc = O:

Transformed Contrast = exp(A P,y (Y = 1|elect_induc = 0))
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Figure 5: Goods Preferences Among UR Voters Under Electoral Inducement
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(a) The model presents estimated effects after matching. Model fit is done with logistic regression and
subclass weights. The model is first fit for the outcome given the predictor and the covariates, and then
estimates marginal effects with cluster-robust SEs. The graph presents marginal Odds Ratio (exponentiated
log OR) by predictors (calculated as average marginal contrast of the variable attitude towards goods on the
response variable). The confidence interval represents the range of possible values for the average change in
the log-odds of the outcome when predictor(attitude towards goods) changes from 0 to 1, averaged over the
dataset. Each predictor’s sample was separately matched by the following covariates: sex, age, employment
status, family size, marital status, average income and location size. (***) denote significance at the 99%
confidence level, (**) at the 95%, and(*) denote significance at the 90%
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e For elect_induc = 1:

Transformed Contrast = exp(A P,y (Y = 1]elect_induc = 1))

Initially, the analysis explored how electoral inducement influences the coefficients related
to voters’ choices between supporting United Russia and other alternatives (Figure 5). When
voters are choosing between voting for UR and abstaining from voting, valuing social benefits
continues to play a crucial role, reducing the likelihood of opting for UR by 33%. Similarly,
for voters considering parties other than UR, placing importance on social support increases
the probability of such a choice by 48%. However, individual wealth presents a contrasting
picture in models that include an interaction term, particularly when decisions are between
supporting UR and not voting; its effect is no longer statistically significant. In contrast,
the value placed on personal connections maintains its significance, even with the interaction
term accounted for, enhancing the likelihood of voting for UR by 65%. This suggests that
prioritizing individual wealth together with experiencing electoral inducement diminishes
UR’s appeal as the primary choice for voters picking between UR and non-voting, indicating
that both options are perceived as equally viable.

This variation in voting behavior can be attributed to how different voters interpret elec-
toral inducements. For example, voters who attribute their personal wealth to the perfor-
mance of the ruling party may reconsider their support if they encounter electoral coercion.
This experience could lead them to question the necessity of voting for the dominant party,
potentially resulting in abstention. Electoral inducements can be seen in different lights: as
a positive gesture, a coercive tactic, or a form of corruption. If individuals genuinely believe
their wealth results from a status quo that fosters personal prosperity, then inducements
might highlight the system’s unfairness. Conversely, personal connections, initially viewed
as a type of favoritism, may not be negatively impacted by inducements. In this case, voters
might perceive these inducements as unfair yet beneficial, in case they remain loyal. This
perspective underscores the complex interplay between personal gain, perceptions of fairness,
and loyalty within the electoral process

Secondly, we examined how electoral inducements affect the choices of voters when distin-
guishing between being core or swing supporters of United Russia, as well as between being
committed UR supporters, non-voters, or supporters of other parties, and core voters with
the same alternatives (Figure 6). In this analysis, two notable deviations from the initial
model were observed. Firstly, the significance of infrastructural development emerged at the
90% confidence level for those deliberating between staunch support for UR and other alter-
natives. Secondly, social support was found to be significant at the 90% confidence level for
individuals weighing the option of being undecided UR supporters versus other possibilities.

Although a 90% confidence level is relatively low, the diversity and size of our sample
prompt us to consider its implications. The effect of electoral inducements seems to narrow
the distinction between core and swing United Russia supporters, as well as between swing
UR supporters and those who either support other parties or choose not to vote. Inter-
estingly, both swing voters and those leaning towards other parties or abstaining seem to
place a higher value on public goods in various forms. It appears that when faced with
electoral inducements, committed UR voters do not experience a challenge to their beliefs,
as such inducements align with their initial preference for the dominant party. However,
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Figure 6: Goods Preferences Among UR Core and Swing Voters Under Electoral Inducement
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(a) The model presents estimated effects after matching. Model fit is done with logistic regression and
subclass weights. The model is first fit for the outcome given the predictor and the covariates, and then
estimates marginal effects with cluster-robust SEs. The graph presents marginal Odds Ratio (exponentiated
log OR) by predictors (calculated as average marginal contrast of the variable attitude towards goods on the
response variable). The confidence interval represents the range of possible values for the average change in
the log-odds of the outcome when predictor(attitude towards goods) changes from 0 to 1, averaged over the
dataset. Each predictor’s sample was separately matched by the following covariates: sex, age, employment
status, family size, marital status, average income and location size. (***) denote significance at the 99%
confidence level, (**) at the 95%, and(*) denote significance at the 90%
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for those who are undecided, electoral inducements might have the opposite effect, leading
them to scrutinize the quality of goods and services provided by the state more critically.
This scrutiny could distance them further from voting for UR. This is particularly evident
in the case of swing UR voters who, when considering electoral inducements, may find their
valuing of certain social benefits pushing them away from UR altogether.

8 Conclusion

This study explores how voters’ perceptions of different types of goods influence their voting
strategies. Theoretical frameworks led us to anticipate a clear divide between supporters
of United Russia and those favoring other parties or opting not to vote. Furthermore, we
expected to find distinctions in the preferences for public goods versus private benefits among
core and swing UR supporters. The empirical findings support these hypotheses and offer
insightful nuances to initial theoretical expectations.

Firstly, it is discovered that swing UR voters share similar goods preferences with non-
voters or supporters of other parties, suggesting a less pronounced distinction in this regard.
However, a broader analysis reveals that UR voters exhibit distinct preferences when choosing
between abstaining and voting for other parties. Personal wealth emerges as a significant
motivator for individuals to vote for UR instead of abstaining, whereas personal connections
to party members are a strong predictor of choosing UR, over competing parties. Additionally,
there is a clear contrast between core and swing UR voters in the types of goods they
prioritize: core supporters are significantly motivated by private, exclusive benefits, whereas
swing voters show a preference for public goods, potentially expressing dissatisfaction with
their delivery through voting for other parties or not voting at all.

These findings lead us to several significant insights. Firstly, the support of dominant
party core voters appears to be strongly tied to their access to private goods. This form of
support does not stem from ideological allegiance or contentment with the country’s overall
progress. It suggests that if these voters were to lose access to private benefits—whether
due to scarcity of resources or a reallocation to other groups—they might swiftly shift their
support away from the dominant party in search of alternative options. Secondly, there
seems to be a negligible distinction between swing voters and those who either abstain from
voting or support other parties. This observation challenges the notion of a sharp divide
between supporters of the dominant party and other voters. Aside from the core United
Russia supporters, who depend on exclusive benefits, the loyalty of other voters is much
more susceptible to various influencing factors.

Following its full-scale invasion of Ukraine, Russia is undergoing a regime transformation,
becoming more closed and ideologically driven. Concurrently, it’s critical to acknowledge that
the war has imposed resource constraints on the regime, due to sanctions and the increased
necessity to allocate significant resources to other segments of the population, such as soldiers,
propagandists, and law enforcement agencies. As a result, we can anticipate an impact on
voter behavior and their perception of various types of goods. This situation also implies
that in forthcoming elections, the Russian government may increasingly depend on artificial
electoral mobilization and electoral fraud, as opposed to genuine electoral support.
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A List of questions included to the omnibus survey

List of questions included to the omnibus survey

1. Locality of interview (city, village)

251 localities

2. Region

3. Sex

4. Age

56 regions

male/female

5. Education

Primary or lower (7-8/9 classes of school)
High school (10/11 classes)

College education

Advanced college education

Incomplete university education

University education

6. If the elections to the State Duma happened this Sunday, would you participate in
voting? If yes, which of the parties would you vote for — or would you come to the
elections to destroy/take the ballot with you?

Communist party of Russian Federation (CPRF)
Russian ecological party “Green”
Liberal-democratic party of Russia

Political party “The new people”

United Russia

Political party “Just Russia — For Truth”
”Russian United Democratic Party” YABLOKO
All-Russian political party ”Party of Growth”
Russian party of freedom and justice
Communist Party ”Communists of Russia”
Political party ” Civic Platform”

Ecological Party ”Green Alternative”
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7.

10.

11.

e All-Russian political party ”"Rodina”

”Russian Party of Pensioners for Social Justice”
Other
e Destroy/spoil the ballot

e [ don’t know which party to choose
e [ don’t want to vote

e I'm not sure if I would vote
For which party did you vote for on the last State Duma elections in 20167

e All-Russian political party ”Rodina”

e Communist Party ”Communists of Russia”

e ”"Russian Party of Pensioners for Social Justice”

e United Russia

e Russian ecological party “Green”

e Political party ” Civic Platform”

e Liberal-democratic party of Russia

e Political Party ”Party of People’s Freedom” (PARNAS)
e All-Russian political party ”Party of Growth”

e "Russian United Democratic Party” YABLOKO
e Communist party of Russian Federation (CPRF)
e Political Party ”Patriots of Russia”

e Political party “Just Russia”

e Destroy/spoil the ballot

e [ voted only for candidate in majoritarian district
e [ didn’t vote in 2016

e I don’t remember/don’t want to reply

How important is party’s input into infrastructural development of your city /region/country
for you voting decision? (1-not important; 6-the most important)

How important is party’s input into economic development of your city /region/country
for you voting decision? (1-not important; 6-the most important)

How important is party’s input into social benefits provision for you voting decision?
(1-not important; 6-the most important)

How important are your personal ties and connections to the party representatives for
your voting decision? (1-not important; 6-the most important)
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12. How important is your own economic wealth when deciding which party to support?
(I-not important; 6-the most important)

13. Do you participate (or plan to participate) in the ongoing electoral campaign of United
Russia or another party? If yes, then in which role?

Do not participate
Participate as electoral observer from UR
Participate as electoral observer from the other party

I participate in a role of a member of a precinct, district or territorial election
committee from United Russia

I participate in a role of a member of a precinct, district or territorial election
committee from the other party

I participate in the status of a member of the electoral campaign, an agitator or
a volunteer

I cannot respond

14. In the last 2 months, have you experienced any inducement to vote?

Have not experienced any inducement to vote in the last 2 months
Faced with inducement to vote by United Russia or candidates from United Russia

Faced with inducement to vote from the district administration, city authorities,
regional administration

Encouraged to vote by superiors or colleagues
Faced an inducement to vote from another party (not United Russia)

Cannot respond

15. Did you vote on the last presidential elections on 18th of March, 20187

Yes/no

16. Whom did you vote for, or did you come to the elections to destroy/take the ballot
with you?

Sergey Baburin

Pavel Grudinin

Valdimir Zhirinivskiy
Vladimir Putin

Ksenia Sobchak

Grigoriy Yavlinskiy

Destroyed /took ballot with me
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e Don’t remember/don’t want to respond
17. Type of employment

e Self-employed/independent entrepreneur
e Manager/administrator

e Technician

e Employee without education

e Laborer

e Student

e Pensioner

e Disabled person

e Stay-at-home person

e Unemployed (searching for job)

e Unemployed (not searching for job)

18. Marital status

e Married

Not registered but live together

Widow /widower

Divorced

Do not live together but not divorced

e Not married
19. How many people live with you including all the kids?
20. How many underaged kids live with you?

21. How can you describe wealth situation in your family?

We don’t even have enough money for food

We have enough money for food, but not enough for clothes

e We have enough money for food and clothes, but not for buying more expensive
things, such as a TV or a refrigerator

We can buy some expensive things like fridge or TV, but we cannot buy a car

We can buy a car, but we cannot say that we are not constrained in funds

We can afford to buy anything

22. Monthly family income
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23. Total family income for the last month

24. Per capita income

25. How frequently do you use internet?

Every day

Weekly

One time a week

Less than once a week

Never use the internet

26. Size of locality

Moscow

Locality more than 500.000
Locality from 100000 to 500000
Locality less than 100000
Village
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B Covariate balance after matching

age

age?

average_income
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02 04
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01 02
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C Codebook

e sex - Sex of respondent

— sex1: Male - baseline
— sex2: Female
e age - Age of respondent (numeric)
e educ - Education level of respondent
— educl: Primary or lower, incomplete secondary school (7-8, now 9 grades) - base-
line
— educ2: Secondary school (10, now 11 grades)
— educ3: Primary vocational education
— educd: Secondary vocational education
— educh: Incomplete higher education (at least 3 years of university)

— educ6: Higher education
e empl - Employment status of respondent

— empll: Independent entrepreneur, self-employed - baseline

— empl2: Manager, administrative worker

— empl3: Specialist without managerial functions (with specialized education)
— empl4: Employee without specialized education

— empl5: Worker (including master, foreman), including in agriculture
— empl6: Pupil, student

— empl7: Retired (non-working) due to age/service

— empl8: Retired (non-working) due to disability

— empl9: Housewife, taking care of a child

— empl10: Unemployed and looking for work

— empll1l: Unemployed and not looking for work

e marr_stat - Marital status of respondent

— marr_statl: Married - baseline

— marr_stat2: Not registered, but living together
— marr _stat3: Widower (widow)

— marr_stat4: Divorced

— marr_statb: Living apart, but not divorced

— marr_stat6: Single, never married
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famil numb - Number of family members of respondent (numeric)
average_income - Average income per family member of respondent (numeric)
location_size - Size of the locality of respondent

— location sizel: Moscow - baseline

— location, : Morethanb500thousandlocation_size3 : From100to500thousand
— location_size4: Cities up to 100 thousand

— location_size5: Rural areas

infrastr_d - attitude of respondent towards infrastructural development when making
electoral choice

— infrastr_d1: Infrastructural development is important for respondent when mak-
ing electoral choice
— infrastr_dO: Infrastructural development is not important for respondent when

making electoral choice - baseline

socialsup_d - attitude of respondent towards social benefits when making electoral
choice

— socialsup_d1: Social benefits are important for respondent when making elec-
toral choice
— socialsup_d0: Social benefits are not important for respondent when making

electoral choice - baseline

econdev_d - attitude of respondent towards economic development when making elec-
toral choice

— econdev_d1l: Economic development is important for respondent when making
electoral choice
— econdev_d0: Economic development is not important for respondent when mak-

ing electoral choice - baseline

personconnect_d - attitude of respondent towards personal connections to party
members when making electoral choice

— personconnect_d1: Personal connections to party members are important for
respondent when making electoral choice

— personconnect_d0: Personal connections to party members are not important
for respondent when making electoral choice - baseline

indivwealth_d - attitude of respondent towards individual wealth when making elec-
toral choice
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— indivwealth_d1: Individual wealth is important for respondent when making
electoral choice

— indivwealth_dO: Individual wealth is not important for respondent when making
electoral choice - baseline

e elect_induc - the respondent experienced electoral inducement within two months
prior to elections

— elect_inducl: the respondent experienced electoral inducement within two months
prior to elections

— elect_inducO: the respondent did not experience electoral inducement within
two months prior to elections - baseline

40



CEU eTD Collection

D Model Results

Table 1: GLM model: UR voters vs other parties

term estimate std.error statistic p.value model name Deviance NullDeviance DF n

(Intercept) -2.68 101 265 001 [rastructural g g 1264.59 860 918
development

infrastr_d1 1.65 199 083 041 mfrastuctural o0 1264.50 860 918
development

sex2 0.77 0.20 380 .00 [rastructural g o 1264.59 860 918
development

age 0.03 0.01 975 001 Mfrastructural o0 o 1264.59 860 918
development

educ2 0.32 0.58 056  05g [rastructural o0 oo 1264.59 860 918
development

educ3 2059 069  -086 039 rastructural o gn oo 1264.50 860 918
development

educd 0.25 0.54 046 064 Dnrastructural g oo 1264.59 860 918
development

educh 1.92 097 198 05 ‘Mrastructural . o 1264.59 860 918
development

educ6 0.12 0.56 022 g Drastructural o0 oo 1264.59 860 918
development

empl2 011 064 017  og7 Dfrastructural o0 o 126459 860 918
development

empl3 0.60 0.52 115 095 [nrastructural .0 o 1264.59 860 918
development

empld -0.25 054 046 g5 |Mrastructural .. 0 1264.59 860 918
development

empl5 0.14 0.54 026  ogo Mfrastructural g0 oo 1264.59 860 918
development
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n

empl6 0.27 1.69 016 0.sg [rastructural o gn oo 1264.59 860 918
development

empl? 0.43 0.58 074 (4 Mfrastructural o0 o 1264.50 860 918
development

empl8 0.77 0.69 110 ggp Mfrastructural o0 1264.59 860 918
development

empl9 1.42 0.69 9006 004 Dirastructural o o 126459 860 918
development

empl10 2025 079 031 076 ‘rastructural g oo 1264.59 860 918
development

empli1 -0.10 119 008 o3 mfrastructural .0 o 1264.59 860 918
development

marr_stat2 -0.06 069  -0.00 093 [Mrastructural . o 126459 860 918
development

marr_stat3 -0.31 020  -108 028 [frastructural o op oo 1264.59 860 918
development

marr_statd 2024 028  -085 4o rastructural o gp oo 1264.59 860 918
development

marr_stat5 1526 97175 -0.02 09y |nfrastructural a0 o 1264.50 860 918
development

marr_stat6 0.42 0.32 131 019 Mfrastructural o0 1264.59 860 918
development

average_income 0.00 0.00 101 g Mfrastructural a0 o 1264.59 860 918
development

location_size2 0.04 0.35 013 9o [rastructural o gn oo 1264.59 860 918
development

location_size3 -0.32 036  -087 03y [rastructural g oo 1264.59 860 918
development

location_size4 0.41 036 113 026 ‘Mrastructural ol o 1264.59 860 918
development
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n

location_size5 -0.06 036 -0.16 sy ‘rastructural o gn oo 1264.59 860 918
development

famil_numb 0.07 009 075 045 irastructural .o 1264.59 860 918
development

infrastr_dl:sex2 0.22 040 054 59 [Mrastructural . o 126459 860 918
development

infrastr_d1:age -0.01 002 -073 47 frastructural o on oo 1264.59 860 918
development

infrastr_d1:educ2 0.37 102 036 oo Mmfrastuctural a0 1264.59 860 918
development

infrastr_dL:educ3 -0.02 123 002 gy mfrastructural .0 o 1264.50 860 918
development

infrastr_d1:educd -0.70 004 074 04 Mrastructural .. o 126459 860 918
development

infrastr_d1:educs 1372 97734 001 ggy mfrastructural o0 oo 1264.59 860 918
development

infrastr_d1:educ6 4120 102 117 (g4 Wmfrastuctural a0 o 1264.59 860 918
development

infrastr_dl:empl2 0.35 1.22 020 gy Durastructural g oo 1264.50 860 918
development

infrastr_dl:empl3 -1.26 099 127 g Mrastructural .. o 1264.59 860 918
development

infrastr_d1:empl4 -1.08 106 102 o3 rastructural o0 o 1264.59 860 918
development

infrastr_d1:empl5 115 101 114 095 Mmfrastructural o0 o 1264.50 860 918
development

infrastr_d1:empl6 1457 152480  -0.01 09y mfrastructural a0 o 1264.59 860 918
development

infrastr_d1:empl7 -1.56 106 -147 4 mfrastructural ol o 126459 860 918
development
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n

infrastr_d1l:empl8 0.39 1.35 029 g Dfrastructural g oo 1264.59 860 918
development

infrastr_d1:empl9 272 143 190 g frastructural .. o 1264.59 860 918
development

infrastr_d1:empl10 115 145 079 43 Mfrastructural a0 o 126459 860 918
development

infrastr_d1:empl11 1476 1524.80 001 (g9 [rastructural o0 o 1264.59 860 918
development

infrastr_d1:marr_stat2 152 110 137 o1y Mfrastructural o0 o 126459 860 918
development

infrastr_d1:marr_stat3 -0.16 059 027  og9 [frastructural o0 o 1264.59 860 918
development

infrastr_d1:marr statd -0.62 060  -103  0gp [frastructural o0 oo 126459 860 918
development

infrastr_d1:marr_stat5 0.95 1808.12 000 100 Dfrastructural o o 1264.59 860 918
development

infrastr_d1:marr_stat6 155 071 218 003 frastructural o0 o 1264.59 860 918
development

infrastr_dl:average_income 0.00 0.00 149 14 Mfrastructural a0 o 1264.50 860 918
development

infrastr_d1:location_size2 0.85 0.70 121 g3 Mfrastructural 00 o 1264.59 860 918
development

infrastr_d1:location_size3 0.92 0.73 195 (g1 Mfrastructural .0 0 1264.59 860 918
development

infrastr_d1:location_size4 1.44 0.70 9007 004 Mirastructural 0 o 1264.59 860 918
development

infrastr_d1:location_size5 0.84 0.72 118 g4 Infrastructural .. o 1264.50 860 918
development

infrastr_d1:famil numb -0.09 018 049 063 [frastructural o0 oo 126459 860 918
development
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n

(Intercept) -1.30 087  -148  0.14 Social 1106.58 1237.02 862 918
Support
. Social

socialsup_d1 -2.34 2.66 -0.88 0.38 1106.58 1237.02 862 918
Support

sex2 0.57 0.18 319 0.00 Social 1106.58 1237.02 862 918
Support

age 0.02 0.01 256 0.01 Social 1106.58 1237.02 862 918
Support

educ2 0.10 0.49 020  0.84 Social 1106.58 1237.02 862 918
Support

educ3 -0.33 059  -0.55 058 Social 1106.58 1237.02 862 918
Support

educd -0.29 043  -0.67 050 Social 1106.58 1237.02 862 918
Support

educh 117 085  -1.37 017 Social 1106.58 1237.02 862 918
Support

educt -0.05 046  -0.11 091 Social 1106.58 1237.02 862 918
Support

empl2 0.32 0.51 062  0.53 Social 1106.58 1237.02 862 918
Support

empl3 02 042 063 o053 oo 1106.58 1237.02 862 918
Support
Social

empld 072 046  -1.55  0.12 1106.58 1237.02 862 918
Support

empl5 -0.46 041  -1.11 027 Social 1106.58 1237.02 862 918
Support

empl6 0.91 0.76 120 0.23 Social 1106.58 1237.02 862 918
Support

empl7 032 048 -0.66 051 Ssomal 1106.58 1237.02 862 918
upport
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n
empl8 0.93 0.63 147 0.14 Social 1106.58 1237.02 862 918
Support
empl9 0.00 0.73 0.01  1.00 Social 1106.58 1237.02 862 918
Support
Social
empl10 -0.33 0.50 -0.67 0.50 1106.58 1237.02 862 918
Support
empl11 2.26 0.84 268 001 Social 1106.58 1237.02 862 918
Support
Social
marr_stat2 -0.35 0.54 -0.65 0.52 1106.58 1237.02 862 918
Support
Social
marr_stat3 0.05 0.34 0.14 0.89 1106.58 1237.02 862 918
Support
Social
marr_stat4 0.06 0.25 0.24 0.81 1106.58 1237.02 862 918
Support
Social
marr_stath -14.25 711.46 -0.02 0.98 1106.58 1237.02 862 918
Support
Social
marr_stat6 0.27 0.29 0.96 0.34 1106.58 1237.02 862 918
Support
. Social
average_income 0.00 0.00 0.58 0.56 1106.58 1237.02 862 918
Support
. . Social
location_size2 -0.70 0.32 -2.17 0.03 1106.58 1237.02 862 918
Support
. . Social
location_size3 -0.29 0.33 -0.88 0.38 1106.58 1237.02 862 918
Support
. . Social
location_size4 -0.37 0.34 -1.08 0.28 1106.58 1237.02 862 918
Support
. . Social
location_sizeb 0.11 0.33 0.33 0.74 1106.58 1237.02 862 918
Support
- Social
famil_numb 0.11 0.08 1.47 0.14 1106.58 1237.02 862 918
Support
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n
socialsup_d1:sex? 0.44 0.52 0.83 040 Social 1106.58 1237.02 862 918
Support
. Social
socialsup_dl:age -0.01 0.03 -0.48 0.63 1106.58 1237.02 862 918
Support
. Social
socialsup_d1:educ2 0.28 1.62 0.17 0.86 1106.58 1237.02 862 918
Support
. Social X . X
socialsup_d1l:educ3 -0.81 1.95 -0.42 0.68 1106.58 1237.02 862 918
Support
. Social
socialsup_d1:educ4 -0.46 1.44 -0.32 0.75 1106.58 1237.02 862 918
Support
. Social
socialsup_dl:educh -15.98 564.25 -0.03 0.98 1106.58 1237.02 862 918
Support
. Social
socialsup_d1:educ6 -0.78 1.45 -0.53 0.59 1106.58 1237.02 862 918
Support
. Social
socialsup_dl:empl2 -1.71 1.40 -1.22 0.22 1106.58 1237.02 862 918
Support
. Social
socialsup_d1:empl3 0.21 1.07 0.20 0.84 1106.58 1237.02 862 918
Support
. Social
socialsup_d1:empl4 -0.49 1.23 -0.40 0.69 1106.58 1237.02 862 918
Support
. Social
socialsup_d1:empl5 0.30 1.08 0.28 0.78 1106.58 1237.02 862 918
Support
socialsup_d1:empl6 Social 1106.58 1237.02 862 918
Support
. Social
socialsup_d1:empl7 0.95 1.21 0.78 0.43 1106.58 1237.02 862 918
Support
. Social
socialsup_d1:empl8 -0.77 1.93 -0.40 0.69 1106.58 1237.02 862 918
Support
. Social
socialsup_d1:empl9 2.22 2.04 1.09 0.28 1106.58 1237.02 862 918
Support
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n
socialsup_dL:empl10 -0.22 141 016 os7 ool 1106.58 1237.02 862 918
Support
. Social
socialsup_d1l:empll11l -5.27 2.25 -2.34 0.02 1106.58 1237.02 862 918
Support
. Social
socialsup_d1l:marr_stat2 -1.58 1.58 -1.00 0.32 1106.58 1237.02 862 918
Support
. . . . Social . . .
socialsup_d1:marr_stat3 0.37 1.02 0.36 0.72 1106.58 1237.02 862 918
Support
. Social
socialsup_d1l:marr_stat4 0.29 0.76 0.38 0.70 1106.58 1237.02 862 918
Support
socialsup_d1:marr_stath Social 1106.58 1237.02 862 918
Support
. Social
socialsup_d1l:marr_stat6 -0.21 0.75 -0.27 0.78 1106.58 1237.02 862 918
Support
. . Social
socialsup_dl:average income 0.00 0.00 2.23 0.03 1106.58 1237.02 862 918
Support
. . . Social
socialsup_d1:location_size2 1.45 0.90 1.61 0.11 1106.58 1237.02 862 918
Support
. . . Social
socialsup_dl1:location_size3 -0.49 0.99 -0.49 0.63 1106.58 1237.02 862 918
Support
. . . Social
socialsup_d1:location_size4 0.21 1.01 0.21 0.83 1106.58 1237.02 862 918
Support
. . . Social
socialsup_d1:location_sizeb 0.07 0.93 0.07 0.94 1106.58 1237.02 862 918
Support
. . Social
socialsup_d1:famil numb 0.49 0.25 2.00 0.05 1106.58 1237.02 862 918
Support
(Intercept) 2.94 097 304 000 | eomomic 1097.64 1218.74 862 918
Development
ccondev_d1 3.35 2.47 135 01y eomomic 1097.64 1218.74 862 918
Development
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n
Economic

sex2 0.70 0.19 373 0.00 1097.64 1218.74 862 918
Development

age 0.02 0.01 909 004 Peonomic 1097.64 1218.74 862 918
Development

educ? 0.61 0.49 124  (go comomic 1097.64 1218.74 862 918
Development

educ3 0.38 0.58 0.65 051  eonomic 1097.64 1218.74 862 918
Development

educd 0.18 0.46 038 070  [Peonomic 1097.64 1218.74 862 918
Development

educh 1.39 0.97 143 015 comomic 1097.64 1218.74 862 918
Development

educ6 0.24 0.50 049 g3  Peonomic 1097.64 1218.74 862 918
Development

empl2 0.67 0.62 107 029 lconomic 1097.64 1218.74 862 918
Development

empl3 0.14 049  -028 078 lconomic 1097.64 1218.74 862 918
Development

empld -0.71 053  -1.34  01s  eonomic 1097.64 1218.74 862 918
Development

empl5 -0.03 050  -005 096 eonomic 1097.64 1218.74 862 918
Development

empl6 0.77 130 -059 056 comomic 1097.64 1218.74 862 918
Development

empl7 0.42 0.54 078 044 lconomic 1097.64 1218.74 862 918
Development

empl8 0.46 0.66 069 049 eonomic 1097.64 1218.74 862 918
Development

empl9 0.22 0.71 032 075 leonomic 1097.64 1218.74 862 918
Development
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n

empl10 -0.40 060  -067 050 eonomic 1097.64 1218.74 862 918
Development

empl11 -0.88 066  -132 19 leonomic 1097.64 1218.74 862 918
Development

marr_stat2 0.2 049 046 065 conomic 1097.64 1218.74 862 918
Development

marr stat3 -0.47 028  -167 010 |conomic 1097.64 1218.74 862 918
Development

marr_stat4 -0.05 026 018 08¢ conomic 1097.64 1218.74 862 918
Development

marr_stath 1470 40616 -004 097 _comomic 1097.64 1218.74 862 918
Development

marr_stat6 -0.00 028 001 100 | eonomic 1097.64 1218.74 862 918
Development

average_income 0.00 0.00 199 005 comomic 1097.64 1218.74 862 918
Development

location._size2 0.50 0.34 146 014  conomic 1097.64 1218.74 862 918
Development

location_size3 0.24 0.34 071  04g Peonomic 1097.64 1218.74 862 918
Development

location_sized 0.62 0.35 174 008 comomic 1097.64 1218.74 862 918
Development

location _size5 0.56 0.36 158 011  ‘conomic 1097.64 121874 862 918
Development

famil_numb 0.20 0.08 947 001 leonomic 1097.64 1218.74 862 918
Development

econdev_d1:sex2 0.06 0.51 012 0gp leonomic 1097.64 1218.74 862 918
Development

econdev_dl:age 0.02 0.02 078 044 _leomomic 1097.64 1218.74 862 918
Development
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n

econdev_dl:educ2 115 106 -1.09 098  conomic 1097.64 1218.74 862 918
Development

econdev_d1:educ3 -3.47 138 w252 001 lcomomic 1097.64 1218.74 862 918
Development

econdev_d1:educd 128 096  -133 018 leonomic 1097.64 1218.74 862 918
Development

econdev_dl:educh 1576 013.86  -0.02 09y _comomic 1097.64 1218.74 862 918
Development

econdev_dl:educ6 241 112 215 003  conomic 1097.64 1218.74 862 918
Development

econdev_d1:empl2 -1.05 152 069 049  Peonomic 1097.64 1218.74 862 918
Development

econdev_dl:empl3 0.80 1.29 062 053 eonomic 1097.64 1218.74 862 918
Development

econdev_d1:empl4 0.04 1.39 003  09g lconomic 1097.64 1218.74 862 918
Development

econdev_d1:empl5 -2.00 132 151 013 comomic 1097.64 1218.74 862 918
Development

econdev_d1L:empl6 Economic 1097.64 1218.74 862 918
Development

econdev_d1L:empl7 -1.32 139 -005 034 lcomomic 1097.64 1218.74 862 918
Development

econdev_d1:empl8 241 181 133 018 eomomic 1097.64 121874 862 918
Development

econdev_d1:empl9 -0.30 186 016 087 lcomomic 1097.64 1218.74 862 918
Development

econdev_d1:empl10 2.29 177 129 g0 comomic 1097.64 1218.74 862 918
Development

econdev_dl:empl11 1.75 2.10 083 041 leonomic 1097.64 1218.74 862 918
Development
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n

econdev_d1:marr_stat2 -0.81 147 055  0ps leonomic 1097.64 1218.74 862 918
Development

econdev_d1:marr_stat3 1.47 0.72 906 004 Feonomic 1097.64 1218.74 862 918
Development

econdev_dl:marr_stat4 -0.35 073 048 063 conomic 1097.64 1218.74 862 918
Development

econdev_d1:marr_stat5 Economic 1097.64 1218.74 862 918
Development

econdev_d1:marr_stat6 0.53 0.79 067 050 | Peonomic 1097.64 1218.74 862 918
Development

econdev_d1:average_income -0.00 000  -023 08  Peonomic 1097.64 1218.74 862 918
Development

ccondev_d1:location size2 243 109 223 003  Peonomic 1097.64 1218.74 862 918
Development

econdev_d1:location size3 -2.06 113 183 007 eomomic 1097.64 1218.74 862 918
Development

econdev_d1:location_sized 2.81 112 251 01 eomomic 1097.64 121874 862 918
Development

econdev_d1:location _size5 -1.97 111 -177 008  Peonomic 1097.64 1218.74 862 918
Development

econdev_d1:famil numb -0.03 020 015 0.8y  eonomic 1097.64 1218.74 862 918
Development

(Intercept) -1.81 542 033 oq4  Cewsonal 1144.84 1256.73 862 918
Connections

personconnect_d1 0.71 550  -013 090  Cersomal 1144.84 1256.73 862 918
Connections

sex2 1.70 1.10 155 012 Pemsomal i 1256.73 862 918
Connections

age -0.01 004  -013 0.0 Cperson.al 1144.84 1256.73 862 918
onnections
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educ2 3.71 92.74 135 018  Lersonal 1144.84 1256.73 862 918
Connections

educ3 271 337 080 042 pewonal g 1256.73 862 918
Connections

educd 0.07 2.60 003 098  Fersonal 1144.84 1256.73 862 918
Connections

educh 1550 9223464 001 099  Lewsonal 1144.84 1256.73 862 918
Connections

educ6 -1.05 974 038  oq0  Levsonal 1144.84 1256.73 862 918
Connections

empl2 0.74 2.08 036 o072 besomal g 1256.73 862 918
Connections

empl3 -1.33 145 -092 036 Cersomal 1144.84 1256.73 862 918
Connections

empld -2.69 190 141 o016  Cersomal 1144.84 1256.73 862 918
Connections

empl5 -3.13 198 158 012  Pewonal 1144.84 1256.73 862 918
Connections

empl6 -0.80 140 057 os7  JPemomal g 1256.73 862 918
Connections

empl? 172 180 -005 034  Fersomal 1144.84 1256.73 862 918
Connections

empl8 1892 76285  -002  09s  Lewsonal 1144.84 1256.73 862 918
Connections

empl9 1547 1554.73 001 099  Lersonal 1144.84 1256.73 862 918
Connections

empl10 -1.91 266 -072 04y o Fewomal g 1256.73 862 918
Connections

empll1 0.99 8.48 012 o091  Fersonal 1144.84 1256.73 862 918
Connections
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marr_stat2 1529 76649  -0.02 0.8 Cfl‘;;:zﬁzlm 1144.84 1256.73 862 918
marr_stat3 1.98 1.16 L71  0.09 Ci‘f;‘;zzlnb 1144.84 1256.73 862 918
marr_statd -0.16 135 012 0.90 Cfri:i?iilns 1144.84 1256.73 862 918
marr_stat5 1556 77480 -0.02  0.98 ciiiiﬁilns 1144.84 1256.73 862 918
marr_stat6 -1.90 71 L1l 027 Cfl‘;;zﬁilm 1144.84 1256.73 862 918
average_income 0.00 0.00 035  0.73 Ci‘f;‘;llilnb 1144.84 1256.73 862 918
location_size2 1.95 2.56 0.76  0.44 Cfgi‘;gilns 1144.84 1256.73 862 918
location_size3 0.92 2.51 036 0.72 Cfrfiz‘;zzlns 1144.84 1256.73 862 918
location_size4 0.91 2.44 037 071 cfﬁi?iilm 1144.84 1256.73 862 918
location_size5 0.96 2.44 039  0.70 Cfr‘f;‘;ll‘llnb 1144.84 1256.73 862 918
famil_numb 0.15 0.47 032 075 Cfr‘f;zzzilns 1144.84 1256.73 862 918
personconnect_d1:sex2 -0.97 112 -0.87  0.39 C:ﬁi‘;‘tilns 1144.84 1256.73 862 918
personconnect_dl:age 0.02 0.05 051 061 Cfﬁ;iiiilm 1144.84 1256.73 862 918
personconnect_d1L:educ2 -3.58 279 129 0.20 Ci‘fﬁ;‘;ﬁnb 1144.84 1256.73 862 918
personconnect_d1:educ3 2.43 3.42 071 048 Cfr‘f;zzzilns 1144.84 1256.73 862 918
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personconnect_d1:educd 0.15 264  -0.06  0.95 Cfl‘;;:zﬁzlm 1144.84 1256.73 862 918
personconnect_dl:educh 15.62  2234.64 0.01 0.99 Ciiiﬁ?iilns 1144.84 1256.73 862 918
personconnect_d1:educ6 0.78 2.78 028  0.78 Cfﬁ:‘;gilns 1144.84 1256.73 862 918
personconmect_d1:empl2 2033 217 -0.15  0.88 ciiiiﬁilns 1144.84 1256.73 862 918
personconnect_d1:empl3 1.86 1.53 122 022 Cfg;;iiilm 1144.84 1256.73 862 918
personconnect_d1:empld 92.54 1.97 129 0.20 C};‘:;‘;Eilm 1144.84 1256.73 862 918
personconnect_d1:empl5 3.28 2.05 160 0.1 Cfgi‘;gilns 1144.84 1256.73 862 918
personconmnect_d1:empl6 Cfrfiz‘;zzlns 1144.84 1256.73 862 918
personconnect_d1:empl7 2.21 1.87 118 0.24 Cfﬁ;ifiilm 1144.84 1256.73 862 918
personconnect_d1:empl8 2002 762.85 0.03 098 Cfr‘f;‘;ll‘llnb 1144.84 1256.73 862 918
personconnect_d1:empl9 1481 155473 001 0.9 Cfr‘f;zzzilns 1144.84 1256.73 862 918
personconmect_d1:empl10 2.09 2.74 0.76 045 C:ﬁi‘;‘tilns 1144.84 1256.73 862 918
personconnect_d1:empl11 -1.28 853  -0.15 088 Cfﬁ;iiiilm 1144.84 1256.73 862 918
personconnect_dl:marr_stat2 1521 766.49 002 098 Ci‘fﬁ;‘;ﬁnb 1144.84 1256.73 862 918
personconnect_dl:marr_stat3 2.07 119 173 0.08 Cfr‘f;zzzilns 1144.84 1256.73 862 918
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personconnect_dl:marr_stat4 0.06 1.38 005 096 . Lersonal 1144.84 1256.73 862 918
Connections

personconnect_dl:marr_statb Person.alr 1144.84 1256.73 862 918
Connections

personconnect_d1:marr_stat6 2.22 1.74 128 090  [Fersonal 1144.84 1256.73 862 918
Connections

personconnect_d1:average_income -0.00 000  -002 o098  Fersomal 1144.84 1256.73 862 918
Connections

personconnect_d1:location_size2 1.97 258 076 045  Fersonal 1144.84 1256.73 862 918
Connections

personconnect_d1:location_size3 0.91 954 036 o072 beomal g 1256.73 862 918
Connections

personconnect_d1:location_sized -0.69 246  -028 o3 Dersomal 1144.84 1256.73 862 918
Connections

personconnect_d1:location_size5 -0.59 947 024  og1  Fersomal 1144.84 1256.73 862 918
Connections

personconnect_d1:famil_numb -0.00 047 000 100  Fersomal 1144.84 1256.73 862 918
Connections
Individual -

(Intercept) -1.10 160 -0.69 0.9 Wealth 1122.14 1231.52 861 918

indivwealth_d1 -1.40 188 -074 04  [ndividual 1122.14 123152 861 918
Wealth

sex2 1.01 0.33 510 oo ndividual 1122.14 123152 861 918
Wealth
Individual

age 0.03 0.02 L76  0.08 Woalth 1122.14 1231.52 861 918

educ2 147 072 204 g4 ndividual 1122.14 1231.52 861 918
Wealth

educ3 177 001  -194 005 [ndividual 1122.14 1231.52 861 918
Wealth
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Individual

educd -1.98 0.66 -3.02 0.00 1122.14 1231.52 861 918
Wealth

educh 582 71058 002 0y  ndividual 1122.14 1231.52 861 918
Wealth

educ -2.63 070 378 oo ndividual 1122.14 123152 861 918
Wealth

. Individual . .

empl2 0.22 0.97 0.23 0.82 Wealth 1122.14 1231.52 861 918
Individual

empl3 0.57 0.81 0.70 0.48 Wealth 1122.14 1231.52 861 918
Individual -

empl4 -0.31 0.90 -0.34 0.73 Wealth 1122.14 1231.52 861 918
Individual

emplh -0.60 0.84 -0.72 0.47 Wealth 1122.14 1231.52 861 918
Individual

empl6 -0.55 1.25 -0.44 0.66 Wealth 1122.14 1231.52 861 918
Individual

empl7 0.02 0.90 0.02 0.99 Wealth 1122.14 1231.52 861 918
Individual

4 4

empl8 1.91 1.24 1.54 0.12 Wealth 1122.14 1231.52 861 918
Individual

empl9 2.29 1.66 1.38 0.17 Wealth 1122.14 1231.52 861 918
Individual

empl10 -1.45 1.42 -1.02 0.31 Wealth 1122.14 1231.52 861 918
Individual

empll1 -0.43 1.84 -0.23 0.82 Wealth 1122.14 1231.52 861 918

marr stat2 -1.92 097 198 005 |ndividual 1122.14 1231.52 861 918
Wealth

marr_stat3 0.09 0.50 017 0ge  ndividual 1122.14 123152 861 918
Wealth
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marr_statd -1.20 054 2923 003 |ndividual 1122.14 1231.52 861 918
Wealth

marr_stats 21273 111563 -0.01 0.99  ndividual 1122.14 1231.52 861 918
Wealth

marr_stat6 0.37 0.54 069 049 Individual 1122.14 1231.52 861 918
Wealth

average_income 0.00 0.00 146 014  ndividual 1122.14 1231.52 861 918
Wealth

location_size2 0.15 060 024 g1  ndividual 1122.14 1231.52 861 918
Wealth

location_size3 0.76 063 120 023  ndividual 1122.14 1231.52 861 918
Wealth

location_size4 -0.86 064  -134  01g ndividual 1122.14 1231.52 861 918
Wealth

location _size5 -0.01 062 001 099 ndividual 1122.14 1231.52 861 918
Wealth

famil_numb 0.34 0.15 907 002 ndividual 1122.14 1231.52 861 918
Wealth

indivwealth_d1:sex2 -0.42 038  -111 027  ndividual 1122.14 1231.52 861 918
Wealth

indivwealth_d1:age -0.01 002 -073 046  [ndividual 1122.14 123152 861 918
Wealth

indivwealth_d1:educ2 2.13 0.92 933 002 ndividual 1122.14 1231.52 861 918
Wealth

indivwealth_d1:educ3 2.07 1.13 183 o7 Individual 1122.14 123152 861 918
Wealth

indivwealth_d1:educ4 2.35 0.84 979 001 ndividual 1122.14 1231.52 861 918
Wealth

indivwealth_d1:educh 1624 710.58 002 098 I“\%‘;;iial 1122.14 1231.52 861 918
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indivwealth_d1:educ6 2.93 0.89 329 o Individual 1122.14 1231.52 861 918
Wealth

indivwealth_d1:empl2 0.34 1.13 031 oq¢ ndividual 1122.14 123152 861 918
Wealth

indivwealth_d1:empl3 -0.04 093 004 097 In\‘ifg;ﬁial 1122.14 123152 861 918

indivwealth_d1:empl4 0.38 1.03 037 071 In&fgﬁ;‘fl 1122.14 1231.52 861 918

indivwealth_d1:empl5 0.81 0.96 084 049 ndividual 1122.14 123152 861 918
Wealth

.. . Individual .

indivwealth_d1:empl6 Wealth 1122.14 1231.52 861 918

indivwealth_d1:empl7 0.38 1.03 037 oq  Individual 1122.14 123152 861 918
Wealth

indivwealth_d1:empl8 -0.99 139 072 047 |Individual 1122.14 1231.52 861 918
Wealth

indivwealth_d1:empl9 -1.56 178 087  ogs ndividual 1122.14 123152 861 918
Wealth

indivwealth_d1:empl10 171 1.53 112 g2 ndividual 1122.14 123152 861 918
Wealth

indivwealth_d1:empl11 0.42 2.03 021  og4 Individual 1122.14 1231.52 861 918
Wealth

indivwealth_d1:marr_stat2 1.94 111 L75 0.8 I“\ifcvgil}‘fl 1122.14 123152 861 918

indivwealth_d1:marr_stat3 2017 058  -030 o7y |ndividual 1122.14 1231.52 861 918
Wealth

indivwealth_d1:marr_statd 1.33 0.61 218 03  ndividual 1122.14 123152 861 918
Wealth

indivwealth_d1:marr_stat5 185 122617  -0.00 1.0 I“\%‘;;iial 1122.14 123152 861 918
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indivwealth_d1:marr_stat6 -0.42 062  -068 050 ndividual 1122.14 1231.52 861 918
Wealth
indivwealth_d1:average_income -0.00 000  -0.78 044 hl{\l;z;iial 1122.14 123152 861 918
indivwealth_d1:location_size2 0.26 0.73 035  0.72 In\‘ifg;ﬁial 1122.14 1231.52 861 918
indivwealth_d1:location_size3 0.77 0.76 102 031 In&fgii&l 1122.14 1231.52 861 918
indivwealth_d1:location_sized 1.12 0.77 145 015  ndividual 1122.14 1231.52 861 918
Wealth
indivwealth_d1:location_size5 0.32 0.75 043 067 I“V(\l,‘;’;ﬂl}‘fl 1122.14 1231.52 861 918
indivwealth_d1:famil_numb -0.29 017 171 009  ndividual 1122.14 1231.52 861 918
Wealth
Table 2: GLM model: UR voters vs non-voters
term estimate std.error statistic p.value model name Deviance NullDeviance = DF n
(Intercept) -3.58 090  -398 o [nirastuctwal g 1497.03 1051 1109
development
infrastr_d1 2.78 186 149 04 Mfrastructural o, g 1497.03 1051 1109
development
sex2 0.54 0.19 979 g1 Drastructural o, o 1497.03 1051 1109
development
- 0.04 001 482 o rastructural o, o 1497.03 1051 1109
development
educ? 078 056  -1.38 017 [nfrastructural o, o 1497.03 1051 1109
development
educ3 -0.74 060  -1.08  02g [nfrastructural o, o 1497.03 1051 1109
development
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educt -0.26 053 050 0.6 ‘rastructural o, o 1497.03 1051 1109
development

educh -1.34 085 158 1 |nfrastructural o, 1497.03 1051 1109
development

educ6 027 056 049 g3 Mrastructural o 1497.03 1051 1109
development

empl2 20.39 052 074 046 [frastructural o o 1497.03 1051 1109
development

empl3 0.06 042 014 g9 rastructural o, o 1497.03 1051 1109
development

empld 0.34 045 076 045 ‘Mrastructural o, o 1497.03 1051 1109
development

empl5 -0.31 041 075 04 Mrastructural oo, o6 1497.03 1051 1109
development

empl6 20.98 086 114 025 [frastructural o o 1497.03 1051 1109
development

empl7 0.62 047 133 g (rastructural o, o 1497.03 1051 1109
development

empl8 0.23 0.57 040 0y [Dfrastructural o, o 1497.03 1051 1109
development

empl9 0.34 0.52 065 5o Mmfrastructural o, o 1497.03 1051 1109
development

empl10 0.22 0.55 039 o7 [Mfrastructural o o 1497.03 1051 1109
development

emplll 20.92 103 000  og7 Mfrastructural o oo 1497.03 1051 1109
development

marr_stat2 043 042 -102 31 rastructural o, g 1497.03 1051 1109
development

marr stat3 -0.35 034 104 g0 [Mrastructural o 1497.03 1051 1109
development

61



CEU eTD Collection

term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

marr_stat4 010 028  -037  oq1 frastuctural o, o 1497.03 1051 1109
development

marr_stath 1686 120925  -0.01 09y mfrastructural o o 1497.03 1051 1109
development

marr stath -0.40 026 155  01p [rastructural o o 1497.03 1051 1109
development

average_income 0.00 0.00 909 04 Drastructural o, o 1497.03 1051 1109
development

location._size2 1.33 0.30 443 qpp [rastructural o, o 1497.03 1051 1109
development

location_size3 1.44 0.33 432 o Drastructural o o 1497.03 1051 1109
development

location._sized 1.23 0.31 391 o [rastructural o o 1497.03 1051 1109
development

location _size5 1.33 0.32 415 opp [rastructural o, o 1497.03 1051 1109
development

famil_numb 0.09 0.08 114 g5 Infrastructural o, o 1497.03 1051 1109
development

infrastr_d1:sex2 0.08 0.37 021 (g rastructural o, o 1497.03 1051 1109
development

infrastr_d1:age -0.00 002 -0.01 100 Mrastructural o, 1497.03 1051 1109
development

infrastr_d1:educ2 -1.82 136 134 01 [rastructural o o 1497.03 1051 1109
development

infrastr_d1:educ3 157 153 103  0go [nfrastructural o, oo 1497.03 1051 1109
development

infrastr_d1:educd 235 132 179  oo7 ‘Mrastructural o, 2 1497.03 1051 1109
development

infrastr_dl:educs 4712 s27s4 002 ogg [mfrastructural o o 1497.03 1051 1109
development
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infrastr_d1:educ6 2.14 136 158 011 mfrastructural o, 1497.03 1051 1109
development

infrastr_d1:empl2 0.18 093 019 g5 [nrastructural o, 1497.03 1051 1109
development

infrastr_d1:empl3 -0.67 077 088 g3y [MMrastructural o, 1497.03 1051 1109
development

infrastr_d1:empld -0.09 083 010  0gp Mfrastructural o, o 1497.03 1051 1109
development

infrastr_d1:empl5 028 078 -036 072 ‘rastructural o, o 1497.03 1051 1109
development

infrastr_dL:empl6 1496 78590 -0.02 o |nfrastructural o, 1497.03 1051 1109
development

infrastr_dl:empl7 0.87 088 009 g2 [Mrastructural o, 1497.03 1051 1109
development

infrastr_d1:empl8 0.32 1.05 030 076 [rastructural o o 1497.03 1051 1109
development

infrastr_d1:empl9 -0.74 106 070  04g mfrastructural o, 1497.03 1051 1109
development

infrastr_dl:empl10 -0.68 100 062 053 Mirastuctural o 1497.03 1051 1109
development

infrastr_d1:empl11 -0.64 160 038 71 Mmfrastructural o 1497.03 1051 1109
development

infrastr_dl:marr_stat2 0.33 0.84 039 g0 Drastructural o o 1497.03 1051 1109
development

infrastr_dl:marr_stat3 0.13 060  -022  sp [rastructural o, o 1497.03 1051 1109
development

infrastr_d1:marr_statd -0.35 056  -064 53 (rastructural o, g 1497.03 1051 1109
development

infrastr_d1:marr_stat5 043 203831 -0.00 1o Mrastructuralo, o 1497.03 1051 1109
development
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n
infrastr_d1:marr_stat6 0.26 0.51 051 061 rastructural o, g 1497.03 1051 1109
development
infrastr_d1:average.income 0.00 000 118 o4 frastructural o, 1497.03 1051 1109
development
infrastr_d1:location_size2 -1.10 058 189  00¢ [rastructural o o 1497.03 1051 1109
development
infrastr_d1:location_size3 1.24 063  -1.96 005 [frastructural o, o 1497.03 1051 1109
development
infrastr_dl:location sized -0.98 050  -1.66 010 [wrastructural, g 1497.03 1051 1109
development
infrastr_d1:location_size5 -0.80 059 134 g [frastructural o o 1497.03 1051 1109
development
infrastr_d1:famil numb 0.18 0.16 113 026 [Mrastructural o g 1497.03 1051 1109
development
Social
(Intercept) 268 075  -3.57  0.00 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1 115 190 -0.60  0.55 1310.82 1535.93 1051 1109
Support
sex2 0.35 0.17 206  0.04 Social 1310.82 1535.93 1051 1109
Support
age 0.03 0.01 421 0.00 Ssomal 1310.82 1535.93 1051 1109
upport
educ2 2045 042 109 027 Social 1310.82 1535.93 1051 1109
Support
Social
educ3 20.25 054  -047  0.64 1310.82 1535.93 1051 1109
Support
Social
educd -0.04 038  -0.12 091 1310.82 1535.93 1051 1109
Support
Social
educh 167 069  -243  0.02 1310.82 1535.93 1051 1109
Support
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educt 0.15 0.39 039  0.70 Social 1310.82 1535.93 1051 1109
Support
Social

empl2 0.63 0.46 136 0.17 1310.82 1535.93 1051 1109
Support
Social

empl3 20.23 036  -0.63  0.53 1310.82 1535.93 1051 1109
Support

empld -0.09 040 022  0.83 Social 1310.82 1535.93 1051 1109
Support

empl5 -0.56 034 -163  0.10 Social 1310.82 1535.93 1051 1109
Support
Social

empl6 -0.64 050  -129  0.20 1310.82 1535.93 1051 1109
Support
Social

empl? 0.29 0.43 0.68  0.50 1310.82 1535.93 1051 1109
Support

empl8 0.85 0.57 149 0.14 Social 1310.82 1535.93 1051 1109
Support

empl9 -0.79 050  -1.59 0.1 Social 1310.82 1535.93 1051 1109
Support
Social

empl10 0.01 0.44 0.02  0.99 1310.82 1535.93 1051 1109
Support
Social

emplll 0.25 0.49 051  0.61 1310.82 1535.93 1051 1109
Support
Social

marr_stat2 -0.93 045  -2.08  0.04 1310.82 1535.93 1051 1109
Support
Social

marr_stat3 -0.43 036  -1.21 0.23 1310.82 1535.93 1051 1109
Support
Social

marr_statd 0.06 0.25 023  0.82 1310.82 1535.93 1051 1109
Support
Social

marr_stats 17.24 110164 -0.02 0.9 1310.82 1535.93 1051 1109
Support
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marr_stat6 -0.11 022  -051 061 Social 1310.82 1535.93 1051 1109

Support

. Social
average_income -0.00 0.00 -0.02 0.98 1310.82 1535.93 1051 1109

Support

L Social
location_size2 0.62 0.28 2.19 0.03 1310.82 1535.93 1051 1109

Support

. . . . Social . o e

location_size3 0.92 0.30 3.08 0.00 1310.82 1535.93 1051 1109

Support

. . Social
location_size4 0.69 0.29 2.38 0.02 1310.82 1535.93 1051 1109

Support

. . Social
location_sizeb 1.08 0.29 3.72 0.00 1310.82 1535.93 1051 1109

Support

- Social
famil_numb 0.18 0.07 2.43 0.02 1310.82 1535.93 1051 1109

Support

. Social
socialsup_d1:sex2 0.79 0.44 1.78 0.08 1310.82 1535.93 1051 1109

Support

. Social
socialsup_d1:age 0.01 0.02 0.27 0.79 1310.82 1535.93 1051 1109

Support

. Social
socialsup_d1:educ2 0.39 1.09 0.36 0.72 1310.82 1535.93 1051 1109

Support

. Social
socialsup_d1:educ3 -0.91 1.31 -0.69 0.49 1310.82 1535.93 1051 1109

Support

. Social
socialsup_dl:educ4 -0.44 0.98 -0.45 0.65 1310.82 1535.93 1051 1109

Support
socialsup_d1:educh 1449 87926 -0.02  0.99 Social 1310.82 1535.93 1051 1109

Support

. Social
socialsup_d1:educ6 -0.26 1.00 -0.25 0.80 1310.82 1535.93 1051 1109

Support

. Social
socialsup_d1:empl2 -0.75 1.18 -0.64 0.53 1310.82 1535.93 1051 1109

Support
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term estimate std.error statistic p.value model name Deviance NullDeviance  DF n
socialsup_d1:empl3 011 088  -0.12  0.90 Social 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1l:empl4 -0.30 0.98 -0.31 0.76 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1:empl5 -0.09 0.85 -0.10 0.92 1310.82 1535.93 1051 1109
Support
. . . Social . o e
socialsup_d1:empl6 -15.03 601.97 -0.02 0.98 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1:empl7 -0.39 1.03 -0.38 0.70 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1:empl8 -2.30 1.54 -1.49 0.14 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1:empl9 0.64 1.14 0.56 0.57 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1:empl10 -0.76 1.09 -0.69 0.49 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1l:empll1 -2.41 1.52 -1.59 0.11 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1l:marr_stat2 1.42 1.01 141 0.16 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1l:marr_stat3 0.05 0.87 0.06 0.95 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1:marr_stat4 -0.52 0.61 -0.85 0.40 1310.82 1535.93 1051 1109
Support
socialsup_d1:marr_stat5 045  2690.59 0.00  1.00 Soctal 1310.82 1535.93 1051 1109
Support
. Social
socialsup_d1l:marr_stat6 -0.80 0.59 -1.35 0.18 1310.82 1535.93 1051 1109
Support
. . Social
socialsup_dl:average_income 0.00 0.00 1.71 0.09 1310.82 1535.93 1051 1109
Support
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n
socialsup_d1:location_size2 -0.08 068  -0.12  0.90 Social 1310.82 1535.93 1051 1109
Support
. . . Social
socialsup_d1:location_size3 0.12 0.81 0.15 0.88 1310.82 1535.93 1051 1109
Support
socialsup_d1:location_sized 0.31 0.74 042 068 Social 1310.82 1535.93 1051 1109
Support
. . . ; Social . oF O
socialsup_d1:location_sizeb 0.08 0.73 0.11 0.91 1310.82 1535.93 1051 1109
Support
. . Social
socialsup_d1:famil numb 0.10 0.15 0.69 0.49 1310.82 1535.93 1051 1109
Support
(Intercept) -3.05 081 375 000  eomomic 1306.93 1543.54 1051 1109
Development
econdev_dl 0.17 1.95 009 093  Peonomic 1306.93 1543.54 1051 1109
Development
sex2 0.36 0.18 203 004  lconomic 1306.93 1543.54 1051 1109
Development
age 0.04 0.01 541 000 . eonomic 1306.93 1543.54 1051 1109
Development
educ2 0.07 0.44 015 08y  Peonomic 1306.93 1543.54 1051 1109
Development
educ3 0.07 0.57 012 0g9p  [Peonomic 1306.93 1543.54 1051 1109
Development
educd -0.07 042 017 087 ‘conomic 1306.93 1543.54 1051 1109
Development
educh 0.91 0.86 105 029 lconomic 1306.93 1543.54 1051 1109
Development
educé -0.46 044  -1.03 030  Peonomic 1306.93 1543.54 1051 1109
Development
empl2 1.25 0.52 241 002 eonomic 1306.93 1543.54 1051 1109
Development
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term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

empl3 0.82 0.42 196 005 comomic 1306.93 1543.54 1051 1109
Development

empld 0.52 0.45 117 0924 lcomomic 1306.93 1543.54 1051 1109
Development

empl5 0.33 0.40 083 041 leonomic 1306.93 1543.54 1051 1109
Development

empl6 -0.46 072 064 052 leonomic 1306.93 1543.54 1051 1109
Development

empl? 1.18 0.46 956 001 eonomic 1306.93 1543.54 1051 1109
Development

empl8 0.42 0.59 071 04y eonomic 1306.93 1543.54 1051 1109
Development

empl9 0.66 0.51 130 019 lcomomic 1306.93 1543.54 1051 1109
Development

empl10 1.16 0.55 912 003 leonomic 1306.93 1543.54 1051 1109
Development

empll1 0.31 0.60 052 061 . eonomic 1306.93 1543.54 1051 1109
Development

marr_stat2 -0.33 030  -085 (4o _leomomic 1306.93 1543.54 1051 1109
Development

marr_stat3 0.17 031  -056 05y eonomic 1306.93 1543.54 1051 1109
Development

marr_statd 0.39 0.26 149 014 comomic 1306.93 1543.54 1051 1109
Development

marr_stath 1512 76098 -0.02 098 _comomic 1306.93 1543.54 1051 1109
Development

marr_stat6 0.05 0.22 021 (83 eonomic 1306.93 1543.54 1051 1109
Development

average_income 0.00 0.00 078 044 _Peomomic 1306.93 1543.54 1051 1109
Development
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location _size2 -0.36 031  -115 0925  eonomic 1306.93 1543.54 1051 1109
Development

location_size3 -0.78 031 248 001  Peonomic 1306.93 1543.54 1051 1109
Development

location_sized -0.31 032 097 033  eonomic 1306.93 1543.54 1051 1109
Development

location _size5 042 033  -127 0921 lconomic 1306.93 1543.54 1051 1109
Development

famil_numb 0.21 0.07 311 00p leonomic 1306.93 1543.54 1051 1109
Development

econdev_d1:sex2 -0.01 045 001 099 eonomic 1306.93 1543.54 1051 1109
Development

econdev_dl:age -0.00 002 -003 097 eonomic 1306.93 1543.54 1051 1109
Development

econdev_d1:educ2 143 102 139 016 eomomic 1306.93 1543.54 1051 1109
Development

econdev_d1:educ3 -0.06 137 004 097 eomomic 1306.93 1543.54 1051 1109
Development

econdev_d1:educd -0.70 095 074 046 eonomic 1306.93 1543.54 1051 1109
Development

econdev_d1:educs 1682 67445 -002 098 _comomic 1306.93 1543.54 1051 1109
Development

econdev_d1:educt 078 103 -076 045 comomic 1306.93 1543.54 1051 1109
Development

econdev_d1:empl2 028 142 020  og4 comomic 1306.93 1543.54 1051 1109
Development

econdev_d1:empl3 -0.41 101 -040 06y Peonomic 1306.93 1543.54 1051 1109
Development

econdev_dl:empld -0.93 110 -084 4o lcomomic 1306.93 1543.54 1051 1109
Development

70



CEU eTD Collection

term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

econdev_d1:empl5 -0.84 100 -084 040  leonomic 1306.93 1543.54 1051 1109
Development

econdev_d1L:empl6 0.12 166 -007 094 lcomomic 1306.93 1543.54 1051 1109
Development

econdev_dl:empl7 -0.63 115 -055 059 lcomomic 1306.93 1543.54 1051 1109
Development

econdev_d1:empl8 -0.05 138 -003 097 eonomic 1306.93 1543.54 1051 1109
Development

econdev_d1:empl9 2054 120 -045 065 eonomic 1306.93 1543.54 1051 1109
Development

econdev_d1:empl10 144 118 122 09 lcomomic 1306.93 1543.54 1051 1109
Development

econdev_dl:empl11 -2.29 154 o149 04 lcomomic 1306.93 1543.54 1051 1109
Development

econdev_dl:marr stat2 026 091  -029 g7 conomic 1306.93 1543.54 1051 1109
Development

econdev_dl:marr_stat3 0.42 0.70 0.61 054  Lconomic 1306.93 1543.54 1051 1109
Development

econdev_dLimarr statd -0.69 065  -105 029 leonomic 1306.93 1543.54 1051 1109
Development

econdev_dl:marr stat5 001 128151 -0.00 100  eonomic 1306.93 1543.54 1051 1109
Development

econdev_dl:marr stat6 -0.38 057 066 051 conomic 1306.93 1543.54 1051 1109
Development

econdev_dl:average_income 0.00 0.00 075 045 _eonomic 1306.93 1543.54 1051 1109
Development

econdev_d1:location_size2 0.89 0.75 118 0924 lcomomic 1306.93 1543.54 1051 1109
Development

econdev_d1:location size3 1.70 0.76 995 02 leonomic 1306.93 1543.54 1051 1109
Development

71



CEU eTD Collection
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econdev_d1:location_sized 1.40 0.73 103 005 comomic 1306.93 1543.54 1051 1109
Development

ccondev_d1:location size3 1.84 0.75 946 001 Peonomic 1306.93 1543.54 1051 1109
Development

econdev_d1:famil numb -0.05 018 028 07§  eonomic 1306.93 1543.54 1051 1109
Development

(Intercept) -11.47 401 2.8 000  Personal 1254.73 1527.94 1052 1109
Connections

personcormect_d1 8.69 4.08 913 003  Lersonal 1254.73 1527.94 1052 1109
Connections

sex2 0.50 0.76 065 051 lemsomal o0 7g 1527.94 1052 1109
Connections

age 0.06 0.04 169 0.09 Cpersogal 1254.73 1527.94 1052 1109
onnections

educ? 0.23 2.39 010 092  Fersonal 1254.73 1527.94 1052 1109
Connections

educ3 1.25 2.93 043 oGy  Lersonal 1254.73 1527.94 1052 1109
Connections

educd 0.60 2.33 026 080 pemonal o0 o 1527.94 1052 1109
Connections

educh 1520 95446  -0.02 099  Lersonal 1254.73 1527.94 1052 1109
Connections

educt 1.44 2.39 060 055  Fewsonal 1254.73 1527.94 1052 1109
Connections

empl2 0.09 2.34 004 097  Fersonal 1254.73 1527.94 1052 1109
Connections

empl3 -0.59 155 038 o70 lemsomal io0zg 1527.94 1052 1109
Connections

empld 267 181 147 014 Persomal 1254.73 1527.94 1052 1109
Connections
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term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

empl5 -2.80 167 168 00y  Cewonal 1254.73 1527.94 1052 1109
Connections

empl6 -5.63 378 o149 014 pewsomal on gg 1527.94 1052 1109
Connections

empl7 -0.20 194 010 092 [Fersomal 1254.73 1527.94 1052 1109
Connections

empl8 4827 79273 002  ogg  Lewonal 1254.73 1527.94 1052 1109
Connections

empl9 114 200  -057 057  Fersonal 1254.73 1527.94 1052 1109
Connections

empl10 -0.88 197 -045 o066 Lersomal o on, g 1527.94 1052 1109
Connections

empll1 771 391 -197 005  Cersomal 1254.73 1527.94 1052 1109
Connections

marr_stat2 0.75 175 043 o067  Lersonal 1254.73 1527.94 1052 1109
Connections

marr_stat3 1.83 1.31 140 o016 Fersonmal 1254.73 1527.94 1052 1109
Connections

marr_statd 2.93 1.27 932 002 bemsomal o0 7g 1527.94 1052 1109
Connections

marr_stath 4577 65230 -002 098 L ewsonal 1254.73 1527.94 1052 1109
Connections

marr_stat6 2.66 1.20 991 003  Fersonal 1254.73 1527.94 1052 1109
Connections

average_income 0.00 0.00 280 001 . ersonal 1254.73 1527.94 1052 1109
Connections

location _size2 1.77 1.23 144 015 remsomal o0 7 1527.94 1052 1109
Connections

location_size3 0.71 1.22 058 056 ) ersonal 1254.73 1527.94 1052 1109
Connections
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location_sized 2.29 1.15 199 005  Lersonal 1254.73 1527.94 1052 1109
Connections

location_size5 2.28 1.31 174 oos Pemsomal o0 7 1527.94 1052 1109
Connections

famil_numb 1.58 0.48 330  00p ersonal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:sex2 0.05 0.78 006 095  Lersonal 1254.73 1527.94 1052 1109
Connections

personconnect_dl:age -0.03 004  -0.77 044  Personal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:educ2 -0.87 043 036 o072 Lewonal o0 o 1527.94 1052 1109
Connections

personconnect_d1:educ3 -1.85 209 -062 054 Dersomal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:educd -1.06 237 045 065  Lersomal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:educh 1478 954.46 002 099  Fersonal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:educt -2.00 243 082 041 Fewomal on g 1527.94 1052 1109
Connections

personconnect_d1:empl2 0.40 2.39 017 os7 Fersonal 1254.73 1527.94 1052 1109
Connections

personconmect_d1:empl3 0.93 1.60 058 056  Lersonal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:empl4 2.91 1.86 157 012  [Fersonal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:empl5 2.90 1.71 170 00y | remsomal o0 7 1527.94 1052 1109
Connections

personconnect_d1:empl6 4.40 3.86 114 0925 [FPersonal 1254.73 1527.94 1052 1109
Connections
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personconnect_d1:empl7 0.98 1.99 049 o062 Lersonal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:empl8 19.09  792.73 002 09s pemsomal on g 1527.94 1052 1109
Connections

personconnect_d1:empl9 1.50 2.07 072 o4y Fersonal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:empl10 1.28 2.03 063 o053  Lersonal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:empll1 7.17 3.98 180 007  ersonal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:marr_stat2 -1.33 179 074 046 pewonal o0 g 1527.94 1052 1109
Connections

personconnect_d1:marr_stat3 -2.19 13 163 o010 emoml 1254.73 1527.94 1052 1109
Connections

personconnect_d1:marr stat4 -3.12 120 241 ooz | Personal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:marr_statb Persogal 1254.73 1527.94 1052 1109
Connections

personconnect_d1l:marr_stat6 -3.09 1.22 -2.52 0.01 Person.alr 1254.73 1527.94 1052 1109
Connections
. Personal

personconnect_dl:average_income -0.00 0.00 -2.47 0.01 . 1254.73 1527.94 1052 1109
Connections

personconnect_d1:location_size2 -1.26 127 w099 o032 Fersonal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:location size3 -0.14 126 om ogr | emonal 1254.73 1527.94 1052 1109
Connections

personconnect_d1:location_sized -1.58 119 132 oy Pemonmal o0 o 1527.94 1052 1109
Connections

personconnect_d1:location_size5 -1.59 135 -118 024 Fersomal 1254.73 1527.94 1052 1109
Connections
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personconnect_d1:famil_numb 144 048  -298  0.00 cfﬁil(iiﬂh 1254.73 1527.94 1052 1109
(Intercept) -1.10 142 078 044 h;%z;ii‘fl 1257.59 1563.22 1051 1109
indivwealth_d1 -3.13 168 -1.86  0.06 In\‘ivigaiﬁl}‘fl 1257.59 1563.22 1051 1109
sex2 0.96 0.29 332 0.00 In\ilcviﬁ;‘fl 1257.59 1563.22 1051 1109
age 0.06 0.01 442 0.00 In&,‘e";ﬁdl 1257.59 1563.22 1051 1109
educ2 -3.41 089  -381  0.00 hl&,‘;’;ii‘“ 1257.59 1563.22 1051 1109
educ3 2.24 108 208 004 In\%‘g;ﬁl}‘l‘“ 1257.59 1563.22 1051 1109
educd -3.57 085 417  0.00 In\(}ilcv;ifl 1257.59 1563.22 1051 1109
educh 1913 72491 -0.03 0.8 In&‘:{iﬁial 1257.59 1563.22 1051 1109
educ6 -3.55 089  -4.01  0.00 hl&};’;ﬂial 1257.59 1563.22 1051 1109
empl2 0.96 0.79 120 0.23 In\%‘gﬁfl 1257.59 1563.22 1051 1109
empl3 1.31 0.63 206  0.04 I“\ifcviil}‘fl 1257.59 1563.22 1051 1109
empld 118 0.72 164 0.10 In\j\i}:;iial 1257.59 1563.22 1051 1109
empl5 0.33 0.66 050  0.62 I”&,‘;’;ﬂ‘fl 1257.59 1563.22 1051 1109
empl6 13.89  606.08  -0.02 0.8 I“\%Z;iial 1257.59 1563.22 1051 1109
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Individual

empl? 0.57 0.71 081 042 Woalih 1257.59 1563.22 1051 1109

empl8 2.00 0.89 995 gz Individual 1257.59 1563.22 1051 1109
Wealth

empl9 0.88 0.89 099  03p Individual 1257.59 1563.22 1051 1109
Wealth

empl10 025 087 029 o077 |ndividual 1257.59 1563.22 1051 1109
Wealth
Individual

emplll -1.29 165  -0.79 043 Woalih 1257.59 1563.22 1051 1109

marr_stat2 0.17 0.72 024 g |ndividual 1257.59 1563.22 1051 1109
Wealth

marr stat3 -0.58 045  -127 020  ndividual 1257.59 1563.22 1051 1109
Wealth

marr stat4 1.24 051 245 001  ndividual 1257.59 1563.22 1051 1109
Wealth

marr_stat5 1580 172357  -001 099  ndividual 1257.59 1563.22 1051 1109
Wealth

marr_stat6 -0.60 042 143 015  ndividual 1257.59 1563.22 1051 1109
Wealth

average_income 0.00 0.00 156 012  [ndividual 1257.59 1563.22 1051 1109
Wealth

location _size2 -0.50 052 097 033 ndividual 1257.59 1563.22 1051 1109
Wealth

location_size3 20.41 055 075 045  ndividual 1257.59 1563.22 1051 1109
Wealth

location_sized -0.98 053  -186 006 ndividual 1257.59 1563.22 1051 1109
Wealth

location_size5 0.02 0.52 003 097 |Individual 1257.59 1563.22 1051 1109
Wealth
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term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

famil_numb 0.16 0.12 131 019 ndividual 1257.59 1563.22 1051 1109
Wealth

indivwealth_d1:sex2 -0.67 035 101 00 ndividual 1257.59 1563.22 1051 1109
Wealth

indivwealth_d1:age -0.03 002 -162 011  [ndividual 1257.59 1563.22 1051 1109
Wealth

indivwealth_d1:educ2 3.80 1.04 365  0.00 In&fgﬁ;‘fl 1257.59 1563.22 1051 1109

indivwealth_d1:educ3 2.90 1.28 997 002 |ndividual 1257.59 1563.22 1051 1109
Wealth

indivwealth_d1:educd 4.27 099 420 o000 nviduals b 1563.22 1051 1109
Wealth

indivwealth_d1:educs 1949 72491 003 098 In\%‘g;ﬁl}‘l‘“ 1257.59 1563.22 1051 1109

indivwealth_d1:educ6 413 1.03 400 0.0 In\(}ifcv;ifl 1257.59 1563.22 1051 1109

indivwealth_d1:empl2 0.35 095  -037 oq  ndividual 1257.59 1563.22 1051 1109
Wealth

indivwealth_d1:empl3 -0.94 076  -124 929  ndividual 1257.59 1563.22 1051 1109
Wealth

indivwealth_d1:empl4 -1.00 086  -1.17  0.24 In\%fg;ﬁial 1257.59 1563.22 1051 1109

indivwealth_d1:empl5 -0.44 078  -0.56 057 I“\ifcvgil}‘fl 1257.59 1563.22 1051 1109

indivwealth_d1:empl6 1325  606.08 0.02 098 In&,‘:;ﬁ;‘lal 1257.59 1563.22 1051 1109

indivwealth_d1:empl7 0.35 0.86 041  06g ndividual 1257.59 1563.22 1051 1109
Wealth

indivwealth_d1:empl8 154 108 142 0.15 hl\%fg;iial 1257.59 1563.22 1051 1109
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n
indivwealth_d1:empl9 0.67 104 065 052 ndividual 1257.59 1563.22 1051 1109
Wealth
indivwealth_d1:empl10 1.04 1.02 102 o3 (ndividual 1257.59 1563.22 1051 1109
Wealth
indivwealth_d1:empl11 0.99 1.81 055  0.58 In\‘ifgalﬁl}‘fl 1257.59 1563.22 1051 1109
indivwealth_d1:marr_stat2 -0.79 084  -0.94 035 In&fgﬁ;‘fl 1257.59 1563.22 1051 1109
indivwealth_d1:marr_stat3 0.41 0.57 072 047 In&,‘e";ﬁdl 1257.59 1563.22 1051 1109
indivwealth_d1:marr_statd 1.67 0.59 282 0.00 hl&,‘;’;ii‘“ 1257.59 1563.22 1051 1109
indivwealth_d1:marr_stat5 2031 244538 -0.00  1.00 In\%‘g;ﬁl}‘l‘“ 1257.59 1563.22 1051 1109
indivwealth_d1:marr_stat6 0.33 0.48 0.68  0.50 In\(}ifcv;ifl 1257.59 1563.22 1051 1109
indivwealth_d1:average_income -0.00 0.00  -0.26  0.79 In&‘:;ﬁ;‘lal 1257.59 1563.22 1051 1109
indivwealth_d1:location_size2 1.37 0.64 216 0.03 hl&,‘;’;ﬂial 1257.59 1563.22 1051 1109
indivwealth_d1:location _size3 113 0.66 169 0.09 In\%fg;ﬁl}‘fl 1257.59 1563.22 1051 1109
indivwealth_d1:location size4 2.08 0.65 322 0.00 I“\ifcvgil}‘fl 1257.59 1563.22 1051 1109
indivwealth_d1:location_size5 0.90 0.64 140 0.16 In&,‘:;ﬁ;‘lal 1257.59 1563.22 1051 1109
indivwealth_d1:famil_numb -0.01 015  -0.04 097 I”&,‘;’;ﬂ‘}lfl 1257.59 1563.22 1051 1109
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Table 3: GLM model: UR core vs swing voters

term estimate std.error statistic p.value model name Deviance NullDeviance DF n

(Intercept) -1.24 152 278 o1 (nfrastructural g g 640.55 450 504
development

infrastr_d1 3.59 2.77 129 0o Mfrastructural o g 640.55 450 504
development

sex2 0.22 0.30 072 g4y Dfrastructural oo a0 640.55 450 504
development

age -0.00 001  -024 g1 rastructural o g 640.55 450 504
development

educ2 1.26 0.76 166 010 [nfrastructural oo g 640.55 450 504
development

educ3 178 1.03 173 009 [Mfrastructural o g 640.55 450 504
development

educd 0.75 0.71 106 029 Mfrastructural oo g 640.55 450 504
development

educs 1.29 136 095 (g4 mfrastructural oo 640.55 450 504
development

educ6 1.23 0.74 166 0.p [Mrastructural oo g 640.55 450 504
development

empl2 0.70 1.08 0.65 052 Mmfrastructural o g0 640.55 450 504
development

empl3 1.54 0.90 171 gy [frastructural o o 640.55 450 504
development

empld 2.06 095 216 003 [rastructural oo g 640.55 450 504
development

empl5 1.73 0.92 189 00p [Mrastructural s g 640.55 450 504
development

empl6 1540 253087 -0.01 100 |Mrastructural oo g0 640.55 450 504
development
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empl7 2.8 095 241 gz ‘rastructural oo g 640.55 450 504
development

empl8 1.82 104 174 (g Mmfrastructural o g0 640.55 450 504
development

empl9 1.09 1.01 108 098 Mfrastructural o g 640.55 450 504
development

empl10 0.69 1.16 060 055 [nfrastructural o o0 640.55 450 504
development

empll1 0.67 2.33 029 g7 Drastructural oo g 640.55 450 504
development

marr_stat2 -0.80 092 087 039 [Mrastructural oo g 640.55 450 504
development

marr_stat3 0.04 0.37 0.1 (g1 Mmfrastructural o g0 640.55 450 504
development

marr_statd -0.69 042 165 010 [rastructural oo o0 640.55 450 504
development

marr_stat6 0.35 045 078 (44 frastructural oo g0 640.55 450 504
development

average_income 0.00 0.00 155 0.2 [nfrastructural s g 640.55 450 504
development

location_size2 1.14 0.52 991 (03 Mmfrastructural o g0 640.55 450 504
development

location_size3 0.99 0.55 180 o7 [Mfrastructural oo o 640.55 450 504
development

location_size 0.78 055 143  1p [rastructural oo g 640.55 450 504
development

location_size5 1.22 0.53 931 g [rastructural oo g, 640.55 450 504
development

famil_numb 0.00 0.13 004 (g7 Mmfrastructural o g0 640.55 450 504
development
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infrastr_d1:sex2 0.37 0.73 051 061 rastructural oo g 640.55 450 504
development

infrastr_d1:age -0.03 003 110 o7 [Mastructural o g0 640.55 450 504
development

infrastr_dl:educ2 0.14 151 009 o3 Mfrastructural oo g 640.55 450 504
development

infrastr_dl:educ3 4768 165100 -0.01  0gy mfrastructural oo o0 640.55 450 504
development

infrastr_d1:educd 0.13 1.41 010  0gp rastructural oo g0 640.55 450 504
development

infrastr_d1:educh Infrastructural = oo o 640.55 450 504
development

infrastr_dl:educ6 0.60 1.62 037 o1 Mfrastructural o g0 640.55 450 504
development

infrastr_d1:empl2 19927 122039 002 099 mrastructural oo o 640.55 450 504
development

infrastr_d1:empl3 -3.35 143 235 002 frastructural o oo 640.55 450 504
development

infrastr_dl:empld -3.81 150 240 002 mirastructural g 640.55 450 504
development

infrastr_dl:empl5 2,08 147 142 g irastructural oo g 640.55 450 504
development

infrastr_d1:empl6 Infrastructural = o000 640.55 450 504
development

infrastr_d1:empl? -3.33 162 206 004 Mirastructural o g 640.55 450 504
development

infrastr_d1:empl8 1.23 L7401 ag mfrastructural o g 640.55 450 504
development

infrastr_d1:empl9 -3.62 189 -191 o Mirastructural o g 640.55 450 504
development
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infrastr_d1:empl10 1843 171243 -001 09y |nfrastructural oo o 640.55 450 504
development

infrastr_d1:empl11 1956 4072.82  -0.00 100 |nrastructural oo g0 640.55 450 504
development

infrastr_d1:marr_stat2 -0.22 168 013 oo nirastructural o g 640.55 450 504
development

infrastr_d1:marr_stat3 -0.08 080 009 093 Mmirastructural oo o 640.55 450 504
development

infrastr_d1:marr_statd 0.37 004 039 oo [nrastructural g 640.55 450 504
development

infrastr_d1:marr_stat6 -1.40 105 133 019 Mmfrastructural oo o0 640.55 450 504
development

infrastr_dl:average_income 0.00 0.00 098  (7g Mfrastructural o g0 640.55 450 504
development

infrastr_d1:location_size2 071 114 062 054 Mfrastructural o g0 640.55 450 504
development

infrastr_d1:location_size3 1.25 1.23 102 g1 nfrastructural oo o 640.55 450 504
development

infrastr_d1:location_sized 0.99 1.17 084 (4o Dirastructural o g0 640.55 450 504
development

infrastr_d1:location_size5 012 115 010 09 mfrastructural oo o0 640.55 450 504
development

infrastr_d1:famil numb -0.06 026 023  0sp Mfrastructural oo o 640.55 450 504
development

Social

(Intercept) 243 126 -1.92 0.6 540.10 645.86 450 504

Support
. Social

socialsup_d1 815 105777 -0.01 0.9 540.10 645.86 450 504
Support

sex2 0.02 0.29 008 094 Social 540.10 645.86 450 504
Support
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age 0.00 0.01 0.02 098 Social 540.10 645.86 450 504
Support

educ2 0.60 0.70 087 039 Social 540.10 645.86 450 504
Support

educ3 0.93 0.86 108 028 Social 540.10 645.86 450 504
Support

educd 0.17 0.62 027 079 Social 540.10 645.86 450 504
Support

educh 0.67 1.30 052  0.61 Social 540.10 645.86 450 504
Support

educ6 1.19 0.65 182  0.07 Social 540.10 645.86 450 504
Support

empl2 -1.56 074 210  0.04 Social 540.10 645.86 450 504
Support

empl3 0.01 0.57 002 098 Social 540.10 645.86 450 504
Support

empld 0.14 0.64 021 083 Social 540.10 645.86 450 504
Support

empl5 0.31 0.55 057 057 Social 540.10 645.86 450 504
Support
Social

empl6 216.09 109642 -0.01 0.9 540.10 645.86 450 504
Support

empl? 0.45 0.65 0.69 049 Social 540.10 645.86 450 504
Support

empl8 1.41 0.79 1.80  0.07 Social 540.10 645.86 450 504
Support

empl9 -1.01 086  -1.17  0.24 Social 540.10 645.86 450 504
Support

empl10 0.82 073 -112 026 Ssomal 540.10 645.86 450 504
upport
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empl11 -3.45 142 244 0.02 Social 540.10 645.86 450 504
Support
Social
marr_stat2 -0.61 0.90 -0.67 0.50 540.10 645.86 450 504
Support
Social
marr_stat3 -0.54 0.48 -1.12 0.26 540.10 645.86 450 504
Support
Social
marr_stat4 -0.48 0.38 -1.25 0.21 540.10 645.86 450 504
Support
Social
marr_stat6 -0.89 0.42 -2.11 0.04 540.10 645.86 450 504
Support
. Social
average_income 0.00 0.00 1.50 0.13 540.10 645.86 450 504
Support
. . Social
location_size2 1.00 0.50 2.01 0.05 540.10 645.86 450 504
Support
. . Social
location_size3 1.68 0.51 3.30 0.00 540.10 645.86 450 504
Support
. . Social
location_sized 1.45 0.52 2.82 0.01 540.10 645.86 450 504
Support
. . Social
location_sizeb 1.27 0.51 2.50 0.01 540.10 645.86 450 504
Support
_— Social
famil_numb 0.06 0.12 0.54 0.59 540.10 645.86 450 504
Support
. Social
socialsup_d1:sex2 0.26 0.97 0.27 0.79 540.10 645.86 450 504
Support
. Social
socialsup_d1:age -0.03 0.05 -0.55 0.58 540.10 645.86 450 504
Support
. Social
socialsup_d1:educ2 -3.05 2.42 -1.26 0.21 540.10 645.86 450 504
Support
. Social
socialsup_d1:educ3 -2.70 2.77 -0.98 0.33 540.10 645.86 450 504
Support
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socialsup_d1:educd -4.03 234 172 0.09 Social 540.10 645.86 450 504
Support
socialsup_d1:educh Social 540.10 645.86 450 504
Support
. Social
socialsup_d1:educ6 -3.31 2.17 -1.52 0.13 540.10 645.86 450 504
Support
. Social
socialsup_dl:empl2 1.31  1659.49 0.00 1.00 540.10 645.86 450 504
Support
. Social
socialsup_d1:empl3 15.61  1057.77 0.01 0.99 540.10 645.86 450 504
Support
. Social
socialsup_d1l:empl4 16.07  1057.77 0.02 0.99 540.10 645.86 450 504
Support
. Social
socialsup_d1:empl5 14.78  1057.77 0.01 0.99 540.10 645.86 450 504
Support
socialsup_d1:empl6 Social 540.10 645.86 450 504
Support
. Social
socialsup_d1:empl7 15.96  1057.77 0.02 0.99 540.10 645.86 450 504
Support
. Social
socialsup_d1:empl8 -4.19  2786.36 -0.00 1.00 540.10 645.86 450 504
Support
. Social
socialsup_d1:empl9 13.99  1057.77 0.01 0.99 540.10 645.86 450 504
Support
. Social
socialsup_d1:empl10 16.84  1057.77 0.02 0.99 540.10 645.86 450 504
Support
. Social
socialsup_d1l:empll1 5.65  2786.36 0.00 1.00 540.10 645.86 450 504
Support
socialsup_d1l:marr_stat2 -15.13  1423.49 -0.01 0.99 Soctal 540.10 645.86 450 504
Support
. Social
socialsup_d1l:marr_stat3 2.00 1.74 1.15 0.25 540.10 645.86 450 504
Support
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socialsup_d1:marr_stat4 1.79 1.37 131 0.19 Social 540.10 645.86 450 504
Support
. Social
socialsup_d1l:marr_stat6 -0.72 1.55 -0.47 0.64 540.10 645.86 450 504
Support
. . Social
socialsup_dl:average_income -0.00 0.00 -0.93 0.35 540.10 645.86 450 504
Support
socialsup_d1:location_size2 -1.04 147 071 048 Social 540.10 645.86 450 504
Support
. . . Social
socialsup_d1:location_size3 -1.33 1.83 -0.72 0.47 540.10 645.86 450 504
Support
. . . Social
socialsup_d1:location_size4 -4.30 2.09 -2.06 0.04 540.10 645.86 450 504
Support
. . . Social
socialsup_d1:location_sizeb -1.66 1.58 -1.05 0.29 540.10 645.86 450 504
Support
. . Social
socialsup_d1:famil_numb -0.32 0.39 -0.84 0.40 540.10 645.86 450 504
Support
(Intercept) -3.27 134 243 002  Deomomic 567.29 662.61 449 504
Development
econdev_d1 -1.31 332 040  0.69  eomomic 567.29 662.61 449 504
Development
sex2 -0.34 029  -120 g3  eomomic 567.29 662.61 449 504
Development
age 0.03 0.01 241 002 | Feomomic 567.29 662.61 449 504
Development
educ2 -0.02 064  -0.04 097  conomic 567.29 662.61 449 504
Development
educ3 -0.37 078 -047 (.64  eomomic 567.29 662.61 449 504
Development
educd -0.11 061  -017 0.8  eomomic 567.29 662.61 449 504
Development,
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educh 0.23 1.21 019 085 eonomic 567.29 662.61 449 504
Development

educt 112 0.66 170 0.0y comomic 567.29 662.61 449 504
Development

empl2 2.25 108 =200 004 lcomomic 567.29 662.61 449 504
Development

empl3 20.25 071 035 o072 leonomic 567.29 662.61 449 504
Development

empld 0.54 0.76 072 047 Feonomic 567.29 662.61 449 504
Development

empl5 0.26 0.72 037  oq1 eonomic 567.29 662.61 449 504
Development

empl6 434 82390 -0.02 09y conomic 567.29 662.61 449 504
Development,

empl? -0.27 076 -0.36 o072 leonomic 567.29 662.61 449 504
Development

empl8 0.92 098 094 035 lconomic 567.29 662.61 449 504
Development

empl9 -0.83 091  -091 03¢ eonomic 567.29 662.61 449 504
Development

empl10 -1.05 099  -1.06 029 leonomic 567.29 662.61 449 504
Development,

emplll 0.10 0.99 011 092 lconomic 567.29 662.61 449 504
Development

marr_stat2 -0.48 076  -0.63 053 lconomic 567.29 662.61 449 504
Development

marr_stat3 0.05 0.39 012 0gp eonomic 567.29 662.61 449 504
Development

marr_statd 027 037  -073 047 _leonomic 567.29 662.61 449 504
Development,
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marr_stat6 -0.54 040  -1.35  01s conomic 567.29 662.61 449 504
Development

average_income 0.00 0.00 099  0s3p eonomic 567.29 662.61 449 504
Development

location _size2 1.21 0.51 939 (02 eonomic 567.29 662.61 449 504
Development

location_size3 1.37 0.53 950 001 leonomic 567.29 662.61 449 504
Development

location_sized 1.22 0.51 939 002 Peonomic 567.29 662.61 449 504
Development

location_size5 1.16 0.53 919 003 eonomic 567.29 662.61 449 504
Development

famil numb 0.17 0.11 149 014 comomic 567.29 662.61 449 504
Development

econdev_d1:sex2 1.79 0.88 903 004 leonomic 567.29 662.61 449 504
Development

econdev_dl:age 0.03 003  -0.96 034 lconomic 567.29 662.61 449 504
Development

econdev_d1:educ2 1.67 1.48 113 096 comomic 567.29 662.61 449 504
Development

econdev_d1:educ3 2.39 2.23 107 099 conomic 567.29 662.61 449 504
Development

econdev_d1:educd 1.38 1.33 104 030  ‘conomic 567.29 662.61 449 504
Development

econdev_d1:educh Economic 567.29 662.61 449 504
Development

econdev_d1:educ6 -0.67 154 043 066 eonomic 567.29 662.61 449 504
Development

econdev_d1:empl2 1.56 2.77 056 0.5 Economic 567.29 662.61 449 504
Development,
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econdev_d1:empl3 20.29 187 016  oss leonomic 567.29 662.61 449 504
Development

econdev_d1l:empld -3.45 230 -145 (15 _leonomic 567.29 662.61 449 504
Development

econdev_d1:empl5 0.54 1.93 028 078 leonomic 567.29 662.61 449 504
Development

econdev_d1:empl6 153 170068 000 100  eonomic 567.29 662.61 449 504
Development

econdev_d1:empl7 0.05 2.14 002 093 Peonomic 567.29 662.61 449 504
Development

econdev_dl:empl8 177 251 071 04g eonomic 567.29 662.61 449 504
Development

econdev_d1L:empl9 -0.38 9292 .07 o7 eonomic 567.29 662.61 449 504
Development

econdev_d1:empl10 2.23 2.20 101 031  ‘conomic 567.29 662.61 449 504
Development

econdev_d1:empl11 2993 149806  -0.01 099 . lconomic 567.29 662.61 449 504
Development

econdev_dl:marr_stat2 4513 75724 002 098 conomic 567.29 662.61 449 504
Development

econdev_dl:marr stat3 0.60 0.89 068 050 eonomic 567.29 662.61 449 504
Development

econdev_dl:marr_statd 0.96 1.06 091 036 eonomic 567.29 662.61 449 504
Development

econdev_dl:marr_stat6 0.03 L1 -002 09y . eonomic 567.29 662.61 449 504
Development

econdev_d1:average_income 0.00 0.00 183 007 comomic 567.29 662.61 449 504
Development

econdev_d1:location _size2 091 130 071 (4g _conomic 567.29 662.61 449 504
Development,
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econdev_d1:location_size3 -0.77 135 057 057 | leonomic 567.29 662.61 449 504
Development
econdev_d1:location_size4 0.46 1.37 034 074 Peonomic 567.29 662.61 449 504
Development
econdev_d1:location_size5 0.06 1.24 005 096 eonomic 567.29 662.61 449 504
Development
econdev_d1:famil numb 013 020 043 067 leonomic 567.29 662.61 449 504
Development
(Intercept) -1.60 038 421 000  Cewsonal 662.18 674.79 502 504
Connections
personconnect_d1 1.25 0.39 318 000  ersonal 662.18 674.79 502 504
Connections
Individual 8 8
(Intercept) 6.89 254 271 0.01 Wealth 586.08 671.04 450 504
indivwealth_d1 4.94 2.91 170 o0y mdividual 586.08 671.04 450 504
Wealth
sex2 1.49 0.57 061 001 ndividual 586.08 671.04 450 504
Wealth
Individual .
age 0.00 0.02 002 098 Woaltl 586.08 671.04 450 504
educ? 0.10 0.98 010 092 [ndividual 586.08 671.04 450 504
Wealth
educ3 -0.16 129 013 o9 ndividual 586.08 671.04 450 504
Wealth
educd -0.66 080 074 046 ndividual 586.08 671.04 450 504
Wealth
educh 051 107 048 og3 ndividual 586.08 671.04 450 504
Wealth
educt 0.48 0.99 049 03 ndividual 586.08 671.04 450 504
Wealth
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empl2 1524 85148 -002 099  \ndividual 586.08 671.04 450 504
Wealth
Individual
= =4 = = =
empl3 1.35 1.42 095 034 Woall 586.08 671.04 450 504
empld 0.65 1.61 041 0y Individual 586.08 671.04 450 504
Wealth
Individual .
empl5 2.61 1.53 171 0.09 Woalih 586.08 671.04 450 504
empl6 1521 116200  -001 099  ndividual 586.08 671.04 450 504
Wealth
Individual g g .
empl? 2.8 1.71 134 018 Woaltl 586.08 671.04 450 504
empl8 2.86 1.78 160 011  Individual 586.08 671.04 450 504
Wealth
Individual
empl9 0.64 1.72 037 071 Woalih 586.08 671.04 450 504
Individual
empl10 -1.63 331 -049 062 Woalth 586.08 671.04 450 504
emplll 1987 311464  -001 099  ndividual 586.08 671.04 450 504
Wealth
marr_stat2 -1.44 165 087 o3z ndividual 586.08 671.04 450 504
Wealth
marr stat3 0.12 0.62 019  0g5 ndividual 586.08 671.04 450 504
Wealth
marr_statd -0.03 086 004 g7 Individual 586.08 671.04 450 504
Wealth
marr_stat6 -0.66 090 073 04  ndividual 586.08 671.04 450 504
Wealth
average_income 0.00 0.00 976 001 |ndividual 586.08 671.04 450 504
Wealth
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location_size2 1.36 1.00 136 017  ndividual 586.08 671.04 450 504
Wealth

location_size3 1.42 1.03 138 017  (ndividual 586.08 671.04 450 504
Wealth

location_size4 1.43 1.02 140 016  ndividual 586.08 671.04 450 504
Wealth

location _size5 1.67 0.98 169 00y ndividual 586.08 671.04 450 504
Wealth

famil_numb 0.28 0.22 196 021  Individual 586.08 671.04 450 504
Wealth

indivwealth_d1:sex2 173 064 270 001  ndividual 586.08 671.04 450 504
Wealth

indivwealth_d1:age 0.02 0.03 062 054 ndividual 586.08 671.04 450 504
Wealth

indivwealth_d1:educ2 -0.57 195 046 05 ndividual 586.08 671.04 450 504
Wealth

indivwealth_d1:educ3 0.82 1.64 050 02 ndividual 586.08 671.04 450 504
Wealth

indivwealth_d1:educd 0.37 1.15 032  0.75 In\‘;}e";ﬁal 586.08 671.04 450 504

indivwealth_d1:educh Individual 586.08 671.04 450 504
Wealth

indivwealth_d1:educ6 015 195 012 091 ndividual 586.08 671.04 450 504
Wealth

indivwealth_d1:empl2 14.54  851.48 0.02 099 Iﬂ%f:;ﬁ‘}‘lal 586.08 671.04 450 504

indivwealth_d1:empl3 -1.19 157  -0.76 045 In\(;,‘e";i‘flal 586.08 671.04 450 504

indivwealth_d1:empld 0.15 178 009 093  ndividual 586.08 671.04 450 504
Wealth
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indivwealth_d1:empl5 2.11 168 126 091  ndividual 586.08 671.04 450 504
Wealth

e . Individual g . .

indivwealth_d1:empl6 Wealth 586.08 671.04 450 504

indivwealth_d1:empl7 2,10 185  -114 0926  [ndividual 586.08 671.04 450 504
Wealth

indivwealth_d1:empl8 2.5 200 113 026 ndividual 586.08 671.04 450 504
Wealth

indivwealth_d1:empl9 -0.01 193 000 1o |\ndividual 586.08 671.04 450 504
Wealth

indivwealth_d1:empl10 2.04 3.42 0.60 055 In\j\i,‘e";ﬁal 586.08 671.04 450 504

indivwealth_d1:empl11 19.35  3114.64 001 1.00 In\‘i,‘g;i‘ffl 586.08 671.04 450 504

indivwealth_d1:marr stat2 0.39 1.87 021 g4 Individual 586.08 671.04 450 504
Wealth

indivwealth_d1:marr_stat3 027 074 037 071 In\%,‘e";i‘}‘lal 586.08 671.04 450 504

indivwealth_dl:marr_statd -0.47 095  -0.50  0.62 In\‘;}e";ﬁal 586.08 671.04 450 504

indivwealth_d1:marr_stat6 013 099 013  0go ndividual 586.08 671.04 450 504
Wealth

indivwealth_d1:average_income -0.00 000 254 001 ndividual 586.08 671.04 450 504
Wealth

indivwealth_d1:location_size2 -0.52 118 -044  0.66 Iﬂ%f:;ﬁ‘}‘lal 586.08 671.04 450 504

indivwealth_d1:location_size3 -0.41 121 -034 074 In\(;,‘e";i‘flal 586.08 671.04 450 504

indivwealth_d1:location size4 013 120 -011 091 In\j\l,‘;iil}‘lal 586.08 671.04 450 504
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indivwealth_d1:location_size5 -0.79 117 -0.67 050 In\‘i‘e";i‘ffl 586.08 671.04 450 504
indivwealth_d1:famil numb -0.26 025  -1.02 031 In\j\i,‘(:’;iial 586.08 671.04 450 504
Table 4: GLM model: UR core vs non-voters
term estimate std.error statistic p.value model name Deviance NullDeviance  DF n
(Intercept) 6.91 130 532 0gp Mmirastructural ogen ), 1037.60 1258 1316
development
infrastr_d1 2.17 241 090 037 (Dfrastructural e, 1037.60 1258 1316
development
sex2 0.72 0.23 317 0gp Mmrastructural g, 1037.60 1258 1316
development
age 0.03 0.01 331 oo [rastructural g, 1037.60 1258 1316
development
educ? 0.60 0.68 088 03y [frastructural g, 1037.60 1258 1316
development
educ3 0.24 0.77 031 oqe [rastructural g, 1037.60 1258 1316
development
educd 0.65 063 103 g0 [Mastructural g, 1037.60 1258 1316
development
educh 0.12 105 011 091 Mmrastructural g, 1037.60 1258 1316
development
educt 0.83 066 125 021 Miastuctural g, 1037.60 1258 1316
development
empl2 0.31 092 033 g4 Dfrastructural g, 1037.60 1258 1316
development
empl3 1.24 080 155 1 [Mrastructwral g, 1037.60 1258 1316
development
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empl4 1.01 081 124 (g Dfrastructural g, 1037.60 1258 1316
development

empl5 0.86 0.81 106 09y |nrastructural g 1037.60 1258 1316
development

empl6 448 1197.68  -001 099 [rastructural g 1037.60 1258 1316
development

empl? 1.52 0.82 185 006 Mrastructural g 1037.60 1258 1316
development

empl8 1.68 0.90 187 00p |Mrastructural g 1037.60 1258 1316
development

empl9 1.53 0.90 170 00y |nrastructural g 1037.60 1258 1316
development

empl10 0.79 1.03 077 044 Mfrastructural g, 1037.60 1258 1316
development

emplll 025 188 013 (g nfrastructural g, 1037.60 1258 1316
development

marr_stat2 -0.99 077 -129 g0 [rastructural g, 1037.60 1258 1316
development

marr_stat3 -0.50 031 -160 o1 ‘rastructural g, 1037.60 1258 1316
development

marr_statd -0.76 034 220 g3 [Mrastructural g, 1037.60 1258 1316
development

marr_stath 4723 252701 -001 09 |(nfrastructural g 1037.60 1258 1316
development

marr_stat6 -0.29 035 082 41 Dfrastructural g, 1037.60 1258 1316
development

average_income 0.00 0.00 997 (02 Mirastructural g 1037.60 1258 1316
development

location size2 1.55 042 366 g0 [Mrastructural g, 1037.60 1258 1316
development
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location_size3 1.23 0.4 976 001 [Mrastructural g 1037.60 1258 1316
development

location_sized 1.00 045 224 003 Mfrastructural g, 1037.60 1258 1316
development

location_size5 1.40 0.44 319 o Drastructural g, 1037.60 1258 1316
development

famil_numb -0.03 000  -033 074 mfrastructural gl 1037.60 1258 1316
development

infrastr dl:sex2 0.62 050 125 g1 mmfrastructural gl 1037.60 1258 1316
development

infrastr_dl:age -0.03 002 -L11 gy Mrastructural g, 1037.60 1258 1316
development

infrastr_d1:educ2 -0.57 123 -046 04 frastructural gl o 1037.60 1258 1316
development

infrastr_d1:educ3 4757 159498 001 09y Mfrastructural oo 1037.60 1258 1316
development

infrastr_d1:educd -1.22 117 104 ogp nfrastructural g, 1037.60 1258 1316
development

infrastr_d1:educh 1635 183503 -0.01 09y |nrastructural g 1037.60 1258 1316
development

infrastr_d1:educé 135 126 -108  0gg Mrastructural gl 1037.60 1258 1316
development

infrastr_d1:empl2 1915 153849  -0.01 09y [Mfrastructural oo 1037.60 1258 1316
development

infrastr_d1:empl3 247 116 -213 003 [nrastructural g o 1037.60 1258 1316
development

infrastr_d1:empld 238 125 191 00 |Mrastructuralgen o 1037.60 1258 1316
development

infrastr_d1:empl5 147 117 o195 g1 Mfrastructural g, 1037.60 1258 1316
development
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infrastr_d1:empl6 395 211480  -0.00 100 nrastructural g o 1037.60 1258 1316
development

infrastr_dlempl? 2.33 125 -186 00 |nMrastructural gen g, 1037.60 1258 1316
development

infrastr_dl:empl8 0.01 1.42 0.01 09y mMmrastructural g, 1037.60 1258 1316
development

infrastr_d1:empl9 2.31 145 150 011 [nfrastructural g, 1037.60 1258 1316
development

infrastr_d1:empl10 4738 166580  -001 0.9 |nfrastructural g 1037.60 1258 1316
development

infrastrdl:empl11 1650 331172 -000 100 [(rastructural g 1037.60 1258 1316
development

infrastr_d1:marr_stat2 -0.77 144 053 py Mmfrastructural g, 1037.60 1258 1316
development

infrastr_dl:marr_stat3 0.28 0.73 038 g0 [rastructural g, 1037.60 1258 1316
development

infrastr_d1:marr_statd 0.03 0.74 0.04 gy Dfrastructural g, 1037.60 1258 1316
development

infrastr_dLmarr_stat5 .93 384627 000 100 |nfrastructuralgen o 1037.60 1258 1316
development

infrastr_d1:marr_stat6 117 090 130 019 Mrastructural g, 1037.60 1258 1316
development

infrastr_d1:average_income 0.00 0.00 971 o0 [frastructural g 1037.60 1258 1316
development

infrastr_d1:location_size2 -0.61 098 063 053 [rastructural g, 1037.60 1258 1316
development

infrastr_d1:location_size3 -0.01 100 -001 1o [Mrastructuralgen o 1037.60 1258 1316
development

infrastr_d1:location_size4 0.50 0.94 053 05y mMmrastructural g, 1037.60 1258 1316
development
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infrastr_d1:location_size5 0.11 0.96 012 0o nfrastructural g, 1037.60 1258 1316
development
infrastr_d1:famil_numb 0.28 0.22 127 g0 [MMrastructural g 1037.60 1258 1316
development
Social
(Intercept) 378 0.90  -421 0.0 S 903.44 1056.19 1258 1316
upport
. . Social . .
socialsup_d1 J17.68  1539.06  -0.01 0.9 903.44 1056.19 1258 1316
Support
sex2 0.64 0.19 331 0.00 Social 903.44 1056.19 1258 1316
Support
age 0.02 0.01 250  0.01 Social 903.44 1056.19 1258 1316
Support
Social
educ2 0.30 0.51 058  0.56 903.44 1056.19 1258 1316
Support
educ3 0.13 0.59 022 082 Social 903.44 1056.19 1258 1316
Support
Social
educd 015 046  -0.33  0.74 903.44 1056.19 1258 1316
Support
Social
educh 0.74 087  -0.84 0.0 903.44 1056.19 1258 1316
Support
Social
educé 0.46 0.48 0.96  0.34 903.44 1056.19 1258 1316
Support
empl2 20.64 058  -1.09 028 Social 903.44 1056.19 1258 1316
Support
empl3 -0.51 041  -1.25  0.21 Social 903.44 1056.19 1258 1316
Support
empld -0.65 046  -141  0.16 Social 903.44 1056.19 1258 1316
Support
Social
empl5 2052 040  -1.31  0.19 g 903.44 1056.19 1258 1316
upport
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empl6 -16.80 90654  -0.02 0.9 Social 903.44 1056.19 1258 1316
Support
Social
empl7 -0.14 0.46 -0.31 0.76 903.44 1056.19 1258 1316
Support
Social
empl8 1.31 0.55 2.38 0.02 903.44 1056.19 1258 1316
Support
empl9 111 065  -1.70  0.09 Social 903.44 1056.19 1258 1316
Support
empl10 -0.90 056  -1.61  0.11 Social 903.44 1056.19 1258 1316
Support
Social
empll1 -1.92 1.22 -1.57 0.12 903.44 1056.19 1258 1316
Support
Social
marr_stat2 -1.20 0.65 -1.84 0.07 903.44 1056.19 1258 1316
Support
Social
marr_stat3 -0.61 0.39 -1.58 0.11 903.44 1056.19 1258 1316
Support
Social
marr_stat4 -0.24 0.28 -0.86 0.39 903.44 1056.19 1258 1316
Support
Social
marr_stath -18.01  2401.44 -0.01 0.99 903.44 1056.19 1258 1316
Support
Social
marr_stat6 -0.54 0.30 -1.78 0.07 903.44 1056.19 1258 1316
Support
. Social
average_income 0.00 0.00 1.23 0.22 903.44 1056.19 1258 1316
Support
. . Social
location_size2 0.52 0.38 1.36 0.17 903.44 1056.19 1258 1316
Support
. . Social
location_size3 1.29 0.37 347 0.00 903.44 1056.19 1258 1316
Support
. . Social
location_size4 0.97 0.38 2.53 0.01 903.44 1056.19 1258 1316
Support
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location_size5 1.20 0.38 318 0.00 Soctal 903.44 1056.19 1258 1316
Support
. Social
famil_numb 0.06 0.08 0.75 0.45 903.44 1056.19 1258 1316
Support
. Social
socialsup_d1:sex2 0.73 0.63 1.15 0.25 903.44 1056.19 1258 1316
Support
. . Social . .
socialsup_dl:age 0.01 0.03 0.50 0.62 903.44 1056.19 1258 1316
Support
. Social
socialsup_dl:educ2 -0.52 1.40 -0.37 0.71 903.44 1056.19 1258 1316
Support
. Social
socialsup_dl:educ3 -0.62 1.73 -0.36 0.72 903.44 1056.19 1258 1316
Support
. Social
socialsup_d1:educ4 -0.99 1.16 -0.85 0.39 903.44 1056.19 1258 1316
Support
. Social
socialsup_d1:educh -15.50  2072.87 -0.01 0.99 903.44 1056.19 1258 1316
Support
. Social
socialsup_d1:educ6 -0.62 1.20 -0.51 0.61 903.44 1056.19 1258 1316
Support
. Social
socialsup_d1:empl2 -0.46  2235.85 -0.00 1.00 903.44 1056.19 1258 1316
Support
. Social
socialsup_d1:empl3 16.98  1539.06 0.01 0.99 903.44 1056.19 1258 1316
Support
. Social
socialsup_dl:empld 16.48  1539.06 0.01 0.99 903.44 1056.19 1258 1316
Support
socialsup_d1:empl5 1639 1539.06 001  0.99 Soctal 903.44 1056.19 1258 1316
Support
socialsup_d1:empl6 18.73  2367.37 0.01 0.99 Social 903.44 1056.19 1258 1316
Support
. Social
socialsup_d1:empl7 16.24  1539.06 0.01 0.99 903.44 1056.19 1258 1316
Support
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socialsup_d1:empl8 2150 256719 -0.00  1.00 Soctal 903.44 1056.19 1258 1316
Support
socialsup_d1:empl9 1714 1539.06 001 0.99 Social 903.44 1056.19 1258 1316
Support
socialsup_d1:empl10 16.64  1539.06 0.0 0.99 Social 903.44 1056.19 1258 1316
Support
. . Social . .
socialsup_dl:empll1 1.30  2512.67 0.00 1.00 903.44 1056.19 1258 1316
Support
socialsup_d1:marr_stat2 1477 170116 -0.01 0.9 Soctal 903.44 1056.19 1258 1316
Support
socialsup_d1:marr_stat3 0.26 0.92 029 078 Soctal 903.44 1056.19 1258 1316
Support
. Social
socialsup_d1l:marr_stat4 -0.02 0.80 -0.03 0.98 903.44 1056.19 1258 1316
Support
. Social
socialsup_dl:marr_stath 1.28  6647.13 0.00 1.00 903.44 1056.19 1258 1316
Support
. Social
socialsup_d1l:marr_stat6 -0.98 1.22 -0.80 0.42 903.44 1056.19 1258 1316
Support
socialsup_d1:average_income 0.00 0.00 086  0.39 Soctal 903.44 1056.19 1258 1316
Support
. . . Social
socialsup_d1:location_size2 0.34 0.96 0.36 0.72 903.44 1056.19 1258 1316
Support
. . . Social
socialsup_d1:location_size3 -1.05 1.05 -0.99 0.32 903.44 1056.19 1258 1316
Support
socialsup_d1:location_sized -0.09 1.04  -0.08 093 Social 903.44 1056.19 1258 1316
Support
. . . Social
socialsup_d1:location_sizeb 0.05 1.01 0.05 0.96 903.44 1056.19 1258 1316
Support
. — Social
socialsup_d1:famil numb 0.11 0.17 0.64 0.52 903.44 1056.19 1258 1316
Support
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(Intercept) -6.06 009  -600 000 lconomic 957.04 1117.05 1258 1316
Development

econdev_dl 3.45 2.47 140 0.6 . lcomomic 957.04 1117.05 1258 1316
Development

sex2 0.48 0.20 235 02 eomomic 957.04 1117.05 1258 1316
Development

age 0.05 0.01 508 000 . lcomomic 957.04 1117.05 1258 1316
Development

educ? 0.50 0.49 102 031 comomic 957.04 1117.05 1258 1316
Development

educ3 0.11 0.65 018 08¢ eonomic 957.04 1117.05 1258 1316
Development

educd -0.06 045 0.4 (g9 leonomic 957.04 1117.05 1258 1316
Development

educh 1.82 0.93 195 005  lconomic 957.04 1117.05 1258 1316
Development

educ6 0.44 0.49 090 037 eonomic 957.04 1117.05 1258 1316
Development

empl2 -0.92 080 103 030  eonomic 957.04 1117.05 1258 1316
Development

empl3 0.28 0.51 055 058 Leonomic 957.04 1117.05 1258 1316
Development

empld 0.17 0.53 032 075 leonomic 957.04 1117.05 1258 1316
Development

empl5 0.23 0.49 047 0G4 eonomic 957.04 1117.05 1258 1316
Development

empl6 1452 64521 -002 098 . leomomic 957.04 1117.05 1258 1316
Development

empl? 0.56 0.53 106 0929 lcomomic 957.04 1117.05 1258 1316
Development
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empl8 -0.25 072 -036 ogg eonomic 957.04 1117.05 1258 1316
Development

empl9 -0.07 070  -010 092 eonomic 957.04 1117.05 1258 1316
Development

empl10 0.28 077 037  og1 eonomic 957.04 1117.05 1258 1316
Development

emplll 0.25 068  -0.36  og2 leonomic 957.04 1117.05 1258 1316
Development

marr_stat2 0.85 060 141 016  eonomic 957.04 1117.05 1258 1316
Development

marr_stat3 -0.64 031 207 004  eonomic 957.04 1117.05 1258 1316
Development

marr_statd 0.05 0.29 019 085 eonomic 957.04 1117.05 1258 1316
Development

marr stat5 1657 130363 001 09y . leonomic 957.04 1117.05 1258 1316
Development

marr_stat6 -0.60 032  -191 006 . leonomic 957.04 1117.05 1258 1316
Development

average_income 0.00 0.00 268 001 eomomic 957.04 1117.05 1258 1316
Development

location _size2 0.78 0.40 193 005  conomic 957.04 1117.05 1258 1316
Development

location _size3 0.47 0.40 118 024  comomic 957.04 1117.05 1258 1316
Development

location_sized 0.96 0.41 935 002 . leonomic 957.04 1117.05 1258 1316
Development

location_size5 0.77 0.42 184 007  conomic 957.04 1117.05 1258 1316
Development

famil_numb 0.22 0.07 318 000 eonomic 957.04 1117.05 1258 1316
Development
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econdev_d1:sex2 0.20 0.57 035  og3  eonomic 957.04 1117.05 1258 1316
Development

econdev_dl:age -0.02 002 -078 Qa4 Peonomic 957.04 1117.05 1258 1316
Development

econdev_d1:educ2 175 115 -153 013 eonomic 957.04 1117.05 1258 1316
Development

econdev_dl:educ3 245 158 -155 0.2  eonomic 957.04 1117.05 1258 1316
Development

econdev_d1:educd 0.84 105  -080 042  eonomic 957.04 1117.05 1258 1316
Development

econdev_dl:educh ATTT 165036 -001 099 - lcomomic 957.04 1117.05 1258 1316
Development

econdev_d1:educ6 2.25 121 -186 006  eonomic 957.04 1117.05 1258 1316
Development

econdev_d1:empl2 1.15 1.78 065 052 leonomic 957.04 1117.05 1258 1316
Development

econdev_d1:empl3 -0.01 132 -001 099 conomic 957.04 1117.05 1258 1316
Development

econdev_d1:empl4 -1.61 163 099 gy Peonomic 957.04 1117.05 1258 1316
Development

econdev_dl:empl5 -1.07 135 -080 043 _eonomic 957.04 1117.05 1258 1316
Development

econdev_d1:empl6 011  1467.00 000 100 Peonomic 957.04 1117.05 1258 1316
Development

econdev_d1:empl7 20,90 140 -064 052 comomic 957.04 1117.05 1258 1316
Development

econdev_d1:empl8 0.26 1.65 015  0gg Peonomic 957.04 1117.05 1258 1316
Development

econdev_d1L:empl9 -0.33 173 -019 (g5 _eonomic 957.04 1117.05 1258 1316
Development
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econdev_d1:empl10 0.79 1.59 050  0g2 Peonomic 957.04 1117.05 1258 1316
Development

econdev_dl:empl11 1548 1093.05  -001 099 . lcomomic 957.04 1117.05 1258 1316
Development

econdev_dl:marr stat2 1498 04654 -002 09y lcomomic 957.04 1117.05 1258 1316
Development

econdev_d1:marr_stat3 1.61 0.71 998 (02 leonomic 957.04 1117.05 1258 1316
Development

econdev_d1:marr_stat4 035 060 051 061 eonomic 957.04 1117.05 1258 1316
Development

econdev_dl:marr stat5 1.81  2884.34 000 100  Peonomic 957.04 1117.05 1258 1316
Development

econdev_dl:marr_stat6 0.04 0.90 005 096  eonomic 957.04 1117.05 1258 1316
Development

econdev_dl:average_income -0.00 000  -019 085  conomic 957.04 1117.05 1258 1316
Development

econdev_d1:location_size2 -0.99 105  -094 035 comomic 957.04 1117.05 1258 1316
Development

econdev_d1:location_size3 -0.27 102 027 079  Peonomic 957.04 1117.05 1258 1316
Development

econdev_d1:location_size4 -0.98 101 -097  0g3  Peonomic 957.04 1117.05 1258 1316
Development

econdev_d1:location size5 011 100 -011 091 conomic 957.04 1117.05 1258 1316
Development

econdev_d1:famil_numb 2019 022 086 03y leonomic 957.04 1117.05 1258 1316
Development

(Intercept) 3026 1166730 -0.00 1o Desonal 943.80 1107.96 1259 1316
Connections

personconnect_d1 24.75 11667.31 000 100 ersonal 943.80 1107.96 1259 1316
Connections

106



CEU eTD Collection

term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

sex2 3.42 19.90 017  oge  Fersonal 943.80 1107.96 1259 1316
Connections

age 0.06 0.78 008 094 Fersonal 943.80 1107.96 1259 1316
Connections

educ2 1815 987245  -0.00 100 ersonal 943.80 1107.96 1259 1316
Connections

educ3 438 3280 013  osg  Fersonal 943.80 1107.96 1259 1316
Connections

educd -3.81 2013 -013 o090  Lersomal 943.80 1107.96 1259 1316
Connections

educh 2200 3085868  -0.00 100 ) ecrsonal 943.80 1107.96 1259 1316
Connections

educ6 -3.09 9817 -011 o091 Lersomal 943.80 1107.96 1259 1316
Connections

empl2 2201 1550396 -0.00 100  Lersonal 943.80 1107.96 1259 1316
Connections

empl3 1.22 29.79 004 097  Fersonal 943.80 1107.96 1259 1316
Connections

empld 369  43.50 008 o093  ersonal 943.80 1107.96 1259 1316
Connections

empl5 134 3265 004 o097 Fersonal 943.80 1107.96 1259 1316
Connections

empl6 3.28  19043.87 000 100  Fersonal 943.80 1107.96 1259 1316
Connections

empl? 099 3464 003 ogg  lewona 943.80 1107.96 1259 1316
Connections

empl8 1353 1811911 -000 100  Dersonal 943.80 1107.96 1259 1316
Connections

empl9 412 35.02 012 o091 Fersonal 943.80 1107.96 1259 1316
Connections
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empl10 207 39.59 005 096 ) ersonal 943.80 1107.96 1259 1316
Connections

empl11 1295 1900742 -000  1op  Lersonal 943.80 1107.96 1259 1316
Connections

marr_stat2 19.63 1669878 -0.00 100 ) ersonal 943.80 1107.96 1259 1316
Connections

marr_stat3 0.85 19.82 004 097  Fersonal 943.80 1107.96 1259 1316
Connections

marr_stat4 20.80 9202 -004 o097 | LCersomal 943.80 1107.96 1259 1316
Connections

marr_stath 4744 1787686 -0.00 100 ) ersonal 943.80 1107.96 1259 1316
Connections

marr_stat6 19.64 878567 -0.00 100 ersonal 943.80 1107.96 1259 1316
Connections

average_income 0.00 0.00 026  0go  Lersonal 943.80 1107.96 1259 1316
Connections

location._size2 22.01  11667.04 000 100 Fersonal 943.80 1107.96 1259 1316
Connections

location_size3 20.85 11667.07 000 100  Fersonal 943.80 1107.96 1259 1316
Connections

location_size4 921.07 11667.03 000 100  Fersonal 943.80 1107.96 1259 1316
Connections

location_size5 17.05 11667.00 000 100  Fersonal 943.80 1107.96 1259 1316
Connections

famil_numb 0.04 7.66 001 100  Fersonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:sex2 272 1997 014 o8y Fersonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:age -0.03 078  -0.04 097 CPerson,al 943.80 1107.96 1259 1316
onnections
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personconnect_d1:educ? 18.37 987245 000 100 ersonal 943.80 1107.96 1259 1316
Connections

personconnect_d1L:educ3 435  33.26 013 o090  ersonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:educd 385 2942 013 o090 Fersonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:educh 23.22  30858.68 000 100  Fersonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:educ6 3.32 28.50 012 091 Fersonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:empl2 21.86 15503.96 000 100 ersonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:empl3 077 3010 003  ogs  Lewonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:empld -3.50 4384 008 094  Lewonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:empl5 107 3204 003 o097  lewona 943.80 1107.96 1259 1316
Connections

personconnect_d1:empl6 1900 2066660  -000  1op  Lersonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:empl7 166 34.94 005 096 L ersonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:empl$ 14.64 18119.11 000 100  Femsonal 943.80 1107.96 1259 1316
Connections

personconnect_d1:empl9 376 3546 011 og  lewonal 943.80 1107.96 1259 1316
Connections

personconnect_dl:empl10 192 3097 005 09 . Lewonal 943.80 1107.96 1259 1316
Connections

personconnect_dl:empll1 11.95 19007.43 000 100 ersonal 943.80 1107.96 1259 1316
Connections
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personconnect_dl:marr_stat2 18.68 16698.78 000 100  Fersonal 943.80 1107.96 1259 1316
Connections
personconnect_dl:marr_stat3 -1.14 19.97 -0.06 0.95 Personval 943.80 1107.96 1259 1316
Connections
personconnect_dlimarr_stat4 059 2215 003 o0gg ersonal 943.80 1107.96 1259 1316
Connections
personconnect_dl:marr_statb Pcrson.al 943.80 1107.96 1259 1316
Connections
personconnect_dl:marr_stat6 19.33  8785.67 000 100  ersonal 943.80 1107.96 1259 1316
Connections
personconnect_dl:average_income  -0.00 000 024 og1  Fewsonal 943.80 1107.96 1259 1316
Connections
. . Personal
personconnect_dl:location_size2 -21.23  11667.04 -0.00 1.00 . 943.80 1107.96 1259 1316
Connections
. . Personal
personconnect_dl:location size3 -19.89 11667.07 -0.00 1.00 . 943.80 1107.96 1259 1316
Connections
. . Personal
personconnect_dl:location_size4 -19.86 11667.03 -0.00 1.00 . 943.80 1107.96 1259 1316
Connections
. . Personal
personconnect_dl:location_sizeb -15.84 11667.00 -0.00 1.00 . 943.80 1107.96 1259 1316
Connections
personconnect_d1:famil_numb 0.11 7.68 001 09y  Fersomal 943.80 1107.96 1259 1316
Connections
Individual .
(Intercept) -5.55 2.00 -2.78 0.01 Wealth 920.87 1090.93 1258 1316
indivwealth_d1 -0.06 229 003 o9y  ndividual 920.87 1090.93 1258 1316
Wealth
sex2 1.87 0.46 411 ogp  Individual 920.87 1090.93 1258 1316
Wealth
Individual
< |4
age 0.05 0.02 2.54 0.01 Wealth 920.87 1090.93 1258 1316
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educ2 -1.39 078 179  oo7  |ndividual 920.87 1090.93 1258 1316
Wealth

educ3 142 108 -132 019 Individual 920.87 1090.93 1258 1316
‘Wealth

educd -2.08 077 -269 001  ndividua 920.87 1090.93 1258 1316
Wealth

educh 1622 110096  -001 099  mdividual 920.87 1090.93 1258 1316
Wealth

educ6 -1.99 086 230 002 Individua 920.87 1090.93 1258 1316
Wealth

empl2 1518 87803 -002 099 |ndividual 920.87 1090.93 1258 1316
‘Wealth

empl3 1.19 111 107 099  [ndividual 920.87 1090.93 1258 1316
Wealth

empld 0.49 1.25 039  0gy ndividual 920.87 1090.93 1258 1316
Wealth
Individual

empl5 0.71 1.13 063 053 Woalth 920.87 1090.93 1258 1316

empl6 4377 93467 -001 099 |ndividual 920.87 1090.93 1258 1316
‘Wealth

empl? 0.26 113 023 g Individual 920.87 1090.93 1258 1316
‘Wealth

empl8 2.46 1.30 189 006 ndividual 920.87 1090.93 1258 1316
Wealth
Individual

empl9 1.08 1.44 075 045 Woalth 920.87 1090.93 1258 1316

empl10 219 905 074 046 ndividual 920.87 1090.93 1258 1316
Wealth

empl11 437 125013 -001 099  [ndividual 920.87 1090.93 1258 1316
‘Wealth
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marr_stat2 -1.52 144 105 029  Individual 920.87 1090.93 1258 1316
Wealth

marr_stat3 0.14 0.56 024  0g1 |Individual 920.87 1090.93 1258 1316
‘Wealth

marr stat4 -0.81 059  -138 017  ndividual 920.87 1090.93 1258 1316
Wealth

marr_stat5 1550 223960 001 099 mdividual 920.87 1090.93 1258 1316
Wealth

marr_stat6 -0.51 072 070  o4g  Individual 920.87 1090.93 1258 1316
Wealth

average_income 0.00 0.00 240 gz |ndividual 920.87 1090.93 1258 1316
‘Wealth

location _size2 -0.00 081  -000 100 Individual 920.87 1090.93 1258 1316
‘Wealth

location _size3 0.4 0.81 054 059 ndividual 920.87 1090.93 1258 1316
Wealth

location_sized 0.42 082 052 o061  |ndividual 920.87 1090.93 1258 1316
Wealth

location._size5 0.78 0.78 099  0gp Individual 920.87 1090.93 1258 1316
‘Wealth

famil numb 0.17 0.14 125 g2  \ndividual 920.87 1090.93 1258 1316
‘Wealth

indivwealth_d1:sex2 .44 050  -286 0.0 I”{i};‘ﬁal 920.87 1090.93 1258 1316

indivwealth_d1:age 20.02 0.02  -099  0.32 In&i:;ﬁial 920.87 1090.93 1258 1316

indivwealth_d1:educ2 1.80 0.98 184 o7 |ndividual 920.87 1090.93 1258 1316
‘Wealth

indivwealth_d1:educ3 213 1.28 166 010  \ndividual 920.87 1090.93 1258 1316
‘Wealth
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indivwealth_d1:educd 2.50 0.94 965 001 ndividual 920.87 1090.93 1258 1316
Wealth

indivwealth_d1:educs 16.70  1100.96 0.02  0.99 I“V‘\l;evgi‘flal 920.87 1090.93 1258 1316

indivwealth_d1:educ6 2.68 1.03 260  0.01 hl\‘;:a‘i‘ffl 920.87 1090.93 1258 1316

indivwealth_d1:empl2 1554  878.03 0.02 099 In&fg;iial 920.87 1090.93 1258 1316

indivwealth_d1:empl3 -0.61 123 -049 02 |ndividual 920.87 1090.93 1258 1316
Wealth

indivwealth_d1:empld 0.03 138 002 o9y [ndividual 920.87 1090.93 1258 1316
‘Wealth

indivwealth_d1:empl5 -0.33 126 026  0.79 In\%}eva‘i‘ffl 920.87 1090.93 1258 1316

indivwealth_d1:empl6 044 111462 -0.00  1.00 In\;fcv;ifl 920.87 1090.93 1258 1316

indivwealth_d1:empl7 0.51 1.27 040  0g9 |ndividual 920.87 1090.93 1258 1316
Wealth

indivwealth_d1:empl8 -1.33 148 090 og7 |Individual 920.87 1090.93 1258 1316
‘Wealth

indivwealth_d1:empl9 -0.33 159 -021 o3 [ndividual 920.87 1090.93 1258 1316
‘Wealth

indivwealth_d1:empl10 2.89 3.03 095  0.34 I”{i};‘ﬁal 920.87 1090.93 1258 1316

indivwealth_d1:empl11 1379 1250.13 001 099 In&i:;ﬁial 920.87 1090.93 1258 1316

indivwealth_d1:marr_stat2 0.47 1.63 029 078 In\?;;;iial 920.87 1090.93 1258 1316

indivwealth_d1:marr_stat3 -0.39 064 060  0.55 Ing;eva‘i‘flal 920.87 1090.93 1258 1316

113



CEU eTD Collection

term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

indivwealth_dL:marr_statd 0.82 0.67 122 022 I“&}:;i‘ffl 920.87 1090.93 1258 1316

indivwealth_d1:marr_stat5 2116 2814.08  -0.00  1.00 I‘;‘\l;e:i‘flal 920.87 1090.93 1258 1316

indivwealth_d1:marr_stat6 -0.02 080  -0.03 0.8 hl\‘;:a‘i‘ffl 920.87 1090.93 1258 1316

indivwealth_d1:average_income -0.00 000  -1.11  0.27 In&fg;iial 920.87 1090.93 1258 1316

indivwealth_dL:location size2 1.06 0.96 110 027 In&}:;i‘ﬁal 920.87 1090.93 1258 1316

indivwealth_d1:location_size3 0.59 0.96 062  0.54 I“&g;i‘}llal 920.87 1090.93 1258 1316

indivwealth_d1:location_size4 1.87 0.97 193 0.05 In\%}eva‘i‘ffl 920.87 1090.93 1258 1316

indivwealth_d1:location_size5 0.39 0.94 041  0.68 In\(;fcva‘ifl 920.87 1090.93 1258 1316

indivwealth_d1:famil numb 0.12 0.16  -0.70  0.49 In&}:;ﬁial 920.87 1090.93 1258 1316
Table 5: GLM model: UR swing vs other/non-voters

term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

(Intercept) -2.78 084  -330  0.00 hcllfmmu“uml 1379.84 1507.64 1364 1422
evelopment

infrastr_d1 0.94 157 060 055 [nfrastructuralapg o) 1507.64 1364 1422
development

sex2 0.50 019 264 g ‘rastructural g o 1507.64 1364 1422
development

age 0.03 0.01 358 000 [rastructural g o) 1507.64 1364 1422
development
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educ? 2091 048 -188  .0¢ ‘rastructural g o) 1507.64 1364 1422
development

educ3 178 070 253 oo |nfrastructural o ac, o) 1507.64 1364 1422
development

educs -0.33 043 077 044 frastructural o an, o) 1507.64 1364 1422
development

educh 178 084 213 03 frastructural g o 1507.64 1364 1422
development

educt 2054 046 -117 .24 frastructural g o) 1507.64 1364 1422
development

empl2 -0.45 050 090 037 [frastructural g0 1507.64 1364 1422
development

empl3 -0.28 040 071 a4 nfrastructural a0, o) 1507.64 1364 1422
development

empld -1.16 044 263 o001 frastructural g o 1507.64 1364 1422
development

empl5 0.62 040  -155 1 ‘rastructural g o 1507.64 1364 1422
development

empl6 -0.75 084 089 037 frastructural oo 1507.64 1364 1422
development

empl? -0.32 044 072 g4y frastructural a0, o) 1507.64 1364 1422
development

empl8 0.25 055 046 065 [rastructural oo 1507.64 1364 1422
development

empl9 0.35 0.51 068 05 Dfrastructural aog o 1507.64 1364 1422
development

empl10 0.01 0.52 001 g9 Mrastructural g o) 1507.64 1364 1422
development

emplil -0.85 105 081  4p Mmfrastructural a0, o) 1507.64 1364 1422
development
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marr_stat2 0.33 043 077 044 Dfrastructural o, o 1507.64 1364 1422
development

marr stat3 -0.34 031 108  0g2g [frastructural g o 1507.64 1364 1422
development

marr_statd 0.15 027 056  0p5s [rastructural g o 1507.64 1364 1422
development

marr_stat5 1537 92097 002 099 mfrastructural oo, o) 1507.64 1364 1422
development

marr_stat6 0.06 028 021 g3 [frastructural oo 1507.64 1364 1422
development

average_income 0.00 000 011 g1 frastructural g o 1507.64 1364 1422
development

location_size2 0.31 0.31 099  03p [frastructural g o, 1507.64 1364 1422
development

location _size3 0.24 0.33 074 046 Dirastructural ooy o 1507.64 1364 1422
development

location sized 0.25 032 080  0a4g Mfrastructural o, 1507.64 1364 1422
development

location_size5 0.26 0.33 079 043 Dfrastructural gy o 1507.64 1364 1422
development

famil_numb 0.13 0.08 159 011 [Mfrastructural a0, o) 1507.64 1364 1422
development

infrastr_d1:sex2 0.09 0.34 027 g9 rastructural o0 o 1507.64 1364 1422
development

infrastr_dl:age -0.01 002 046 064 nirastructural a0, o) 1507.64 1364 1422
development

infrastr_d1:educ2 0.04 001 005 096 rastructural o, 1507.64 1364 1422
development

infrastr_dl:educ3 1.06 112 004 g5 Mrastructural .0, o) 1507.64 1364 1422
development
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infrastr_d1:educd -0.69 082 083 4o rastructural g 1507.64 1364 1422
development

infrastr_d1:educh 1438 76443 -0.02 o |nfrastructural oo, o 1507.64 1364 1422
development

infrastr_d1:educé -0.82 089 093 035 [Mrastructural a0, o) 1507.64 1364 1422
development

infrastr_d1:empl2 1.37 0.91 150 013 [frastructural oo, o) 1507.64 1364 1422
development

infrastr_d1:empl3 0.13 0.78 017 08¢ [rastructural g o) 1507.64 1364 1422
development

infrastr_d1:empld 0.93 0.83 112 g [Mfrastructural g o) 1507.64 1364 1422
development

infrastr_dl:empl5 -0.05 080  -0.06 095 ‘Mrastructural a0, o 1507.64 1364 1422
development

infrastr_d1:empl6 1431 77920 002 099 Mmrastructural oo, o) 1507.64 1364 1422
development

infrastr_d1:empl? 0.17 084 020 g4 ‘nfrastructural g o 1507.64 1364 1422
development

infrastr_dL:empl8 0.67 1.06 064 5o Dnrastructural g o 1507.64 1364 1422
development

infrastr_d1:empl9 -0.15 104 015 g Mmfrastructural a0, o) 1507.64 1364 1422
development

infrastr_d1:empl10 012 102 012 g rastructural g o 1507.64 1364 1422
development

infrastr_d1l:empl11 0.68 1.71 040 0.6y [rastructural g o 1507.64 1364 1422
development

infrastr_d1l:marr_stat2 -0.52 079  -066 051 rastructural g o 1507.64 1364 1422
development

infrastr_d1:marr_stat3 -0.19 0510 035 o [Mrastructural a0, o 1507.64 1364 1422
development
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infrastr_dl:marr_stat4 -0.78 053 146 014 [nirastructuwral an, o, 1507.64 1364 1422
development
infrastr_d1:marr_stat5 013 164774 000 100 [rastructural g o, 1507.64 1364 1422
development
infrastr.dL:marr_stat6 -0.15 051 029 g7 [frastructural g o 1507.64 1364 1422
development
infrastr_d1:average_income 0.00 0.00 122 (9o Mfrastructural o0, o) 1507.64 1364 1422
development
infrastr_d1:location size2 0.04 054 008 04 [wrastructuralgpg o 1507.64 1364 1422
development
infrastr_d1:location_size3 -0.38 060 063 053 [frastructural g o 1507.64 1364 1422
development
infrastr_d1:location size4 015 056 027 o9 [nirastructwal e, g 1507.64 1364 1422
development
infrastr_d1:location_size5 0.00 0.56 001 (g9 rastructural o0 o 1507.64 1364 1422
development
infrastr_d1:famil numb -0.04 014 028  07s [frastructural oo, o 1507.64 1364 1422
development
Social
(Intercept) -2.05 075  -274 001 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1 -2.16 192 112 026 1351.55 1493.73 1364 1422
Support
sex2 0.42 0.17 253 0.01 Social 1351.55 1493.73 1364 1422
Support
age 0.02 0.01 264  0.01 Social 1351.55 1493.73 1364 1422
Support
Social
educ2 075 043  -174  0.08 1351.55 1493.73 1364 1422
Support
Social
educ3 078 057  -1.36 0.7 1351.55 1493.73 1364 1422
Support
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educd -0.25 037  -0.67 050 Social 1351.55 1493.73 1364 1422
Support
Social

educh -2.22 0.83 -2.67 0.01 1351.55 1493.73 1364 1422
Support
Social

educ6 -0.48 0.40 -1.19 0.24 1351.55 1493.73 1364 1422
Support
Social . o e o

empl2 0.78 0.44 1.78 0.08 1351.55 1493.73 1364 1422
Support
Social

empl3 -0.46 0.37 -1.25 0.21 1351.55 1493.73 1364 1422
Support
Social

empl4 -0.65 0.41 -1.59 0.11 1351.55 1493.73 1364 1422
Support
Social

empl5 -0.83 0.37 -2.28 0.02 1351.55 1493.73 1364 1422
Support
Social

empl6 -0.32 0.50 -0.64 0.52 1351.55 1493.73 1364 1422
Support
Social

empl7 -0.29 0.42 -0.69 0.49 1351.55 1493.73 1364 1422
Support
Social

empl8 0.11 0.60 0.18 0.86 1351.55 1493.73 1364 1422
Support
Social

empl9 -0.14 0.51 -0.28 0.78 1351.55 1493.73 1364 1422
Support
Social

empl10 -0.04 0.44 -0.09 0.93 1351.55 1493.73 1364 1422
Support
Social

empll1 1.27 0.49 2.61 0.01 1351.55 1493.73 1364 1422
Support
Social

marr_stat2 -0.32 0.48 -0.68 0.50 1351.55 1493.73 1364 1422
Support
Social

marr_stat3 0.05 0.33 0.16 0.87 1351.55 1493.73 1364 1422
Support
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marr_statd 0.25 0.24 1.04 030 Social 1351.55 1493.73 1364 1422
Support
Social
marr_stath -15.47 947.80 -0.02 0.99 1351.55 1493.73 1364 1422
Support
Social
marr_stat6 0.46 0.23 1.97 0.05 1351.55 1493.73 1364 1422
Support
. Social . a0 1ap
average_income -0.00 0.00 -0.50 0.62 1351.55 1493.73 1364 1422
Support
. . Social
location_size2 -0.25 0.28 -0.88 0.38 1351.55 1493.73 1364 1422
Support
. . Social
location_size3 -0.50 0.31 -1.62 0.11 1351.55 1493.73 1364 1422
Support
. . Social
location_size4 -0.13 0.29 -0.45 0.65 1351.55 1493.73 1364 1422
Support
. . Social
location_sizeb 0.11 0.29 0.38 0.70 1351.55 1493.73 1364 1422
Support
. Social
famil_numb 0.17 0.07 2.42 0.02 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:sex2 0.66 0.43 1.53 0.13 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:age 0.01 0.02 0.43 0.67 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:educ2 1.31 1.20 1.10 0.27 1351.55 1493.73 1364 1422
Support
. Social
socialsup_dl:educ3 -0.01 1.44 -0.01 0.99 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:educ4 0.40 1.09 0.36 0.72 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:educb -12.87 791.40 -0.02 0.99 1351.55 1493.73 1364 1422
Support
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socialsup_d1:educ6 0.50 111 045  0.65 Social 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:empl2 -1.32 1.05 -1.26 0.21 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:empl3 -0.10 0.83 -0.12 0.90 1351.55 1493.73 1364 1422
Support
) ) Social . a0 1ap
socialsup_d1:empl4 -0.29 0.92 -0.31 0.75 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:empl5 -0.03 0.80 -0.03 0.97 1351.55 1493.73 1364 1422
Support
socialsup_d1:empl6 1510 619.06  -0.02 098 Soctal 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:empl7 -0.32 0.93 -0.35 0.73 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:empl8 -1.11 1.45 -0.76 0.45 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:empl9 0.87 1.12 0.77 0.44 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:empl10 -0.43 1.02 -0.42 0.67 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1l:empll1 -3.05 1.39 -2.19 0.03 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1:marr_stat2 0.68 0.93 0.73 0.46 1351.55 1493.73 1364 1422
Support
socialsup_dl:marr_stat3 -0.39 0.88  -044  0.66 Social 1351.55 1493.73 1364 1422
Support
. Social
socialsup_d1l:marr_stat4 -0.61 0.61 -0.99 0.32 1351.55 1493.73 1364 1422
Support
socialsup_d1:marr_stath 0.66  2607.38 0.00  1.00 Social 1351.55 1493.73 1364 1422
Support
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socialsup_dl:marr_stat6 -0.63 058 109 o027 ool 1351.55 1493.73 1364 1422
Support

socialsup_dl:average_income 0.00 0.00 1.96 0.05 Social 1351.55 1493.73 1364 1422
Support

socialsup_d1:location_size2 0.40 0.67 059 055 Social 1351.55 1493.73 1364 1422
Support

. . . Social . e o

socialsup_d1:location_size3 0.08 0.77 0.11 0.91 1351.55 1493.73 1364 1422
Support

socialsup_d1:location_sized 0.65 0.71 090 037 Social 1351.55 1493.73 1364 1422
Support

socialsup_d1:location_size5 0.26 0.70 037 071 Social 1351.55 1493.73 1364 1422
Support

. . Social

socialsup_d1:famil numb 0.14 0.14 0.99 0.32 1351.55 1493.73 1364 1422
Support

(Intercept) -2.60 084 310 000 eonomic 1333.59 1450.03 1364 1422
Development

econdev_d1 033 204  -0.16 087 lconomic 1333.59 1450.03 1364 1422
Development

sex2 0.61 0.18 399 (g . leonomic 1333.59 1450.03 1364 1422
Development

age 0.01 0.01 138 017 comomic 1333.59 1450.03 1364 1422
Development

educ2 0.10 0.43 024 081  Peonomic 1333.59 1450.03 1364 1422
Development

educ3 0.11 0.53 021  0g3  eonomic 1333.59 1450.03 1364 1422
Development

educd -0.03 040 009 093  Peonomic 1333.59 1450.03 1364 1422
Development

educh 0.49 0.89 056 058  eonomic 1333.59 1450.03 1364 1422
Development
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educ6 -0.68 045  -151 (13 eonomic 1333.59 1450.03 1364 1422
Development

empl2 1.46 0.57 955 001 leonomic 1333.59 1450.03 1364 1422
Development

empl3 0.47 0.50 004 035 leonomic 1333.59 1450.03 1364 1422
Development

empld -0.03 053  -005 096 conomic 1333.59 1450.03 1364 1422
Development

empl5 0.20 0.48 041 068 leonomic 1333.59 1450.03 1364 1422
Development

empl6 -0.70 075 093 035 eonomic 1333.59 1450.03 1364 1422
Development

empl? 1.09 0.52 200 004 eonomic 1333.59 1450.03 1364 1422
Development

empl8 0.83 0.63 131 019 ‘conomic 1333.59 1450.03 1364 1422
Development

empl9 0.85 0.58 145 015  conomic 1333.59 1450.03 1364 1422
Development

empl10 0.71 0.57 195 g1 comomic 1333.59 1450.03 1364 1422
Development

emplll -0.06 069  -0.08 093  eonomic 1333.59 1450.03 1364 1422
Development

marr_stat2 0.09 0.40 024 (g1 eonomic 1333.59 1450.03 1364 1422
Development

marr_stat3 -0.33 028  -118 024 lconomic 1333.59 1450.03 1364 1422
Development

marr_statd 0.29 0.27 110 097 lcomomic 1333.59 1450.03 1364 1422
Development

marr_stath 1458 52166 -0.03 098  conomic 1333.59 1450.03 1364 1422
Development
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marr_stat6 0.53 0.23 999 (02 leonomic 1333.59 1450.03 1364 1422
Development

average_income 0.00 0.00 005 0.8y _leonomic 1333.59 1450.03 1364 1422
Development

location_size2 -0.52 030  -1.71 009  eonomic 1333.59 1450.03 1364 1422
Development

location _size3 075 030 248 001 lconomic 1333.59 1450.03 1364 1422
Development

location_sized 2035 030 117 024  Peonomic 1333.59 1450.03 1364 1422
Development

location_size5 -0.50 031  -1.61 011  Peonomic 1333.59 1450.03 1364 1422
Development

famil_numb 0.13 0.06 198 005 comomic 1333.59 1450.03 1364 1422
Development

econdev_d1:sex2 20.40 043 093 035 lconomic 1333.59 1450.03 1364 1422
Development

econdev_dl:age 0.03 0.02 141 016 comomic 1333.59 1450.03 1364 1422
Development

econdev_d1:educ2 -1.26 092  -1.37 017  Peonomic 1333.59 1450.03 1364 1422
Development

ccondev_d1:educ3 -1.89 123 -153 013  Peonomic 1333.59 1450.03 1364 1422
Development

econdev_d1:educd 20.80 084 095 034 lconomic 1333.59 1450.03 1364 1422
Development

ccondev_d1:educh 1520 70982 -002 098 . lconomic 1333.59 1450.03 1364 1422
Development

econdev_d1:educé -0.58 094 061 054  Peonomic 1333.59 1450.03 1364 1422
Development

econdev_d1:empl2 0.97 137 -071 04 _lcomomic 1333.59 1450.03 1364 1422
Development
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term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

econdev_d1:empl3 0.46 111 041 06y  leonomic 1333.59 1450.03 1364 1422
Development

econdev_d1:empld 0.01 1.16 001 099 leonomic 1333.59 1450.03 1364 1422
Development

econdev_d1:empl5 -0.98 L1l -088 038 lcomomic 1333.59 1450.03 1364 1422
Development

econdev_d1:empl6 0.67 1.69 039 06y conomic 1333.59 1450.03 1364 1422
Development

econdev_d1:empl7 -1.05 119 -088  0gs leonomic 1333.59 1450.03 1364 1422
Development

econdev_d1:empl8 -1.09 149 073 046  Peonomic 1333.59 1450.03 1364 1422
Development

econdev_dl:empl9 0.29 1.30 022 83 leonomic 1333.59 1450.03 1364 1422
Development

econdev_d1:empl10 -0.70 133 -053  0Go comomic 1333.59 1450.03 1364 1422
Development

econdev_d1:empl11 -0.96 161 -060 055 | comomic 1333.59 1450.03 1364 1422
Development

econdev_d1:marr_stat2 0.29 0.88 032 075 eonomic 1333.59 1450.03 1364 1422
Development

econdev_d1l:marr_stat3 0.49 0.68 072 a7 _Peonomic 1333.59 1450.03 1364 1422
Development

econdev_dl:marr statd -0.69 069  -1.00 032  conomic 1333.59 1450.03 1364 1422
Development

econdev_dl:marr stat5 191 1166.83 0.00 100  leonomic 1333.59 1450.03 1364 1422
Development

econdev_dLimarr_stat6 0.07 059  -0.01 g1 leonomic 1333.59 1450.03 1364 1422
Development

econdev_d1:average_income -0.00 000  -0.13  0gp _leonomic 1333.59 1450.03 1364 1422
Development
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term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

econdev_d1:location_size2 0.50 0.75 067 050  Peonomic 1333.59 1450.03 1364 1422
Development

ccondev_d1:location size3 0.72 0.77 094 035 Peonomic 1333.59 1450.03 1364 1422
Development

econdev_d1:location_size4 0.47 0.73 0.65 052  eonomic 1333.59 1450.03 1364 1422
Development

econdev_d1:location size5 1.03 0.75 137 017  ‘conomic 1333.59 1450.03 1364 1422
Development

econdev_d1:famil_numb 0.01 0.17 007 095  Peonomic 1333.59 1450.03 1364 1422
Development

(Intercept) -8.67 424 204 004 rememal o ases 1488.62 1365 1422
Connections

personconnect_d1 6.25 4.32 145 015  [Fersonal 1358.46 1488.62 1365 1422
Connections

sex2 20.14 058 024  os1  Fewsonal 1358.46 1488.62 1365 1422
Connections

age 0.04 0.03 119 g3  [FPersonal 1358.46 1488.62 1365 1422
Connections

educ2 3.00 3.40 088 038 pemonal o ang g 1488.62 1365 1422
Connections

educ3 -0.09 396 002 098 L esonal 1358.46 1488.62 1365 1422
Connections

educd 1.87 3.34 056 05y  Lewsonal 1358.46 1488.62 1365 1422
Connections

educh 1205 89899 001 099  Lersonal 1358.46 1488.62 1365 1422
Connections

educt 2.32 3.37 060 049 Femonal angg 1488.62 1365 1422
Connections

empl2 -0.32 145 -022 o3 [Fersomal 1358.46 1488.62 1365 1422
Connections
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term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

empl3 0.49 0.97 051 06  Lersonal 1358.46 1488.62 1365 1422
Connections

empld 20.82 127 065 052 rewonal angs 1488.62 1365 1422
Connections

empl5 2.25 128 o176 o008 Dersomal 1358.46 1488.62 1365 1422
Connections

empl6 450 353 128 020  Cersomal 1358.46 1488.62 1365 1422
Connections

empl7 0.03 1.40 002  0g9s  Fersonal 1358.46 1488.62 1365 1422
Connections

empl8 1500 639.07  -002 o098 . rersomal gng g 1488.62 1365 1422
Connections

empl9 1.31 335 -039 oq0  Dersomal 1358.46 1488.62 1365 1422
Connections

empl10 0.23 175 -013 o9  Fersomal 1358.46 1488.62 1365 1422
Connections

emplll -4.92 355 .13 017  Lewsonal 1358.46 1488.62 1365 1422
Connections

marr_stat2 -0.79 128 062 053 lemomal o iane 6 1488.62 1365 1422
Connections

marr_stat3 1.50 1.02 147 014 [Fersomal 1358.46 1488.62 1365 1422
Connections

marr stat4 2.08 1.05 198 005  Personmal 1358.46 1488.62 1365 1422
Connections

marr_stat5 1462 49346 003  09s  Levsonal 1358.46 1488.62 1365 1422
Connections

marr_stat6 1.67 0.90 186 006 emsomal ygng 1488.62 1365 1422
Connections

average_income 0.00 0.00 138 o1y [Fersonal 1358.46 1488.62 1365 1422
Connections
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n
location _size2 0.35 0.93 037  0.71 Cfl‘;;:zﬁzlm 1358.46 1488.62 1365 1422
location_size3 2035 .03  -034  0.73 Ci‘f;‘;zfm 1358.46 1488.62 1365 1422
location_sized 0.36 0.97 037 071 Cf;i:‘;gilns 1358.46 1488.62 1365 1422
location _size5 1.59 0.91 175 0.08 ciiiiﬁilns 1358.46 1488.62 1365 1422
famil_numb 0.83 0.28 299 0.0 cfrf;;iiilm 1358.46 1488.62 1365 1422
personconnect_d1:sex2 0.76 0.61 125 021 Cifii‘;ﬁilnb 1358.46 1488.62 1365 1422
personconnect_d1:age -0.02 003  -064 052 Cfgi‘;gilns 1358.46 1488.62 1365 1422
personconnect_d1:educ2 -3.53 343 103 030  Cersomal 1358.46 1488.62 1365 1422
Connections
personconnect_d1:educ3 2054 400 013 089  Lersonal 1358.46 1488.62 1365 1422
Connections
personconnect_d1:educd 2.5 337 067 050 o lewonal angg 1488.62 1365 1422
Connections
personconnect_d1:educh 1174 898.99 0.0l 0.99 Cfr‘f;zzzilns 1358.46 1488.62 1365 1422
personconnect_d1:educt -3.09 340 -091  0.36 C:ﬁi‘;‘tilns 1358.46 1488.62 1365 1422
personconmect_d1:empl2 1.04 1.53 068  0.50 Cfﬁ;iiiilm 1358.46 1488.62 1365 1422
personconnect_d1:empl3 0.28 .06 -026  0.80 Ci‘fﬁ;‘;ﬁnb 1358.46 1488.62 1365 1422
personconnect_d1:empld 0.68 1.35 0.50  0.61 Cfr‘f;zzzilns 1358.46 1488.62 1365 1422
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term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

personconnect_d1:empl5 2.15 1.35 159 011  ersonal 1358.46 1488.62 1365 1422
Connections

personconnect_d1:empl6 3.36 3.61 003 035 pesomal o ang s 1488.62 1365 1422
Connections

personconnect_d1:empl7 0.40 1.48 027 oq9 Fersonal 1358.46 1488.62 1365 1422
Connections

personconnect_d1:emplS 1567 639.07 002 o09s  Lersonal 1358.46 1488.62 1365 1422
Connections

personconmect_d1:empl9 1.89 3.39 056 053  Lersonal 1358.46 1488.62 1365 1422
Connections

personconnect_d1:empl10 0.55 1.82 030 o076 pemonal o angg 1488.62 1365 1422
Connections

personconnect_d1:empl11 467 3.64 128 090  [Fersomal 1358.46 1488.62 1365 1422
Connections

personconnect_d1:marr_stat2 0.81 1.34 060 055  Lersonal 1358.46 1488.62 1365 1422
Connections

personconnect_d1:marr_stat3 -1.81 1.06 -1.72 0.09 Persogal 1358.46 1488.62 1365 1422
Connections

personconnect_d1:marr_stat4 -2.20 108 203 o004 Femsomal iane 6 1488.62 1365 1422
Connections

personconnect_d1:marr_stat5 Personal 1358.46 1488.62 1365 1422
Connections

personconnect_d1:marr stat6 -1.56 093  -167 009  Lewsonal 1358.46 1488.62 1365 1422
Connections

personconnect_dl:average_income  -0.00 000  -1.13 026 Cewsonal 1358.46 1488.62 1365 1422
Connections

personconnect_d1:location_size2 0.33 098 034 o073 Fewomal angs 1488.62 1365 1422
Connections

personconnect_d1:location_size3 0.25 1.08 023 o081  Fersonal 1358.46 1488.62 1365 1422
Connections
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term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

personconnect_d1:location_sized 20.29 102 028 o073  Fersonal 1358.46 1488.62 1365 1422
Connections

personconnect_dl:location_sizeb -1.50 0.96 -1.57 0.12 Person'alr 1358.46 1488.62 1365 1422
Connections

personconnect_d1:famil numb -0.74 0.29 -2.58 0.01 Persoqal 1358.46 1488.62 1365 1422
Connections
Individual e i ap

(Intercept) -1.59 125  -128  0.20 Woalth 1359.67 1503.19 1364 1422

indivwealth_d1 -1.88 156 121 (g3  |ndividual 1359.67 1503.19 1364 1422
Wealth

sex2 0.51 0.26 196 005 |ndividual 1359.67 1503.19 1364 1422
Wealth

age 0.04 0.01 306  00p |ndividual 1359.67 1503.19 1364 1422
Wealth

educ2 -1.83 060 306 000 ndividual 1359.67 1503.19 1364 1422
Wealth

educ3 -1.62 082 198 005 ndividual 1359.67 1503.19 1364 1422
Wealth

educd 2.02 055 371 000 ndividual 1359.67 1503.19 1364 1422
Wealth

educh 1678 735.27  -002  0gg  ndividual 1359.67 1503.19 1364 1422
Wealth

educh 241 059 411  0go ndividual 1359.67 1503.19 1364 1422
Wealth
Individual

empl2 1.18 0.75 158 0.1 Woalth 1359.67 1503.19 1364 1422

empl3 1.09 0.63 174 oog ndividual 1359.67 1503.19 1364 1422
Wealth
Individual 8 8

empld 0.88 0.68 129 0.20 Wealth 1359.67 1503.19 1364 1422
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term estimate std.error statistic p.value model name Deviance NullDeviance  DF n
Individual

empl5 -0.18 0.66  -027  0.79 Woalih 1359.67 1503.19 1364 1422

empl6 1426 50956 -002  0gs  ndividual 1359.67 1503.19 1364 1422
Wealth

empl? 0.37 0.67 056 05y \ndividual 1359.67 1503.19 1364 1422
Wealth

empl8 1.60 0.88 182 o7 ndividual 1359.67 1503.19 1364 1422
Wealth
Individual

empl9 1.22 0.90 136 0.17 Woalih 1359.67 1503.19 1364 1422

empl10 -0.61 090  -068 050 ndividual 1359.67 1503.19 1364 1422
Wealth

empl11 -1.00 159 -063 053  [ndividual 1359.67 1503.19 1364 1422
Wealth

marr stat2 20.21 064 032 o075 ndividual 1359.67 1503.19 1364 1422
Wealth

marr_stat3 0.16 041 038 og0 Individual 1359.67 1503.19 1364 1422
Wealth

marr_statd 112 049 229  pp ndividual 1359.67 1503.19 1364 1422
Wealth

marr_stat5 1453 148203 -001 09y  ndividual 1359.67 1503.19 1364 1422
Wealth

marr_stat6 20.02 039 006 095 ndividual 1359.67 1503.19 1364 1422
Wealth

average_income 0.00 0.00 031 o7 ndividual 1359.67 1503.19 1364 1422
Wealth

location _size2 -0.66 046 145 015  ndividual 1359.67 1503.19 1364 1422
Wealth

location_size3 077 048  -1.61 011  ndividual 1359.67 1503.19 1364 1422
Wealth
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term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

location_sized -1.00 047 212 003  ndividual 1359.67 1503.19 1364 1422
Wealth

location_size5 -0.39 046 083 040 ndividual 1359.67 1503.19 1364 1422
Wealth

famil_numb 0.18 0.11 162 010 I ndividual 1359.67 1503.19 1364 1422
Wealth

indivwealth_d1:sex2 -0.01 032 004 097 In&fgﬁ;‘fl 1359.67 1503.19 1364 1422

indivwealth_d1:age 20.02 002  -153 013 ndividual 1359.67 1503.19 1364 1422
Wealth

indivwealth_d1:educ2 2.30 0.82 979 001 |ndividual 1359.67 1503.19 1364 1422
Wealth

indivwealth_d1:educ3 1.73 1.10 157 012 In\%‘g;ﬁl}‘l‘“ 1359.67 1503.19 1364 1422

indivwealth_d1:educd 2.61 0.76 341 0.00 In\(}ifcv;ifl 1359.67 1503.19 1364 1422

indivwealth_d1:educs 17.37 73527 0.02 098 In&‘:;ﬁ;‘lal 1359.67 1503.19 1364 1422

indivwealth_d1:educ6 2.62 0.82 392 g |ndividual 1359.67 1503.19 1364 1422
Wealth

indivwealth_d1:empl2 -0.48 090  -0.53  0.60 In\%fg;ﬁl}‘fl 1359.67 1503.19 1364 1422

indivwealth_d1:empl3 -0.90 076  -118 024 I“\ifcvgil}‘fl 1359.67 1503.19 1364 1422

indivwealth_d1:empl4 -1.16 084 138 17  |ndividual 1359.67 1503.19 1364 1422
Wealth

indivwealth_d1:empl5 015 080  -018  0sp ndividual 1359.67 1503.19 1364 1422
Wealth

indivwealth_d1:empl6 1347 599.56 002 098 I“\%‘;;iial 1359.67 1503.19 1364 1422
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term estimate std.error statistic p.value model name Deviance NullDeviance DF n
indivwealth_d1:empl7 -0.05 083 006 095 Individual 1359.67 1503.19 1364 1422
Wealth
indivwealth_d1:empl8 -1.49 109 137 oy  ndividual 1359.67 1503.19 1364 1422
Wealth
indivwealth_d1:empl9 -1.08 107 -1.01 031 In\‘ifgalﬁl}‘fl 1359.67 1503.19 1364 1422
indivwealth_d1:empl10 0.88 1.04 084 040 In&fgﬁ;‘fl 1359.67 1503.19 1364 1422
indivwealth_d1:empl11 0.94 177 053  0.60 In&,‘e";ﬁdl 1359.67 1503.19 1364 1422
indivwealth_d1:marr_stat2 0.32 0.78 041  0.68 hl&,‘;’;ii‘“ 1359.67 1503.19 1364 1422
indivwealth_d1:marr_stat3 0.09 0.52 017 087 In\%‘g;ﬁl}‘l‘“ 1359.67 1503.19 1364 1422
indivwealth_d1:marr_statd 1.67 0.57 293 0.00 In\(}ifcv;ifl 1359.67 1503.19 1364 1422
indivwealth_dl:marr_stat5 061 182098 -0.00 100 In&‘:;ﬁ;‘lal 1359.67 1503.19 1364 1422
indivwealth_d1:marr_stat6 0.32 0.47 067  0.50 hl&,‘;’;ﬂial 1359.67 1503.19 1364 1422
indivwealth_d1:average_income 0.00 0.00 033 0.74 In\%fg;ﬁl}‘fl 1359.67 1503.19 1364 1422
indivwealth_d1:location_size2 0.77 0.59 132 019 I“\ifcvgil}‘fl 1359.67 1503.19 1364 1422
indivwealth_d1:location_size3 0.67 0.62 109 027 In&,‘:;ﬁ;‘lal 1359.67 1503.19 1364 1422
indivwealth_d1:location_sized 1.15 0.61 190 0.06 I”&,‘;’;ﬂ‘}lfl 1359.67 1503.19 1364 1422
indivwealth_d1:location_size5 0.60 0.60 101 031 I“\%‘;;iial 1359.67 1503.19 1364 1422

133



term estimate std.error statistic p.value model name Deviance NullDeviance  DF n

indivwealth_d1:famil numb -0.07 014  -054 059 Inv‘é‘e";ﬂial 1359.67 1503.19 1364 1422

Table 6: Average Marginal Contrasts: UR voters vs other

conf conf predicted predicted

term contrast estimate p.value s.value low high o hi predicted model
;:j;f;:ﬂi;‘t”(“f) ligﬁ‘gag) 095 073 045 069 1.29 0.59 0.64 0.64 gtiezogz;zz
supS;())oCIi'?l(l) lﬁg’i‘({;g? 065 002 591 045 0.92 0.50 0.38 0.38 gﬁﬁfﬁiﬁ?@i
devclopment (1) oadsy) 09% 070031 067 1L 06l 05l 051 Ri0eR
Coniiifgil(l) h;((fi((lgs) 161 001 636 1.11 2.33 0.28 0.48 0.48 gti:o;‘;ﬁiz:
iﬁ:ﬁf‘(‘ﬁ lig’i(gsg) 1.06 067 057 080 142 0.24 0.27 0.27 gtiezogz‘;:
;:Vfgf‘sgnglﬁrﬁ) lig’i‘(‘;g? 105 073 045 080 1.38 0.80 0.69 0.69 Ulig_ovt;f;zs
Sus;gtal(l) hcl)(do(i(gz()? 063 001  7.60 046 0.87 0.60 0.69 0.69 Uligovtoetr;svs
dcvfl‘;‘;rzﬁf W 1’2((&((13%) 090 047 109 067 121 0.23 0.31 0.31 Urirf_‘fﬁﬁfrf
wniff:ifﬁf W lig’i‘zag) 111 053 090 0.79 157 0.73 0.52 0.52 Urigovtff:rf*
g‘e(:ft’fl(lf)l %S’(i(zzg) 128 004 482 1.02 161 0.44 0.44 0.44 Ulil‘l’_ovt;r:rzs
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Table 7: Average Marginal Contrasts: UR core and swing voters

term contrast estimate p.value s.value conf - confpredicted  predicted predicted model
low high lo hi

Infrastructural  In(odds(1) UR core vs
dovelopment (1) odds(0)) 057 001 715 037 0.86 0.35 0.42 042 s
Social In(odds(1) 060 004 465 037 098 0.72 0.00 0.00 URcorevs
support (1) odds(0)) swing voters
Economic In(odds(1) UR core vs
development (1)  odds(0)) 0.97 0-89 0-18 063 149 0-58 0-24 0.24 swing voters
Personal In(odds(1) 348 001 616 129 9.40 0.17 0.41 041 URcorevs
connections (1) odds(0)) swing voters
Individual In(odds(1) . . -, UR core vs
wealth (1) odds(0) 181 000 873 123 265 0.06 0.54 054 ine votens
Infrastructural  In(odds(1) UR swing vs
development (1) ockls(0) 124 017 259 091 168 0.27 0.28 0.28 " nofothor
Social In(odds(1) - UR swing vs
cpport (1) odds(0) 075 010 329 053 1.06 0.15 0.19 019 o othor
Economic In(odds(1) UR swing vs
dovelopment (1) odds(0)) 101 097 005 071 1.42 0.15 0.23 023 e othor
Personal In(odds(1) - UR swing vs
connoctions (1) 6dds(0) 090 061 070 0.61 1.34 0.25 0.20 020 her
Individual In(odds(1) UR swing vs
wealth (1) odds(0) 0.83 018 248 0.63 1.09 0.32 0.28 028 e othor
Infrastructural  In(odds(1) UR core vs
development (1)  odds(0)) 0-74 0-10 332051 1.06 0-33 045 045 none/other
Social In(odds(1) UR core vs
support (1) odds(0)) 054 001 643 034 087 0.33 0.24 020 e other
Economic In(odds(1) - UR core vs
development (1) odiis(0)) 0.87 048  1.05 0.60 1.27 0.07 0.08 0.08 e other
Personal In(odds(1) - - UR core vs
connoctions (1) 0dds(0) 237 005 419 098 572 0.15 0.23 023 one/other
Individual In(odds(1) e ; ; UR core vs
wealth (1) odds(0)) 133 013 298 092 191 0.04 0.13 013 e other
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E Model Results: with inducement

Table 8: GLM model: UR voters vs other parties + Inducement interaction

term

estimate

std.error

statistic

p-value

model name

Deviance

NullDeviance

DF

(Intercept)

infrastr_d1

sex2

age

educ2

educ3

educd

educh

educ6

-2.71

1.65

0.75

0.03

0.32

0.27

-1.94

0.13

1.01

2.00

0.20

0.01

0.58

0.69

0.54

0.98

-2.68

0.83

3.69

0.55

-0.83

0.50

-1.98

0.23

0.01

0.41

0.00

0.00

0.58

0.40

0.62

0.82

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

858

858

858

858

858

858

858

918

918

918

918

918

918

918

918

918
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2

empl3

empl4

empl5

empl6

empl7

empl8

empl9

empl10

empll1

-0.12

0.59

-0.20

0.12

0.32

0.41

0.72

1.42

-0.28

-0.17

0.64

0.52

0.55

1.70

0.58

0.70

0.69

0.79

1.19

-0.19

-0.37

0.22

0.19

0.71

-0.35

-0.14

0.85

0.26

0.71

0.83

0.85

0.48

0.30

0.04

0.73

0.89

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

858

858

858

858

858

858

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average_income

location_size2

location_size3

location_size4

location_size5

-0.03

-0.28

-0.22

-15.09

0.43

0.00

0.01

-0.38

-0.47

-0.10

0.69

0.29

0.28

972.64

0.32

0.00

0.35

0.37

0.37

0.37

-0.05

-0.96

-0.78

-0.02

0.02

-1.02

-1.29

-0.28

0.96

0.34

0.44

0.99

0.18

0.26

0.98

0.31

0.20

0.78

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

858

858

858

858

858

858

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

famil_numb

elect_induc

infrastr_d1:sex2

infrastr_d1:age

infrastr_d1:educ2

infrastr_d1:educ3

infrastr_d1:educ4

infrastr_d1:educh

infrastr_d1:educ6

infrastr_d1:empl2

0.09

-0.59

0.22

-0.02

-0.36

-0.03

-0.73

-13.70

-1.25

0.36

0.09

0.37

0.41

0.02

1.02

1.23

0.95

979.07

1.03

1.22

0.96

-1.58

0.54

-0.77

-0.35

-0.02

-0.77

-0.01

-1.21

0.30

0.34

0.11

0.59

0.44

0.73

0.98

0.44

0.99

0.23

0.77

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

858

858

858

858

858

858

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:empl3

infrastr_d1:empl4

infrastr_d1:emplb

infrastr_d1:empl6

infrastr_d1:empl7

infrastr_d1:empl8

infrastr_d1:empl9

infrastr_d1:empl10

infrastr_dl:empl11

infrastr_d1:marr_stat2

-1.24

-1.11

-1.12

-14.61

0.46

-2.66

-1.07

14.88

0.99

1.06

1.01

1528.04

1.06

1.35

1.44

1.45

1528.04

1.11

-1.25

-1.05

-1.10

-0.01

-1.42

0.34

-1.85

-0.74

0.01

-1.38

0.21

0.30

0.27

0.99

0.16

0.73

0.07

0.46

0.99

0.17

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

858

858

858

858

858

858

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:marr_stat3

infrastr_d1:marr_stat4

infrastr_d1:marr_statb

infrastr_d1:marr_stat6

infrastr_d1:average_income

infrastr_d1:location_size2

infrastr_d1:location_size3

infrastr_d1:location_size4

infrastr_d1:location_sizeb

infrastr_d1:famil_numb

-0.20

-0.63

0.81

-1.57

0.00

0.89

0.96

1.49

0.89

-0.10

0.60

0.61

1811.34

0.71

0.00

0.71

0.74

0.70

0.72

0.18

-0.33

-1.04

0.00

-2.21

1.44

2.13

0.74

0.30

1.00

0.03

0.15

0.21

0.19

0.03

0.22

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1134.37

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

1264.59

858

858

858

858

858

858

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

infrastr_d1:elect_induc

(Intercept)

socialsup_d1

sex2

age

educ2

educ3

educd

educh

educ6

0.92

-1.29

-2.43

0.58

0.02

0.10

-0.36

-0.30

-1.24

-0.12

0.77

0.87

2.72

0.18

0.01

0.48

0.59

0.43

0.85

0.45

1.20

-1.49

-0.89

3.27

0.21

-0.61

-0.71

-1.46

-0.25

Infrastructural
0.23 development +
Inducement
Social
0.14 Support+
Inducement
Social
0.37 Support+
Inducement
Social
0.00 Support+
Inducement
Social
0.01 Support+
Inducement
Social
0.83 Support+
Inducement
Social
0.54 Support+
Inducement
Social
0.48 Support+
Inducement
Social
0.15 Support+
Inducement
Social
0.80 Support+
Inducement

1134.37

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1264.59

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

858

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2 0.33

empl3 -0.24

empl4 -0.73

empl5 -0.48

empl6 0.91

empl7 -0.29

empl8 0.92

empl9 0.03

empl10 -0.30

empll1 2.31

0.51

0.41

0.46

0.41

0.47

0.62

0.72

0.49

0.83

0.65

-0.59

-1.60

-1.17

-0.60

1.47

0.05

-0.60

2.78

0.52

0.56

0.11

0.24

0.23

0.55

0.14

0.96

0.55

0.01

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average_income

location_size2

location_size3

location_size4

location_size5

-0.33

0.05

0.05

-14.28

0.28

0.00

-0.69

-0.30

-0.36

0.13

0.53

0.34

0.25

704.10

0.28

0.00

0.32

0.33

0.34

0.33

-0.62

0.15

0.22

-0.02

0.97

0.62

-2.16

-0.91

-1.07

0.40

0.54

0.88

0.82

0.98

0.33

0.54

0.03

0.36

0.29

0.69

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

famil_numb

elect_induc

socialsup_d1:sex2

socialsup_d1:age

socialsup_dl:educ2

socialsup_dl:educ3

socialsup_d1:educ4

socialsup_d1:educb

socialsup_dl:educ6

socialsup_d1:empl2

0.11

0.34

0.37

-0.01

0.46

-0.04

-0.33

-16.48

-0.63

-1.11

0.07

0.28

0.53

0.03

1.62

1.96

1.44

550.74

1.45

1.44

1.41

0.70

-0.56

0.28

-0.02

-0.23

-0.03

-0.44

-0.77

0.16

0.22

0.48

0.78

0.99

0.82

0.98

0.66

0.44

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

socialsup_d1:empl3 0.10

socialsup_d1:empl4 -0.53

socialsup_d1:empl5 0.18

socialsup_d1:empl6

socialsup_d1:empl7 0.98

socialsup_d1:empl8 -1.05

socialsup_d1:empl9 3.07

socialsup_d1:empl10 -0.46

socialsup_d1l:empll1 -5.55

socialsup_d1l:marr_stat2 -1.71

1.09

1.26

1.22

1.92

2.27

1.44

2.36

0.09

-0.42

0.17

0.81

-0.55

1.35

-0.32

-2.36

-0.98

0.93

0.68

0.87

0.42

0.58

0.18

0.75

0.02

0.33

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

socialsup_d1:marr_stat3 0.20

socialsup_d1l:marr_stat4 0.00

socialsup_d1:marr_stath

socialsup_d1l:marr_stat6 -0.32

socialsup_dl:average_income 0.00

socialsup_d1:location_size2 1.82

socialsup_d1:location_size3 -0.07

socialsup_d1:location_size4 0.56

socialsup_d1:location_sizeb 0.35

socialsup_d1:famil numb 0.46

1.01

0.77

0.76

0.00

0.93

1.01

1.03

0.95

0.25

0.19

0.00

-0.42

2.40

-0.07

0.54

0.37

1.85

0.85

1.00

0.68

0.02

0.05

0.71

0.06

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1100.35

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

1237.02

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

socialsup_d1:elect_induc

(Intercept)

econdev_dl

sex2

age

educ2

educ3

educd

educh

educ6

-2.95

-2.99

3.41

0.71

0.02

0.63

0.38

0.17

1.40

0.25

1.56

0.98

2.51

0.19

0.01

0.50

0.47

0.98

-1.89

-3.05

3.71

0.64

0.37

1.43

0.49

0.06

0.00

0.18

0.00

0.05

0.21

0.71

0.15

0.62

Social
Support+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1100.35

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1237.02

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2

empl3

empl4

empl5

empl6

empl7

empl8

empl9

empl10

empll1

0.72

-0.08

-0.65

0.06

-0.74

0.50

0.26

-0.32

-0.78

0.63

0.50

0.53

1.31

0.54

0.67

0.72

0.61

0.67

1.14

-0.16

-1.22

0.11

0.92

0.82

0.36

-0.52

-1.16

0.26

0.87

0.22

0.91

0.57

0.36

0.41

0.72

0.60

0.25

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average_income

location_size2

location_size3

location_size4

location_size5

-0.23

-0.49

-0.04

-14.77

-0.01

0.00

0.48

0.20

0.61

0.50

0.28

0.27

409.62

0.29

0.00

0.34

0.36

0.36

-0.47

-1.72

-0.13

-0.04

-0.02

0.60

1.70

0.64

0.09

0.90

0.97

0.98

0.06

0.16

0.09

0.12

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

famil_numb

elect_induc

econdev_dl:sex2

econdev_dl:age

econdev_d1:educ2

econdev_d1l:educ3

econdev_d1:educd

econdev_d1:educh

econdev_d1:educ6

econdev_d1l:empl2

0.20

0.35

0.05

0.02

-0.93

-3.34

-1.18

-15.82

-2.31

-1.08

0.08

0.33

0.52

0.02

1.08

1.43

0.97

922.71

1.13

2.42

0.10

0.70

-0.86

-2.34

-1.22

-0.02

-2.04

-0.69

0.02

0.29

0.92

0.49

0.39

0.02

0.22

0.99

0.04

0.49

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_dl:empl3

econdev_dl:empld

econdev_d1l:empl5

econdev_dl:empl6

econdev_dl:empl7

econdev_d1l:empl8

econdev_dl:empl9

econdev_d1l:empl10

econdev_dl:emplll

econdev_d1l:marr_stat2

0.90

0.17

-2.06

-1.24

-2.64

-0.37

2.20

1.46

-0.87

1.31

1.40

1.35

1.41

1.84

1.89

1.80

2.14

1.49

0.69

0.12

-1.52

-0.88

-1.43

-0.19

1.23

0.68

0.49

0.90

0.13

0.38

0.15

0.22

0.50

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_d1l:marr_stat3

econdev_d1l:marr_stat4

econdev_dl:marr_stath

econdev_d1:marr_stat6

econdev_dl:average income

econdev_d1:location _size2

econdev_d1:location_size3

econdev_d1:location_size4

econdev_d1:location_sizeb

econdev_d1:famil_numb

1.72

-0.39

0.61

-0.00

-2.72

-2.30

-3.04

-2.04

0.02

0.75

0.75

0.80

0.00

1.14

1.18

1.16

1.13

0.20

2.29

-0.53

0.76

-0.10

-2.39

-1.96

-2.61

-1.80

0.11

0.02

0.60

0.45

0.92

0.02

0.05

0.01

0.07

0.91

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1091.91

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

1218.74

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_d1:elect_induc

(Intercept)

personconnect_d1

sex2

age

educ2

educ3

educd

educh

educ6

-2.01

-2.63

0.12

1.67

0.00

3.74

-2.14

0.13

-15.59

-1.04

0.93

1.03

0.04

2.57

3.16

2.43

2087.87

-2.15

-0.50

0.02

0.06

-0.68

0.06

-0.01

-0.40

0.03

0.62

0.98

0.11

0.96

0.14

0.96

0.99

0.69

Economic
Development+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1091.91

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1218.74

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2

empl3

empl4

empl5

empl6

empl7

empl8

empl9

empl10

empll1

1.06

-1.18

-2.66

-3.11

-0.77

-1.85

-19.09

15.59

-2.03

0.73

2.08

1.36

1.79

1.88

1.31

1.70

704.60

1452.37

2.49

6.95

0.51

-0.86

-1.49

-1.66

-1.09

-0.03

0.01

-0.81

0.11

0.61

0.39

0.14

0.10

0.56

0.28

0.98

0.99

0.42

0.92

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average_income

location_size2

location_size3

location_size4

location_size5

-15.65

1.82

-0.31

-2.04

0.00

2.36

1.45

1.33

1.36

703.54

1.29

718.65

1.70

0.00

2.53

2.39

2.42

-0.02

-0.24

-0.02

-1.20

0.53

0.93

0.57

0.56

0.98

0.10

0.81

0.98

0.23

0.60

0.58

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

famil_numb

elect_induc

personconnect_d1:sex2

personconnect_dl:age

personconnect_d1:educ2

personconnect_d1:educ3

personconnect_d1:educd

personconnect_dl:educb

personconnect_d1:educ6

personconnect_d1:empl2

0.14

-1.85

-0.94

0.02

-3.63

1.90

-0.22

15.75

0.79

-0.65

0.44

2.74

1.05

0.04

2.61

3.21

247

2087.87

2.62

2.15

0.32

-0.68

-0.90

0.36

-1.39

0.59

-0.09

0.01

0.30

-0.30

0.75

0.50

0.37

0.72

0.16

0.55

0.93

0.99

0.76

0.76

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1l:empl3

personconnect_d1l:empl4

personconnect_d1:empl5

personconnect_d1:empl6

personconnect_d1:empl7

personconnect_d1:empl8

personconnect_d1l:empl9

personconnect_d1:empl10

personconnect_d1l:empll1

personconnect_d1:marr_stat2

1.68

2.50

3.23

2.30

20.15

-14.94

2.16

-1.09

1.44

1.85

1.93

1.77

704.60

1452.37

2.56

7.01

703.54

1.17

0.03

-0.01

0.84

-0.16

0.02

0.24

0.18

0.10

0.19

0.98

0.99

0.40

0.88

0.98

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1l:marr_stat3

personconnect_d1l:marr_stat4

personconnect_d1l:marr_stath

personconnect_dl:marr_stat6

personconnect_dl:average_income

personconnect_d1:location size2

personconnect_dl:location_size3

personconnect_d1:location size4

personconnect_d1:location sizeb

personconnect_d1:famil numb

-1.90

0.21

2.37

-0.00

-2.37

-1.44

-1.11

-0.99

0.02

1.14

1.32

1.72

0.00

2.56

241

2.44

0.44

-1.67

0.16

-0.17

-0.92

-0.46

-0.40

0.03

0.09

0.87

0.17

0.86

0.36

0.64

0.69

0.97

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1142.12

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

1256.73

860

860

860

860

860

860

860

860

860

860

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_dl:elect_induc

(Intercept)

indivwealth_d1

sex2

age

educ2

educ3

educd

educh

educ6

1.44

-1.30

-1.20

0.99

0.03

-1.37

-1.61

-1.90

-15.85

2.76

1.61

1.89

0.33

0.02

0.73

0.92

0.66

710.85

0.70

0.52

-0.81

-0.64

3.03

1.75

-1.88

-1.76

-2.87

-0.02

-3.61

0.60

0.42

0.52

0.00

0.08

0.06

0.08

0.00

0.98

0.00

Personal
Connections+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1142.12

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1256.73

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

860

859

859

859

859

859

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2

empl3

empl4

empl5

empl6

empl7

empl8

empl9

empl10

empll1

0.30

0.60

-0.21

-0.55

0.07

1.86

2.24

-1.41

0.98

0.82

0.91

0.84

0.90

1.24

1.66

1.42

1.84

0.31

0.74

-0.23

-0.65

-0.42

0.08

-0.99

-0.28

0.76

0.46

0.82

0.68

0.94

0.13

0.18

0.32

0.78

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

859

859

859

859

859

859

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average_income

location_size2

location_size3

location_size4

location_size5

-1.84

0.18

-1.23

-12.73

0.42

0.00

-0.17

-0.73

-0.84

0.04

0.98

0.51

0.54

1116.05

0.00

0.61

0.63

0.65

0.63

-1.88

0.36

-2.28

-0.01

0.77

-0.28

-1.15

-1.28

0.06

0.06

0.72

0.02

0.99

0.44

0.11

0.78

0.25

0.20

0.96

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

859

859

859

859

859

859

918

918

918

918

918

918

918

918

918

918
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

famil_numb

elect_induc

indivwealth_d1:sex2

indivwealth_d1:age

indivwealth_d1:educ2

indivwealth_d1:educ3

indivwealth_d1:educ4

indivwealth_d1:educh

indivwealth_d1:educ6

indivwealth_d1:empl2

0.35

-1.40

-0.41

-0.01

2.01

1.92

2.27

16.28

2.82

0.27

0.15

0.78

0.38

0.02

0.92

710.85

0.89

2.38

-1.78

-1.07

-0.73

0.02

3.16

0.24

0.02

0.08

0.29

0.47

0.03

0.09

0.01

0.98

0.00

0.81

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

859

859

859

859

859

859

918

918

918

918

918

918

918

918

918

918
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

indivwealth_d1:empl3

indivwealth_d1:empl4

indivwealth_d1:empl5

indivwealth_d1:empl6

indivwealth_d1:empl7

indivwealth_d1:empl8

indivwealth_d1:empl9

indivwealth_d1:empl10

indivwealth_d1:empl11

indivwealth_d1:marr_stat2

-0.08

0.28

0.74

0.31

-0.95

1.66

0.49

1.87

0.94

1.04

0.96

1.03

1.39

1.79

1.53

2.03

-0.09

0.27

0.77

0.30

-0.68

-0.84

1.08

0.24

0.93

0.79

0.44

0.76

0.49

0.40

0.28

0.81

0.09

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

859

859

859

859

859

859

918

918

918

918

918

918

918

918

918

918
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

indivwealth_d1:marr_stat3

indivwealth_d1:marr_stat4

indivwealth_d1:marr_statb

indivwealth_d1:marr_stat6

indivwealth_d1:average_income

indivwealth_d1:location size2

indivwealth_d1:location_size3

indivwealth_d1:location_size4

indivwealth_d1:location_sizeb

indivwealth_d1:famil_numb

-0.26

1.37

-1.81

-0.46

-0.00

0.28

0.74

1.09

0.28

-0.30

0.58

0.61

1225.98

0.62

0.00

0.74

0.76

0.78

0.76

0.17

-0.45

-0.00

-0.73

-0.87

0.38

0.97

1.40

0.37

-1.77

0.65

0.03

1.00

0.47

0.38

0.70

0.33

0.16

0.71

0.08

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1118.05

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

1231.52

859

859

859

859

859

859

918

918

918

918

918

918

918

918

918

918
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term estimate std.error statistic p.value model name Deviance

NullDeviance

DF

Individual
indivwealth_d1:elect_induc 1.22 0.86 1.42 0.16 Wealth+ 1118.05
Inducement

1231.52

859 918

Table 9: GLM model: UR voters vs other parties + Inducement interaction

term estimate std.error statistic p.value model name Deviance

NullDeviance

DF

n

Infrastructural
(Intercept) -3.57 0.90 -3.95 0.00 development +  1240.93
Inducement
Infrastructural
infrastr_d1 2.74 1.86 1.47 0.14 development + 1240.93
Inducement
Infrastructural
sex2 0.54 0.19 2.78 0.01 development + 1240.93
Inducement
Infrastructural
age 0.04 0.01 4.78 0.00 development +  1240.93
Inducement
Infrastructural
educ2 -0.78 0.57 -1.38 0.17 development +  1240.93
Inducement
Infrastructural
educ3 -0.72 0.69 -1.03 0.30 development + 1240.93
Inducement
Infrastructural
educd -0.24 0.53 -0.45 0.65 development + 1240.93
Inducement
Infrastructural
educh -1.33 0.85 -1.57 0.12 development + 1240.93
Inducement

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1049

1049

1049

1049

1049

1049

1049

1049

1109

1109

1109

1109

1109

1109

1109

1109
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

educ6

empl2

empl3

empl4

empl5

empl6

empl?

empl8

empl9

empl10

-0.26

-0.41

0.04

-0.37

-0.34

-1.01

0.63

0.24

0.32

0.19

0.56

0.52

0.42

0.45

0.41

0.86

0.47

0.57

0.52

-0.47

-0.78

0.10

-0.83

-0.82

-1.17

0.41

0.61

0.34

0.64

0.43

0.92

0.41

0.41

0.24

0.18

0.68

0.54

0.73

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1049

1049

1049

1049

1049

1049

1049

1049

1049

1049

1109

1109

1109

1109

1109

1109

1109

1109

1109

1109
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

emplll

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average,income

location_size2

location_size3

location_size4

-0.95

-0.42

-0.37

-0.08

-16.87

-0.39

0.00

1.35

1.44

1.23

1.03

0.42

0.34

0.28

1209.60

0.26

0.00

0.30

0.33

0.31

-0.93

-1.01

-1.08

-0.28

-0.01

-1.52

4.48

4.33

3.92

0.35

0.31

0.28

0.78

0.99

0.13

0.04

0.00

0.00

0.00

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1049

1049

1049

1049

1049

1049

1049

1049

1049

1049

1109

1109

1109

1109

1109

1109

1109

1109

1109

1109

168



CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

location_size5

famil_numb

elect_induc

infrastr_d1:sex2

infrastr_d1:age

infrastr_d1:educ2

infrastr_d1:educ3

infrastr_d1:educ4

infrastr_d1:educh

infrastr_d1:educ6

1.33

0.09

-0.35

0.08

0.00

-1.82

-1.60

-2.38

-17.17

-2.16

0.32

0.08

0.41

0.37

0.02

1.36

1.32

827.59

1.36

4.15

-0.87

0.21

0.00

-1.34

-1.05

-1.80

-0.02

0.00

0.24

0.39

0.83

1.00

0.18

0.30

0.07

0.98

0.11

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1049

1049

1049

1049

1049

1049

1049

1049

1049

1049

1109

1109

1109

1109

1109

1109

1109

1109

1109

1109
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term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:empl2 0.19

infrastr_d1l:empl3 -0.66

infrastr_d1:empl4 -0.05

infrastr_d1:emplb -0.24

infrastr_d1:empl6 -14.92

infrastr_d1:empl7 -0.85

infrastr_d1:empl8 0.32

infrastr_d1:empl9 -0.72

infrastr_d1:empl10 -0.65

infrastr_dl:emplll -0.60

0.93

0.77

0.84

0.78

786.20

0.88

1.05

1.06

1.09

1.69

0.21

-0.86

-0.06

-0.31

-0.02

-0.97

0.31

-0.68

-0.60

-0.35

0.84

0.39

0.95

0.76

0.98

0.33

0.76

0.55

0.72

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1049

1049

1049

1049

1049

1049

1049

1049

1049

1049

1109

1109

1109

1109

1109

1109

1109

1109

1109

1109
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:marr_stat2

infrastr_d1:marr_stat3

infrastr_d1:marr_stat4

infrastr_d1:marr_stath

infrastr_d1:marr_stat6

infrastr_d1:average_income

infrastr_d1:location_size2

infrastr_d1:location_size3

infrastr_d1:location_size4

infrastr_d1:location_sizeb

0.30

-0.12

-0.38

-0.42

0.26

0.00

-1.10

-1.24

-0.97

-0.78

0.84

0.60

0.56

2039.74

0.00

0.58

0.64

0.60

0.60

0.36

-0.21

-0.69

-0.00

-1.88

-1.94

-1.63

-1.30

0.72

0.84

0.49

1.00

0.62

0.23

0.06

0.05

0.10

0.19

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1240.93

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1497.03

1049

1049

1049

1049

1049

1049

1049

1049

1049

1049

1109

1109

1109

1109

1109

1109

1109

1109

1109

1109
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:famil_numb

infrastr_d1:elect_induc

(Intercept)

socialsup_d1

sex2

age

educ2

educ3

educd

educh

0.18

0.49

-2.12

-1.44

0.48

0.02

-0.31

-0.34

-0.15

-1.62

0.16

0.69

0.64

1.66

0.14

0.01

0.36

0.45

0.32

0.64

1.13

0.70

-3.34

-0.87

3.44

3.23

-0.86

-0.74

-0.46

0.26

0.48

0.00

0.39

0.00

0.00

0.39

0.46

0.65

0.01

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1240.93

1240.93

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1497.03

1497.03

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1049

1049

1561

1561

1561

1561

1561

1561

1561

1109

1109

1621

1621

1621

1621

1621

1621

1621

1621
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term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

educ6 -0.08

empl2 0.41

empl3 -0.43

empl4 -0.61

empl5 -0.63

empl6 -0.61

empl7 -0.14

empl8 0.70

empl9 -0.44

empl10 -0.26

0.34

0.38

0.30

0.34

0.30

0.45

0.46

0.44

0.38

-0.24

-1.40

-1.79

-2.11

-1.34

-0.39

-0.98

-0.69

0.81

0.28

0.16

0.07

0.04

0.18

0.70

0.13

0.33

0.49

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

emplll

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average,income

location_size2

location_size3

location_size4

0.73

-0.66

-0.20

0.00

-16.39

0.06

0.00

0.04

0.21

0.26

0.44

0.41

0.28

0.20

937.32

0.20

0.00

0.24

0.25

0.25

1.64

-1.61

-0.72

0.02

-0.02

0.30

0.28

0.17

0.82

0.10

0.11

0.47

0.99

0.99

0.76

0.78

0.87

0.41

0.31

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

location_size5

famil_numb

elect_induc

socialsup_d1:sex2

socialsup_dl:age

socialsup_dl:educ2

socialsup_dl:educ3

socialsup_dl:educ4

socialsup_dl:educh

socialsup_d1:educ6

0.53

0.13

0.55

0.56

0.01

0.36

-0.35

-0.29

-14.08

-0.24

0.25

0.06

0.23

0.38

0.02

0.97

1.18

0.87

T77.24

0.89

2.13

0.33

0.37

-0.30

-0.34

-0.02

-0.27

0.03

0.02

0.01

0.13

0.74

0.71

0.77

0.73

0.99

0.79

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

socialsup_d1:empl2

socialsup_d1:empl3

socialsup_d1l:empl4

socialsup_d1:empl5

socialsup_d1:empl6

socialsup_d1:empl7

socialsup_d1:empl8

socialsup_d1:empl9

socialsup_d1:empl10

socialsup_d1l:empll1

-0.72

0.37

0.14

0.10

-14.47

0.10

-1.62

1.09

0.08

-2.49

1.03

0.76

0.85

0.75

601.83

0.85

1.39

1.02

0.95

1.36

-0.70

0.48

0.16

0.13

-0.02

0.12

-1.17

0.08

-1.82

0.48

0.63

0.87

0.90

0.98

0.91

0.24

0.29

0.94

0.07

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621

176



CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

socialsup_d1l:marr_stat2

socialsup_d1l:marr_stat3

socialsup_d1:marr_stat4

socialsup_d1l:marr_statb

socialsup_d1l:marr_stat6

socialsup_d1l:average_income

socialsup_d1:location_size2

socialsup_d1:location_size3

socialsup_d1:location sized

socialsup_d1:location_sizeb

0.83

-0.14

-0.36

1.04

0.00

0.37

-0.37

0.28

0.05

0.88

0.70

0.53

2592.79

0.00

0.60

0.67

0.64

0.62

0.94

-0.20

-0.68

0.00

-1.11

0.61

-0.55

0.44

0.08

0.35

0.84

0.50

1.00

0.27

0.07

0.66

0.94

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1798.72

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1985.83

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621

177



CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

socialsup_d1:famil_numb

socialsup_dl:elect_induc

(Intercept)

econdev_d1

sex2

age

educ2

educ3

educd

educh

0.14

-2.53

-3.05

0.61

0.02

0.24

0.09

-0.04

0.94

0.13

0.69

1.68

0.15

0.01

0.36

0.45

0.33

0.71

1.09

-2.27

-4.41

0.36

3.41

3.86

0.68

0.20

-0.12

0.27

0.02

0.00

0.72

0.00

0.00

0.84

0.90

0.18

Social
Support+
Inducement
Social
Support+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1798.72

1798.72

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1985.83

1985.83

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

educ6

empl2

empl3

empl4

empl5

empl6

empl?

empl8

empl9

empl10

-0.23

0.88

0.35

0.01

0.21

-0.83

0.84

0.41

0.54

0.39

0.36

0.46

0.38

0.40

0.37

0.68

0.40

0.51

0.47

0.46

-0.65

0.92

0.02

-1.22

0.80

0.52

0.06

0.36

0.98

0.57

0.22

0.04

0.42

0.25

0.39

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621

179



CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

emplll

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average,income

location_size2

location_size3

location_size4

-0.17

-0.21

-0.41

0.17

-15.23

0.18

0.00

-0.11

-0.43

0.01

0.52

0.35

0.23

0.21

508.08

0.20

0.00

0.26

0.26

0.26

-0.32

-0.60

-1.78

0.82

-0.03

0.90

-0.41

-1.67

0.03

0.75

0.55

0.08

0.41

0.98

0.37

0.68

0.10

0.98

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

location_size5

famil_numb

elect_induc

econdev_d1:sex2

econdev_dl:age

econdev_d1l:educ2

econdev_d1:educ3

econdev_d1:educd

econdev_d1:educh

econdev_d1:educ6

-0.13

0.17

0.21

-0.23

0.01

-1.19

-1.61

-0.54

-15.60

-0.92

0.27

0.05

0.26

0.37

0.02

0.79

0.73

661.86

0.81

-0.47

3.19

0.81

-0.63

-1.50

-0.75

-0.02

-1.13

0.64

0.00

0.42

0.59

0.13

0.13

0.45

0.98

0.26

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_dl:empl2

econdev_dl:empl3

econdev_dl:empl4

econdev_dl:empl5

econdev_d1l:empl6

econdev_dl:empl7

econdev_dl:empl8

econdev_dl:empl9

econdev_dl:empl10

econdev_dl:emplll

-0.38

0.48

-0.28

-0.87

0.48

-0.71

-0.36

0.17

-0.05

-1.38

1.14

0.91

0.97

0.91

0.98

1.20

1.09

1.44

-0.33

0.52

-0.28

-0.96

0.30

-0.72

-0.30

0.16

-0.05

-0.96

0.74

0.60

0.78

0.34

0.76

0.47

0.76

0.88

0.96

0.34

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_d1:marr_stat2

econdev_d1:marr_stat3

econdev_dl:marr_stat4

econdev_d1:marr_stath

econdev_d1:marr_stat6

econdev_dl:average_income

econdev_d1:location_size2

econdev_d1:location_size3

econdev_d1:location_size4

econdev_d1:location_sizeb

0.03

0.97

-0.56

1.79

-0.03

0.00

0.52

0.17

0.84

0.83

0.54

0.53

1146.18

0.00

0.66

0.66

0.64

0.65

0.03

1.79

-1.05

0.00

-0.06

0.07

0.08

0.78

0.26

0.97

0.07

0.29

1.00

0.95

0.94

0.94

0.44

0.79

0.19

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1816.87

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1989.46

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_d1:famil_numb

econdev_d1:elect_induc

(Intercept)

personconnect_d1

sex2

age

educ2

educ3

educd

educh

-0.05

-1.52

-6.84

4.00

0.11

0.03

1.76

-0.51

0.87

-13.44

0.14

0.67

2.97

0.03

2.01

2.45

1.96

880.61

-0.39

-2.25

-2.30

0.21

0.87

-0.21

0.44

-0.02

0.69

0.02

0.02

0.19

0.83

0.32

0.38

0.83

0.66

0.99

Economic
Development+
Inducement
Economic
Development+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1816.87

1816.87

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1989.46

1989.46

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

1561

1561

1562

1562

1562

1562

1562

1562

1562

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

educ6

empl2

empl3

empl4

empl5

empl6

empl?

empl8

empl9

empl10

1.08

-0.60

0.31

-1.01

-1.97

-4.11

-0.12

-15.41

0.67

0.04

2.00

1.34

0.91

1.15

1.12

3.39

1.23

619.81

1.46

0.54

-0.44

0.34

-0.88

-1.76

-1.21

-0.10

-0.02

0.46

0.03

0.59

0.66

0.73

0.38

0.08

0.22

0.92

0.98

0.65

0.98

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

1562

1562

1562

1562

1562

1562

1562

1562

1562

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

emplll

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average,income

location_size2

location_size3

location_size4

-5.01

-1.11

1.74

1.62

-15.21

1.25

0.00

0.70

-0.47

0.83

3.44

1.23

0.85

0.85

478.52

0.81

0.00

0.86

1.00

0.85

-1.46

-0.90

-0.03

2.16

0.82

-0.47

0.97

0.15

0.37

0.04

0.06

0.97

0.12

0.03

0.41

0.64

0.33

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

1562

1562

1562

1562

1562

1562

1562

1562

1562

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

location_size5

famil_numb

elect_induc

personconnect_d1:sex2

personconnect_dl:age

personconnect_d1:educ2

personconnect_dl:educ3

personconnect_d1:educd

personconnect_d1:educh

personconnect_dl:educ6

1.49

0.72

-0.55

0.54

-0.00

-2.05

0.09

-1.12

13.38

0.88

0.25

0.95

0.03

2.05

1.99

880.61

2.03

1.69

-0.57

0.98

-0.18

-1.00

0.04

-0.56

0.02

-0.74

0.09

0.00

0.57

0.33

0.86

0.32

0.97

0.99

0.46

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

1562

1562

1562

1562

1562

1562

1562

1562

1562

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1l:empl2

personconnect_d1l:empl3

personconnect_d1:empl4

personconnect_d1l:empl5

personconnect_d1:empl6

personconnect_d1:empl7

personconnect_d1l:empl8

personconnect_d1:empl9

personconnect_d1:empl10

personconnect_d1l:empll1

1.04

-0.05

0.95

1.99

2.73

0.60

16.19

-0.22

0.19

4.49

1.40

0.98

1.21

3.47

1.29

619.81

1.52

1.63

0.74

-0.05

0.79

0.79

0.47

0.03

-0.14

0.12

0.46

0.96

0.43

0.09

0.43

0.64

0.98

0.89

0.91

0.20

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

1562

1562

1562

1562

1562

1562

1562

1562

1562

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621

188



CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1l:marr_stat2

personconnect_dl:marr_stat3

personconnect_d1:marr_stat4

personconnect_dl:marr_statb

personconnect_d1l:marr_stat6

personconnect_dl:average_income

personconnect_d1:location size2

personconnect_dl:location_size3

personconnect_d1:location size4

personconnect_dl:location_sizeb

0.83

-2.02

-1.80

-1.31

-0.00

-0.44

0.73

-0.37

-1.03

1.28

0.88

0.88

0.83

0.00

0.90

1.03

0.89

0.92

0.65

-2.30

-2.04

-1.67

-0.49

0.71

-0.42

-1.11

0.52

0.02

0.04

0.11

0.09

0.62

0.48

0.67

0.27

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

1817.72

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

2010.86

1562

1562

1562

1562

1562

1562

1562

1562

1562

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1:famil numb

personconnect_dl:elect_induc

(Intercept)

indivwealth_d1

sex2

age

educ2

educ3

educd

educh

-0.59

0.28

-2.01

-1.54

0.83

0.04

-1.77

-1.47

-2.06

-16.92

0.25

0.99

1.13

1.36

0.24

0.01

0.72

0.50

689.57

-2.33

0.28

-1.79

-1.14

3.62

-3.31

-2.05

-4.15

-0.02

0.02

0.78

0.07

0.26

0.00

0.00

0.00

0.04

0.00

0.98

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1817.72

1817.72

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

2010.86

2010.86

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

1562

1562

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

educ6

empl2

empl3

empl4

empl5

empl6

empl?

empl8

empl9

empl10

-2.32

0.76

0.85

0.12

-14.48

0.48

1.96

-0.67

0.53

0.69

0.57

0.62

595.03

0.61

0.78

0.80

0.84

-4.37

0.21

-0.02

0.79

1.39

-0.80

0.00

0.27

0.04

0.17

0.83

0.98

0.43

0.01

0.16

0.43

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

emplll -1.20

marr_stat2 -0.53

marr_stat3 -0.15

marr_stat4 -1.10

marr_stath -15.18

marr_stat6 -0.17

average_income 0.00

location_size2 -0.51

location_size3 -0.52

location_size4 -0.90

1.55

0.59

0.36

0.40

1458.79

0.36

0.00

0.42

0.44

0.44

-0.78

-0.89

-0.42

-2.72

-0.01

-0.47

1.47

-1.21

-1.17

-2.07

0.44

0.37

0.68

0.01

0.99

0.64

0.14

0.23

0.24

0.04

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

location_size5

famil_numb

elect_induc

indivwealth_d1:sex2

indivwealth_d1:age

indivwealth_d1:educ2

indivwealth_d1:educ3

indivwealth_d1:educ4

indivwealth_d1:educb

indivwealth_d1:educ6

-0.15

0.21

-1.58

-0.39

-0.02

1.88

2.56

17.44

2.71

0.43

0.10

0.64

0.28

0.01

0.69

0.90

0.64

689.57

0.69

-0.36

-2.48

-1.36

3.15

3.98

0.03

3.96

0.72

0.03

0.01

0.17

0.13

0.00

0.04

0.00

0.98

0.00

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

indivwealth_d1:empl2

indivwealth_d1:empl3

indivwealth_d1:empl4

indivwealth_d1:empl5

indivwealth_d1:empl6

indivwealth_d1:empl7

indivwealth_d1:empl8

indivwealth_d1:empl9

indivwealth_d1:empl10

indivwealth_d1:empll11

-0.16

-0.89

-0.83

-0.18

13.69

-0.01

-1.44

-0.76

0.94

0.82

0.67

0.74

0.69

595.03

0.72

0.93

0.93

0.94

1.69

-0.19

-1.33

-1.12

-0.27

0.02

-0.01

-0.82

0.85

0.18

0.26

0.79

0.98

0.99

0.12

0.42

0.24

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

indivwealth_d1:marr_stat2

indivwealth_d1:marr_stat3

indivwealth_d1:marr_stat4

indivwealth_d1:marr_statb

indivwealth_d1:marr_stat6

indivwealth_d1:average_income

indivwealth_d1:location_size2

indivwealth_d1:location_size3

indivwealth_d1:location_size4

indivwealth_d1:location_size5

0.25

0.02

1.41

-0.87

0.16

-0.00

0.82

1.51

0.69

0.71

0.44

0.47

1789.30

0.42

0.00

0.55

0.54

0.35

0.05

3.00

-0.00

0.37

-0.36

2.79

0.72

0.96

0.00

1.00

0.71

0.72

0.07

0.13

0.01

0.19

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

1789.47

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

2011.53

1561

1561

1561

1561

1561

1561

1561

1561

1561

1621

1621

1621

1621

1621

1621

1621

1621

1621

1621
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term estimate std.error statistic p.value model name Deviance

NullDeviance

DF

n

Individual
indivwealth_d1:famil_numb -0.12 0.12 -0.99 0.32 Wealth+ 1789.47
Inducement
Individual
indivwealth_d1:elect_induc 1.46 0.71 2.07 0.04 Wealth+ 1789.47
Inducement

2011.53

1561

2011.53 1561

1621

1621

Table 10: GLM model: UR core vs swing voters + Inducement interaction

term estimate std.error statistic p.value model name Deviance NullDeviance

DF

n

Infrastructural
(Intercept) -4.30 1.52 -2.83 0.00 development + 553.70
Inducement
Infrastructural
infrastr_d1 3.23 2.78 1.16 0.25 development + 553.70
Inducement
Infrastructural
sex2 0.23 0.30 0.76 0.45 development + 553.70
Inducement
Infrastructural
age -0.00 0.01 -0.22 0.83 development + 553.70
Inducement
Infrastructural
educ2 1.27 0.76 1.67 0.10 development + 553.70
Inducement
Infrastructural
educ3 1.85 1.04 1.78 0.08 development + 553.70
Inducement
Infrastructural
educd 0.80 0.71 1.12 0.26 development + 553.70
Inducement

640.55

640.55

640.55

640.55

640.55

640.55

640.55

448

448

448

448

448

448

448

504

504

504

504
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

educh

educ6

empl2

empl3

empld

emplb

empl6

empl7

empl8

empl9

1.35

1.26

0.63

1.98

1.70

2.28

1.36

0.75

1.08

0.89

0.94

0.90

2537.42

0.94

1.03

1.00

1.00

0.59

1.68

2.10

1.89

-0.01

2.44

1.72

1.05

0.32

0.09

0.56

0.09

0.04

0.06

1.00

0.02

0.09

0.29

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl10

emplll

marr_stat2

marr_stat3

marr_stat4

marr_stat6

average,income

location_size2

location_size3

location_size4

0.63

0.57

-0.79

0.02

-0.69

-0.31

0.00

1.16

0.98

1.15

2.34

0.92

0.38

0.42

0.45

0.00

0.56

0.55

0.25

-0.86

0.06

-1.63

-0.69

2.23

1.76

1.40

0.58

0.81

0.39

0.95

0.10

0.49

0.10

0.03

0.08

0.16

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

location_sizeb 1.21
famil numb 0.02
elect_induc -0.69
infrastr_d1:sex2 0.53
infrastr_d1:age -0.03
infrastr_d1:educ2 -0.41
infrastr_d1:educ3 -17.95
infrastr_d1l:educ4 -0.11

infrastr_d1:educh

infrastr_d1:educ6 0.57

0.53

0.13

0.62

0.75

0.03

1.50

1647.68

1.40

1.63

2.28

0.14

-1.12

0.71

-0.92

-0.27

-0.01

-0.08

0.35

0.02

0.89

0.26

0.48

0.36

0.79

0.99

0.94

0.73

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:empl2 -19.23

infrastr_d1l:empl3 -3.49

infrastr_d1:empl4 -3.70

infrastr_d1:emplb -2.04

infrastr_d1:empl6

infrastr_d1:empl7 -3.49

infrastr_d1:empl8 -1.29

infrastr_d1:empl9 -3.86

infrastr_d1:empl10 -18.41

infrastr_dl:emplll -19.84

1235.57

1.46

1.62

1.48

1.67

1.77

1.92

1701.99

4082.85

-0.02

-2.39

-2.28

-1.38

-2.09

-0.73

-2.01

-0.01

-0.00

0.99

0.02

0.02

0.17

0.04

0.47

0.05

0.99

1.00

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:marr_stat2 -0.13

infrastr_d1:marr_stat3 -0.03

infrastr_d1:marr_stat4 0.23

infrastr_d1:marr_stat6 -1.21

0.00

infrastr_d1:average_income

infrastr_d1:location_size2 -0.64
infrastr_d1:location_size3 1.43
infrastr_d1:location_size4 1.13
-0.04

infrastr_d1:location_sizeb

infrastr_d1:famil_numb -0.03

1.68

0.89

0.95

1.07

0.00

1.17

1.27

1.21

1.17

0.27

-0.08

-0.03

0.24

-1.13

0.56

-0.55

0.93

-0.04

-0.10

0.94

0.98

0.81

0.26

0.58

0.59

0.26

0.35

0.97

0.92

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

553.70

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

640.55

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

infrastr_d1:elect_induc

(Intercept)

socialsup_d1

sex2

age

educ2

educ3

educd

educh

educ6

-1.24

-2.44

-7.95

0.02

0.00

0.61

1.22

1.69

1.27

1060.06

0.29

0.01

0.70

0.87

0.62

1.31

0.66

-0.73

-1.93

-0.01

0.06

0.02

0.87

1.10

0.30

0.55

Infrastructural
0.46 development +
Inducement
Social
0.05 Support+
Inducement
Social
0.99 Support+
Inducement
Social
0.95 Support+
Inducement
Social
0.98 Support+
Inducement
Social
0.38 Support+
Inducement
Social
0.27 Support+
Inducement
Social
0.77 Support+
Inducement
Social
0.58 Support+
Inducement
Social
0.07 Support+
Inducement

553.70

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

640.55

645.86

645.86

645.86

645.86

645.86

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2

empl3

empl4

empl5

empl6

empl7

empl8

empl9

empl10

empll1

-1.58

0.01

0.33

-16.11

0.45

1.42

-1.03

-0.84

-3.48

0.75

0.57

0.65

1096.57

0.65

0.79

0.87

0.74

1.42

-2.11

0.01

0.22

0.60

-0.01

0.69

-1.19

-1.14

-2.45

0.04

0.99

0.83

0.99

0.49

0.07

0.24

0.25

0.01

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

645.86

645.86

645.86

645.86

645.86

645.86

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2

marr_stat3

marr_statd

marr_stat6

average_income

location_size2

location_size3

location_size4

location_size5

famil_numb

-0.61

-0.54

-0.48

-0.88

0.00

1.00

1.69

1.45

1.26

0.07

0.90

0.48

0.38

0.43

0.00

0.50

0.51

0.12

-0.68

-1.12

-1.26

-2.08

1.99

3.31

2.82

2.47

0.50

0.26

0.21

0.04

0.13

0.05

0.00

0.01

0.01

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

645.86

645.86

645.86

645.86

645.86

645.86

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

elect_induc

socialsup_d1:sex2

socialsup_dl:age

socialsup_d1:educ2

socialsup_d1:educ3

socialsup_dl:educd

socialsup_d1:educh

socialsup_d1:educ6

socialsup_d1:empl2

socialsup_d1:empl3

-0.13

0.23

-0.03

-2.99

-2.64

-3.99

-3.33

1.34

15.53

0.44

0.98

0.05

2.44

2.79

2.36

2.19

1656.97

1060.06

-0.30

0.24

-0.53

-1.23

-0.95

-1.69

0.00

0.01

0.76

0.81

0.59

0.22

0.34

0.09

0.13

1.00

0.99

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

645.86

645.86

645.86

645.86

645.86

645.86

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504

205



CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

socialsup_d1:empl4

socialsup_d1:empl5

socialsup_d1:empl6

socialsup_d1:empl7

socialsup_d1:empl8

socialsup_d1:empl9

socialsup_d1:empl10

socialsup_dl:empll1

socialsup_d1l:marr_stat2

socialsup_d1l:marr_stat3

15.97

14.58

16.04

-4.35

13.97

16.85

-15.23

1.86

1060.06

1060.06

1060.06

2791.18

1060.06

1060.06

2791.19

1420.71

1.74

0.02

0.01

0.02

-0.00

0.01

0.02

0.00

-0.01

0.99

0.99

0.99

1.00

0.99

0.99

1.00

0.99

0.29

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

645.86

645.86

645.86

645.86

645.86

645.86

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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CEU eTD Collection

term estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

socialsup_d1:marr_stat4 1.74

socialsup_d1l:marr_stat6 -0.93

socialsup_dl:average_income -0.00

socialsup_d1:location_size2 -0.93

socialsup_d1:location_size3 -1.46

socialsup_d1:location_size4 -4.44

socialsup_d1:location_sizeb -1.72

socialsup_d1:famil numb -0.33

socialsup_d1:elect_induc -16.48

(Intercept) -3.23

1.38

1.59

0.00

1.48

1.83

2.10

1.59

0.39

2582.05

1.27

-0.58

-1.04

-0.63

-0.80

-2.11

-1.09

-0.84

-0.01

-2.39

Social
0.21 Support+
Inducement
Social
0.56 Support+
Inducement
Social
0.30 Support+
Inducement
Social
0.53 Support+
Inducement
Social
0.43 Support+
Inducement
Social
0.04 Support+
Inducement
Social
0.28 Support+
Inducement
Social
0.40 Support+
Inducement
Social
0.99 Support+
Inducement
Economic
0.02 Development+
Inducement

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

538.78

645.86

645.86

645.86

645.86

645.86

645.86

662.61

448

448

448

448

448

448

448

448

448

447

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_d1

sex2

age

educ2

educ3

educd

educh

educ6

empl2

empl3

-1.98

-0.34

0.03

-0.01

-0.36

-0.13

-2.28

-0.25

3.43

0.29

0.01

0.65

0.78

0.61

1.21

0.66

1.09

0.72

-0.58

-1.18

2.33

-0.02

-0.46

-0.21

0.20

1.70

-2.10

-0.35

0.56

0.24

0.02

0.98

0.64

0.83

0.84

0.09

0.04

0.73

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

565.77

565.77

565.77

565.77

565.77

565.77

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

447

447

447

447

447

447

447

447

447

447

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl4

empl5

empl6

empl7

empl8

empl9

empl10

emplll

marr_stat2

marr_stat3

0.58

0.29

-14.33

-0.23

-0.88

-0.82

-1.01

-0.50

0.02

0.76

0.72

825.64

0.76

0.98

0.91

1.00

0.99

0.77

0.39

0.77

0.40

-0.02

-0.30

-0.89

-0.89

-1.01

0.15

-0.65

0.04

0.44

0.69

0.99

0.76

0.37

0.37

0.31

0.88

0.52

0.97

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

565.77

565.77

565.77

565.77

565.77

565.77

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

447

447

447

447

447

447

447

447

447

447

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat4

marr_stat6

average,income

location_size2

location_size3

location_size4

location_size5

famil_numb

elect_induc

econdev_d1:sex2

-0.26

-0.55

0.00

1.32

1.20

1.16

0.33

1.81

0.37

0.40

0.00

0.53

0.51

0.11

0.46

0.88

-0.71

-1.37

0.86

2.34

2.49

2.34

2.17

1.46

0.72

2.05

0.48

0.17

0.39

0.02

0.01

0.02

0.03

0.15

0.47

0.04

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

565.77

565.77

565.77

565.77

565.77

565.77

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

447

447

447

447

447

447

447

447

447

447

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_dl:age

econdev_d1:educ2

econdev_dl:educ3

econdev_d1:educd

econdev_d1:educh

econdev_d1:educ6

econdev_dl:empl2

econdev_dl:empl3

econdev_dl:empld

econdev_dl:empl)

-0.03

1.64

2.47

-0.40

-0.24

-3.32

0.66

0.03

1.49

2.25

1.34

1.59

2.79

1.89

2.43

1.96

-0.82

1.10

-0.25

-0.13

-1.37

0.34

0.41

0.27

0.27

0.26

0.80

0.90

0.17

0.74

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

565.77

565.77

565.77

565.77

565.77

565.77

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

447

447

447

447

447

447

447

447

447

447

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_dl:empl6

econdev_dl:empl7

econdev_d1l:empl8

econdev_dl:empl9

econdev_dl:empl10

econdev_dl:emplll

econdev_d1:marr_stat2

econdev_d1l:marr_stat3

econdev_d1:marr_stat4

econdev_d1l:marr_stat6

-1.25

0.23

1.94

-0.39

-21.90

0.68

0.87

-0.02

1713.71

2.17

2.54

2.24

2.23

1501.71

757.97

0.89

1.07

-0.00

0.11

0.76

-0.17

0.99

-0.01

-0.02

0.76

0.81

-0.02

1.00

0.91

0.45

0.86

0.32

0.99

0.98

0.45

0.42

0.98

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

565.77

565.77

565.77

565.77

565.77

565.77

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

662.61

447

447

447

447

447

447

447

447

447

447

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_dl:average_income

econdev_d1:location_size2

econdev_dl:location size3

econdev_d1:location_size4

econdev_d1:location_sizeb

econdev_d1:famil numb

econdev_d1:elect_induc

(Intercept)

personconnect_d1

elect_induc

0.00

-0.76

-0.57

0.30

-0.10

-1.69

-1.53

-13.31

0.00

1.31

1.37

1.38

1.27

0.30

0.38

0.39

610.50

1.87

-0.58

-0.42

0.41

0.24

-0.33

-1.10

-4.01

3.02

-0.02

0.06

0.56

0.68

0.68

0.81

0.74

0.27

0.00

0.00

0.98

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

565.77

565.77

565.77

565.77

565.77

660.82

660.82

660.82

662.61

662.61

662.61

662.61

662.61

662.61

662.61

674.79

674.79

674.79

447

447

447

447

447

447

447

500

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_dl:elect_induc

(Intercept)

indivwealth_d1

sex2

age

educ2

educ3

educd

educh

educ6

13.07

-7.43

0.00

0.03

-0.16

-0.67

-0.52

610.50

2.63

2.99

0.02

0.99

1.31

0.89

1.07

1.01

0.02

-2.82

1.83

2.70

0.19

0.03

-0.12

-0.74

-0.48

0.98

0.00

0.07

0.01

0.85

0.97

0.90

0.46

0.63

Personal
Connections+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

660.82

584.75

584.75

584.75

584.75

584.75

584.75

674.79

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

500

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2

empl3

empl4

empl5

empl6

empl7

empl8

empl9

empl10

empll1

-15.27

1.43

0.81

-15.21

2.41

2.96

0.64

-1.65

-19.67

844.37

1.44

1.65

1166.87

1.74

1.81

1.74

3.35

3125.67

-0.02

0.49

-0.01

1.39

1.63

0.37

-0.49

-0.01

0.99

0.32

0.62

0.08

0.99

0.17

0.10

0.71

0.62

0.99

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

584.75

584.75

584.75

584.75

584.75

584.75

584.75

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2

marr_stat3

marr_statd

marr_stat6

average_income

location_size2

location_size3

location_size4

location_size5

famil_numb

-1.42

-0.12

-0.62

0.00

1.42

1.44

1.49

0.31

1.66

0.63

0.88

0.90

0.00

1.01

1.04

1.04

1.00

0.23

-0.85

0.19

-0.13

-0.68

2.78

1.40

1.39

1.44

1.77

0.39

0.85

0.89

0.01

0.16

0.17

0.15

0.08

0.17

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

584.75

584.75

584.75

584.75

584.75

584.75

584.75

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

elect_induc

indivwealth_d1:sex2

indivwealth_d1:age

indivwealth_d1:educ2

indivwealth_d1:educ3

indivwealth_d1:educ4

indivwealth_d1:educh

indivwealth_d1:educ6

indivwealth_d1:empl2

indivwealth_d1:empl3

-1.75

-1.80

0.01

0.82

0.38

-0.24

14.58

-1.28

1.78

0.65

0.03

1.26

1.65

1.26

844.37

1.60

-0.98

-2.77

0.46

-0.40

0.50

0.33

-0.19

0.02

-0.80

0.33

0.01

0.65

0.69

0.62

0.74

0.85

0.99

0.42

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

584.75

584.75

584.75

584.75

584.75

584.75

584.75

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

indivwealth_d1:empl4

indivwealth_d1:emplb

indivwealth_d1:empl6

indivwealth_d1:empl7

indivwealth_d1:empl8

indivwealth_d1:empl9

indivwealth_d1:empl10

indivwealth d1:empll1

indivwealth_d1:marr_stat2

indivwealth_d1:marr_stat3

-0.31

-2.23

-2.23

-2.36

-0.01

2.06

19.16

0.36

-0.27

1.81

1.70

1.88

2.02

1.95

3125.67

1.88

0.74

-0.17

-1.31

-1.19

-1.16

-0.00

0.60

0.01

0.19

-0.37

0.87

0.19

0.24

0.24

1.00

1.00

0.85

0.71

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

584.75

584.75

584.75

584.75

584.75

584.75

584.75

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

448

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

indivwealth_d1:marr_stat4

indivwealth_d1:marr_stat6

indivwealth_d1:average_income

indivwealth_d1:location_size2

indivwealth_d1:location_size3

indivwealth_d1:location size4

indivwealth_d1:location_size5

indivwealth_d1:famil_numb

indivwealth_d1:elect_induc

-0.39

-0.17

-0.00

-0.43

-0.19

-0.89

-0.29

1.78

0.96

1.00

0.00

1.19

1.23

1.22

0.26

1.87

-0.40

-0.17

-2.57

-0.49

-0.35

-0.16

-0.75

-1.14

0.95

0.69

0.86

0.01

0.63

0.72

0.87

0.25

0.34

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

584.75

584.75

584.75

584.75

584.75

584.75

584.75

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

671.04

448

448

448

448

448

448

448

448

448

504

504

504

504

504

504

504
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Table 11: GLM model: UR swing voters vs other parties/non-voters + Inducement interaction

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

n

(Intercept)

infrastr_d1

sex2

age

educ2

educ3

educd

educh

educ6

-2.77

0.91

0.50

0.03

-0.91

-1.78

-0.32

-1.78

0.84

1.58

0.19

0.01

0.49

0.70

0.43

0.84

0.47

-3.29

0.58

3.57

-1.88

-2.53

-0.75

-2.13

-1.16

0.00

0.56

0.01

0.00

0.06

0.01

0.45

0.03

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422
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term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2 -0.45

empl3 -0.29

empl4 -1.15

emplH -0.63

empl6 -0.75

empl7 -0.32

empl8 -0.25

empl9 0.34

empl10 -0.00

empll1 -0.86

0.50

0.40

0.44

0.40

0.84

0.44

<
ot
&

0.51

0.52

-0.90

-0.72

-2.62

-1.57

-0.90

-0.71

-0.45

0.66

-0.00

-0.82

0.37

0.47

0.01

0.12

0.37

0.48

1.00

0.41

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average_income

location_size2

location_size3

location_size4

location_size5

0.33

-0.34

0.15

-15.35

0.06

0.00

0.31

0.24

0.25

0.26

0.43

0.31

0.27

921.48

0.28

0.00

0.31

0.33

0.32

0.33

0.78

-1.07

0.57

-0.02

0.22

0.12

0.73

0.79

0.80

0.44

0.28

0.57

0.99

0.83

0.91

0.31

0.46

0.43

0.42

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

famil_numb

elect_induc

infrastr_d1:sex2

infrastr_d1:age

infrastr_d1:educ2

infrastr_d1:educ3

infrastr_d1:educ4

infrastr_d1:educh

infrastr_d1:educ6

infrastr_d1:empl2

0.13

-0.17

0.09

-0.01

-0.04

1.06

-0.71

-14.51

-0.85

1.38

0.08

0.35

0.34

0.02

0.91

0.83

759.05

0.89

0.92

1.61

-0.50

0.25

-0.48

-0.04

0.94

-0.85

-0.02

-0.96

0.11

0.62

0.80

0.63

0.97

0.35

0.39

0.98

0.34

0.13

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:empl3

infrastr_d1:empl4

infrastr_d1:emplb

infrastr_d1:empl6

infrastr_d1:empl7

infrastr_d1:empl8

infrastr_d1:empl9

infrastr_d1:empl10

infrastr_dl:empl11

infrastr_d1:marr_stat2

0.11

0.93

-0.04

-14.29

0.19

0.70

-0.11

-0.12

0.73

0.78

0.83

0.80

780.18

0.84

1.06

1.05

1.02

1.71

0.79

0.14

-0.05

-0.02

0.23

0.66

-0.11

-0.12

0.43

-0.68

0.89

0.26

0.96

0.99

0.82

0.51

0.91

0.91

0.67

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:marr_stat3

infrastr_d1:marr_stat4

infrastr_d1:marr_statb

infrastr_d1:marr_stat6

infrastr_d1:average_income

infrastr_d1:location_size2

infrastr_d1:location_size3

infrastr_d1:location_size4

infrastr_d1:location_sizeb

infrastr_d1:famil_numb

-0.20

-0.79

-0.12

-0.16

0.00

0.07

-0.35

-0.12

0.04

-0.04

0.54

0.53

1651.35

0.00

0.55

0.60

0.56

0.57

0.14

-0.37

-1.48

-0.00

-0.31

0.13

-0.22

0.07

-0.28

0.71

0.14

1.00

0.76

0.24

0.89

0.83

0.94

0.78

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1378.77

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1507.64

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:elect_induc

(Intercept)

socialsup_d1

sex2

age

educ2

educ3

educd

educh

educ6

0.63

-2.05

-2.09

0.42

0.02

-0.76

-0.79

-0.26

-2.25

0.62

0.75

1.92

0.17

0.01

0.43

0.37

0.83

0.40

1.03

-2.75

-1.09

-1.76

-1.40

-0.71

-2.71

-1.26

0.31

0.01

0.28

0.01

0.01

0.08

0.16

0.48

0.01

0.21

Infrastructural
development +
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1378.77

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1507.64

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2 0.78

empl3 -0.45

empl4 -0.66

emplH -0.82

empl6 -0.29

empl7 -0.26

empl8 0.14

empl9 -0.11

empl10 -0.01

empll1 1.31

0.44

0.37

0.41

0.36

0.42

0.60

0.51

0.44

0.49

1.78

-1.21

-1.62

-2.25

-0.62

0.24

-0.22

-0.03

0.08

0.22

0.11

0.02

0.56

0.53

0.81

0.82

0.98

0.01

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422

227



CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average_income

location_size2

location_size3

location_size4

location_size5

-0.33

0.05

0.24

-15.49

0.43

-0.00

-0.24

-0.49

-0.13

0.12

0.47

0.33

0.24

943.00

0.23

0.00

0.28

0.31

0.29

0.28

-0.70

0.16

0.97

-0.02

-0.46

-0.85

-1.60

-0.44

0.42

0.49

0.87

0.33

0.99

0.06

0.65

0.40

0.11

0.66

0.68

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

famil_numb

elect_induc

socialsup_d1:sex2

socialsup_d1:age

socialsup_dl:educ2

socialsup_dl:educ3

socialsup_d1:educ4

socialsup_d1:educb

socialsup_dl:educ6

socialsup_d1:empl2

0.16

0.31

0.61

0.01

1.36

0.18

0.44

-12.82

0.52

-1.01

0.07

0.28

0.43

0.02

1.44

1.08

778.10

1.11

2.37

1.40

0.36

0.12

0.41

-0.02

0.47

-0.96

0.02

0.27

0.16

0.72

0.25

0.90

0.68

0.99

0.64

0.34

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

socialsup_d1:empl3 -0.08

socialsup_d1:empl4 -0.21

socialsup_d1:empl5 -0.10

socialsup_d1:empl6 -15.07

socialsup_d1:empl7 -0.26

socialsup_d1:empl8 -1.03

socialsup_d1:empl9 0.87

socialsup_d1:empl10 -0.36

socialsup_d1l:empll1 -3.11

socialsup_d1l:marr_stat2 0.84

0.83

0.92

0.80

606.19

0.93

1.46

1.03

1.39

0.94

-0.10

-0.23

-0.13

-0.02

-0.28

-0.70

0.78

-0.35

-2.24

0.89

0.92

0.82

0.90

0.98

0.78

0.48

0.44

0.73

0.03

0.37

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

socialsup_d1:marr_stat3

socialsup_d1l:marr_stat4

socialsup_d1:marr_stath

socialsup_d1l:marr_stat6

socialsup_dl:average income

socialsup_d1:location_size2

socialsup_d1:location_size3

socialsup_dl:location sized

socialsup_d1:location_sizeb

socialsup_d1:famil numb

-0.46

-0.66

0.66

-0.71

0.00

0.55

0.19

0.71

0.34

0.13

0.87

0.62

2595.85

0.00

0.68

0.77

0.72

0.71

0.14

-0.53

-1.07

0.00

-1.23

0.81

0.99

0.48

0.94

0.60

0.29

1.00

0.22

0.04

0.42

0.80

0.32

0.63

0.35

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1346.88

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1493.73

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422

231



CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

socialsup_d1:elect_induc

(Intercept)

econdev_dl

sex2

age

educ2

educ3

educd

educh

educ6

-1.99

-2.60

-0.36

0.61

0.01

0.10

0.12

-0.03

0.49

-0.67

1.14

0.84

2.04

0.18

0.01

0.43

0.40

0.89

0.45

-1.75

-3.10

-0.18

3.28

0.24

0.22

-0.08

0.08

0.00

0.86

0.00

0.17

0.81

0.83

0.93

0.58

0.13

Social
Support+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1346.88

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1493.73

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2

empl3

empl4

empl5

empl6

empl7

empl8

empl9

empl10

empll1

1.46

0.47

-0.03

0.20

-0.69

0.83

0.85

0.71

-0.05

0.57

0.50

0.53

0.49

0.76

0.52

0.63

0.59

0.57

0.69

2.55

0.94

-0.05

0.41

-0.92

1.45

1.26

-0.07

0.01

0.35

0.96

0.68

0.36

0.04

0.19

0.15

0.21

0.94

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average_income

location_size2

location_size3

location_size4

location_size5

0.09

-0.33

0.29

-14.59

0.00

-0.75

-0.35

0.40

0.28

0.27

522.90

0.23

0.00

0.30

0.30

0.30

0.31

0.23

-1.18

-0.03

0.14

-1.71

-2.48

-1.16

-1.61

0.82

0.24

0.28

0.98

0.02

0.89

0.09

0.01

0.24

0.11

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

famil_numb

elect_induc

econdev_dl:sex2

econdev_dl:age

econdev_d1:educ2

econdev_d1l:educ3

econdev_d1:educd

econdev_d1:educh

econdev_d1:educ6

econdev_d1l:empl2

0.13

0.05

-0.43

0.03

-1.18

-1.73

-0.71

-15.01

-0.53

-0.93

0.06

0.33

0.43

0.02

0.93

1.25

0.84

704.29

0.95

1.38

1.96

0.15

-1.00

-1.27

-1.38

-0.84

-0.02

-0.56

-0.67

0.05

0.88

0.32

0.17

0.20

0.17

0.40

0.98

0.57

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_dl:empl3

econdev_dl:empld

econdev_d1l:empl5

econdev_dl:empl6

econdev_dl:empl7

econdev_d1l:empl8

econdev_dl:empl9

econdev_d1l:empl10

econdev_dl:emplll

econdev_d1l:marr_stat2

0.60

0.09

-0.94

0.60

-0.91

-1.06

0.36

-0.54

-0.99

0.28

1.11

1.12

1.70

1.19

1.49

1.31

1.35

1.62

0.89

0.53

0.08

-0.84

0.35

-0.77

-0.71

0.27

-0.40

-0.61

0.31

0.59

0.94

0.40

0.72

0.44

0.48

0.78

0.69

0.54

0.75

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_d1l:marr_stat3

econdev_d1l:marr_stat4

econdev_dl:marr_stath

econdev_d1:marr_stat6

econdev_dl:average income

econdev_d1:location _size2

econdev_d1:location_size3

econdev_d1:location_size4

econdev_d1:location_sizeb

econdev_d1:famil_numb

0.46

-0.78

1.86

-0.03

-0.00

0.54

0.72

0.46

1.07

0.01

0.68

0.69

1174.05

0.00

0.75

0.78

0.74

0.76

0.17

0.68

-1.13

0.00

-0.06

-0.14

0.71

0.93

0.62

0.08

0.50

0.26

1.00

0.96

0.89

0.48

0.16

0.94

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1330.67

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1450.03

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

econdev_d1:elect_induc

(Intercept)

personconnect_d1

sex2

age

educ2

educ3

educd

educh

educ6

-1.10

-8.63

6.21

-0.16

0.04

3.03

0.03

1.91

-12.00

2.34

0.77

4.21

4.29

0.03

3.38

3.96

3.32

891.63

3.35

-1.42

-2.05

-0.27

0.89

0.01

0.57

-0.01

0.70

0.15

0.04

0.15

0.79

0.24

0.37

0.99

0.99

0.49

Economic
Development+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1330.67

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1450.03

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1362

1363

1363

1363

1363

1363

1363

1363

1363

1363

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2

empl3

empl4

empl5

empl6

empl7

empl8

empl9

empl10

empll1

-0.37

0.50

-0.80

-2.25

0.06

-1.25

-0.18

-4.96

1.45

0.97

1.26

1.27

3.50

1.40

633.53

3.31

1.75

3.53

-0.25

0.52

-0.63

-1.77

-1.29

0.04

-0.02

-0.38

-0.10

-1.41

0.80

0.60

0.53

0.08

0.20

0.97

0.98

0.71

0.92

0.16

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1363

1363

1363

1363

1363

1363

1363

1363

1363

1363

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average_income

location_size2

location_size3

location_size4

location_size5

-0.81

1.50

2.05

-14.61

1.70

0.00

0.27

-0.41

0.33

1.27

1.01

1.05

489.49

0.90

0.00

0.97

1.06

0.97

0.94

-0.64

1.48

-0.03

1.41

0.28

-0.39

0.34

0.52

0.14

0.05

0.98

0.06

0.16

0.78

0.69

0.74

0.11

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1363

1363

1363

1363

1363

1363

1363

1363

1363

1363

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

famil_numb

elect_induc

personconnect_d1:sex2

personconnect_dl:age

personconnect_d1:educ2

personconnect_d1:educ3

personconnect_d1:educd

personconnect_dl:educb

personconnect_d1:educ6

personconnect_d1:empl2

0.84

-0.24

0.78

-0.02

-0.64

-2.29

11.70

-3.12

1.09

0.28

0.99

0.61

0.03

3.41

4.00

891.63

3.38

3.03

-0.24

-0.63

-1.05

-0.16

-0.69

0.01

-0.92

0.71

0.00

0.81

0.20

0.30

0.87

0.49

0.99

0.36

0.48

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1363

1363

1363

1363

1363

1363

1363

1363

1363

1363

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1l:empl3

personconnect_d1l:empl4

personconnect_d1:empl5

personconnect_d1:empl6

personconnect_d1:empl7

personconnect_d1:empl8

personconnect_d1l:empl9

personconnect_d1:empl10

personconnect_d1l:empll1

personconnect_d1:marr_stat2

-0.29

0.66

3.36

0.36

15.66

1.81

0.49

4.69

0.83

1.05

1.34

1.34

1.47

633.53

1.83

3.62

1.33

-0.28

0.49

0.94

0.02

0.27

1.30

0.62

0.78

0.62

0.11

0.35

0.81

0.98

0.79

0.19

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1363

1363

1363

1363

1363

1363

1363

1363

1363

1363

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1l:marr_stat3

personconnect_d1l:marr_stat4

personconnect_d1l:marr_stath

personconnect_dl:marr_stat6

personconnect_dl:average_income

personconnect_d1:location size2

personconnect_dl:location_size3

personconnect_d1:location size4

personconnect_d1:location sizeb

personconnect_d1:famil numb

-1.81

-2.17

-1.58

-0.00

-0.25

0.32

-0.25

-1.43

-0.74

1.05

1.08

0.93

0.00

1.01

1.02

0.99

0.28

-1.72

-2.01

-1.70

-1.15

-0.25

0.29

-0.25

-1.44

-2.61

0.09

0.04

0.09

0.25

0.80

0.77

0.80

0.15

0.01

Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1358.08

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1488.62

1363

1363

1363

1363

1363

1363

1363

1363

1363

1363

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_dl:elect_induc

(Intercept)

indivwealth_d1

sex2

age

educ2

educ3

educd

educh

educ6

0.08

-1.58

-1.89

0.49

0.04

-1.78

-1.96

-16.68

-2.36

1.04

1.24

1.55

0.26

0.01

0.60

0.81

0.54

730.33

0.58

0.08

-1.28

-1.22

-2.98

-1.90

-3.60

-0.02

-4.05

0.94

0.20

0.22

0.06

0.00

0.00

0.06

0.00

0.98

0.00

Personal
Connections+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1358.08

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1488.62

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1363

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

empl2

empl3

empl4

empl5

empl6

empl7

empl8

empl9

empl10

empll1

1.20

0.94

-0.18

-14.33

0.47

1.63

1.19

-0.53

-1.00

0.74

0.63

0.68

0.66

597.41

0.67

0.88

0.90

0.89

1.58

1.62

-0.27

-0.02

0.70

-0.60

-0.63

0.11

0.06

0.17

0.79

0.98

0.48

0.06

0.18

0.55

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

marr_stat2 -0.18

marr_stat3 -0.16

marr_stat4 -1.15

marr_stath -14.64

marr_stat6 -0.06

average_income 0.00

location_size2 -0.61

location_size3 -0.71

location_size4 -0.98

location_size5 -0.34

0.64

0.41

0.49

1480.49

0.39

0.00

0.46

0.48

0.47

0.47

-0.28

-0.40

-2.35

-0.01

-0.15

0.44

-1.33

-1.48

-2.07

-0.73

0.78

0.69

0.02

0.99

0.88

0.66

0.18

0.14

0.04

0.47

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

famil_numb

elect_induc

indivwealth_d1:sex2

indivwealth_d1:age

indivwealth_d1:educ2

indivwealth_d1:educ3

indivwealth_d1:educ4

indivwealth_d1:educh

indivwealth_d1:educ6

indivwealth_d1:empl2

0.18

-1.37

0.01

-0.02

2.23

1.66

17.27

2.57

-0.49

0.11

0.69

0.33

0.02

0.82

1.09

0.76

730.33

0.81

0.90

1.64

-2.00

0.03

-1.38

2.72

3.33

0.02

3.16

0.10

0.05

0.98

0.17

0.01

0.13

0.00

0.98

0.00

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

indivwealth_d1:empl3

indivwealth_d1:empl4

indivwealth_d1:empl5

indivwealth_d1:empl6

indivwealth_d1:empl7

indivwealth_d1:empl8

indivwealth_d1:empl9

indivwealth_d1:empl10

indivwealth_d1:empl11

indivwealth_d1:marr_stat2

-0.97

-1.22

-0.16

13.52

-0.16

-1.54

-1.06

0.80

0.92

0.30

0.76

0.84

0.80

597.41

0.83

1.09

1.06

1.04

1.76

0.77

-1.29

-1.45

-0.20

0.02

-0.20

-1.42

-0.99

0.77

0.52

0.39

0.20

0.15

0.84

0.98

0.84

0.16

0.32

0.44

0.60

0.69

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

indivwealth_d1:marr_stat3

indivwealth_d1:marr_stat4

indivwealth_d1:marr_statb

indivwealth_d1:marr_stat6

indivwealth_d1:average_income

indivwealth_d1:location size2

indivwealth_d1:location_size3

indivwealth_d1:location_size4

indivwealth_d1:location_sizeb

indivwealth_d1:famil_numb

0.10

1.71

-0.47

0.36

0.00

0.72

0.61

1.13

0.55

-0.07

0.52

0.57

1818.90

0.47

0.00

0.59

0.62

0.61

0.60

0.13

0.19

3.00

-0.00

0.76

0.23

0.99

0.93

0.85

0.00

1.00

0.45

0.82

0.22

0.32

0.06

0.35

0.60

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1353.88

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1503.19

1362

1362

1362

1362

1362

1362

1362

1362

1362

1362

1422

1422

1422

1422

1422

1422

1422

1422

1422

1422
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CEU eTD Collection

term estimate std.error statistic p.value model name Deviance NullDeviance

DF

Individual
indivwealth_d1:elect_induc 1.20 0.78 1.54 0.12 Wealth+ 1353.88 1503.19
Inducement

1362

1422

Table 12: GLM model: UR core voters vs other parties/non-voters + Inducement interaction

term estimate std.error statistic p.value model name Deviance NullDeviance

DF

Infrastructural
(Intercept) -6.94 1.29 -5.36 0.00 development + 864.18 1037.60
Inducement
Infrastructural
infrastr_d1 2.20 241 0.91 0.36 development + 864.18 1037.60
Inducement
Infrastructural
sex2 0.70 0.23 3.07 0.00 development + 864.18 1037.60
Inducement
Infrastructural
age 0.04 0.01 3.36 0.00 development + 864.18 1037.60
Inducement
Infrastructural
educ2 0.60 0.68 0.88 0.38 development + 864.18 1037.60
Inducement
Infrastructural
educ3 0.24 0.77 0.31 0.76  development + 864.18 1037.60
Inducement
Infrastructural
educd 0.67 0.64 1.06 0.29 development + 864.18 1037.60
Inducement
Infrastructural
educh -0.09 1.05 -0.08 0.94 development + 864.18 1037.60
Inducement

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

educ6

empl2

empl3

empl4

empl5

empl6

empl?

empl8

empl9

empl10

0.85

0.24

0.98

0.77

-14.52

1.44

1.64

1.46

0.71

0.66

0.91

0.79

0.80

0.80

1193.11

0.81

0.89

0.90

1.28

0.26

1.22

0.96

-0.01

1.78

1.85

1.64

0.69

0.20

0.79

0.13

0.22

0.34

0.99

0.08

0.06

0.10

0.49

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

emplll

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average,income

location_size2

location_size3

location_size4

-0.35

-1.03

-0.49

-0.74

-17.12

-0.30

0.00

1.59

1.25

1.01

1.88

0.77

0.32

0.34

2528.05

0.35

0.00

0.43

0.45

0.45

-0.19

-1.33

-2.17

-0.01

-0.85

2.40

3.74

2.81

2.27

0.85

0.18

0.12

0.03

0.99

0.40

0.02

0.00

0.01

0.02

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

location_size5

famil_numb

elect_induc

infrastr_d1:sex2

infrastr_d1:age

infrastr_d1:educ2

infrastr_d1:educ3

infrastr_d1:educ4

infrastr_d1:educh

infrastr_d1:educ6

1.47

-0.02

-0.82

0.64

-0.03

-0.57

-17.57

-1.23

-16.36

-1.37

0.44

0.09

0.50

0.50

0.02

1.23

1596.24

1.17

1836.25

1.26

3.33

-0.16

-1.63

1.27

-1.13

-0.46

-0.01

-1.06

-0.01

-1.09

0.00

0.87

0.10

0.20

0.26

0.65

0.99

0.29

0.99

0.28

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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term estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:empl2 -19.08

infrastr_d1l:empl3 -2.42

infrastr_d1:empl4 -2.35

infrastr_d1:emplb -1.38

infrastr_d1:empl6 -3.21

infrastr_d1:empl7 -2.26

infrastr_d1:empl8 0.05

infrastr_d1:empl9 -2.25

infrastr_d1:empl10 -17.30

infrastr_dl:emplll -16.39

1539.89

1.16

1.25

1.17

2113.79

1.25

1.42

1.45

1664.53

3315.73

-0.01

-2.08

-1.89

-1.18

-0.00

-1.80

0.03

-1.55

-0.01

-0.00

0.99

0.04

0.06

0.24

0.07

0.97

0.12

0.99

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:marr_stat2

infrastr_d1:marr_stat3

infrastr_d1:marr_stat4

infrastr_d1:marr_stath

infrastr_d1:marr_stat6

infrastr_d1:average_income

infrastr_d1:location_size2

infrastr_d1:location_size3

infrastr_d1:location_size4

infrastr_d1:location_sizeb

-0.73

0.27

0.02

-2.05

-1.16

0.00

-0.65

-0.03

0.49

0.04

1.45

0.73

0.74

3850.58

0.90

0.00

0.98

0.95

0.96

-0.50

0.36

0.02

-0.00

-1.29

2.62

-0.67

-0.03

0.51

0.04

0.62

0.72

0.98

0.20

0.01

0.98

0.61

0.97

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Infrastructural
development +
Inducement

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

864.18

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1037.60

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316

255



CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

infrastr_d1:famil_numb

infrastr_d1:elect_induc

(Intercept)

socialsup_d1

sex2

age

educ2

educ3

educd

educh

0.26

0.78

-3.70

-17.70

0.66

0.02

0.29

0.08

-0.20

-0.92

0.22

0.90

1528.35

0.19

0.01

0.59

0.47

0.89

1.19

0.65

-4.11

-0.01

3.39

2.35

0.14

-0.42

-1.03

0.23

0.52

0.00

0.99

0.00

0.02

0.89

0.67

0.30

Infrastructural
development +
Inducement
Infrastructural
development +
Inducement
Social
Support+
Inducement
Social
Support—+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support—+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

864.18

864.18

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

1037.60

1037.60

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

educ6 0.38

empl2 -0.60

empl3 -0.49

empl4 -0.65

empl5 -0.55

empl6 -16.79

empl7 -0.09

empl8 1.31

empl9 -1.07

empl10 -0.84

0.48

0.41

0.46

0.40

904.06

0.47

0.55

0.65

0.79

-1.04

-1.19

-1.40

-1.36

-0.02

-0.19

2.38

-1.63

-1.48

0.43

0.30

0.23

0.16

0.17

0.99

0.85

0.02

0.10

0.14

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support-+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support—+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

emplll

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average,income

location_size2

location_size3

location_size4

-1.85

-1.17

-0.62

-0.24

-17.99

-0.54

0.00

0.53

1.25

0.97

1.23

0.65

0.39

0.28

2394.28

0.30

0.00

0.38

0.37

0.38

-1.51

-1.79

-1.60

-0.86

-0.01

-1.78

1.39

3.34

2.52

0.13

0.07

0.11

0.39

0.99

0.08

0.16

0.00

0.01

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support—+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support—+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

location_size5

famil_numb

elect_induc

socialsup_d1:sex2

socialsup_dl:age

socialsup_dl:educ2

socialsup_dl:educ3

socialsup_dl:educ4

socialsup_dl:educh

socialsup_d1:educ6

1.19

0.05

0.54

0.59

0.01

-0.52

-0.44

-0.89

-15.36

-0.46

0.38

0.08

0.28

0.64

0.03

1.40

1.72

1.16

2047.43

1.21

3.14

0.62

1.92

0.92

0.51

-0.37

-0.26

-0.77

-0.01

-0.38

0.00

0.53

0.05

0.36

0.61

0.71

0.80

0.44

0.99

0.70

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support—+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support—+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

socialsup_d1:empl2

socialsup_d1:empl3

socialsup_d1l:empl4

socialsup_d1:empl5

socialsup_d1:empl6

socialsup_d1l:empl7

socialsup_d1:empl8

socialsup_d1:empl9

socialsup_d1:empl10

socialsup_d1l:empll1

0.21

16.96

16.65

16.37

18.87

16.26

-1.37

17.14

16.60

1.28

2190.04

1528.35

1528.35

1528.35

2341.85

1528.35

2527.63

1528.35

1528.35

2520.46

0.00

0.01

0.01

0.01

0.01

0.01

-0.00

0.01

0.01

0.00

1.00

0.99

0.99

0.99

0.99

0.99

0.99

0.99

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support—+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support—+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316

260



CEU eTD Collection

term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

socialsup_d1l:marr_stat2

socialsup_d1l:marr_stat3

socialsup_d1:marr_stat4

socialsup_d1l:marr_statb

socialsup_d1l:marr_stat6

socialsup_d1l:average_income

socialsup_d1:location_size2

socialsup_d1:location_size3

socialsup_d1:location sized

socialsup_d1:location_sizeb

-14.33

0.22

0.02

1.32

-1.06

0.00

0.42

-0.91

-0.02

0.10

1607.31

0.92

0.81

6642.91

1.23

0.00

0.96

1.06

1.05

-0.01

0.23

0.03

0.00

-0.86

0.91

0.44

-0.86

-0.01

0.09

0.99

0.81

0.98

0.39

0.36

0.66

0.39

0.99

0.92

Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support—+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support—+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement
Social
Support+
Inducement

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

898.16

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1056.19

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

socialsup_d1:famil_numb

socialsup_dl:elect_induc

(Intercept)

personconnect_d1

sex2

age

educ2

educ3

educd

educh

0.11

-15.93

-29.73

24.21

3.36

0.06

-18.08

-4.39

-3.81

-22.94

0.17

1126.62

12045.19

12045.19

21.25

0.83

10493.05

34.85

30.89

32803.63

0.63

-0.01

-0.00

0.00

0.16

0.08

-0.00

-0.13

-0.12

-0.00

0.53

0.99

0.87

0.94

0.90

0.90

Social
Support+
Inducement
Social
Support+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

898.16

898.16

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1056.19

1056.19

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1256

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316

262



CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

educ6

empl2

empl3

empl4

empl5

empl6

empl?

empl8

empl9

empl10

-3.06

-20.99

1.35

3.80

1.44

3.48

-0.91

-13.45

4.26

30.08

16181.86

32.16

47.18

34.84

20304.63

36.83

19215.99

37.71

42.02

-0.10

-0.00

0.04

0.08

0.04

0.00

-0.02

-0.00

0.11

0.05

0.92

0.97

0.94

0.97

0.98

1.00

0.91

0.96

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1257

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316

263



CEU eTD Collection

term

estimate

std.error statistic

p-value

model_name

Deviance

NullDeviance

DF

emplll

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average,income

location_size2

location_size3

location_size4

-12.91

-19.70

0.92

-0.75

-17.40

-19.67

0.00

21.24

20.11

20.28

20215.43 -0.00

17944.82 -0.00

21.16 0.04

23.47 -0.03

18939.12 -0.00

9361.04 -0.00

0.00 0.24

12044.90 0.00

12044.94 0.00

12044.89 0.00

1.00

0.97

0.97

0.81

1.00

1.00

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1257

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

location_size5

famil_numb

elect_induc

personconnect_d1:sex2

personconnect_dl:age

personconnect_d1:educ2

personconnect_dl:educ3

personconnect_d1:educd

personconnect_d1:educh

personconnect_d1:educ6

16.21

0.08

-1.27

-2.66

-0.03

18.31

4.39

3.86

23.35

3.29

12044.85

30.82

21.32

0.83

10493.05

31.20

32803.63

30.43

0.00

0.01

-0.04

-0.12

-0.04

0.00

0.12

0.12

0.00

0.11

1.00

0.99

0.97

0.90

0.97

0.90

0.90

1.00

0.91

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1257

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1l:empl2

personconnect_d1l:empl3

personconnect_d1:empl4

personconnect_d1l:empl5

personconnect_d1:empl6

personconnect_d1:empl7

personconnect_d1l:empl8

personconnect_d1:empl9

personconnect_d1:empl10

personconnect_d1l:empll1

20.85

-0.91

-3.63

-1.21

-19.22

1.53

14.54

-3.93

-2.05

11.85

16181.86

32.47

47.44

22015.28

37.14

19215.99

38.18

42.44

20215.43

0.00

-0.03

-0.08

-0.03

-0.00

0.04

0.00

-0.10

-0.05

0.00

1.00

0.98

0.94

0.97

0.97

0.92

0.96

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1257

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1l:marr_stat2

personconnect_dl:marr_stat3

personconnect_d1:marr_stat4

personconnect_dl:marr_statb

personconnect_d1l:marr_stat6

personconnect_dl:average_income

personconnect_d1:location size2

personconnect_dl:location_size3

personconnect_d1:location size4

personconnect_dl:location_sizeb

18.75

-1.20

0.54

19.36

-0.00

-20.44

-19.14

-19.06

-14.97

17944.82

21.31

23.62

9361.04

0.00

12044.90

12044.94

12044.89

12044.85

0.00

-0.06

0.02

0.00

-0.22

-0.00

-0.00

-0.00

-0.00

1.00

0.96

0.98

0.82

1.00

Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement
Economic
Development+
Inducement

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1257

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1:famil numb

elect_induc:personconnect

(Intercept)

personconnect_d1

sex2

age

educ2

educ3

educd

educh

0.07 8.39

0.14 5.42

-29.73

12045.19

24.21

12045.19

3.36 21.25

0.06 0.83

-18.08

10493.05

-4.39

34.85

-3.81

30.89

-22.94  32803.63

0.01

0.03

-0.00

0.00

0.16

0.08

-0.00

-0.13

-0.12

-0.00

0.99

0.98

0.87

0.94

0.90

0.90

Economic
Development+
Inducement
Economic
Development+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1257

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

educ6

empl2

empl3

empl4

empl5

empl6

empl?

empl8

empl9

empl10

-3.06

-20.99

1.35

3.80

1.44

3.48

-0.91

-13.45

4.26

30.08

16181.86

32.16

47.18

34.84

20304.63

36.83

19215.99

37.71

42.02

-0.10

-0.00

0.04

0.08

0.04

0.00

-0.02

-0.00

0.11

0.05

0.92

0.97

0.94

0.97

0.98

1.00

0.91

0.96

Personal
Connections+
Inducement
Personal
Connections—+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1257

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error statistic

p-value

model_name

Deviance

NullDeviance

DF

emplll

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average,income

location_size2

location_size3

location_size4

-12.91

-19.70

0.92

-0.75

-17.40

-19.67

0.00

21.24

20.11

20.28

20215.43 -0.00

17944.82 -0.00

21.16 0.04

23.47 -0.03

18939.12 -0.00

9361.04 -0.00

0.00 0.24

12044.90 0.00

12044.94 0.00

12044.89 0.00

1.00

0.97

0.97

0.81

1.00

1.00

Personal
Connections+
Inducement
Personal
Connections—+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1257

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

location_size5

famil_numb

elect_induc

personconnect_d1:sex2

personconnect_dl:age

personconnect_d1:educ2

personconnect_dl:educ3

personconnect_d1:educd

personconnect_d1:educh

personconnect_dl:educ6

16.21

0.08

-1.27

-2.66

-0.03

18.31

4.39

3.86

23.35

3.29

12044.85

30.82

21.32

0.83

10493.05

31.20

32803.63

30.43

0.00

0.01

-0.04

-0.12

-0.04

0.00

0.12

0.12

0.00

0.11

1.00

0.99

0.97

0.90

0.97

0.90

0.90

1.00

0.91

Personal
Connections+
Inducement
Personal
Connections—+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1257

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1l:empl2

personconnect_d1l:empl3

personconnect_d1:empl4

personconnect_d1l:empl5

personconnect_d1:empl6

personconnect_d1:empl7

personconnect_d1l:empl8

personconnect_d1:empl9

personconnect_d1:empl10

personconnect_d1l:empll1

20.85

-0.91

-3.63

-1.21

-19.22

1.53

14.54

-3.93

-2.05

11.85

16181.86

32.47

47.44

22015.28

37.14

19215.99

38.18

42.44

20215.43

0.00

-0.03

-0.08

-0.03

-0.00

0.04

0.00

-0.10

-0.05

0.00

1.00

0.98

0.94

0.97

0.97

0.92

0.96

Personal
Connections+
Inducement
Personal
Connections—+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1257

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value

model_name

Deviance

NullDeviance

DF

personconnect_d1l:marr_stat2

personconnect_dl:marr_stat3

personconnect_d1:marr_stat4

personconnect_dl:marr_statb

personconnect_d1l:marr_stat6

personconnect_dl:average_income

personconnect_d1:location size2

personconnect_dl:location_size3

personconnect_d1:location size4

personconnect_dl:location_sizeb

18.75

-1.20

0.54

19.36

-0.00

-20.44

-19.14

-19.06

-14.97

17944.82

21.31

23.62

9361.04

0.00

12044.90

12044.94

12044.89

12044.85

0.00

-0.06

0.02

0.00

-0.22

-0.00

-0.00

-0.00

-0.00

1.00

0.96

0.98

0.82

1.00

Personal
Connections+
Inducement
Personal
Connections—+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement
Personal
Connections+
Inducement

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

942.20

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1107.96

1257

1257

1257

1257

1257

1257

1257

1257

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

personconnect_d1:famil numb

elect_induc:personconnect

(Intercept)

indivwealth_d1

sex2

age

educ2

educ3

educd

educh

0.07

0.14

-5.56

-0.06

1.90

0.05

-1.32

-1.42

-2.03

-16.21

8.39

5.42

2.00

2.28

0.46

0.02

0.77

1.07

0.77

1066.34

0.01

0.03

-2.79

-0.03

4.13

2.38

-1.70

-1.33

-2.64

-0.02

0.99

0.98

0.01

0.98

0.00

0.02

0.09

0.18

0.01

0.99

Personal
Connections+
Inducement
Personal
Connections—+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth—+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth-+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

942.20

942.20

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

1107.96

1107.96

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1257

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

educ6

empl2

empl3

empl4

empl5

empl6

empl?

empl8

empl9

empl10

-1.88

1.22

0.49

0.72

-13.80

0.40

2.59

0.93

-2.17

0.86

861.96

924.81

1.44

2.91

-2.19

-0.02

0.39

0.65

-0.01

0.36

1.99

0.65

-0.75

0.03

0.99

0.27

0.69

0.99

0.72

0.05

0.52

0.46

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth—+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

emplll

marr_stat2

marr_stat3

marr_stat4

marr_stath

marr_stat6

average,income

location_size2

location_size3

location_size4

-14.40

-1.58

0.09

-0.87

-15.67

-0.62

0.00

0.11

0.51

-0.41

1232.45

1.43

0.56

0.59

2229.19

0.73

0.00

0.81

0.81

0.81

-0.01

-1.10

0.15

-1.48

-0.01

-0.85

2.48

0.13

0.63

-0.50

0.99

0.27

0.88

0.14

0.99

0.40

0.01

0.89

0.53

0.61

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth—+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth-+
Inducement
Individual
Wealth-+
Inducement
Individual
Wealth+
Inducement

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

location_size5

famil_numb

elect_induc

indivwealth_d1:sex2

indivwealth_d1:age

indivwealth_d1:educ2

indivwealth_d1:educ3

indivwealth_d1:educ4

indivwealth_d1:educb

indivwealth_d1:educ6

0.90

0.18

-2.20

-1.47

-0.02

1.72

2.45

16.72

0.78

0.14

1.41

0.51

0.02

0.97

1.27

0.94

1066.34

1.15

1.34

-2.91

-0.85

1.78

1.69

2.61

0.02

2.51

0.25

0.18

0.12

0.00

0.39

0.08

0.09

0.01

0.99

0.01

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth—+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth-+
Inducement
Individual
Wealth-+
Inducement
Individual
Wealth+
Inducement

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

indivwealth_d1:empl2

indivwealth_d1:empl3

indivwealth_d1:empl4

indivwealth_d1:empl5

indivwealth_d1:empl6

indivwealth_d1:empl7

indivwealth_d1:empl8

indivwealth_d1:empl9

indivwealth_d1:empl10

indivwealth_d1:empll11

15.51

-0.65

0.03

-0.35

-0.41

0.35

-1.46

-0.19

2.85

13.81

861.96

1102.78

1.47

1.58

1232.45

0.02

-0.28

-0.00

0.28

-0.99

-0.12

0.96

0.01

0.99

0.60

0.98

0.78

0.78

0.32

0.91

0.34

0.99

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth—+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth-+
Inducement
Individual
Wealth-+
Inducement
Individual
Wealth+
Inducement

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316
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CEU eTD Collection

term

estimate

std.error

statistic

p-value model name

Deviance

NullDeviance

DF

indivwealth_d1:marr_stat2

indivwealth_d1:marr_stat3

indivwealth_d1:marr_stat4

indivwealth_d1:marr_statb

indivwealth_d1:marr_stat6

indivwealth_d1:average_income

indivwealth_d1:location_size2

indivwealth_d1:location_size3

indivwealth_d1:location_size4

indivwealth_d1:location_size5

0.53

-0.33

0.88

-0.97

0.09

-0.00

0.53

1.86

0.27

1.61

0.64

0.67

2796.79

0.80

0.00

0.96

0.96

0.96

0.94

0.33

1.31

-0.00

0.11

-1.17

0.99

0.55

1.93

0.29

0.74

0.61

0.19

0.91

0.24

0.32

0.58

0.05

0.78

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth—+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth-+
Inducement
Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

916.61

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1090.93

1256

1256

1256

1256

1256

1256

1256

1256

1316

1316

1316

1316

1316

1316

1316

1316

1316

1316

279



CEU eTD Collection

term

estimate

std.error

statistic

p-value model name Deviance

NullDeviance  DF

n

indivwealth_d1:famil_numb

indivwealth_d1:elect_induc

-0.12

2.07

0.16

1.47

Individual
Wealth+
Inducement
Individual
Wealth+
Inducement

-0.74 0.46 916.61

1.41 0.16 916.61

1090.93

1256 1316

1090.93 1256 1316

Table 13: Average Marginal Contrasts:

UR core and swing voters by Inducement levels (1, 0)

conf conf predicted predicted

term contrast estimate p.value s.value low high o hi red model induc
;:j;f;gz;‘t”ﬁ) h:)(d"i(‘(‘*g? 201 029 180 056 7.24 0.33 052 0.33 pilzevsofi;g;c‘;ﬁ‘;t 0.00
;éf;f‘jg;‘;;‘rﬁ) h;gji‘?;g? 0.00 053 092 0.66 1.24 0.47 044 047 piﬁevsofﬂigic?eﬁzlt 1.00
sus:(fri?l(l) 111(5)(?:(153;) 007 012 310 000 197 0.57 0.05 0.05 piiozofigigiizt 0.00
Sus;;i?l(l) lific(lsg;) 070 005 420 049 101 0.48 041 041 pgﬁgﬁiﬁiﬁ& 1.00
devgl‘o‘;x:;‘; W h(l)(do(i(g*%) 029 009 352 007 1.20 0.52 0.18 0.52 piig;’fi;g;;ﬁ‘;t 0.00
devcoent (1) gy 120021 228 089 172 043 05 043 LRI oo
comeniom () oqdsoy) 200 040 132 020 3605 007 030 03 WA 00
conigzzi();ﬁ(l) h(l)((f(;l:zss) 1.58 0.02 554 107 234 032 049 0.49 piievsofigicfign 1.00
i;‘i‘ﬁ?‘(lf)l 1?)(;1?:35%) 242 011 325 083 7.04 0.19 042 0.19 pilzez(’fi;g;;ﬁ‘;t 0.00
f;‘e(gl‘tl}f‘(lf)l h(l)g’i‘?bg? 098 089 016 072 1.32 0.49 0.46  0.49 piie:"fi’lgzcoeﬁzlt 1.00
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term contrast estimate p.value s.value (izilvf ;l(l)gn}f pre(i(i)cted preiiicted pred model induc
;:j;fg;ﬂll;fl‘t”ﬁ) h:)(d"i(‘(“%) 151 049 103 047 493 0.49 056 049 UR Vit‘eif;zz(;ﬁsn‘t’“ting 0.00
;éf;f‘gg;‘;;‘rg) h;ﬁ’gﬁ;ﬁ? 103 082 029 078 136 0.57 052 057 UR Vfiffdzzefgznzomg 1.00
Sus;’gri?l(l) 1?)(5550(153;) 008 002 572 001 0.6 0.48 007 007 UR Vitiizzi:ﬁ?nz‘m“g 0.00
Sus;sri?l(l) lzfic(lsg;) 0.75 006 417 055 101 0.34 035 035 R fofdzieﬁznfting 1.00
de‘gﬁ;ﬁi‘; W li(gﬁsg) 029 003 498 0.09 0.90 0.27 012 027 UR Vit“;fijzze?gsn:“ting 0.00
devﬂi‘;‘iﬁggf(l) h(l)((fi‘(l;g? 1.05 074 044 079 141 0.23 034 023 UR Vf:ei;ihvli;g:n:omg 1.00
Conisiifgﬁ(l) ligfs‘?ss) 139 064 064 035 558 0.16 029 029 VR Vitisdlvli:;z?n:‘mng 0.00
Coningfolﬁ(l) h;gljs%) 120 036 147 081 1.79 0.24 035 035 R Vfifdzieiﬁznf’tmg 1.00
ife‘i‘ﬁ?‘(lf)l 1?)(;1?:355? 326 001 643 130 817 0.14 020 0.4 R "i“;fiizzefgznz(’ting 0.00
f;‘e(gl‘tﬁh(lf)l lig’i‘?gg? 100 099 0.0l 079 127 0.44 031 044 VR foiihvli;z:n:o““g 1.00

Table 14: Average Marginal Contrasts: UR core and swing voters by Inducement levels (1, 0)

conf

conf

predicted predicted

term contrast estimate p.value s.value low high o hi pred model induc
Infrastructural — In(odds(1) UR core vs swing
development (1) odds(0)) 0-20 043 122001 9.16 0.28 0.08 028 voters+inducement 0-00
Infrastructural  In(odds(1) UR core vs swing
development (1)  odds(0)) 0.60 0.01 6.220.37 089 044 0-38 044 voters+inducement 1.00

281



CEU eTD Collection

term contrast estimate p.value s.value (izilvf L(I)gné pre(ﬁ)cted preiiicted pred model induc
sus;;i?lu) lﬁ(gﬁsg) 0.00 000 2879 0.00 0.00 0.50 0.00 0.50 vgir:ﬁg;::nﬁit 0.00
Sus;;i?l(l) II;S)(?S‘?BS) 070 012 307 040 111 0.54 0.34 054 Vg&z:fl‘;x;;iit 1.00
dcvfl‘;‘;‘:zggf W h;gf;fg? 030 034 156 003 345 0.71 0.00 0.71 Vg&;ﬁ‘;gﬁfgﬁgﬁt 0.00
devfg;ﬁ:ﬁf W lific(lsg;) 100 087 021 065 1.65 0.64 0.02 0.64 Vgirziﬂfl(ﬁf;‘ﬁi 1.00
COHE:;EEE(D h(l)(do(i(g*%) 300 0.84 026 0.00 0.00 0.39  0.39 Vgtlzr;ii‘;;;:e‘z’iit 0.00
conijéi?(ilasl(l) hcl)g)(i(?(b)g? 130 0.00 049049 vgil'zjfiilzisz:;za 1.00
fgﬁf‘gﬂ ligfsc(bg? 710 003 521 125 40.60 0.01 055 0.55 Vg&ﬁi;ﬁfﬁgi 0.00
f;f;‘l:f‘(lf)l lig’i‘?sg;) 180 0.00 867 124 269 0.06 054 0.54 Vg&fiigifgxit 1.00
;:j;fg;x;fl‘t”(“ll) 1?)(;1?:35%) 210 018 245 070 658 0.20 027 0.20 Ogh%;fi%dflz;iﬁt 0.00
;;Vféfsgn“ecxl(‘*f) h(l)gji‘(lbs) 120 022 216 089 165 0.23 0.19 0.23 oﬁll:rsiii%dfc;zgit 1.00
Sus:s;?l(l) ligfsc(ls%) 0.10 007 386 002 117 0.19 0.05 0.05 this‘flilfdﬁf;ﬁt 0.00
Sus;;i?l(l) h;((;ﬁsg) 080 028 182 058 117 0.15 020 0.20 Oﬁirsvf?fdﬁ;ﬁgﬁt 1.00
devggx:ﬁf W h;(ii‘gsg) 040 023 213 010 171 0.12 0.10 0.12 Ogh%ff?fdﬁfﬁﬂﬁt 0.00
devgg;flgﬁf W h(l)gﬁsg) 110 051 097 079 1.61 0.11 025 0.1 thlzrsvfli‘fdﬁ;gﬁt 1.00
) Ao o0 o va sw oa oo Smzs
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term contrast estimate p.value s.value (izilvf L(I)gné pre(i(i)cted preiiicted pred model induc
coniiiiﬁfﬁm lﬁ(g’iﬁsg) 090 064 064 059 1.39 0.25 020 0.20 Oﬁi;fi?dﬁ:;zﬁt 1.00
g‘e‘z‘gf‘g‘; lzgﬁgg? 220 016 268 074 6.36 0.10 0.15  0.10 Oﬁir“f?fdﬁ;iﬁt 0.00
fg:ﬁld‘(lla; h;(cfcf;(lsgi) 080 011 314 059 1.06 0.29 0.18 0.29 O&i:‘fﬁﬁ;ﬁ; 1.00
;fjif‘;gﬁg;‘rﬁ) lzfic(lsg;) 140 071 050 022 9.08 0.10 021 0.10 Otgg e o 000
;:j;fg;ﬁgiﬁ) h(l)(do(i(g*%) 070 006 404 049 1.02 0.20 022 0.20 OtEeP; e e one 100
Sus;;i?l(l) lig)(i‘?;g? 0.00  0.00 330.12 0.00 0.00 0.44 0.00 0.00 Otgfr’ Tﬂ‘;ggé‘;ﬁm 0.00
Sus:;i?l(l) IES)C?SCESS) 070 007 379 041 1.04 0.31 025 0.25 Otgg ‘fi‘fgﬁ;‘;ﬁfﬂt 1.00
B T I TR T TR N
devi‘g;?ﬁi‘tc W liézi‘gsg) .00 093 010 068 1.52 0.16 0.16  0.16 Otgg :’rl‘;t‘l’;;:l’l‘:;t 1.00
oot () gy 190027189 061 595 012 017 017 GRS o0
Coniifio;ﬁ W h;g)(fs‘?ss) 240 005 444 102 587 0.16 023 0.23 Otgg ‘fi‘fgﬁ;ﬁfm 1.00
S;;‘l?ﬁh(lf; ligﬁsg;) 710 0.03 487 1.16 44.04 0.05 0.18 0.0 Otgg fiigi;ﬁfm 0.00
gi‘lzf‘(lf; ltéﬁ‘gsg) 130 012 3.03 093 1.89 0.31 020 0.31 Otg(i i’i;g;;ﬁfm 1.00

283



CEU eTD Collection

The big brothers: measuring influence of large firms on
electoral mobilization in Russia

Abstract

This paper delves into the engagement of big local business entities in the mobi-
lization efforts during the Russian presidential and parliamentary elections spanning
from 2012 to 2021. The research anticipates that the constraints imposed by the au-
thoritarian regime result in suboptimal outcomes for clientelistic exchange, but these
limitations are partly overcome by more stringent monitoring regime coupled with in-
creased worker dependence on their workplace. Using comprehensive data covering all
economic entities in Russia, the study shows that a smaller geographical distance be-
tween a large economic entity and the local electoral committee not only increases voter
turnout but also contributes to protest voting in larger localities, while in smaller local-
ities electoral mobilization achieves its goal and benefits the vote share of the dominant
party and the incumbent.

1 Introduction

To what extent does electoral mobilization in authoritarian regimes result in favorable elec-
toral outcomes for the incumbent and the dominant party? The electoral process and the
manipulation of elections in authoritarian regimes are phenomena that go hand in hand and
have a major impact on the broader political landscape of such regimes. While the regime
wants to improve its access to information, increase its legitimacy, co-opt potential oppo-
sition and use democratic window dressing for the international community (Gandhi and
Lust-Okar 2009; Magaloni 2006), it also cannot rely on free elections, which could endanger
the very core of the regime - power concentrated in the hands of ruling elite. There are many
different ways in which authoritarian regimes ensure that they win elections, including pa-
tronage, various clientelistic practices, and direct electoral fraud. However, it is important to
note that electoral fraud doesn’t always guarantee the dominant party or the incumbent the
best electoral results, as pointed out by Rundlett and Svolik (2016). Moreover, patronage’s
effectiveness is constrained by the limited number of employment opportunities it can offer.
Therefore, clientelism can play a significant role in achieving the desired electoral outcome.

When it comes to clientelistic practices, one of the most important components of success-
ful clientelistic exchange is reliable brokers (Aspinall 2014; Stokes, Dunning and Nazareno
2013). Brokers ensure that the party can reach out not only to its core supporters but also
to the swing voters who are crucial to the party’s or politician’s victory. But where do these
reliable brokers they come from?
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It is not uncommon for autocrats to establish close ties between the state and its economic
actors in order to achieve political goals, but the nature of these relationships may vary. For
example, according to Kamrava (2017), in Qatar the business community has close family
ties with state politicians, blurring the line between state and business. These relationships
are part of a complex network of power and influence, but unlike some others, they are
primarily based on family and clan ties. Conversely, as shown by Gonzales and Prem (2018),
in Chile during the Pinochet dictatorship, the military and civilian collaborators entered the
business elite and controlled the largest and most important companies in the country. This
relationship was not based on family ties, but rather as intervention of politically connected
individuals through appointments to the governing boards of large corporations.

While there are studies on how various aspects of economic activity can be used for
political gain by dictatorships, fewer show systematic involvement of business in political
processes such as elections. At the same time, the use of companies and their employees to
channel political support in favor of the ruling party is a well-established tradition for many
states and historical periods (see Baland and Robinson 2006; Frye, Reuter and Szakonyi 2014;
Kim and Gandhi 2010, Medina and Stokes 2007). As shown in Frye, Reuter, and Szakonyi
2014, not only the the presence of business itself but rather the characteristics of the firms
are determinant of the probability that the voters will be mobilized for the elections. For
example, according to their findings, larger firms are more likely to have mobilized workers
(2014, 213).

Why do authoritarian leaders choose to rely on private firms to secure political support
rather than using other methods, such as repressive institutions or patronage mechanisms
within the state apparatus? As described by Karcher and Schneider (2013), corporate in-
volvement in politics can take the form of financial support to politicians and parties, in-
stitutionalized influence on policymaking or lobbying, as well as the use of structural power
(e.g., the ability to move capital). Building on the argument about structural power, this
research argues that private firms often possess the administrative capabilities to perform
tasks such as electoral mobilization or other functions required by an authoritarian state.
The authoritarian state itself, on the other hand, may lack such capabilities and may acquire
them from accessible social structures.

At the same time, there is an ongoing discussion about the motives and constraints
for business to cooperate with the government under dictatorship. The nature of these
relationships further defines the potential nature of involvement in electoral mobilization, as
well as its effectiveness. While some researchers see business organizations in authoritarian
contexts as profit-seeking and therefore interested by default in cooperating with the state to
achieve private gains (Gonzalo 2013, Pedreira-Campos 2021), others see them more as actors
that depend on and conform to the rules of the game, rather than as protagonists (Lewes
2012, Wang and Jap2017). The latter approach also assumes that the political leadership
defines the conditions under which the business community operates, which gives politicians
leeway to extract all kinds of benefits from business actors when needed (Guriev and Sonin
2008). Rather than being mutually beneficial, this exchange is more like a toxic relationship
where one party has more power to manipulate the other.

Thus, the clarity and intensity of business actors’ motives in supporting the electoral
mobilization of ruling elites in autocracy is ambiguous. In principle, private firms want to
comply with the rules set by the autocrat, but their ability to do so is limited by their internal
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monitoring capabilities. Furthermore, their willingness to exert extra efforts in support of
specific candidates or political parties within the workplace may be influenced by a range of
factors, including the characteristics of the economic entity, the structure of management,
and external factors such as the presence and efficacy of electoral monitoring.

The purpose of this study is to further investigate the impact of business actors on elec-
toral mobilisation in Russia. To this end, the information on all business entities operating
in Russia was collected, and the actual physical distance between the larger businesses in a
given area and the closest local electoral stations was calculated. Controlling for sectoral and
regional variation, we find evidence that large firms located near the local electoral station
positively affect voter turnout in the 2016 and 2021 Duma elections, as well as the 2012 and
2018 presidential elections. At the same time, under secret ballot conditions, inducement of
voters can increase voter turnout, but it’s difficult to establish direct control over the actual
votes cast. Consequently, the results tend to reflect protest voting rather than support for
the dominant party, which possesses administrative resources for mobilizing voters at work-
places. At the same time, the size of population assigned to electoral committee plays crucial
role in provision of the dominant party and president with higher vote share.

2 Brokers and electoral mobilization

The process of business participation in electoral mobilization in authoritarian settings could
be defined as part of clientelistic exchange, but with some limitations. The classic definition
of clientelism implies ”the exchange of citizens’ votes in return for direct payments or contin-
ued access to employment, goods and services” (Kitschelt and Wilkinson 2007, 2). However,
in regimes such as dominant party electoral authoritarianism, access to the resources that
parties can use for clientelistic exchange is quite unequal (Weiss 2020). Moreover, while
clientelism implies an imbalance in power relations in any regime type, authoritarian con-
ditions differ in the severity of the costs associated with not participating in clientelistic
exchange (Trantidis 2015).

A key actor in clientelistic exchange is the broker, usually a party member or supporter,
who could be a public sector employees (such as teachers in Larreguy, Montiel Olea and
Querubin 2017), religious leaders and community elders (Aspinall and Berenschot 2020),
members of interest organizations (Holland and Palmer-Rubin 2015), or employers (Mares
and Young 2019). Brokers acts as an intermediary between politicians (party leaders) and
target voters, mostly at the local level (Stokes, Dunning and Nazareno 2013). Their distinc-
tion from party leaders lies primarily in their personalized interactions with voters, which
plays a pivotal role in electoral mobilization.

However, the politician-broker-voter relationship has a problem of credible commitment
at each level. How can the broker ensure that the client (voter) has fulfilled his part of the
bargain and voted accordingly? How can a politician or a political party ensure that the
broker distributes resources to voters and is committed to the party’s victory?

Clientelistic exchange can involve several different electoral goals, including buying votes,
turnout, or abstention (Cox and Kousser 1981, Stokes 2005, Nichter 2008). One of the key
determinants of the choice of clientelistic exchange is the presence of a secret ballot and the
ability of brokers to compromise secrecy and monitor votes (Nichter 2008, 20). As shown by
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Stokes (2005), there are several ways to compromise ballot secrecy that increase monitoring
of election outcomes and thus partly solve the principal-agent dilemma between brokers
and voters. On the contrary, as per Nichter’s research, motivating voters to participate in
elections (such as through turnout buying) could also function as an inducement to support
the incentivizing party, even without the need for additional voting monitoring (22-26).

At the same time, voters have to decide whether voting for the candidate or party involved
in cientelism is their choice of preference. According to Stokes (2005) and Trantidis (2015),
this is defined by how voters evaluate the benefits and the costs of sanctions. For example,
poor voters are more likely to value the private benefits they receive from buying votes (Stokes
2005, 321-322). Among negative incentives such as sanctions for not voting, Trantidis lists
financial sanctions such as denial of credit, discriminatory tax controls (125), and other
retaliatory measures such as punishment through employment. Voters who happen to be in
a more valuable socio-economic position are more likely to commit to fulfilling their part of
the bargain.

When considering brokers, according to Stokes, Dunning, and Nazareno (2013), one of
the factors influencing party choice is the magnitude of the broker’s network. The party is
interested in brokers with the larger network size because they can bring more voters. At
the same time, larger networks create additional incentives for the rent-seeking behavior of
brokers. An important implication that affects the actions of brokers is their rent-seeking
behavior (Stokes et al., 2013). Since brokers are the main redistributors of party resources,
their corresponding actions are not always fully responsible for the party’s electoral victory.
Aspinall (2014) shows that brokers with access to fewer resources, but with higher certainty
about the candidate or party’s chances of winning, are more likely to be loyal. Such models
rely on the assumption that a broker with a larger network may be able to switch from one
political party to another and use this as leverage when negotiating for resources (Camp
2017).

Another factor that determines the loyalty of brokers is their certainty that the candi-
date or party will win the election (Stokes, Dunning, and Nazareno 2013).The higher the
probability that the candidate or party will win, the less effort the broker has to put in to
achieve victory. Moreover, when more than one broker is involved in the constituency, the
individual contributions are "noisy” and therefore do not create additional motivation for
brokers to invest their efforts into brining more votes (120-121).

However, non-democratic regimes are likely to impose certain constraints on clientelistic
exchange. First, the very high probability that the dominant party or autocrat will win
generates fewer incentives for both borkers and voters to try harder to deliver the desired
outcome to politicians. For example, the decline in the effectiveness of the PRI’s political
machine in Mexico could be partly explained by the perceived predictability of election
outcomes by both brokers and voters (Stokes, Dunning, and Nazareno 2013, 121). Second,
the literature suggests that politicians are more likely to select brokers with personal ties to
local elites (Brierley and Nathan 2021). In the case of the authoritarian state, it is likely that
economic actors from medium or large business entities will have personal ties to political
elites. In addition, as shown by Frye, Reuter, and Szakonyi (2014), authoritarian states tend
to mobilize workers from larger firms because of the lower cost of voting. Thus, the party
or candidate is more likely to reach out to brokers with bigger networks even though the
effectiveness of smaller or denser netwroks is proven (Szwarcberg 2015).
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In principle, the greater degree of control over the country’s resources should provide the
autocratic government with more leverage and available sanctions to control votes (Magaloni
2006). In practice, while control over turnout appears to be relatively easy to establish,
control over personal votes requires significantly more resources and effort (Nichter 2008,
Gans-Morse, Mazzuca, and Nichter 2014). Thus, while it is likely that voters in the autocratic
state are subject to double persuasion to both show up at the polls and vote for the dominant
party or autocrat, the possibility of controlling the vote is limited by the motivation and
monitoring capacity of the intermediaries.

What is also important to consider is the motivation of the voters not to keep their
side of the bargain and not to vote as requested under autocratic setting. First, they may
simply have different political preferences, but without proper coordination there is no way
to channel them into votes (Turchenko and Golosov 2023). Organized clientelistic exchange
anecdotally could provide such mobilizing coordination, but with an unfavorable outcome
for dominant party if not properly monitored. On the other hand, voters might punish
politicians they associate with undermining democracy (Svolik 2021). They can do this
by switching their votes to those parties or politicians they perceive as more democratic,
either within the normal voting process with standard turnout, or with increased turnout
resulting in protest voting, or with reduced turnout resulting in a corresponding decrease in
the absolute number of votes (2-4).

Indeed, voter turnout buying in itself could be a strategy of particular interest to au-
thoritarian regimes. As Magaloni (2006) describes in the case of Mexico, ”...given that the
elections were not competitive, high voter turnout was intended to generate a public signal
about the strength of the regime, which was mainly intended to deter disaffected politicians
from defecting to the ruling party” (4). Moreover, Gonzélez-Ocantos et al. (2015) proved
that voter turnout can be one of the main lines of competition between the opposition and
the ruling party. If the opposition wants to jeopardize the elections, it can claim the boy-
cott as a strategy to express its discontent. Furthermore, in an authoritarian context, voter
turnout could be correlated with loyalty under certain conditions. For example, as shown by
McAllister and White (2017), in Russia’s remote regions, higher turnout would be correlated
with higher United Russia election results, while in more urban regions, lower turnout would
be positively correlated with United Russia results. This is due to the concentration of the
opposition and the overall popularity of the incumbent party, which tends to be higher in
rural areas. By demobilizing voters in places with less loyalty to the dominant party or
autocrat, it is ensured that only the loyal group is aware of the elections and comes to vote.

The issue arises when the strategy of mobilizing a loyal segment of voters to participate
in the election fails. This can happen due to challenges in aligning the targeted group
to the required size, or inaccurately assessing the degree of loyalty within the group. As
explained earlier, both the logic of clientelistic exchange (principal-agent dilemma) and the
authoritarian regime (high probability of winning for incumbent and choosing brokers based
on personal ties rather than effectiveness) condition politicians to certain types of clientelistic
exchange, with all the limitations that this entails. Table 1 shows the possible outcomes of
clientelistic strategies based on different incentives for the broker and the voter. It becomes
evident that the most effective solution for the party or politician is to engage a broker with
a smaller network size. This broker should evaluate the probability of winning as relatively
low, which would motivate them to allocate more resources and efforts toward purchasing
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Table 1: Electoral mobilization effectiveness in clientelistic exchange

Broker’s
Network Size

Small Big

Value of Benefits
and Sanctions to Voters

High Low High Low
Low | Moderate | Ineffective] Ineffective Ineffective
High
Probjtl‘)ility Monitoring High | Effective | Moderate | Moderate | Ineffective
o Regime
winning Low | Effective | Moderate | Moderate | Moderate
Low —_—
. ighly . .
High Effoctive Effective | Effective | Moderate

votes and increasing voter turnout. Simultaneously, the voter should highly prioritize the
benefits and sanctions while having an efficient monitoring system in place to oversee their
actions.

However, authoritarian regime conditions limit the potential effectiveness of clientelistic
exchange. Since the broker is confident that the incumbent will win, and party members
tend to hire brokers with larger networks, this automatically puts the political machine in
the quadrant with the least effective outcomes. Only if both the monitoring system for voter
behavior is highly effective and voters attach significant importance to benefits and sanctions
can a moderate outcome be achieved. This implies that the party would attain an electoral
result that is somewhat desirable.

Thus, this article hypothesizes that due to the constraints of both the regime’s author-
itarian nature and the principal-agent dilemma of clientelism, the outcome of clientelistic
exchange achieves its goals only to a limited extent, primarily in those areas that can be
controlled with varying degrees of effectiveness.

3 Model specification

Measuring the extent to which electoral mobilization through business actors benefits the
regime (including an autocrat and the dominant party) is complex for several reasons. First,
one must establish the presence of electoral mobilization. Although direct methods like
surveys are available, they often require field access, which may not always be feasible,
particularly in the Russian context. Fortunately, anomalies can still be detected indirectly.
Building on the methodology used to identify electoral fraud, which involves examining
distribution anomalies, this paper proposes analyzing changes in voter turnout in relation to
factors believed to influence its levels. As such factor we propose looking at large companies’
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geographic proximity. In addition, various controls are required to make sure the observed
effect is related to proposed explanatory variable and not to other characteristics of locality,
electoral committee or actors of electoral mobilization.

Second, the impact of electoral mobilization needs to be quantified. Assuming that the
primary goal of electoral mobilization is to achieve either high voter turnout or a high vote
share for the autocrat or dominant party—or both—these should be the outcome variables
in the model. Regarding the unit of analysis, indirect measures do not permit examination
of individual votes but rather at a somewhat aggregated level. In the Russian context, the
first level of aggregation of individual votes is the results from local electoral committees.
Although these results can, in principle, provide information about changes in voter turnout
over the course of an election, our focus is on the final results within each election.

Building on the logic outlined in Table 1, we aim to investigate whether a) the regime
indeed utilizes large companies as brokers for electoral mobilization; b) electoral mobilization
actually occurs; and c¢) it results in a somewhat suboptimal outcome for the autocrat or
dominant party. While some factors influencing this suboptimal outcome remain constant
in each electoral cycle, such as the expected probability of victory for the party or autocrat,
others vary. Hence the model tested in this paper could be represented by the following
equation:

Y i = Siproximity ;. + Qjjuik) + Okfuir) + S2committee population,;; + €yix
Where:

® Y. is the dependent variable representing either the vote share for a particular party
or candidate, or overall turnout at electoral committee uik.

e proximity,,, is the explanatory variable representing the proximity of large firms to
the electoral committee.

® i) and Oppuix) are the fixed effects for region j and market k, specific to each electoral
committee.

e committee population,,;, represents the number of voters assigned to the electoral com-
mittee.

® ¢, 1s the error term.

Based on the model and proposed theoretical framework, it is expected to observe a
relationship between brokers with large networks (big companies) and electoral results of
dominant party and incumbent at the respective local electoral committee. Hence we propose
the following hypotheses to be tested:

H1: Large companies in close proximity to an electoral committee increase voter turnout,
suggesting the presence of electoral mobilization.

H2: The proximity of large companies to a local electoral committee either does not enhance
the vote share for the dominant party or incumbent, or it reduces it.
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H3: Large companies situated in smaller localities lead to both higher turnout and a greater
vote share for the dominant party or incumbent.

If large companies do not engage in electoral mobilization, we anticipate no significant
changes in voter turnout or vote share despite closer geographical proximity to electoral
committees. After executing the models, we also perform robustness checks to determine
whether other variables, such as salaries or sectors dependent on state involvement, signif-
icantly influence the effectiveness or presence of electoral mobilization. A more detailed
explanation for robustness check models is presented in respective section of this paper. The
hypotheses for these robustness checks are formulated as follows:

H1: Large companies located near electoral committees contribute to electoral mobilization
particularly when average salaries are low, indicating a higher dependence on income
among voters.

H2: Large companies located near electoral committees contribute to electoral mobilization
particularly when average salaries are high, suggesting a potential for greater economic
loss for employees.

H3: Large companies that are part of state-dependent sectors and located near electoral
committees are more actively involved in electoral mobilization.

4 Russian context

The regime of the Russian state in the period from 2012 to 2021 is considered by researchers as
electoral authoritarianism (Beazer and Reuter 2022, Dollbaum 2020, Gel’'man 2014, Sirotkina
and Zavadskaya 2020). And yet it experienced a lot of fluctuations in electoral dynamics.
One of the obvious lines of division is the difference in who is elected. Presidential elections
versus parliamentary elections will have some similarities in terms of electoral manipulation
used - such as adjusting turnout or using spoilers to split the opposition vote - but at
the same time, parliamentary elections will require more strategic decisions and planning.
Conversely, an alternative way to draw the dividing line is by considering time. Electoral
authoritarianism, especially a relatively new one, goes through stages of consolidation and
therefore experiences different levels of electoral support for the dominant party and the
autocrat (Geddes, Wright and Frantz 2018). As a result, different mechanisms of electoral
manipulation come into play.

The study covers four election cycles: two presidential campaigns in 2012 and 2018, and
two federal parliamentary (Duma) campaigns in 2016 and 2021. The timeline includes major
elections after Dmitry Medvedev’s presidency and after the Bolotnaya movement. The reason
for choosing such a timeline is the comparability within one of the periods of consolidation of
Russian electoral authoritarianism, which could be characterized as ”tightening the screws”.
The protests of 2011 caused by massive fraud in the Duma elections and dissatisfaction with
the results, as well as the subsequent protests of 2012 with the ensuing criminal prosecution,
can be considered one of the milestones in the development of Russian authoritarianism.
As a result, we expect the post-2011 elections to be more comparable due to the changed
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regime nature. At the same time, there are some differences and peculiarities of each election
campaign.

The 2012 presidential election is the first election of interest for this study. The elections
took place a few months after the 2011 protests, which were caused by massive electoral
frauds in the Duma campaign. In response to the protest movement, some measures were
introduced to ensure fairness, including videotaping of polling stations and installation of
transparent ballot boxes (Kalinin 2016, 198). But, of course, the main issues, such as
access to the media and administrative resources, continued to be unregulated or untouched.
Moreover, this presidential campaign took place right after Medvedev’s presidency and the
agreement between the candidates (Medvedev announced his refusal to run for another term
and proposed Putin instead at the United Russia party congress on September 24th of 2011).
The general perception of this ”castling” as a show with little electoral integrity or political
fairness was quite common in public opinion (Levada 2011). At the same time, pre-election
polls showed a somewhat pro-Putin majority (Levada 2012). Vladimir Putin won elections
with 63.5% of votes and 65.3% turnout. Based on a statistical analysis of electoral fraud in
various elections, it is observed that it ranges from 7 percentage points of all votes in major
urban centers to about 15 percentage points across the country (Kalinin and Shpilkin 2012).
The opposition had the usual set of candidates to choose from, with Vladimir Zuganov, a
representative of the Communist Party, getting the second highest share of votes (17.2%)
and Mikhail Prohorov, the only non-systemic opposition representative getting almost 8%
of votes.

The 2018 presidential campaign took place in less volatile circumstances, and therefore
produced even better results for Valdimir Putin. For the first time, the president won the
elections with an actual majority of the population’s votes (67.5% turnout with 76.7% share
of votes or 56,202,497 votes). The usual main opponent from the systemic opposition -
Gennadiy Zyuganov, a leader of the Communist Party - did not participate in the elections.
Instead, the Communist Party was represented by Pavel Grudinin, who got the second best
result (11.8%). Alexei Navalny, who planned to run for president and had collected all
the necessary signatures, was not registered by the Central Election Committee. On the
other hand, Xenia Sobchak, who was supposed to represent the non-systemic opposition,
was heavily criticized for her alleged agreement with the Kremlin to divert votes from the
opposition within the population. Supporters of Alexey Navalny tried to boycott the elections
and thus reduce the turnout, with mixed results (Zavadskaya 2018). According to pollsters,
the expected voter turnout was expected to reach 80%), but the actual turnout fell short of the
triumphant expectations (VTSIOM 2018). At the same time, according to some estimates,
the number of direct electoral frauds was relatively low (Meduza 2018).

The 2016 parliamentary elections were held for the first time in 13 years with a mixed
parallel electoral system, where voters chose both a party and individual candidates, with
half of the deputies coming from party lists and half from direct voting, both independent of
each other. According to some estimates, direct voting favors the holders of administrative
resources, and the proportional part, together with other added mechanisms (party fragmen-
tation, electoral formulas, etc.), makes such an electoral system particularly advantageous
for the dominant party (Golosov 2017). However, the 2016 Duma elections were not flawless
for United Russia, as evidenced by a particularly low or strategically demobilized turnout,
especially in areas of low support (McAllister and White 2017). With the lowest turnout
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in the history of Russian Duma elections (47.8%, with some regions such as St. Petersburg
showing turnout at the level of 32.5%), United Russia won the constitutional majority in
the Duma with 343 out of 450 mandates, with the remaining seats distributed among the
usual group of parties (KPRF, LDPR, and Just Russia). However, according to statistical
estimates as well as observers’ reports, the number of electoral frauds remained high, proving
ballot stuffing and other forms of electoral manipulation (Kalinin 2017).

Finally, the 2021 parliamentary elections are the most extraordinary in the list. The
most prominent part about them is the COVID-19 circumstances, which led to the most
obscure mobile polling stations, almost impossible to monitor, as well as experiments with
electronic voting. Another outstanding feature of these elections was three days of voting
instead of one. According to some media reports, voters from government-affiliated organi-
zations were invited to vote on the first day and then monitored by the turnout. If a person
didn’t show up, there were two more days to make sure that person actually voted (Meduza
2021). Nevertheless, turnout was not significantly higher than in 2016, at 51.7%, and United
Russia’s results were lower than in 2016, but still with a constitutional majority of 324 out
of 450 seats. Among other parties winning seats in the parliament, the usual set of KPRF,
LDPR and Just Russia was accompanied by the newly created New People party. Another
important feature of these elections was the ”smart voting” system, introduced by Alexey
Navalny and his supporters. The app or website provided a voter with information about the
candidates in the district who should be chosen over the United Russia candidate, among
all the candidates who were registered. The initiative was not widely supported by other
members of the opposition, and the app was blocked by Russian authorities, but according to
some estimates, Smart Voting had a significant impact on the results of subnational elections
(Golosov and Turchenko 2023). As usual, the number of direct electoral frauds was quite
high, judging by the normality of vote distribution and turnout for the three days of voting
(Novaya Gazeta, 2021).

All in all, while the Russian elections from 2012 to 2021 definitely had differences in
the nature and extent of voter mobilization, all of them had voter turnout somewhat at
the core of the chosen strategy, depending on prior expectations about the election results.
The regime employs diverse strategies to influence voter turnout. Peisakhin et al. (2020)
suggest that in electoral authoritarian systems, voter apathy renders traditional appeals for
electoral mobilization less effective. This indicates that the regime must exert additional
institutional or socio-economic pressures to mobilize voters. For instance, Saikkonen (2017)
demonstrates that socio-demographic characteristics of localities significantly affect mobi-
lization levels. The study reveals that decreased electoral competitiveness correlates with
increased mobilization efforts, linking higher turnout to agricultural employment and ethnic
networks. Furthermore, the phenomenon of ethnic mobilization has been extensively studied
and validated in the context of Russia by various scholars, including Goodnow et al. (2014),
Minaeva and Panov (2023), and Shkel (2024). In more institutionalized settings of electoral
mobilization, workplace mobilization emerges as a key strategy for the regime (Frye et al.
2014, p.196). Research indicates that companies with immobile assets are more likely to en-
gage in the electoral mobilization of their employees due to their susceptibility to regulatory
sanctions or expropriation (Ibid, p.213-214). Additionally, two primary forms of electoral
mobilization have been identified: intimidation and vote buying. Voter intimidation tends to
occur where vote buying is costly and employers wield significant control over their workers
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(Frye et al. 2019). It is noted that in single-company towns with limited employment alter-
natives, voter intimidation is more prevalent. Conversely, more active forms of monitoring
occur in environments where employers have less control over their employees (Ibid, p.878).

Indeed, due to the secrecy of the ballot and the limited extent to which voting behavior
could be controlled, mobilization have variation in effectiveness. In the next section, we
explain how the use of business firms for electoral mobilization was one of the preferred
strategies, but we also analyze how effective it was in practice. The use of private actors as
intermediaries in the clietelistic exchange had its limitations in terms of electoral outcome.

5 Data collection

Several sources were used to obtain the data for the analysis. First, it was necessary to have
the data on election results disaggregated to the level of Local Electoral Committees (UIK).!.
The final sets of election results were collected from the Territorial Electoral Committees
and Central Electoral Committee and include information on the 2012 and 2018 presidential
elections and the 2016 and 2021 federal parliamentary elections. The data are stored at the
level of Local Electoral Committees and include information on the number of votes per
candidate or party, voter turnout, number of ballots of different types, as well as information
on Local Electoral Committees (number of voters assigned to each, corresponding Territorial
Committee, etc).

Secondly, the data on the location of Local Electoral Committees and their population
were obtained from the INID (Infrastructure of Scientific-Research Data) project®. The data
was collected from the website of the Central Electoral Committee and contains detailed
descriptions of each of the Local Electoral Committees. In particular, it has the geographical
coordinates of the electoral committees (longitude and latitude), as well as the approximate
population living in the district with the assigned committee (n=93786).

Third, the data on all business entities operating in Russia were collected from the Fed-
eral Tax Service Open Data. The initial list contained 6,000,000 business entities with the
corresponding number of employees, income and expenses. The list was then narrowed down

!The electoral system of the Russian Federation includes four levels of voting, data collection and aggre-
gation. The central level is a Central Electoral Committee (TsIK), which collects and processes votes from
Regional Electoral Committees and receives the results from Territorial Electoral Committees (TIK). Terri-
torial Electoral Committees usually represent several large municipalities and include several Local Electoral
Committees (UIK). Local Electoral Committees are the lowest level of the electoral system in Russia. Local
Electoral Committees collect results from polling stations (in the majority of cases, the location of the polling
station and the location of the Local Electoral Committee are the same). After counting and checking the
results, the Local Election Committee sends them to the Territorial Electoral Committee. The Territorial
Electoral Committee is responsible for ensuring that the documents and final calculations are consistent and
in accordance with the law. It is also responsible for any legal disputes or objections from observers. The
Territorial Electoral Committee then enters the aggregated results into the GAS Vybory electronic system,
which is used by the Central Electoral Committee to calculate the final results. In addition, the Territorial
Electoral Committee sends physical ballots to the Regional Electoral Committee, which then stores them.
The Regional Electoral Committee is also responsible for legal disputes over election results and election
fraud.

2Right now the project closed access to the data on their official website, but still published it via their
official telegram channel
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to include only non-individual entrepreneurship entities due to the availability of branch ad-
dresses as well as the accuracy of the legal address (private entrepreneurship entities provide
only the city and region address). This list was further reduced to only large companies by
a cumulative index, which combines income, expenses and number of employees of largest
companies® in the region and market depending on the size of the population in a given
locality. In other words, larger cities would have a greater number of companies selected,
while smaller cities or villages are likely to have only a few per sector. Next, the addresses of
the companies were assigned using the Dadata API service and the tax IDs of the companies.
Branch and legal address information was also collected to ensure that actual locations were
covered. Finally, the geocode (latitude and longitude) was assigned to each company using
the Google API service.

Next, election results were matched to Local Electoral Committees geographic data using
Local Electoral Committees IDs and place names. Next, the firm dataset was matched by
the geographically closest distance between the local electoral committee and the large firm,
calculated in meters using the vantage point tree approach. The final dataset contains 92875
observations (local electoral committees) with 22,600 unique firms (the distribution can be
found in Appendix A). On average, there will be about four electoral committees located in
close proximity to the same large company. This is reasonable because a single location may
be divided into multiple electoral committees assigned to it. For example, a school might be
divided in such a way that one part of it hosts one electoral committee, while the other part
hosts another.

After removing the extreme outliers,the median distance between the Local Electoral
Committee and a large enterprise in the data is 1700m. For the final sample this value was
rounded to 2km and the electoral committees were narrowed to this distance from a large
firm. Given the big variance in density of Local Electoral Committees per different localities,
the median distance should roughly account for large cities and smaller locations.

6 Results

One of the important questions to be addressed in interpreting the data is whether the
geographical distance between the companies and the electoral committees can be used to
infer the relationship between them and the mobilization of workers. The main problem
that arises here is that people may work and live in very distant places, and therefore, even
if they have been induced to vote, the actual voting will take place in a different electoral
committee than the one close to the company.

There are two arguments against this. The first is that before the 2018 presidential
election, a new amendment was introduced that eliminated absentee ballots, which is a
ballot you get to vote in a place other than your official registration. This meant that a
person could have voted wherever they were without prior registration, eliminating the need
to vote from their home address. Second, we argue that absentee ballots would be used more
frequently in electoral stations close to large companies, and the mechanism of mobilizing
voters for those who live farther from their workplaces would imply the use of such ballots.

3the number of companies varied from 1 to 10 depending on the size of the locality
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Figure 1: Violin plot distribution of absentee ballots
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Figure 1 shows that the distribution of the share of absentee ballots in all ballots received
by the committee over the years varies depending on the distance between the committee
and the large business entity. The 2012 presidential election seems to be an exception - while
there is a very small difference in the median value of absentee ballots, it could be negligible
and the distribution looks very similar. In 2016 one can observe a drastic difference - electoral
committees situated at a greater distance from a business entity exhibit an absentee ballot
share of approximately 6%, whereas committees in close proximity can account for as much
as one-fifth of all the ballots. In 2021, the medians have a smaller gap, but still some, and
also show a different distribution - the absentee ballots share at electoral committees closer
to the business entities is more concentrated around the median, with a longer tail toward
a higher share. Therefore, for further analysis, it is suggested that the possible mechanism
behind voter mobilization, especially in 2016, 2018 and 2021, could be through absentee
ballots.

Subsequently, a panel regression model was employed to evaluate the association between
geographical proximity and electoral outcomes. The choice of model implied controlling for
possible variation within markets, regions, and the size of the population assigned to the
Local Electoral Committee. Since the variation could have been explained by the specificities
of certain sectors, as shown by Frye, Reuter and Szakonyi (2014), as well as by regional
specificities (e.g., the density of large firms or the specialization of certain regions in certain
sectors), it was important to ensure that neither the population itself nor the other possible
unaccounted factors were the ones influencing the result. Therefore, the market and region
two-ways fixed effects model was used, as well as controls included for the population size.
Each model is robust to Newey-West Heteroskedasticity and Autocorrelation Consistent
Estimators (Appendix C and D), as well to clustering standard errors at the company level.
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The first model (full regression table results are presented in Appendix B) shows the
relationship between the geographical proximity to the nearest large enterprise (derived from
the distance measured in kilometers) and the overall turnout (in percentage) at the observed
local electoral committee. Figure 2 shows that the relationship between the two is stable,
significant, and positive. The legislative elections turnout seems to be affected to a slightly
greater extent. In 2016 and 2021, with each additional kilometer of proximity, the turnout
increased approximately by 2.6 and 2.3 percentage points, holding other variables constant.
The turnout in the presidential elections of 2012 and 2018 was affected, with each additional
kilometer leading to a higher turnout of 1.8 and 1.12 percentage points respectively.

Figure 2: Effect of geographical proximity on turnout at presidential and parliamentary
elections
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However, while the increase in voter turnout is relatively expected, the actual distribution
of votes to different candidates and parties is not obvious given the secrecy of the ballot.
Figure 3 shows the effect of the geographic proximity of the nearest large business on the
distribution of vote shares for different parties in the 2016 and 2021 Duma elections.

It appears that the increased turnout in both the 2016 and 2021 elections did not actually
result in a higher vote share for United Russia. On the contrary, the parties that benefit
from the presence of large companies in the proximity are KPRF and Yabloko in 2016, and
the New People Party in 2021.
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Figure 3: Effect of geographical proximity on vote share at parliamentary elections
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On the one hand, this is consistent with the expectation of the ineffectiveness of the clien-
telist system, in which brokers with large networks are involved, while monitoring capacities
are low and the probability of victory of the dominant party is high. On the other hand, this
finding sheds light on the voters’ side of this bargain. It seems that voters affected by elec-
toral mobilization voted for the parties they most associated with ”protest voting” or more
or less real "opposition”. In 2016, the LDPR seems to be the party that voters definitely
wouldn’t choose from the opposition instead of United Russia, expecting the Communists or
Yabloko to be a better option. In 2021, this effect goes fully to the New People party, which,
regardless of being allegedly a spoiler agreed by the Kremlin, attracted a lot of protest votes.

Turning to presidential election results, Figure 4 shows the model that evaluates the
relationship between geographic proximity and vote share for different candidates in the
2012 and 2018 elections. The general tendency of vote shares for Putin in 2012 and 2018
seems to follow a similar pattern - voter mobilization in 2018 resulted in fewer votes for
Vladimit Putin, with each additional kilometer of proximity to large companies resulting in
0.5% lower vote share for the incumbent. Similarly, in 2012, higher turnout did not results
in higher vote share for Putin.

At the same time, it appears that in 2012, Sergey Mironov (at 90% significance) and
Gennadiy Zuganov were the candidates who benefited the most from the close proximity of
large companies and the subsequent increase in voter turnout. For every kilometer closer
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Figure 4: Effect of geographical proximity on vote share at presidential elections
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to these companies, their support increased by 0.05 and 0.33 percentage points respectively.
In the 2018 election, three other candidates, Xenia Sobchak, Grigorij Yavlinski and Pavel
Grudinin, emerged as the primary beneficiaries of electoral mobilization. Similar to the 2012
election, the Communist candidate benefited the most from voter mobilization, gaining 0.4%
for every kilometer increase in distance.

Overall, the results of the analysis tell two stories. The first story is about voter mobiliza-
tion, which has been shown to occur systematically in both parliamentary and presidential
elections in Russia from 2012 to 2021. The main added value to the findings of Frye, Reuter,
and Szakonyi (2014) is that firm size, measured by economic activity and number of employ-
ees, is a strong predictor, controlling for all sectors. There are two plausible explanations
for this phenomenon. First, it suggests that the critical factor at play is the administrative
capacity of the firm, rather than the extent to which employees are dependent on their jobs.
The presence of a large workforce and a high level of economic activity may indicate the
existence of a more sophisticated administrative structure, with managers and teams that
can be organized more effectively. Second, it is possible that the significant economic entities
in each locality need to establish relational ties with the local administration, bureaucracy,
and other government bodies where representatives of the United Russia party hold sway.
This could be either to facilitate their economic activities or to maintain favorable relations
with those in positions of authority. Such relationships could entail favors from both sides,
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and helping party members or local politicians with electoral mobilization could be one of
them.

The second story suggested by the results is about voter behavior, which may be quite
different from what is expected from the electoral mobilization organized by the local political
establishment. Not only United Russia and Vladimir Putin do not benefit from the electoral
mobilization, but their opponents tend to get additional ” protest votes”. As was shown in the
theoretical part of this article, the large network size of the broker - in this case a company -
as well as the high probability of victory of the party or candidate already puts authoritarian
politicians trying to organize clientelistic exchange in an unfavorable position. The quality
of the monitoring regime, as well as the value of benefits and sanctions for voters, are the
decisive factors in determining whether clientelistic exchange would be somewhat effective
or not.

The latter two factors could be determined by the ability of the firm to break the secrecy
of the ballot and the existence of mechanisms to punish voters for the ”wrong” choice. To
further test whether these two factors predict the results of the ruling party or the incumbent
versus the results of other opposition parties and other candidates, the interaction effect
between the size of the electoral committee and the geographical distance was added to see
if the effect of distance changes when it comes to smaller electoral committees (which is
potentially correlated with regional characteristics, hence regional fixed effects are removed
from the model to avoid overestimating the predictor).

We believe that the size of the electoral committee could serve as a proxy for the monitor-
ing regime and the value of sanctions and benefits to voters for the following reasons. First,
smaller size quite often implies rural areas where personal ties are stronger and informal
institutions prevail. Second, the number of observers is significantly higher in large cities
than in smaller localities, which makes it easier to intervene in the electoral process and
either allow direct fraud or control voters’ choices. Finally, a smaller location also means a
smaller market and a narrower choice of work opportunities, hence higher job dependency
and more influence of employers over voters.

Figure 5 shows that the interaction effect between distance and size of the campaign
committee (in hundreds) does exactly what is expected - it reverses the coefficients for
United Russia and Vladimir Putin. Now, the decrease in proximity with the increase in the
size of the population assigned to the electoral committee decreases the vote share (although
the 2012 presidential election doesn’t show significant results). This suggests that, when
considered together, proximity to firms organizing voter mobilization actually benefits the
dominant party and incumbent when there are fewer voters located assigned to a given
committee, hence the locality is smaller.

7 Robustness checks

Several alternative explanations exist for the observed impact of distance on electoral out-
comes at local electoral committees. Although the model accounts for market and regional
variations, it may overlook some factors at a more granular level of analysis. For instance,
salary levels could significantly influence voter behavior. A plausible theory is that voters
with higher incomes—potentially linked to working for larger companies—tend to be more
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Figure 5: Effect of geographical proximity and electoral committee size interaction on vote
share at parliamentary and presidential elections

Regression results (sectoral fixed effects): votes share
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politically engaged and less supportive of the current regime (somewhat similar logic was
explained in Minaeva and Panov 2023). Alternatively, one could assume that lower salaries
create higher dependency on the employer, hence making electoral mobilization more plausi-
ble. Such argument follows a well-established tradition of seeing clientelism tightly related to
poverty (Diaz-Cayeros et al. 2016). Consequently, it can be expected that election turnout
and voting patterns might reflect voters’ socio-economic status rather than the effects of
electoral mobilization.

To examine this hypothesis, average salaries have been incorporated into the analysis.
Unfortunately, a good quality nationwide data on average salaries across all Russian compa-
nies is unavailable. However, we do have access to data on average salaries at the city level®.
Should there be a correlation between salary levels and voting behavior, it would be observ-
able across different income groups within cities. Hence, we suggest dividing each model into
four separate models, each corresponding to one of the quartiles of the city’s average salary
level. Analyzing the models within these groups will reveal whether any particular salary

4The Federal State Statistics Service data was used for this purpose, collected and cleaned by Center of
Advanced Governance, INID project. URL: https://data.rcsi.science/data-catalog/datasets/187 /#dataset-
codebook. The data has time limitations, since it does not cover period after 2019. Therefore 2021 parlia-
mentary elections are not included
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group shows significant deviations from the original model.

The results are detailed in Annex E and F for election turnout and Annex G and H for
vote share. Analyzing the presidential elections of 2012 and 2018, we observe that in 2018,
the effects align with the primary model, whereas in 2012, proximity does not significantly
influence turnout among the 1st and 4th quartiles of city average salary. This indicates that
in 2012, individuals with the lowest and highest salaries did not alter their voting behavior
based on the proximity of large companies. Furthermore, during the 2016 parliamentary
elections, the data show that the group with the lowest average salary was unaffected by the
proximity of companies, while other salary groups behaved in accordance with the primary
model. One possible explanation for the observed effect in 2012 is an adjustment to the
model, primarily because average salary data is unavailable for many cities. This results in
a bias where larger cities are better represented in the data, and limitations in data lead
to the exclusion of electoral committee population size control from the 2012 model. This
exclusion allows for more variation and causes a shift in the coefficient. Alternatively, it
could suggest that while electoral mobilization during the parliamentary elections of 2016
and the presidential election of 2018 was effective for population groups in higher salary
quartiles, it had little or no impact on individuals in the lowest quartile during the 2016
parliamentary elections. This observation proposes a hypothesis that higher income levels
increase the stakes and influence of electoral inducements on voters. On the other hand,
in 2012, neither the lowest nor the higher salary quartiles showed a significant relationship
with proximity to large firms. This lack of correlation could potentially be attributed to city
bias—higher average salaries tend to occur in larger or more diverse cities where there are
more workplace options. Conversely, lower salaries suggest reduced leverage over employees.

When examining vote share results, the overall pattern aligns with the main models,
albeit with some variations. For instance, in the 2012 presidential elections, the main model
shows that Putin’s coefficients are insignificant, which is also true for the salary quantiles
models, except for the second salary quantile (average and below-average salaries). For
Prokhorov, without population control by the electoral committee and with a model ac-
counting for heterogeneous effects, the results change significantly, leading to better electoral
outcomes for him. Meanwhile, Zhirinovsky’s results are insignificant for both the lowest and
highest salary quartiles. All of these findings for 2012 presidential elections are somewhat
consistent with the turnout model, suggesting that electoral mobilization, if it occurs, fol-
lows the expected logic—boosting turnout and effectively increasing votes for the opposition,
particularly among middle-income groups.

Regarding the parliamentary elections of 2016, the results are most robust when analyzing
the data by salary groups. Although the coefficient for the highest salary quartile becomes
less intense, it remains significant and negative, similar to the pattern observed with LDPR.
In this model, electoral mobilization continues to benefit opposition parties across all salary
levels. For the presidential elections of 2018, both the original and the salary-based models
display negative coefficients for Putin and Zhirinovsky and positive ones for other candidates.
However, the effect for Putin and Grudinin becomes less significant as average salary quartiles
increase. This indicates that economic factors play a role in the mobilization for presidential
elections, particularly in terms of vote share. In 2018, while the turnout effect is consistent
across different salary levels, higher salaries correlate with an insignificant impact on Putin’s
vote share, yet there is no positive correlation between turnout and pro-Putin votes.
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An alternative explanation could also involve the type of company—whether it is state-
owned or private, following the argument provided by Frye et al. (2014). The main model
incorporates market fixed effects to account for variation across markets. To refine the
assessment, we introduce two binary variables for sectors characterized as state-owned. One
variable adopts a more conservative approach, identifying markets with 50% or more state
ownership. The other variable takes a more relaxed stance, considering state ownership of
20% or more®. The results of these interacted models are detailed in Annex I and J. Regarding
voter turnout, it appears that the interaction effect of proximity and state-owned markets
(both variables have baseline category =0 ) diminishes the significance of the coefficients,
leaving only the conservative state-ownership variable significantly negative for the 2021
parliamentary elections. This suggests that large state-owned enterprises on average do
not lead to higher voter turnout when they are in closer proximity, implying some other
mechanism in place. In fact, in 2021, the effect appears to be reversed, indicating that
private companies may be the ones engaging in electoral mobilization, if at all.

8 Conclusion

This research had several goals. First, it aimed to prove that business actors are directly
involved in the clientelistic mechanisms organized by the dominant party and local political
actors in Russia. Additionally, it was crucial to demonstrate that this level of involvement
was not exclusive to super-large businesses but extended to any relatively substantial eco-
nomic entity within the local community. Second, this research aimed to shed light on the
results of such electoral mobilization. Examining workplace electoral mobilization through
the lens of a clientelistic structure (party - broker - voter) reveals some unique characteristics.
In this scenario, brokers do not fit the classic mold of ”professional” brokers who actively
participate in a party’s political activities and systematically organize political processes.
Instead, brokers in this context are primarily businesspeople who are mostly concerned with
the economic affairs of their companies. Their role as intermediaries in clientelistic exchanges
is secondary.

Finally, this research aimed to challenge the prevailing belief that under authoritarian
regime conditions, the dominant party and the incumbent necessarily achieve optimal elec-
toral outcomes. In contrast, the assumption that the dominant party and the incumbent are
always expected to win, along with the strategy of selecting brokers, places the ruling party
in unfavorable circumstances for effective clientelistic exchange. Therefore, it is primarily
up to the monitoring capacity to prevent voter mobilization from leading to protest voting.
Since monitoring capacities are limited, more blatant cases of electoral fraud and ”drying
up” of voter turnout come into play.

Protest voting in the case of electoral mobilization is a topic worthy of further study.
Whiile it appears that voters are able to realistically assess the risks and benefits associated
with their voting choices, it is important to ask whether this is due to their actual experience

5According to the 2018 report by the Center for Strategic Research, such sectors in-
clude transportation (80%), energy supply (71%), natural resource extraction (70%), insurance
and finance (47%), utilities (32%), mechanical engineering (31%), and media (23%).  Source:
https://www.csr.ru/upload/iblock/6b5/6b5e2cd8d71d5d8e47662562b6e0d665. pdf
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of election monitoring or their anticipation and strength of informal agreements. Another
factor that could potentially affect the results of this study is the number and type of
electoral frauds registered in each of the local electoral committees. The reason for the better
performance of United Russia and the incumbent in smaller localities may not only reflect
genuine voting behavior, but may also be due to the relative ease of organizing fraudulent
activities due to the limited presence of observers. Yet an inherent problem with fraud data
is its reliance on observer reports, which introduces a bias toward larger localities where
media attention and the availability of observers from different parties are more pronounced.

Ultimately, a more important question arises: why does a resourceful authoritarian regime
like Russia opt for a clientelistic structure that relies on non-professional brokers whose
primary expertise lies outside the electoral organization? It seems that the dominant party, as
well as the incumbent, primarily uses the existing social, territorial, and economic structures
to achieve desirable electoral results, but as this study has shown, they do not necessarily
serve as such. In light of these findings, it remains important to further investigate the
complexities surrounding the choice of a clientelism structure in authoritarian regimes like
Russia, and the implications it holds for electoral outcomes.
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A Distribution of observations

Figure 6: Distribution of observations: Local Electoral Committees and large enterprises.
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B Regression tables

Table 2: Regression results (regional + sectoral fixed effects): turnout

Dependent variable:

Pres 2018 Pres 2012 Parl 2016 Parl 2021
(1) 2 3) 4)

proximity 1.793** 1.122%* 2.637* 2.297
(0.136) (0.188) (0.168) (0.169)

as.factor(region) Yamalo-Neneckij avtonomnyj okrug 25.616*** 35.931*** 29.351% 25.946***
(0.849) (3.477) (1.047) (1.083)
as.factor(region) Amurskaya oblast —8.945"** 3.497* —3.145* —1.706
(0.923) (1.229) (1.137) (1.168)
as.factor(region) Arhangelskaya oblast —7.105"* —3.662"** —7.077** 2.228*
(0.844) (1.018) (1.045) (1.066)
as.factor(region)Yaroslavskaya oblast —1.285
(0.878)

as.factor(region) Astrahanskaya oblast —7.372"* —4.890"* —4.409*** 4.429**
(1.039) (1.368) (1.280) (1.318)

as.factor(region)Belgorodskaya oblast —1.593* 9.454*** 9.707** 10.522%*
(0.799) (0.971) (0.985) (1.008)

as.factor(region)Bryanskaya oblast 9.177% 1.822 7.342%** 26.423**
(0.815) (0.982) (1.005) (1.032)

as.factor(region)Cecenskaya Respublika 19.064*** 39.845%** 57.420% 59.865**
(1.149) (1.396) (1.424) (1.434)

as.factor(region)Celyabinskaya oblast —0.733 —2.617*** —0.751 7.815*
(0.491) (0.569) (0.605) (0.626)

as.factor(region) Cukotskij avtonomnyj okrug 14197 19.118** 12.953*** 14.287**
(2.982) (3.423) (3.665) (3.810)

as.factor(region)Cuvasskaya Respublika - Cuvasiya —1.209 2.260 4.317 7114
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
(1) 2) (3) 4)
(0.841) (2.151) (1.038) (1.062)
as.factor(region)Evrejskaya avtonomnaya oblast —1.321 —0.304 0.773 20.886***
(1.649) (1.894) (2.027) (2.106)
as.factor(region)gorod Moskva —4.266*** —2.653*** 2.973"*
(0.555) (0.686) (0.704)
as.factor(region)gorod Sankt-Peterburg —0.186 —7.464** 2.847
(0.576) (0.710) (0.731)
as.factor(region)gorod Sevastopol 12.496*** 13.357 16.589***
(1.225) (1.508) (1.563)
as.factor(region)Habarovskij kraj —3.784"* 0.141 —5.127* 6.262**
(0.848) (1.036) (1.046) (1.071)
as.factor(region)Irkutskaya oblast —10.634*** —5.388"** —10.255*** —2.375**
(0.671) (0.814) (0.828) (0.849)
as.factor(region)Ivanovskaya oblast —11.604*** —2.276* —9.543*** —3.949*
(0.765) (0.943) (0.943) (0.967)
as.factor(region)Kabardino-Balkarskaya Respublika 25.185*** 16.323** 51.998** 49.455***
(1.260) (1.560) (1.555) (1.583)
as.factor(region)Kaliningradskaya oblast —6.736™* —3.904"* —0.701 4.685"*
(0.793) (0.971) (0.978) (1.002)
as.factor(region)Kaluzskaya oblast —1.389 —4.315"* 3.708"**
(0.860) (1.062) (1.087)
as.factor(region)Kamcatskij kraj 3.699*** 2.623* 0.358 4.193**
(0.999) (1.144) (1.229) (1.271)
as.factor(rcgion)Karaéacvo—Cerkcsskaya Respublika 21.617** 29.319*** 55.413*** 51.014***
(1.463) (1.776) (1.802) (1.848)
as.factor(region)Kemerovskaya oblast - Kuzbass 34.795%
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
(1) 2) (3) 4)
(0.800)
as.factor(region)Kirovskaya oblast —6.905"** —0.023 —3.847* 3.968"**
(0.717) (0.866) (0.885) (0.910)
as.factor(region)Kostromskaya oblast —6.533"** —1.852 —4.372*** —0.916
(0.877) (1.037) (1.080) (1.115)
as.factor(region)Krasnoyarskij kraj —6.941** —4.694** —8.047* 2.996***
(0.568) (0.669) (0.700) (0.724)
as.factor(region)Krasnodarskij kraj 7.764%** 1.471* 1.951* 20.832***
(0.580) (0.711) (0.722) (0.736)
as.factor(region) Kurganskaya oblast 0.388 9.459*** 14.132% 4.046**
(0.872) (0.968) (1.074) (1.040)
as.factor(region)Kurskaya oblast 1.046 3.525%+* 7.272% —0.444
(0.675) (0.785) (0.831) (0.860)
as.factor(region)Leningradskaya oblast —1.541* 1.410 —0.628 2.332*
(0.692) (0.816) (0.857) (0.878)
as.factor(region)Lipeckaya oblast —1.210 5.592 25.780***
(4.462) (5.484) (5.691)
as.factor(region)Magadanskaya oblast 7.551%** —0.937 2.094 —4.739*
(1.488) (1.714) (1.830) (1.900)
as.factor(region)Moskovskaya oblast —2.866™* —3.427* —4.109"* 7.311%
(0.503) (0.600) (0.622) (0.640)
as.factor(region)Murmanskaya oblast —2.333** —2.711* —5.394** —2.090*
(0.729) (0.867) (0.897) (0.923)
as.factor(region)Neneckij avtonomnyj okrug —1.002 4.435 5.211 4.257
(2.673) (3.069) (3.285) (2.940)
as.factor(region)Nizegorodskaya oblast —2.133"* 7.347+ —1.223 4.655"*
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
(1) 2) (3) 4)
(0.546) (0.668) (0.672) (0.694)
as.factor(region)Novgorodskaya oblast —11.797* —1.515 —6.897** —0.115
(0.846) (1.660) (1.042) (1.076)
as.factor(region)Novosibirskaya oblast —T7.674*** 0.084 —8.733*** —1.348
(0.664) (0.798) (0.819) (0.842)
as.factor(region)Omskaya oblast —6.040"* 0.888 —5.500"** 1.249
(0.581) (0.676) (0.716) (0.741)
as.factor(region)Orenburgskaya oblast —2.338"* —3.447* —5.651* 1.966**
(0.591) (0.693) (0.729) (0.754)
as.factor(region)Orlovskaya oblast —1.509 4.713"** 2.286* 3.536™*
(0.827) (0.969) (1.020) (1.051)
as.factor(region)Penzenskaya oblast 5.821** 4.948*** 11.579*** 11.043**
(0.622) (0.718) (0.766) (0.793)
as.factor(region)Permskij kraj —3.569** —12.344* —9.778* —1.486
(0.634) (0.836) (0.787) (0.804)
as.factor(region)Primorskij kraj —6.675"* 1.157 —9.055"* 1.440*
(0.572) (0.734) (0.708) (0.728)
as.factor(region)Pskovskaya oblast 0.321 0.183 1.456 5.725"*
(0.781) (0.899) (0.961) (0.997)
as.factor(region)Ryazanskaya oblast —3.958** 0.983 —1.704 5.742%*
(0.727) (0.851) (0.896) (0.920)
as.factor(region)Respublika Adygeya (Adygeya) —2.012 8.249*** 3.907* 21.417**
(1.482) (1.822) (1.833) (1.865)
as.factor(region)Respublika Altaj —6.980** 3.912 —0.910 4.095
(2.164) (2.576) (2.664) (2.744)
as.factor(region)Respublika Baskortostan 3.189"** 9.962"** 24.159™** 27.179"*

313



CEU eTD Collection

Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
(1) 2) (3) 4)
(0.903) (1.154) (1.118) (1.128)
as.factor(region)Respublika Buryatiya 9.467*** 13.742%* —2.812* 5.850***
(1.074) (1.335) (1.324) (1.355)
as.factor(region)Respublika Dagestan 16.489*** 30.613** 47.894* 47.728*
(1.056) (1.305) (1.299) (1.329)
as.factor(region)Respublika Hakasiya —3.715** 0.273 —5.650*** —3.227*
(1.070) (1.292) (1.318) (1.353)
as.factor(region)Respublika Ingusetiya 45.916**
(1.949)
as.factor(region)Respublika Kalmykiya 1.834 2.379 16.249* 8.140**
(1.584) (1.929) (1.952) (2.000)
as.factor(region)Respublika Kareliya —7.244*** —4.454** 1.029 2.047
(1.118) (1.422) (1.379) (1.407)
as.factor(region)Respublika Komi —8.699"* 8.235%* —2.553 —1.749
(1.057) (1.312) (1.304) (1.329)
as.factor(region)Respublika Krym 9.597*** 11.444* 12.768***
(1.567) (1.930) (1.999)
as.factor(region)Respublika Marij El —3.817* 6.764*** 9.030*** 4.252**
(1.094) (1.339) (1.349) (1.380)
as.factor(region)Respublika Mordoviya 2.350" 31.972% 36.888"* 19.908***
(1.036) (1.260) (1.279) (1.311)
as.factor(region)Respublika Saha (yakutiya) 2.697** 12.373** 0.353 9.841"*
(1.003) (1.219) (1.237) (1.268)
as.factor(region)Respublika Severnaya Osetiya - Alaniya 22.799** 21.394*** 45.878*** 49.612***
(1.049) (1.277) (1.293) (1.323)
as.factor(region)Respublika Tatarstan (Tatarstan) 9.349*** 17.859*** 34.353*** 41.015™*
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
(1) 2) 3) (4)
(0.490) (0.569) (0.604) (0.625)
as.factor(region)Respublika Tyva 23.053"** 28.940*** 44.406* 35.668***
(1.523) (1.794) (1.875) (1.937)
as.factor(region)Rostovskaya oblast —5.260"** 0.587 0.494 2.296™**
(0.512) (0.600) (0.631) (0.653)
as.factor(region)Sahalinskaya oblast —8.315"* —7.363"* —10.023** —1.353
(0.871) (1.033) (1.072) (1.113)
as.factor(region)Samarskaya oblast —3.119"* 6.806*** 3.176** 3.844***
(0.605) (1.935) (0.767) (0.767)
as.factor(region)Saratovskaya oblast —1.041 5.706™** 25.170™* 3.820*
(1.326) (1.624) (1.632) (1.704)
as.factor(region)Smolenskaya oblast —5.531*** —4.159*** —5.684*** —0.538
(0.669) (0.769) (0.824) (0.850)
as.factor(region)Stavropolskij kraj 8.515%* 2.456* 0.263 31.114%
(0.796) (0.983) (0.983) (1.003)
as.factor(region)Sverdlovskaya oblast —3.869*** —6.324™* —2.240™ 12.007**
(0.511) (0.599) (0.630) (0.651)
as.factor(region) Tambovskaya oblast 1.697* 8.092"** —0.817 17.270**
(0.699) (0.804) (0.863) (0.889)
as.factor(region) Tomskaya oblast —2.003** —1.090 —4.378*** 6.586™**
(0.644) (0.740) (0.794) (0.823)
as.factor(region) Tulskaya oblast 0.269 —3.082"** 11.854***
(0.647) (0.797) (0.825)
as.factor(region) Timenskaya oblast 9.147* 21.657** 34.702% 19.835***
(0.723) (1.650) (0.894) (0.917)
as.factor(region) Tverskaya oblast —6.121"** —2.426™** 2.378"* 2.479*
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
(1) 2) 3) (4)
(0.606) (0.701) (0.746) (0.773)
as.factor(region)Udmurtskaya Respublika —8.215™* 0.135 0.075 5.837*
(1.752) (2.067) (2.156) (2.224)
as.factor(region)Ulyanovskaya oblast —10.625** —5.064*** —5.091***
(0.745) (0.959) (0.949)
as.factor(region)Vladimirskaya oblast —2.147 —9.257* —5.513"* —1.340
(0.742) (0.902) (0.915) (0.939)
as.factor(region)Volgogradskaya oblast 0.311 —2.195* —2.075* 26.219**
(0.601) (0.709) (0.740) (0.765)
as.factor(region) Vologodskaya oblast 0.212 —1.641* —2.778** 6.681**
(0.685) (0.809) (0.845) (0.873)
as.factor(region) Voronezskaya oblast —6.971*** —0.004 —0.129 5.317*
(0.712) (0.886) (0.879) (0.896)
as.factor(region)Zabajkalskij kraj —10.123*** —2.616* —7.879"* —2.517*
(0.978) (1.327) (1.208) (1.238)
as.factor(market)02 —0.892 —0.141 —0.866 —2.263**
(0.614) (0.771) (0.756) (0.764)
as.factor(market )03 —1.068 —0.048 —1.734* —2.454**
(0.612) (0.761) (0.754) (0.763)
as.factor(market)05 —0.732 1.013 —2.006* —4.243**
(0.830) (1.008) (1.022) (1.041)
as.factor(market)06 —4.677* —2.133 —3.334* —5.476***
(1.062) (1.330) (1.317) (1.348)
as.factor(market)07 —2.740** —0.097 —2.972* —3.197
(0.919) (1.306) (1.138) (1.149)
as.factor(market )08 —0.217 —0.294 —1.132 —1.378
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
1) 2 3) (4)
(0.600) (0.766) (0.738) (0.749)
as.factor(market )09 —0.510 —1.139 —1.558 —2.526**
(0.651) (0.883) (0.806) (0.813)
as.factor(market)10 —0.809 0.526 —0.704 —1.290
(0.589) (0.751) (0.725) (0.734)
as.factor(market)11 —1.972* —0.034 —2.716"** —3.200"**
(0.600) (0.762) (0.739) (0.744)
as.factor(market)12 —1.599 0.778 —1.455 —4.196**
(0.824) (1.132) (1.016) (1.037)
as.factor(market)13 —1.165 0.489 —1.878* —1.200
(0.614) (0.789) (0.756) (0.764)
as.factor(market)14 —0.410 0.865 —1.382 —0.826
(0.594) (0.762) (0.731) (0.740)
as.factor(market)15 —1.065 0.097 —3.534"* —2.812%**
(0.617) (0.790) (0.764) (0.773)
as.factor(market)16 —0.314 —0.369 —0.222 —0.620
(0.634) (0.813) (0.781) (0.792)
as.factor(market)17 —0.580 0.483 —2.344* —3.862"**
(0.598) (0.784) (0.739) (0.751)
as.factor(market)18 —1.581** 0.551 —1.935* —1.754*
(0.594) (0.762) (0.733) (0.741)
as.factor(market)19 —1.696* —1.579 —2.849* —4.015"
(0.751) (0.965) (0.931) (0.930)
as.factor(market)20 0.318 0.216 —0.923 —1.221
(0.599) (0.789) (0.739) (0.752)
as.factor(market )21 —0.451 —0.934 —2.892*** —2.619**
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
1) 2 3) (4)
(0.680) (0.873) (0.841) (0.853)
as.factor(market )22 0.168 0.082 —0.215 —0.223
(0.649) (0.814) (0.799) (0.806)
as.factor(market)23 —1.137 0.051 —0.828 —2.178*
(0.641) (0.812) (0.790) (0.793)
as.factor(market)24 —1.693* —1.327 —3.367"* —4.215"
(0.640) (0.835) (0.788) (0.804)
as.factor(market)25 —1.229 —1.223 —1.220 —2.250**
(0.686) (0.905) (0.849) (0.862)
as.factor(market )26 —1.432* 0.728 —2.935"* —3.486***
(0.590) (0.791) (0.729) (0.734)
as.factor(market)27 —1.683** —1.132 —2.450* —0.803
(0.637) (0.819) (0.786) (0.793)
as.factor(market )28 —0.175 0.275 0.513 —0.760
(0.646) (0.809) (0.796) (0.806)
as.factor(market)29 —1.641* —0.373 —1.259 —2.241*
(0.659) (0.903) (0.818) (0.822)
as.factor(market )30 —1.696** —0.265 —2.482* —3.341%*
(0.627) (0.833) (0.775) (0.782)
as.factor(market)31 —1.018 —0.264 —1.159 —2.226**
(0.672) (0.844) (0.827) (0.839)
as.factor(market )32 —0.780 —0.282 —2.394* —2.745%*
(0.610) (0.792) (0.753) (0.765)
as.factor(market)33 —0.571 —0.130 —0.877 —1.357
(0.609) (0.791) (0.749) (0.759)
as.factor(market)35 —2.477* —0.751 —2.580"** —2.528"**
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
(1) 2) 3) (4)
(0.584) (0.764) (0.719) (0.726)
as.factor(market )36 —1.004 0.254 —1.748* —3.608***
(0.634) (0.798) (0.783) (0.777)
as.factor(market)37 —1.247* —1.130 —1.951* —2.534*
(0.635) (0.798) (0.785) (0.796)
as.factor(market )38 —0.745 0.997 —1.912* —1.207
(0.643) (0.810) (0.794) (0.802)
as.factor(market)39 —3.320** —1.516 —3.762* —5.982%*
(1.029) (1.269) (1.266) (1.303)
as.factor(market )41 —0.844 1.598 —2.239* —0.004
(0.713) (0.873) (0.877) (0.887)
as.factor(market)42 0.086 1.963* —0.710 —0.431
(0.602) (0.836) (0.741) (0.753)
as.factor(market )43 —0.381 —0.729 0.219 —2.320"
(0.691) (0.876) (0.853) (0.855)
as.factor(market)45 —1.433* —0.138 —1.252 1.080
(0.698) (0.920) (0.861) (0.870)
as.factor(market )46 0.519 —0.307 —1.369 —0.556
(0.684) (0.866) (0.842) (0.857)
as.factor(market)47 2.168** 0.262 0.228 —1.842
(0.810) (1.003) (0.995) (1.014)
as.factor(market )49 0.632 1.564 0.523 0.146
(0.676) (0.916) (0.830) (0.845)
as.factor(market)50 —1.726* —1.734 —2.717* —2.835**
(0.802) (1.010) (0.992) (0.988)
as.factor(market)51 —2.857* 0.410 —4.175" —4.060"**
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
(1) 2) 3) (4)
(0.732) (0.953) (0.915) (0.905)
as.factor(market )52 —0.654 1.016 —1.211 —0.805
(0.660) (0.860) (0.814) (0.820)
as.factor(market)53 —0.825 —0.434 —2.949*** —2.281*
(0.597) (0.786) (0.739) (0.748)
as.factor(market )55 —0.775 0.374 —1.788* —0.710
(0.621) (0.783) (0.766) (0.776)
as.factor(market)56 —0.841 0.640 0.208 0.191
(0.691) (0.848) (0.850) (0.857)
as.factor(market )58 —0.939 —0.238 —1.413 —1.652*
(0.637) (0.789) (0.787) (0.788)
as.factor(market)59 0.427 0.865 —2.058* —0.801
(0.662) (0.835) (0.815) (0.827)
as.factor(market )60 —0.150 0.062 —0.988 —1.667*
(0.599) (0.753) (0.738) (0.751)
as.factor(market)61 —1.348* 0.043 —1.944* —2.694**
(0.574) (0.730) (0.708) (0.718)
as.factor(market )62 0.116 —1.420 0.629 0.318
(0.669) (0.865) (0.825) (0.828)
as.factor(market)63 —0.519 —0.670 —2.355 —3.195**
(0.640) (0.819) (0.790) (0.797)
as.factor(market )64 0.430 1.530 0.711 —1.577*
(0.606) (0.787) (0.750) (0.754)
as.factor(market)65 —2.209** —0.578 —3.222% —3.319**
(0.761) (1.155) (0.940) (0.962)
as.factor(market )66 —0.575 —0.259 —0.845 —1.441
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
(1) 2) 3) (4)
(0.640) (0.832) (0.794) (0.800)
as.factor(market )68 —0.470 1.400 —1.682 —0.361
(0.712) (0.951) (0.875) (0.884)
as.factor(market)69 —0.832 0.820 —0.526 —0.815
(0.726) (0.958) (0.895) (0.909)
as.factor(market )70 —1.817* 0.149 —0.757 —1.564
(0.640) (0.819) (0.787) (0.800)
as.factor(market)71 —1.926** —0.142 —1.146 —2.513**
(0.641) (0.837) (0.789) (0.802)
as.factor(market)72 —0.560 —0.182 —0.152 —1.603
(0.679) (0.886) (0.837) (0.849)
as.factor(market)73 —0.510 1.095 —1.382 —0.481
(0.694) (0.871) (0.858) (0.871)
as.factor(market )74 —0.055 1.559 —1.094 —0.506
(0.677) (0.849) (0.835) (0.842)
as.factor(market)75 —1.057 0.968 —2.115* —1.414
(0.621) (0.787) (0.769) (0.776)
as.factor(market)77 —0.861 0.194 0.022 —1.716*
(0.675) (0.921) (0.832) (0.838)
as.factor(market)78 —0.131 0.136 —1.844* —1.429
(0.706) (0.898) (0.870) (0.880)
as.factor(market )79 1.846** 3.250%* 0.786 1.534
(0.711) (0.890) (0.880) (0.882)
as.factor(market)80 —2.411% 0.326 —2.491* —1.998*
(0.657) (0.838) (0.810) (0.818)
as.factor(market )81 —0.271 1.445 —0.055 —1.127
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8
1) 2 3) (4)
(0.634) (0.790) (0.781) (0.780)
as.factor(market )82 —0.337 0.186 —0.871 —0.752
(0.642) (0.867) (0.794) (0.802)
as.factor(market)84 —2.087*** —1.200 —3.199*** —5.413**
(0.623) (0.806) (0.775) (0.774)
as.factor(market )85 —0.300 —0.838 —1.090 1.140
(0.638) (0.788) (0.786) (0.794)
as.factor(market)86 —1.205 —0.044 0.626 —0.394
(0.638) (0.786) (0.785) (0.796)
as.factor(market )87 —1.958** —0.540 —4.731%* —5.834**
(0.675) (0.835) (0.831) (0.845)
as.factor(market)88 —0.663 0.007 —3.168*** —3.330**
(0.663) (0.841) (0.818) (0.829)
as.factor(market )90 —0.208 0.305 —1.308 —2.118*
(0.673) (0.839) (0.833) (0.841)
as.factor(market)91 —2.181* 0.157 —3.627* —4.398**
(0.754) (0.960) (0.933) (0.926)
as.factor(market )92 —1.027 —2.075* —4.213*** —5.870%*
(0.702) (0.936) (0.865) (0.886)
as.factor(market)93 0.122 0.123 —0.098 —1.236
(0.678) (0.841) (0.835) (0.853)
as.factor(market)94 0.011 —1.401 —1.526 —2.917*
(0.857) (1.139) (1.056) (1.060)
as.factor(market)95 —0.502 1.182 —0.289 —0.913
(0.617) (0.781) (0.759) (0.770)
as.factor(market)96 —0.270 —0.073 —2.034™ —1.937*
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Table 2: (continued)

Dependent variable:

Model 5 Model 6 Model 7 Model 8

(1) 2) (3) 4)

(0.635) (0.815) (0.783) (0.795)
as.factor(market)97 —3.353** —4.706"** —9.417+** —6.926***

(1.026) (1.276) (1.265) (1.311)
as.factor(market)98 —5.192 18.242 —0.703 0.626

(9.578) (11.332) (11.771) (11.999)
as.factor(market )99 —0.632 6.341** —1.454 —4.185

(1.763) (2.055) (2.166) (2.244)
uik_population —0.001*** —0.0004*** —0.001"** —0.002***

(0.00005) (0.0001) (0.0001) (0.0001)
Observations 31,999 24,539 31,439 33,564
R? 0.375 0.390 0.592 0.579
Adjusted R? 0.264 0.272 0.522 0.509
Note: *p<0.05; *p<0.01; **p<0.001

Table 3: Regression results (regional + sectoral fixed effects): vote share - Parliament
Dependent variable:
LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021

(1) (2) 3) 4)
proximity —0.561"* —0.315"* 0.681*** 0.117

(0.073) (0.047) (0.072) (0.082)
as.factor(region) Yamalo-Neneckij avtonomnyj okrug —4.884™* 5.860™** —9.978" —26.501***
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) (2) 3) (4)

(0.452) (0.301) (0.450) (0.575)

as.factor(region) Amurskaya oblast 8.436™** 4.528"** 0.918 —3.733"*
(0.491) (0.325) (0.488) (0.595)

as.factor(region) Arhangelskaya oblast —1.372* 3.209*** —3.271% —14.239**
(0.451) (0.297) (0.449) (0.555)

as.factor(region)Yaroslavskaya oblast —0.440 —8.049***
(0.244) (0.461)

as.factor(region) Astrahanskaya oblast —7.334"* —2.555™* —0.892 —14.482***
(0.552) (0.367) (0.549) (0.684)

as.factor(region)Belgorodskaya oblast —5.554"* —1.330"* 1.647%* —10.899**
(0.425) (0.281) (0.423) (0.520)

as.factor(region)Bryanskaya oblast —10.013*** 0.145 —1.022* —17.678**
(0.434) (0.287) (0.431) (0.529)

as.factor(region)Cecenskaya Respublika —22.224™* —9.442"* —17.525"* —33.466™*
(0.615) (0.399) (0.611) (0.739)

as.factor(region)Celyabinskaya oblast —3.262"* —0.774*** —4.005*** —13.710"*
(0.261) (0.174) (0.260) (0.329)

as.factor(region) Cukotskij avtonomnyj okrug 3.496* 11.601*** —b5.964*** —17.223*
(1.581) (1.060) (1.573) (1.676)

as.factor(region)Cuvasskaya Respublika - Cuvasiya —6.731* —1.587 —1.337* —9.167*
(0.448) (0.296) (0.446) (0.550)

as.factor(region)Evrejskaya avtonomnaya oblast 4.682*** 2.373"* 2.870"* —8.930"**
(0.875) (0.586) (0.870) (1.000)

as.factor(region)gorod Moskva —7.992"* —1.867* —2.459*** —4.208***
(0.296) (0.196) (0.295) (0.366)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)

as.factor(region)gorod Sankt-Peterburg —11.015"* —2.924"* —4.606*** —16.123**
(0.307) (0.203) (0.305) (0.383)

as.factor(region)gorod Sevastopol —6.526™** —0.292 —4.295** —21.121"**
(0.651) (0.435) (0.647) (0.844)

as.factor(region)Habarovskij kraj 2.971% 6.507* 1.719** —4.742*
(0.452) (0.298) (0.449) (0.556)

as.factor(region)Irkutskaya oblast —3.533** —0.779*** 8.299** —5.472%*
(0.357) (0.236) (0.355) (0.443)

as.factor(region)Ivanovskaya oblast —3.184"* —0.153 3.750%** —3.074**
(0.407) (0.269) (0.405) (0.494)

as.factor(region)Kabardino-Balkarskaya Respublika —22.695"** —9.456"** 0.941 —16.912*
(0.671) (0.441) (0.667) (0.826)

as.factor(region)Kaliningradskaya oblast —4.137* 0.662* —0.290 —10.295**
(0.422) (0.279) (0.420) (0.514)

as.factor(region)Kaluzskaya oblast —4.697* —0.241 0.669 —10.712***
(0.458) (0.302) (0.456) (0.562)

as.factor(region)Kaméatskij kraj 1.037 3.940*** —3.111%* —6.801***
(0.530) (0.354) (0.528) (0.686)

as.factor(region)Karacaevo-Cerkesskaya Respublika —21.524"* —7.463* —8.521*** —20.344**
(0.778) (0.514) (0.774) (0.969)

as.factor(region)Kemerovskaya oblast - Kuzbass —2.581"* —23.838*
(0.223) (0.416)

as.factor(region)Kirovskaya oblast 3.781"** 3.145"* —3.353"** —14.567*
(0.382) (0.253) (0.380) (0.470)

as.factor(region)Kostromskaya oblast —3.070"** —0.018 5.421"* —3.006"*
(0.466) (0.310) (0.464) (0.564)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)
as.factor(region)Krasnoyarskij kraj —0.996"* 5.130*** —2.595%* —10.945"*
(0.302) (0.201) (0.300) (0.376)
as.factor(region)Krasnodarskij kraj —6.316™* —2.392%** —1.133*** —13.894**
(0.312) (0.205) (0.310) (0.387)
as.factor(region) Kurganskaya oblast —5.784*** 1.574% —1.316* —9.409***
(0.463) (0.289) (0.461) (0.529)
as.factor(region)Kurskaya oblast —6.421"** 2.233** —4.150"** —9.899***
(0.359) (0.239) (0.357) (0.444)
as.factor(region)Leningradskaya oblast —7.154"* 0.079 —5.972*** —12.258"*
(0.370) (0.244) (0.368) (0.451)
as.factor(region)Lipeckaya oblast —6.043* —1.615 0.189 —13.110"*
(2.366) (1.584) (2.355) (2.538)
as.factor(region)Magadanskaya oblast —3.466™** 2.041" 1.618* —5.332"
(0.789) (0.529) (0.786) (0.965)
as.factor(region) Moskovskaya oblast —6.147"** —0.992*** —0.780* —11.107
(0.269) (0.178) (0.267) (0.334)
as.factor(region)Murmanskaya oblast —1.242* 2.801*** —4.760*** —12.703**
(0.387) (0.257) (0.385) (0.486)
as.factor(region)Neneckij avtonomnyj okrug 0.727 0.505 6.540*** 2.949*
(1.418) (0.818) (1.411) (1.398)
as.factor(region)Nizegorodskaya oblast —7.383"** —1.232%** —1.990*** —11.737*
(0.290) (0.193) (0.289) (0.359)
as.factor(region)Novgorodskaya oblast —6.763** —0.874** 0.596 —10.565"**
(0.449) (0.299) (0.447) (0.546)
as.factor(region)Novosibirskaya oblast —2.117* 0.637** 5.557** —5.452"*
(0.353) (0.234) (0.351) (0.439)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)
as.factor(region)Omskaya oblast —5.433"** —2.145"** 12.026*** 2.430™*
(0.309) (0.206) (0.307) (0.396)
as.factor(region)Orenburgskaya oblast 2.265*** 1.079*** 2.305%** —5.694**
(0.314) (0.210) (0.313) (0.398)
as.factor(region)Orlovskaya oblast —3.346"** —0.572 2.988"* —8.445***
(0.440) (0.292) (0.438) (0.537)
as.factor(region)Penzenskaya oblast —8.138"** 0.618** —1.006** —12.891***
(0.331) (0.221) (0.329) (0.412)
as.factor(region)Permskij kraj —5.207* 1.810** —1.848*** —9.726***
(0.340) (0.224) (0.338) (0.419)
as.factor(region)Primorskij kraj —1.308"* —0.942%** 3.683*** —1.361**
(0.306) (0.203) (0.304) (0.381)
as.factor(region)Pskovskaya oblast —7.729"** —0.749* 1.437%* —10.393"**
(0.415) (0.277) (0.413) (0.480)
as.factor(region) Ryazanskaya oblast —5.665"** 0.723** 0.006 —11.595%**
(0.387) (0.256) (0.385) (0.472)
as.factor(region)Respublika Adygeya (Adygeya) —5.076™* —3.638"* —1.352 —14.733**
(0.791) (0.519) (0.787) (0.954)
as.factor(region)Respublika Altaj —4.861*** 0.823 4.056*** —1.446
(1.149) (0.763) (1.144) (1.427)
as.factor(region)Respublika Baskortostan —13.731"* —0.085 4.572% —17.020**
(0.482) (0.314) (0.480) (0.586)
as.factor(region)Respublika Buryatiya —8.745"** —4.578** 6.087** —b5.816"**
(0.571) (0.377) (0.568) (0.714)
as.factor(region)Respublika Dagestan —22.145"* —5.146™* —13.622** —28.039***
(0.561) (0.370) (0.558) (0.693)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)

as.factor(region)Respublika Hakasiya —1.775* —2.136™* 3.953* —1.608*
(0.569) (0.376) (0.566) (0.706)

as.factor(region)Respublika Ingusetiya —7.783*** —29.503**
(0.542) (1.041)

as.factor(region)Respublika Kalmykiya —17.833"** —6.457* —4.697** —3.597*
(0.842) (0.557) (0.838) (1.017)

as.factor(region)Respublika Kareliya —4.896*** —0.697 —3.991* —17.214**
(0.595) (0.392) (0.592) (0.717)

as.factor(region)Respublika Komi 1.248* 1.580*** —4.936™** —5.259"
(0.563) (0.370) (0.560) (0.681)

as.factor(region)Respublika Krym —11.169*** —2.848*** —11.178** —26.169***
(0.833) (0.556) (0.829) (1.010)

as.factor(region)Respublika Marij El —9.964"* —1.344"* 10.173** 3.671%*
(0.582) (0.384) (0.579) (0.718)

as.factor(region)Respublika Mordoviya —13.463*** 0.673 —11.369*** —18.341"**
(0.552) (0.365) (0.549) (0.650)

as.factor(region)Respublika Saha (yakutiya) —6.979*** —4.035*** —4.320%* 2.653"**
(0.534) (0.353) (0.531) (0.647)

as.factor(region)Respublika Severnaya Osetiya - Alaniya —21.070*** —8.319*** 4.816%* —21.958***
(0.558) (0.368) (0.555) (0.683)

as.factor(region)Respublika Tatarstan (Tatarstan) —17.961*** —4.938"** —11.712%** —23.289***
(0.261) (0.174) (0.259) (0.331)

as.factor(region)Respublika Tyva —17.336™** —6.326"** —11.342%* —26.920"**
(0.809) (0.539) (0.805) (0.966)

as.factor(region)Rostovskaya oblast —6.521*** —1.411** —0.431 —6.893"**
(0.272) (0.182) (0.271) (0.344)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)
as.factor(region)Sahalinskaya oblast —0.422 —0.047 0.808 —1.349*
(0.462) (0.310) (0.460) (0.579)
as.factor(region)Samarskaya oblast —5.410"** —0.269 1117+ —5.531***
(0.331) (0.214) (0.329) (0.404)
as.factor(region)Saratovskaya oblast —12.057*** —3.616"** —5.716*** —7.350"**
(0.704) (0.474) (0.701) (0.898)
as.factor(region)Smolenskaya oblast —0.618 2461 0.666 —8.290"**
(0.356) (0.237) (0.354) (0.432)
as.factor(region)Stavropolskij kraj —5.125"* —4.307** —3.455%* —18.857*
(0.424) (0.279) (0.422) (0.520)
as.factor(region)Sverdlovskaya oblast —3.867*** —0.020 —3.839** —12.214**
(0.272) (0.181) (0.270) (0.341)
as.factor(region) Tambovskaya oblast —12.175"** —3.781"** —4.974* —17.882"**
(0.372) (0.247) (0.370) (0.458)
as.factor(region) Tomskaya oblast —1.084* 2,501 —5.124* —10.369***
(0.343) (0.229) (0.341) (0.443)
as.factor(region) Tulskaya oblast —5.741** —1.474* 0.148 —15.219"
(0.344) (0.229) (0.342) (0.427)
as.factor(region) Timenskaya oblast —3.378"** 4.509*+* —2.515"* —19.263***
(0.386) (0.255) (0.384) (0.481)
as.factor(region) Tverskaya oblast —5.233"* 0.850*** —2.411* —9.108***
(0.322) (0.215) (0.320) (0.384)
as.factor(region)Udmurtskaya Respublika —6.612*** —0.522 —2.120* —5.181"**
(0.930) (0.619) (0.926) (1.110)
as.factor(region)Ulyanovskaya oblast —3.722% —0.300 7.905%** 6.023**
(0.414) (0.264) (0.412) (0.492)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)
as.factor(region)Vladimirskaya oblast —3.525"* —0.263 —=3.773"* —6.486™**
(0.395) (0.261) (0.393) (0.485)
as.factor(region) Volgogradskaya oblast —4.911%* 2.512% —0.920** —18.147***
(0.319) (0.213) (0.318) (0.402)
as.factor(region)Vologodskaya oblast 0.544 3.022% —3.487** —11.127*
(0.365) (0.243) (0.363) (0.447)
as.factor(region) Voronezskaya oblast —10.514*** —2.509*** 4.987%* —7.356"**
(0.379) (0.249) (0.378) (0.466)
as.factor(region)Zabajkalskij kraj 7.917+* 1.723** 1.418* —10.400**
(0.521) (0.345) (0.519) (0.647)
as.factor(market)02 0.041 0.314 0.420 0.340
(0.326) (0.213) (0.325) (0.383)
as.factor(market )03 —1.183** —0.364 0.205 0.056
(0.325) (0.212) (0.324) (0.386)
as.factor(market )05 —2.666™* —0.628* —0.119 0.925
(0.441) (0.290) (0.439) (0.550)
as.factor(market)06 —1.425* 0.014 0.599 —0.281
(0.568) (0.375) (0.566) (0.711)
as.factor(market)07 0.194 0.056 —0.748 0.337
(0.491) (0.320) (0.489) (0.564)
as.factor(market)08 —0.264 —0.115 0.128 —0.338
(0.319) (0.208) (0.317) (0.378)
as.factor(market )09 —1.258"* —0.165 —0.543 —0.397
(0.348) (0.226) (0.346) (0.420)
as.factor(market)10 —0.869** —0.311 0.051 —0.149
(0.313) (0.204) (0.311) (0.368)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) (2) 3) (4)
as.factor(market)11 —0.252 0.185 0.135 —0.026
(0.319) (0.207) (0.317) (0.378)
as.factor(market)12 —1.082* —0.222 —0.510 0.157
(0.439) (0.289) (0.436) (0.546)
as.factor(market)13 —0.787* —0.428* —0.365 —0.534
(0.326) (0.212) (0.325) (0.391)
as.factor(market)14 —1.004"* —0.453* —0.501 —0.269
(0.316) (0.206) (0.314) (0.378)
as.factor(market)15 —0.057 -0.119 —1.073* —0.847*
(0.330) (0.215) (0.328) (0.393)
as.factor(market)16 —0.311 —0.183 —0.828* —0.640
(0.337) (0.220) (0.335) (0.395)
as.factor(market)17 —1.389*** —0.168 —0.257 —0.024
(0.319) (0.209) (0.317) (0.386)
as.factor(market)18 —0.790* —0.221 —0.100 —0.163
(0.316) (0.206) (0.315) (0.380)
as.factor(market)19 —0.838* —0.246 1.080* 0.527
(0.402) (0.259) (0.400) (0.482)
as.factor(market)20 —1.217* —0.072 —0.072 —0.175
(0.319) (0.209) (0.317) (0.383)
as.factor(market)21 —0.575 1.397+ —0.174 0.528
(0.363) (0.237) (0.361) (0.438)
as.factor(market)22 —1.010* —0.209 0.020 —0.195
(0.345) (0.224) (0.343) (0.410)
as.factor(market )23 —0.657 0.065 —0.238 —0.062
(0.341) (0.221) (0.339) (0.400)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)
as.factor(market)24 —1.247* 0.047 —0.177 0.075
(0.340) (0.224) (0.339) (0.413)
as.factor(market)25 —0.095 0.102 —0.504 0.338
(0.366) (0.240) (0.364) (0.435)
as.factor(market)26 —1.450%** —0.360 0.289 0.371
(0.315) (0.204) (0.313) (0.379)
as.factor(market )27 —1.183"* —0.408 0.676* —0.163
(0.339) (0.221) (0.338) (0.403)
as.factor(market )28 —0.180 —0.198 —0.764* —0.018
(0.344) (0.224) (0.342) (0.410)
as.factor(market)29 —0.952** —0.373 —0.178 —0.403
(0.353) (0.229) (0.351) (0.425)
as.factor(market)30 —1.127*** —0.211 0.288 0.519
(0.335) (0.218) (0.333) (0.400)
as.factor(market )31 —0.555 —0.356 —0.722* 0.126
(0.357) (0.233) (0.355) (0.429)
as.factor(market)32 —0.502 —0.027 0.493 0.180
(0.325) (0.213) (0.323) (0.392)
as.factor(market)33 —0.415 —0.111 —0.566 0.325
(0.323) (0.211) (0.322) (0.388)
as.factor(market)35 —0.206 0.064 0.150 —0.442
(0.310) (0.202) (0.300) (0.364)
as.factor(market )36 —0.777* 0.339 —0.477 0.398
(0.338) (0.216) (0.336) (0.391)
as.factor(market )37 —1.110™ —0.333 0.388 0.399
(0.339) (0.221) (0.337) (0.406)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)
as.factor(market )38 0.257 0.298 —0.260 —0.394
(0.342) (0.223) (0.341) (0.404)
as.factor(market)39 —2.611*** 0.416 —0.758 —0.440
(0.546) (0.363) (0.543) (0.687)
as.factor(market)41 —0.672 —0.738** —1.500** —0.556
(0.378) (0.247) (0.376) (0.452)
as.factor(market )42 —0.024 —0.316 —0.465 0.054
(0.320) (0.210) (0.318) (0.382)
as.factor(market)43 —1.251% —0.520* —0.456 0.565
(0.368) (0.238) (0.366) (0.437)
as.factor(market)45 0.651 0.111 —1.068* —0.301
(0.372) (0.242) (0.370) (0.443)
as.factor(market)46 —1.244 —0.133 —0.038 —0.256
(0.363) (0.239) (0.361) (0.445)
as.factor(market )47 —1.104* —0.346 0.146 —0.223
(0.429) (0.282) (0.427) (0.514)
as.factor(market )49 —1.613"* —0.580* —0.291 —0.687
(0.358) (0.235) (0.357) (0.434)
as.factor(market)50 —0.762 —0.795** 0.630 0.206
(0.428) (0.275) (0.426) (0.507)
as.factor(market)51 —2.181*** —0.799* 0.170 0.882
(0.395) (0.252) (0.393) (0.470)
as.factor(market )52 —0.456 —0.244 —0.369 0.157
(0.351) (0.228) (0.349) (0.418)
as.factor(market)53 —1.021* 0.106 —0.511 0.004
(0.319) (0.208) (0.317) (0.385)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)
as.factor(market )55 —0.193 0.218 —0.072 0.011
(0.331) (0.216) (0.329) (0.394)
as.factor(market)56 0.003 —0.144 —0.626 0.217
(0.367) (0.239) (0.365) (0.437)
as.factor(market)58 —0.669* —0.165 —0.503 —0.151
(0.339) (0.219) (0.338) (0.405)
as.factor(market )59 —1.295"* —0.458* 0.041 —0.012
(0.352) (0.230) (0.350) (0.428)
as.factor(market)60 —0.494 —0.060 0.282 —0.255
(0.318) (0.209) (0.317) (0.383)
as.factor(market)61 —0.841** —0.354 —0.227 0.042
(0.305) (0.200) (0.304) (0.366)
as.factor(market)62 —0.998** —0.567* —0.430 0.134
(0.356) (0.230) (0.354) (0.423)
as.factor(market )63 —0.355 0.148 0.301 1.445%*
(0.341) (0.222) (0.339) (0.409)
as.factor(market)64 —1.942% —0.329 —0.194 —0.007
(0.324) (0.210) (0.322) (0.383)
as.factor(market)65 —1.456*** —0.136 0.006 0.470
(0.406) (0.268) (0.404) (0.498)
as.factor(market)66 —1.299*** —0.754*** —0.104 —0.319
(0.342) (0.223) (0.341) (0.413)
as.factor(market )68 0.351 —0.326 —0.220 —0.534
(0.378) (0.246) (0.376) (0.452)
as.factor(market )69 0.335 0.013 —0.483 —0.054
(0.386) (0.253) (0.384) (0.464)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)
as.factor(market)70 —1.068™ —0.051 0.358 0.029
(0.340) (0.223) (0.338) (0.410)
as.factor(market)71 0.647 0.152 —0.328 1.147**
(0.340) (0.223) (0.339) (0.410)
as.factor(market )72 —1.951* —0.548* —0.356 —0.549
(0.361) (0.236) (0.359) (0.437)
as.factor(market )73 —0.505 —0.041 0.582 0.758
(0.370) (0.243) (0.368) (0.443)
as.factor(market)74 —0.911* —0.219 —0.475 —0.163
(0.360) (0.234) (0.358) (0.429)
as.factor(market)75 —0.965** —0.187 0.135 0.314
(0.332) (0.216) (0.330) (0.395)
as.factor(market)77 0.056 —0.123 0.215 0.218
(0.359) (0.233) (0.357) (0.425)
as.factor(market)78 —1.048"* —0.565* 0.401 —0.446
(0.375) (0.245) (0.374) (0.455)
as.factor(market)79 —0.169 —0.362 —0.229 —0.621
(0.380) (0.245) (0.378) (0.456)
as.factor(market)80 —0.286 —0.212 0.583 0.114
(0.350) (0.228) (0.348) (0.413)
as.factor(market)81 —0.563 —0.340 —0.237 —0.031
(0.337) (0.217) (0.335) (0.399)
as.factor(market )82 0.754* 0.495* —0.727* —0.270
(0.343) (0.223) (0.341) (0.409)
as.factor(market )84 —1.660"** —0.355 0.366 1.057*
(0.335) (0.215) (0.333) (0.398)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)
as.factor(market )85 —0.056 0.120 0.289 —0.601
(0.339) (0.221) (0.338) (0.403)
as.factor(market)86 0.145 0.500* —0.291 0.213
(0.339) (0.222) (0.337) (0.403)
as.factor(market)87 —0.819* —0.278 —0.154 0.124
(0.359) (0.235) (0.357) (0.438)
as.factor(market )88 —1.301"* —0.603** —0.021 —0.568
(0.353) (0.231) (0.351) (0.427)
as.factor(market )90 —1.548"* —0.407 —0.085 0.361
(0.359) (0.234) (0.358) (0.430)
as.factor(market)91 —1.756*** —0.130 0.352 1.061*
(0.402) (0.258) (0.400) (0.483)
as.factor(market)92 —3.135™* —1.143"* 1.459** 0.237
(0.373) (0.247) (0.371) (0.464)
as.factor(market )93 —0.440 0.158 0.420 —0.002
(0.360) (0.237) (0.359) (0.442)
as.factor(market)94 —2.594* —0.497 0.170 0.018
(0.456) (0.295) (0.453) (0.557)
as.factor(market)95 —0.417 —0.074 —0.812* —0.092
(0.328) (0.214) (0.326) (0.394)
as.factor(market)96 0.612 0.041 0.234 —0.309
(0.338) (0.221) (0.336) (0.404)
as.factor(market)97 —2.505"* —0.823* 0.680 0.920
(0.546) (0.365) (0.543) (0.695)
as.factor(market )98 3.552 —1.596 0.467 —5.549
(5.079) (3.339) (5.054) (6.539)
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Table 3: (continued)

Dependent variable:

LDPR 2016 LDPR 2021 KPRF 2016 KPRF 2021
(1) 2) 3) (4)
as.factor(market)99 —6.631"* —3.222"* 0.230 —0.747
(0.935) (0.624) (0.930) (1.211)
uik_population —0.0003*** —0.0002"* 0.0001**
(0.00003) (0.00002) (0.00003)
Observations 31,439 33,564 31,439 36,425
R? 0.568 0.430 0.514 0.558
Adjusted R2 0.493 0.334 0.431 0.490
Note: *p<0.05; *p<0.01; **p<0.001
Table 4: Regression results (regional + sectoral fixed effects): vote share - Parliament
Dependent variable:
UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)
proximity —0.719"* —0.097 0.287* —0.290"*
(0.143) (0.158) (0.034) (0.089)
as.factor(region) Yamalo-Neneckij avtonomnyj okrug 30.729** 37.001 —1.336** —26.295**
(0.891) (1.013) (0.211) (0.572)
as.factor(region) Amurskaya oblast 1.940* 0.883 —1.474* —3.481*
(0.968) (1.092) (0.229) (0.617)
as.factor(region) Arhangelskaya oblast 10.456*** 1.595 —0.532* —13.765"**
(0.890) (0.996) (0.210) (0.563)
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)

as.factor(region)Yaroslavskaya oblast —4.031*** —7.619"**
(0.821) (0.464)

as.factor(region) Astrahanskaya oblast 3.638"** 12.208*** —1.072"* —14.728"**
(1.090) (1.232) (0.258) (0.696)

as.factor(region) Belgorodskaya oblast 10.635*** 11.442*** —1.675"* —10.164"**
(0.839) (0.943) (0.198) (0.532)

as.factor(region)Bryanskaya oblast 26.511%** 30.583*** —1.890*** —17.463***
(0.855) (0.965) (0.202) (0.545)

as.factor(region)Cecenskaya Respublika 67.782%** 69.382*** —3.563"** —33.743**
(1.213) (1.341) (0.287) (0.757)

as.factor(region)Celyabinskaya oblast 1.634** 3.110" 0.253* —13.514"
(0.515) (0.585) (0.122) (0.331)

as.factor(region)éukotskij avtonomnyj okrug 16.207* 3.298 —2.075" —14.114*
(3.120) (3.562) (0.738) (2.012)

as.fa(:tor(region)éuvaéskaya Respublika - Cuvasiya 9.120* 1.736 —0.881* —8.737*
(0.884) (0.993) (0.209) (0.561)

as.factor(region)Evrejskaya avtonomnaya oblast 4.519** 14.427% —1.982*** —8.004**
(1.726) (1.969) (0.408) (1.112)

as.factor(region)gorod Moskva 4.636*** 1.758** 7.560™** —4.488***
(0.584) (0.658) (0.138) (0.372)

as.factor(region)gorod Sankt-Peterburg 5.649"** 5.826™* 8.392"* —16.299"**
(0.605) (0.683) (0.143) (0.386)

as.factor(region)gorod Sevastopol 22.071% 27.728*** —2.013" —21.239**
(1.284) (1.461) (0.304) (0.825)

as.factor(region)Habarovskij kraj 4.981*** —6.146"* —1.183*** —4.129"*
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)

(0.891) (1.001) (0.211) (0.566)

as.factor(region)Irkutskaya oblast 4.275"* 5.829™* —1.087+* —5.217**
(0.705) (0.794) (0.167) (0.448)

as.factor(region)Ivanovskaya oblast 4.000%** 3.348* —0.651*** —1.936™*
(0.803) (0.904) (0.190) (0.511)

as.factor(region)Kabardino-Balkarskaya Respublika 48.697** 50.761** —3.491 —16.779***
(1.323) (1.480) (0.313) (0.836)

as.factor(region)Kaliningradskaya oblast 6.486*** 6.371* 0.132 —9.486™*
(0.832) (0.936) (0.197) (0.529)

as.factor(region)Kaluzskaya oblast 9.420™** 5.792"* 0.380 —10.522"**
(0.904) (1.016) (0.214) (0.574)

as.factor(region)Kamcatskij kraj 13.466™** 3.139** —1.467* —6.891"**
(1.046) (1.188) (0.247) (0.671)

as.factor(region) Karacaevo-Cerkesskaya Respublika 50.333*** 49.901** —3.647* —20.169"*
(1.534) (1.727) (0.363) (0.976)

as.factor(region) Kemerovskaya oblast - Kuzbass 41.325%** —23.529"**
(0.748) (0.422)

as.factor(region)Kirovskaya oblast 3.440 —1.074 —0.465™ —14.111"
(0.754) (0.851) (0.178) (0.481)

as.factor(region)Kostromskaya oblast 2.043* —0.803 —0.775** —2.985"**
(0.919) (1.042) (0.217) (0.589)

as.factor(region)Krasnoyarskij kraj 5.923*** 5.615%* —0.819*** —11.118**
(0.596) (0.677) (0.141) (0.382)

as.factor(region)Krasnodarskij kraj 19.757* 23.526*** —0.634*** —13.566™**
(0.615) (0.688) (0.145) (0.389)

as.factor(region)Kurganskaya oblast 16.244** 3.896* —1.645"* —9.135"
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)
(0.914) (0.972) (0.216) (0.549)
as.factor(region)Kurskaya oblast 19.562*** 6.667* —1.387%* —9.366™**
(0.707) (0.804) (0.167) (0.454)
as.factor(region)Leningradskaya oblast 12.691*** 7.709*** 0.355* —12.158"*
(0.729) (0.821) (0.172) (0.464)
as.factor(region)Lipeckaya oblast 17.914** 25.342%* —1.557 —11.357*
(4.669) (5.321) (1.104) (3.006)
as.factor(region)Magadanskaya oblast 8.909*** 4.770** —1.790"* —3.967*
(1.558) (1.776) (0.368) (1.003)
as.factor(region)Moskovskaya oblast 12.326** 13.814** 1.535%** —10.998"**
(0.530) (0.598) (0.125) (0.338)
as.factor(region)Murmanskaya oblast 9.121*** 1.657 —0.524** —12.128"**
(0.764) (0.863) (0.181) (0.488)
as.factor(region)Neneckij avtonomnyj okrug 1.750 —5.416* —1.833* 4.199**
(2.797) (2.749) (0.661) (1.553)
as.factor(region)Nizegorodskaya oblast 18.826*** 14.011* —0.799 —10.615"**
(0.572) (0.649) (0.135) (0.367)
as.factor(region)Novgorodskaya oblast 2.840** —0.029 1.441% —9.580"*
(0.887) (1.006) (0.210) (0.568)
as.factor(region)Novosibirskaya oblast 1.486* 1.962* 0.362* —5.208***
(0.697) (0.787) (0.165) (0.444)
as.factor(region)Omskaya oblast —2.898"** —1.578" 0.050 2.521"**
(0.609) (0.692) (0.144) (0.391)
as.factor(region)Orenburgskaya oblast 3.425" 4.334* —0.324* —5.448"
(0.620) (0.705) (0.147) (0.398)
as.factor(region)Orlovskaya oblast 6.118"** 0.311 —1.359*** —7.848"**

340



CEU eTD Collection

Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) (2) 3) (4)

(0.868) (0.982) (0.205) (0.555)

as.factor(region)Penzenskaya oblast 19.243* 13.156*** —0.872%* —11.519"**
(0.652) (0.742) (0.154) (0.419)

as.factor(region)Permskij kraj 8.356*** 3.997% 1.806*** —9.811"*
(0.670) (0.751) (0.158) (0.424)
as.factor(region)Primorskij kraj 1.249* 2.158** 0.105 —0.672
(0.603) (0.681) (0.143) (0.385)

as.factor(region)Pskovskaya oblast 8.749*** 5.272% 2.808*** —9.647*
(0.818) (0.932) (0.193) (0.526)

as.factor(region)Ryazanskaya oblast 14.420** 11.085** —0.416* —10.344**
(0.763) (0.860) (0.180) (0.436)

as.factor(region)Respublika Adygeya (Adygeya) 17.496*** 29.025*** —1.656*** —13.975%*
(1.560) (1.743) (0.369) (0.985)
as.factor(region)Respublika Altaj 11.810*** 3.745 —2.586™** —1.469
(2.268) (2.565) (0.536) (1.449)

as.factor(region)Respublika Baskortostan 23.035*** 31.215% —2.283" —17.306"**
(0.952) (1.055) (0.225) (0.596)

as.factor(region)Respublika Buryatiya 5.526*** 8.028** —0.413 —6.007*
(1.127) (1.266) (0.266) (0.715)

as.factor(region)Respublika Dagestan 57.613** 50.880*** —2.124*** —28.635"*
(1.106) (1.242) (0.261) (0.702)
as.factor(region)Respublika Hakasiya 5.003*** 3.520** —1.555"** —1.083
(1.122) (1.264) (0.265) (0.714)

as.factor(region)Respublika Ingusetiya 55.359*** —29.678"*
(1.822) (1.029)

as.factor(region)Respublika Kalmykiya 37.498*** 3.017 —1.274** —3.050"*
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)
(1.662) (1.870) (0.393) (1.056)
as.factor(region)Respublika Kareliya 7.765** 3.889** 5.732%* —16.653"**
(1.174) (1.316) (0.278) (0.743)
as.factor(region)Respublika Komi 7.231% 0.359 —1.392*** —4.209"*
(1.110) (1.242) (0.263) (0.702)
as.factor(region)Respublika Krym 43.133** 36.911% —2.450"** —26.295"**
(1.643) (1.869) (0.388) (1.056)
as.factor (region)Respublika Marij El 11.848* 0.116 —2.314** 4.024*+*
(1.148) (1.290) (0.271) (0.729)
as.factor(region)Respublika Mordoviya 46.963*** 26.394*** —2.610™* —17.092%**
(1.088) (1.225) (0.257) (0.692)
as.factor(region)Respublika Saha (yakutiya) 11.962*** 0.145 —1.308*** 2.649***
(1.053) (1.186) (0.249) (0.670)
as.factor(region)Respublika Severnaya Osetiya - Alaniya 37.480*** 43.3317 —3.196"** —22.167*
(1.101) (1.236) (0.260) (0.698)
as.factor(region)Respublika Tatarstan (Tatarstan) 47.368*** 46.877** —1.771% —23.080***
(0.514) (0.584) (0.122) (0.330)
as.factor(region)Respublika Tyva 48.030*** 48.916*** —2.458"** —25.905"**
(1.596) (1.811) (0.377) (1.023)
as.factor(region)Rostovskaya oblast 17.726** 10.384*** —0.837* —6.558"**
(0.537) (0.610) (0.127) (0.345)
as.factor(region)Sahalinskaya oblast 8.741* 1.779 —0.543* —0.872
(0.912) (1.040) (0.216) (0.588)
as.factor(region)Samarskaya oblast 12.213*= 6.641** 0.898"** —5.285"**
(0.653) (0.717) (0.154) (0.405)
as.factor(region)Saratovskaya oblast 27.813* 15.944** 0.894** —6.312"*
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)
(1.390) (1.593) (0.329) (0.900)
as.factor(region)Smolenskaya oblast 9.371"** 4.114** —0.672** —7.547*
(0.702) (0.795) (0.166) (0.449)
as.factor(region)Stavropolskij kraj 21.731% 32.746* —1.671% —18.699***
(0.836) (0.937) (0.198) (0.530)
as.factor(region)Sverdlovskaya oblast 5.624™** 6.355"** 0.735* —11.921"**
(0.536) (0.609) (0.127) (0.344)
as.factor(region) Tambovskaya oblast 21.118*** 20.894** —0.930*** —17.618"*
(0.734) (0.831) (0.174) (0.470)
as.factor(region) Tomskaya oblast 7.964** 1.959* 1.532%* —10.236™**
(0.676) (0.769) (0.160) (0.435)
as.factor(region) Tulskaya oblast 12.057** 17.524* 0.349* —14.674*
(0.679) (0.771) (0.160) (0.435)
as.factor(region) Timenskaya oblast 17.480* 15.401*** —2.242% —18.566™**
(0.761) (0.857) (0.180) (0.484)
as.factor(region) Tverskaya oblast 13.822*** 1.361 —0.153 —7.642"*
(0.635) (0.723) (0.150) (0.408)
as.factor(region) Udmurtskaya Respublika 16.199*** 3.219 —1.464** —5.394**
(1.835) (2.079) (0.434) (1.175)
as.factor(region)Ulyanovskaya oblast 5.048*** —1.362 —0.097 6.747+*
(0.816) (0.887) (0.193) (0.501)
as.factor(region) Vladimirskaya oblast 12.055*** 7.682" —0.662*** —6.133"**
(0.779) (0.878) (0.184) (0.496)
as.factor(region)Volgogradskaya oblast 15.308*** 27.264* —0.038 —18.094***
(0.630) (0.715) (0.149) (0.404)
as.factor(region) Vologodskaya oblast 2.728"** 3.648* 0.613** —10.729***
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)
(0.719) (0.816) (0.170) (0.461)
as.factor(region)Voronezskaya oblast 12.687+* 11.233** —0.668*** —6.489"**
(0.749) (0.838) (0.177) (0.473)
as.factor(region)Zabajkalskij kraj 1.826 5.989*** —1.883*** —10.565**
(1.028) (1.158) (0.243) (0.654)
as.factor(market )02 —1.138 —2.228"* 0.226 0.284
(0.644) (0.715) (0.152) (0.404)
as.factor(market)03 —2.010** —1.467 0.647** —0.303
(0.642) (0.714) (0.152) (0.403)
as.factor(market )05 —2.816* —3.659*** 1.387+* 0.349
(0.870) (0.973) (0.206) (0.550)
as.factor(market)06 —1.334 —1.761 1.074** —0.741
(1.121) (1.260) (0.265) (0.712)
as.factor(market )07 —1.238 —2.696* 0.737** 0.231
(0.969) (1.074) (0.229) (0.607)
as.factor(market)08 —0.143 —0.255 0.116 —0.657
(0.629) (0.700) (0.149) (0.396)
as.factor(market )09 —1.173 —1.430 0.635"** —0.947*
(0.686) (0.760) (0.162) (0.429)
as.factor(market)10 0.321 0.294 0.258 —0.695
(0.617) (0.687) (0.146) (0.388)
as.factor(market)11 —1.680** —2.208"* 0.449** —0.384
(0.629) (0.696) (0.149) (0.393)
as.factor(market)12 —0.244 —1.520 —0.098 —0.517
(0.865) (0.970) (0.205) (0.548)
as.factor(market)13 —1.432* —0.328 0.474* —0.896*
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) (2) 3) (4)
(0.644) (0.714) (0.152) (0.403)
as.factor(market )14 —0.844 —0.923 0.586™** —0.670
(0.623) (0.692) (0.147) (0.391)
as.factor(market)15 —1.003 —0.288 0.413* —1.600***
(0.650) (0.723) (0.154) (0.408)
as.factor(market)16 0.262 —0.369 0.269 —0.766
(0.665) (0.740) (0.157) (0.418)
as.factor(market)17 —0.986 —1.995** 0.656*** —0.404
(0.629) (0.702) (0.149) (0.397)
as.factor(market)18 —1.645" —1.090 0.823"** —0.479
(0.624) (0.693) (0.147) (0.391)
as.factor(market)19 —4.379*** —3.531** 1.087*** 0.197
(0.793) (0.869) (0.187) (0.491)
as.factor(market )20 —0.776 —1.060 0.555*** —0.638
(0.629) (0.703) (0.149) (0.397)
as.factor(market)21 —3.129* —3.740% 1.296*** —0.080
(0.716) (0.797) (0.169) (0.450)
as.factor(market)22 0.419 0.281 0.193 —0.790
(0.680) (0.754) (0.161) (0.426)
as.factor(market)23 0.501 —0.516 0.202 —0.375
(0.673) (0.741) (0.159) (0.419)
as.factor(market )24 —1.531* —2.189* 0.485* —0.609
(0.671) (0.752) (0.159) (0.425)
as.factor(market)25 —0.015 —1.799* —0.381* 0.216
(0.722) (0.806) (0.171) (0.455)
as.factor(market )26 —3.415"** —3.347* 1.428*** —0.179
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)
(0.621) (0.686) (0.147) (0.388)
as.factor(market )27 —3.413"** —1.568* 1.090*** —0.444
(0.669) (0.741) (0.158) (0.419)
as.factor(market)28 —0.089 —0.962 0.182 —0.293
(0.678) (0.754) (0.160) (0.426)
as.factor(market )29 —2.552"** —1.537* 1.293** —1.006*
(0.696) (0.769) (0.165) (0.434)
as.factor(market)30 —2.461* —2.761** 1.248*** —0.055
(0.660) (0.731) (0.156) (0.413)
as.factor(market)31 0.104 —0.358 0.266 —0.416
(0.704) (0.784) (0.166) (0.443)
as.factor(market)32 —2.704*** —2.104* 0.531*** —0.241
(0.641) (0.715) (0.151) (0.404)
as.factor(market)33 0.291 —1.214 0.151 —0.344
(0.638) (0.710) (0.151) (0.401)
as.factor(market)35 —1.616** —0.767 0.271 —0.699
(0.612) (0.679) (0.145) (0.383)
as.factor(market )36 —0.495 —2.290* 0.585"** —0.060
(0.667) (0.726) (0.158) (0.410)
as.factor(market)37 —2.386*** —1.840* 0.597*** —0.349
(0.668) (0.744) (0.158) (0.420)
as.factor(market )38 —0.795 —0.111 0.209 —0.671
(0.676) (0.750) (0.160) (0.424)
as.factor(market)39 0.447 —2.789* 0.793** —1.210
(1.077) (1.218) (0.255) (0.688)
as.factor(market)41 0.800 1.276 0.170 —0.989"
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)
(0.746) (0.829) (0.176) (0.468)
as.factor(market )42 1.186 0.659 —0.531** —0.354
(0.631) (0.704) (0.149) (0.398)
as.factor(market)43 0.880 —0.842 0.522** 0.214
(0.726) (0.799) (0.172) (0.451)
as.factor(market )45 1.269 0.564 0.459** —0.792
(0.733) (0.813) (0.173) (0.459)
as.factor(market)46 1.003 0.215 0.321 —0.730
(0.717) (0.801) (0.169) (0.453)
as.factor(market )47 2.561** 0.972 —0.082 —0.007
(0.847) (0.948) (0.200) (0.536)
as.factor(market)49 2.516"** 1.963* 0.145 —1.063*
(0.707) (0.790) (0.167) (0.446)
as.factor(market )50 —3.114"* —2.052* 1.173%* —0.176
(0.844) (0.924) (0.200) (0.522)
as.factor(market)51 —2.905** —2.536** 1.238*** 0.447
(0.779) (0.847) (0.184) (0.478)
as.factor(market )52 0.530 0.177 —0.153 —0.096
(0.693) (0.766) (0.164) (0.433)
as.factor(market)53 —1.649* —2.331** 0.946™** —0.549
(0.629) (0.699) (0.149) (0.395)
as.factor(market )55 —1.777 —2.164* 0.400** —0.075
(0.652) (0.725) (0.154) (0.410)
as.factor(market)56 1.834* 1.091 —0.017 —0.235
(0.724) (0.801) (0.171) (0.453)
as.factor(market)58 —1.335* —2.019* 0.562"** —0.544
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)
(0.670) (0.737) (0.158) (0.416)
as.factor(market )59 —2.302"** —0.916 0.916™* —0.565
(0.694) (0.773) (0.164) (0.437)
as.factor(market)60 —1.456* —0.352 0.306* —0.576
(0.628) (0.702) (0.148) (0.397)
as.factor(market )61 —2.071* —1.362* 0.930** —0.387
(0.603) (0.671) (0.142) (0.379)
as.factor(market)62 —0.434 —0.858 0.545** —0.353
(0.702) (0.774) (0.166) (0.437)
as.factor(market )63 —1.807** —3.091** 0.360* 1.117**
(0.673) (0.745) (0.159) (0.421)
as.factor(market)64 0.422 —1.121 1.035*** —0.614
(0.639) (0.705) (0.151) (0.398)
as.factor(market )65 —1.642* —2.586™* 0.794** —0.247
(0.800) (0.900) (0.189) (0.508)
as.factor(market)66 —1.590* —1.204 0.975*** —0.804
(0.676) (0.748) (0.160) (0.423)
as.factor(market )68 —0.272 1.133 —0.176 —0.875
(0.745) (0.826) (0.176) (0.467)
as.factor(market)69 0.262 —0.795 0.033 —0.358
(0.762) (0.850) (0.180) (0.480)
as.factor(market )70 —3.084"** —3.079*** 1.581** —0.393
(0.670) (0.748) (0.158) (0.423)
as.factor(market)71 0.098 —1.951* —0.451** 0.756
(0.671) (0.750) (0.159) (0.423)
as.factor(market)72 —1.154 —1.893* 1.124% —0.909*
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)
(0.713) (0.794) (0.169) (0.449)
as.factor(market)73 —1.678* —1.209 0.142 0.272
(0.730) (0.815) (0.173) (0.460)
as.factor(market)74 —1.054 —0.299 0.544* —0.931*
(0.711) (0.787) (0.168) (0.445)
as.factor(market)75 —3.500"** —2.548"** 0.940"* —0.276
(0.655) (0.726) (0.155) (0.410)
as.factor(market)77 —0.968 —2.351* 0.385* 0.292
(0.708) (0.783) (0.167) (0.443)
as.factor(market)78 —3.152"** —1.158 0.852"** —0.981*
(0.741) (0.823) (0.175) (0.465)
as.factor(market)79 0.286 0.489 0.057 —1.007*
(0.749) (0.824) (0.177) (0.466)
as.factor(market )80 —0.977 0.073 0.001 —0.270
(0.690) (0.764) (0.163) (0.432)
as.factor(market)81 —1.345* —0.984 0.563*** —0.481
(0.664) (0.729) (0.157) (0.412)
as.factor(market )82 0.419 0.165 —0.753*** —0.879*
(0.676) (0.750) (0.160) (0.423)
as.factor(market)84 —3.350"** —4.036*** 0.805"** 0.540
(0.660) (0.723) (0.156) (0.409)
as.factor(market )85 —1.362* 0.074 0.104 —0.874*
(0.669) (0.742) (0.158) (0.419)
as.factor(market)86 0.925 —0.313 —0.174 —0.286
(0.669) (0.744) (0.158) (0.420)
as.factor(market )87 —3.204"** —3.296*** 1.044% —0.443
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
(1) 2) 3) (4)
(0.708) (0.790) (0.167) (0.446)
as.factor(market )88 —3.044*** —1.318 1.126%* —1.072*
(0.696) (0.775) (0.165) (0.438)
as.factor(market)90 —1.734* —2.317* 0.660"** —0.281
(0.709) (0.786) (0.168) (0.444)
as.factor(market )91 —2.348™ —4.117* 0.955*** 0.567
(0.794) (0.865) (0.188) (0.489)
as.factor(market)92 —3.419* —3.492% 1.558*** —0.358
(0.736) (0.828) (0.174) (0.468)
as.factor(market)93 —1.459* —0.911 0.333* —0.531
(0.711) (0.797) (0.168) (0.450)
as.factor(market)94 —2.909* —3.791** 1.282%* —0.584
(0.899) (0.991) (0.212) (0.560)
as.factor(market )95 0.305 —0.731 0.112 —0.468
(0.647) (0.720) (0.153) (0.406)
as.factor(market)96 —0.913 0.213 —0.421** —0.855*
(0.667) (0.744) (0.158) (0.420)
as.factor(market)97 —6.510"* —4.651"* 1.989** 0.057
(1.077) (1.225) (0.254) (0.692)
as.factor(market)98 1.607 8.729 —0.743 —5.356
(10.021) (11.217) (2.369) (6.337)
as.factor(market )99 —10.395"** —8.090"** 6.383"** —-1.674
(1.844) (2.008) (0.436) (1.185)
uik_population —0.001*** —0.001*** 0.0002*** 0.0002***
(0.0001) (0.0001) (0.00001) (0.00003)
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Table 4: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016 Yabloko 2021
4 1) (2) 3) 4)
Ubservations ol,45Y 00,004 o1,45Y 99,004
R? 0.641 0.651 0.631 0.582
Adjusted R? 0.579 0.592 0.567 0.512
Note: *p<0.05; **p<0.01; **p<0.001

Table 5: Regression results (regional + sectoral fixed effects): vote share - Parliament

Dependent variable:

SR 2016 SR 2021 NP 2021
(1) 2) 3)

proximity 0.013 —0.315™ 0.341*
(0.058) (0.047) (0.039)

as.factor(region) Yamalo-Neneckij avtonomnyj okrug —11.613* 5.860** —5.838***
(0.363) (0.301) (0.247)

as.factor(region) Amurskaya oblast —10.122*** 4.528*** 1.475%*
(0.394) (0.325) (0.267)

as.factor(region) Arhangelskaya oblast —6.124** 3.209*** 2.841%**
(0.363) (0.297) (0.243)
as.factor(region) Yaroslavskaya oblast —0.440 0.277
(0.244) (0.200)
as.factor(region) Astrahanskaya oblast 5.136*** —2.555"* —0.745*
(0.444) (0.367) (0.301)
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as.factor(region)Belgorodskaya oblast
as.factor(region)Bryanskaya oblast
as.factor(region)Cecenskaya Respublika
as.factor(rcgion)éclyabinskaya oblast
as.factor(rcgion)éukotskij avtonomnyj okrug
as.factor(rcgion)éuvaéskaya Respublika - Cuvasiya
as.factor(region)Evrejskaya avtonomnaya oblast
as.factor(region)gorod Moskva
as.factor(region)gorod Sankt-Peterburg
as.factor(region)gorod Sevastopol
as.factor(region)Habarovskij kraj
as.factor(region)Irkutskaya oblast
as.factor(region)Ivanovskaya oblast
as.factor(region)Kabardino-Balkarskaya Respublika
as.factor(region)Kaliningradskaya oblast

as.factor(region)Kaluzskaya oblast

—4.776%
(0.342)
—11.267"
(0.349)
—15.823"
(0.494)

3.720°
(0.210)
—10.443"
(1.272)
—1.406***
(0.360)
—11.437"
(0.703)
—9.700"*
(0.238)
—8.920%*
(0.246)
~10.892"
(0.523)
—11.340"
(0.363)
—9.312"
(0.287)
—6.189%*
(0.327)
—14.219"
(0.539)
—9.416**
(0.339)
—7.776"

—1.330"
(0.281)
0.145
(0.287)
—0.442%*
(0.399)
—0.774%*
(0.174)
11.601°
(1.060)
—1.587*
(0.296)
2,373
(0.586)
—1.867"
(0.196)
—2.924*
(0.203)
~0.292
(0.435)
6.507°
(0.298)
—0.779"
(0.236)
~0.153
(0.269)
—9.456***
(0.441)
0.662*
(0.279)
—0.241

0.090
(0.230)
—4.874%
(0.236)
—8.026**
(0.328)
1.299%
(0.143)
—1.762*
(0.870)
~0.298
(0.243)
—2.705"*
(0.481)
—1.804*
(0.161)
~0.171
(0.167)
—2.321%
(0.357)
0.479
(0.245)
31117
(0.194)
—0.885**
(0.221)
—8.191%
(0.362)
—0.521"
(0.229)
0.638"
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as.factor(region)Kamcatskij kraj

as.factor(region) Karacaevo-Cerkesskaya Respublika

as.factor(region)Kemerovskaya oblast - Kuzbass

as.factor(region)Kirovskaya oblast
as.factor(region)Kostromskaya oblast
as.factor(region)Krasnoyarskij kraj
as.factor(region)Krasnodarskij kraj
as.factor(region)Kurganskaya oblast
as.factor(region)Kurskaya oblast
as.factor(region)Leningradskaya oblast
as.factor(region)Lipeckaya oblast
as.factor(region)Magadanskaya oblast
as.factor(region)Moskovskaya oblast

as.factor(region)Murmanskaya oblast

as.factor(region)Neneckij avtonomnyj okrug

(0.368)
—10.948"
(0.426)
—15.921*
(0.625)

—4.157"
(0.307)
—5.816"
(0.375)
—10.433"*
(0.243)
~11.915"
(0.250)
—6.754**
(0.373)
~11.063"
(0.288)
—2.739"
(0.297)
~12.066™
(1.903)
—6.424%
(0.635)
~10.375™
(0.216)
—6.208"
(0.311)
~10.398"
(1.140)

(0.302)
3.940%
(0.354)
—7.463"*
(0.514)
—2.581"
(0.223)
3.145*
(0.253)
—0.018
(0.310)
5130
(0.201)
—2.392%*
(0.205)
15747
(0.289)
2233
(0.239)
0.079
(0.244)
~1.615
(1.584)
20417
(0.529)
—0.992"*
(0.178)
2,801
(0.257)
0.505
(0.818)

(0.248)
2.260"**
(0.290)
—7.019*
(0.422)
—5.475"
(0.183)
1.562"*
(0.208)
1.035"
(0.255)
0.635"**
(0.165)
~1.970*
(0.168)
0.464
(0.237)
0.686"*
(0.196)
~0.035
(0.201)
—4.277
(1.300)
0.456
(0.434)
—2.137"
(0.146)
09917
(0.211)
—0.547
(0.672)
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as.factor(region)Nizegorodskaya oblast
as.factor(region)Novgorodskaya oblast
as.factor(region)Novosibirskaya oblast
as.factor(region)Omskaya oblast
as.factor(region)Orenburgskaya oblast
as.factor(region)Orlovskaya oblast
as.factor(region)Penzenskaya oblast
as.factor(region)Permskij kraj
as.factor(region)Primorskij kraj
as.factor(region)Pskovskaya oblast
as.factor(region) Ryazanskaya oblast
as.factor(region)Respublika Adygeya (Adygeya)
as.factor(region)Respublika Altaj
as.factor(region)Respublika Baskortostan
as.factor(region)Respublika Buryatiya

as.factor(region)Respublika Dagestan

—9.286**
(0.233)
0.179
(0.361)
—8.902"*
(0.284)
—7.059"*
(0.248)
—8.108**
(0.253)
—T7.074"
(0.354)
—8.419%*
(0.266)
—5.248%*
(0.273)
—9.287*
(0.246)
—7.463*
(0.333)
—8.581"
(0.311)
—9.208"*
(0.636)
—11.201%
(0.924)
—7.204"
(0.388)
—7.163**
(0.459)
—12.893"*

—1.232%
(0.193)
—0.874™
(0.299)
0.637
(0.234)
—2.145%
(0.206)
1.079*
(0.210)
~0.572
(0.292)
0.618
(0.221)
1.810"
(0.224)
—0.942+
(0.203)
—0.749*
(0.277)
0.723*
(0.256)
—3.638"
(0.519)
0.823
(0.763)
~0.085
(0.314)
—4.578"
(0.377)
—5.146*

—1.915%
(0.159)
0.979"**
(0.246)
2102
(0.192)
1.479"
(0.169)
~0.228
(0.172)
0572
(0.240)
~0.269
(0.181)
1.630"*
(0.184)
—0.715*
(0.166)
0.100
(0.228)
—0.660"
(0.210)
—4.109"
(0.426)
~0.963
(0.627)
—3.365"*
(0.258)
6.736"*
(0.309)
—8.497"*
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as.factor(region)Respublika Hakasiya
as.factor(region)Respublika Ingusetiya
as.factor(region)Respublika Kalmykiya
as.factor(region)Respublika Kareliya
as.factor(region)Respublika Komi
as.factor(region)Respublika Krym

as.factor (region)Respublika Marij El
as.factor(region)Respublika Mordoviya
as.factor(region)Respublika Saha (yakutiya)
as.factor(region)Respublika Severnaya Osetiya - Alaniya
as.factor(region)Respublika Tatarstan (Tatarstan)
as.factor(region)Respublika Tyva
as.factor(region)Rostovskaya oblast
as.factor(region)Sahalinskaya oblast

as.factor(region)Samarskaya oblast

(0.451)
—7.522"
(0.457)

—13.844"*
(0.677)
—6.194**
(0.479)
—6.185"*
(0.453)
—13.779"
(0.670)
—9.940**
(0.468)
—12.558"
(0.444)
—1.118"
(0.429)
—14.563"
(0.449)
—12.620"
(0.210)
—11.2227
(0.650)
—10.203"
(0.219)
—11.630™
(0.372)
—10.752"
(0.266)

(0.370)
—2.136**
(0.376)
—7.783%
(0.542)
—6.457"
(0.557)

~0.697
(0.392)
1.580"
(0.370)
—2.848"*
(0.556)
—1.344*
(0.384)
0.673
(0.365)
—4.035"
(0.353)
—8.319"
(0.368)
—4.938"
(0.174)
—6.326"*
(0.539)
— 1411+
(0.182)
—0.047
(0.310)
~0.269
(0.214)

(0.303)
3.304"
(0.309)
—7.317"
(0.445)
8292+
(0.457)
—0.596
(0.321)
2.804"*
(0.303)
—3.002***
(0.457)
0.458
(0.315)
—2.982%*
(0.299)
5.038"
(0.290)
—7.314%
(0.302)
—6.576**
(0.143)
—5.087*
(0.442)
—1.095"**
(0.149)
3.190"*
(0.254)
—1.246%
(0.175)
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as.factor(region)Saratovskaya oblast
as.factor(region)Smolenskaya oblast
as.factor(region)Stavropolskij kraj
as.factor(region)Sverdlovskaya oblast
as.factor(region) Tambovskaya oblast
as.factor(region) Tomskaya oblast
as.factor(region) Tulskaya oblast
as.factor(region) Tmenskaya oblast
as.factor(region) Tverskaya oblast
as.factor(region) Udmurtskaya Respublika
as.factor(region)Ulyanovskaya oblast
as.factor(region)Vladimirskaya oblast
as.factor(region) Volgogradskaya oblast
as.factor(region)Vologodskaya oblast
as.factor(region) Voronezskaya oblast

as.factor(region)Zabajkalskij kraj

—10.054*
(0.566)
—9.373%
(0.286)
—11.108"
(0.341)
—1.051%*
(0.219)
~10.046"
(0.299)
—6.849"*
(0.275)
—9.460"
(0.277)
—2.231%
(0.310)
—6.324**
(0.259)
—6.768"*
(0.748)
—11.455"
(0.333)
—7.269"
(0.318)
—9.207%*
(0.257)
—4.403**
(0.293)
—7.220%
(0.305)
—10.831%

—3.616*
(0.474)
2.461%*
(0.237)
—4.307"
(0.279)
—0.020
(0.181)
—3.781"
(0.247)
2.501%*
(0.229)
— 14747
(0.229)
4509
(0.255)
0.850"
(0.215)
~0.522
(0.619)
~0.300
(0.264)
—0.263
(0.261)
2512
(0.213)
3.022°
(0.243)
—2.509"**
(0.249)
1.723"

—2.716*
(0.389)
—0.203
(0.194)
—4.824%
(0.229)
0.807**
(0.149)
—4.322%
(0.203)
2,653
(0.188)
—1.410%
(0.188)
—1.991%
(0.209)
0.012
(0.177)
~0.034
(0.508)
—0.811%
(0.217)
0.129
(0.214)
—4.260"*
(0.175)
1.058"
(0.199)
—0.486*
(0.205)
3.6267
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as.factor(market)02
as.factor(market )03
as.factor(market)05
as.factor(market )06
as.factor(market)07
as.factor(market )08
as.factor(market)09
as.factor(market)10
as.factor(market)11
as.factor(market)12
as.factor(market)13
as.factor(market)14
as.factor(market)15
as.factor(market)16

as.factor(market)17

(0.419)
0.348
(0.262)
1.404"*
(0.261)
2,071
(0.355)
—0.197
(0.457)
0.284
(0.395)
0.354
(0.256)
1.205"
(0.279)
—0.098
(0.252)
0.779*
(0.257)
1.254%
(0.353)
0.830"
(0.262)
1.087%
(0.254)
L1117
(0.265)
0.337
(0.271)
0.874*
(0.256)

(0.345)
0.314
(0.213)
—0.364
(0.212)
—0.628"
(0.290)
0.014
(0.375)
0.056
(0.320)
~0.115
(0.208)
—0.165
(0.226)
—0.311
(0.204)
0.185
(0.207)
—0.222
(0.289)
—0.428"
(0.212)
—0.453*
(0.206)
—0.119
(0.215)
~0.183
(0.220)
—0.168
(0.209)

(0.283)
0.615"*
(0.175)
0.776"**
(0.174)
0.930"**
(0.238)
0.880"
(0.308)
0.249
(0.262)
0.452*
(0.171)
0.850"**
(0.186)
0.229
(0.168)
0.420*
(0.170)
0.197
(0.237)
0.596"**
(0.174)
0.600*
(0.169)
0.6017**
(0.177)
0.150
(0.181)
0.822+
(0.172)
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as.factor(market)18
as.factor(market)19
as.factor(market)20
as.factor(market)21
as.factor(market)22
as.factor(market )23
as.factor(market )24
as.factor(market )25
as.factor(market)26
as.factor(market )27
as.factor(market)28
as.factor(market)29
as.factor(market)30
as.factor(market)31
as.factor(market)32

as.factor(market)33

0.652*
(0.254)
1.592°
(0.323)
0.906"*
(0.256)
0.940*
(0.292)
0.183
(0.277)
0.013
(0.274)
11717
(0.274)
0.987*
(0.294)
11197
(0.253)
1.2227
(0.273)
0.598*
(0.276)
0.536
(0.284)
0.682*
(0.269)
0.940*"
(0.287)
1,501
(0.261)
0.404

~0.221
(0.206)
—0.246
(0.259)
—0.072
(0.209)
1.397"
(0.237)
~0.209
(0.224)
0.065
(0.221)
0.047
(0.224)
0.102
(0.240)
~0.360
(0.204)
—0.408
(0.221)
—0.198
(0.224)
—0.373
(0.229)
—0.211
(0.218)
~0.356
(0.233)
~0.027
(0.213)
~0.111

0.506"
(0.169)
0.903"**
(0.212)
0.360"
(0.172)
0.206
(0.195)
0.263
(0.184)
0.188
(0.181)
0.573"
(0.184)
0.299
(0.197)
0.806"**
(0.168)
0.527"
(0.181)
0.606"
(0.184)
0.893"**
(0.188)
0.680"**
(0.179)
0.486*
(0.192)
0.440*
(0.175)
0.642+
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as.factor(market)35
as.factor(market )36
as.factor(market)37
as.factor(market )38
as.factor(market)39
as.factor(market)41
as.factor(market )42
as.factor(market )43
as.factor(market)45
as.factor(market)46
as.factor(market)47
as.factor(market )49
as.factor(market)50
as.factor(market)51

as.factor(market)52

(0.260)
0.665
(0.250)
0.589*
(0.272)
0.900***
(0.272)
0.131
(0.275)
0.915*
(0.439)
0.878"
(0.304)
—0.051
(0.257)
0.350
(0.296)
—0.862*
(0.299)
—0.124
(0.292)
—0.467
(0.345)
0.138
(0.288)
0.860*
(0.344)
1.492*
(0.317)
0.146
(0.282)

(0.211)
0.064
(0.202)
0.339
(0.216)
—0.333
(0.221)
0.298
(0.223)
0.416
(0.363)
—0.738"
(0.247)
—0.316
(0.210)
—0.520"
(0.238)
0.111
(0.242)
—0.133
(0.239)
—0.346
(0.282)
—0.580"
(0.235)
—0.795"
(0.275)
—0.799*
(0.252)
—0.244
(0.228)

(0.173)
0.141
(0.166)
0.598"**

(0.177)
0.976"**
(0.182)
0.102
(0.183)
0.278
(0.298)
0.212
(0.202)
0.383"
(0.172)
0.285
(0.195)
—0.201
(0.199)
0.531%
(0.196)
0.157
(0.232)
—0.231
(0.193)
0.959"**
(0.226)
0.360
(0.207)
0.337
(0.187)
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as.factor(market)53
as.factor(market)55
as.factor(market )56
as.factor(market )58
as.factor(market)59
as.factor(market )60
as.factor(market )61
as.factor(market )62
as.factor(market)63
as.factor(market )64
as.factor(market )65
as.factor(market)66
as.factor(market)68
as.factor(market)69
as.factor(market )70

as.factor(market)71

0.791*
(0.256)
11107
(0.266)
—0.397
(0.295)
0.975"*
(0.273)
1,155
(0.283)
0942
(0.256)
1,487
(0.246)
0.813**
(0.236)
0.707*
(0.274)
0.359
(0.260)
1.3227
(0.326)
1.048"
(0.275)
0.374
(0.304)
0.244
(0.310)
0.847*
(0.273)
0.128

0.106
(0.208)
0.218
(0.216)
—0.144
(0.239)
—0.165
(0.219)
—0.458"
(0.230)
~0.060
(0.209)
—0.354
(0.200)
—0.567"
(0.230)
0.148
(0.222)
~0.329
(0.210)
—0.136
(0.268)

—0.7547
(0.223)
~0.326
(0.246)
0.013
(0.253)
—0.051
(0.223)
0.152

0.486™
(0.171)
0.651%*
(0.177)
0.018
(0.196)
0.550"
(0.180)
0.389*
(0.189)
0.339*
(0.172)
0.387"
(0.164)
0.442*
(0.189)
0.464*
(0.182)
0.342*
(0.172)
0.349
(0.220)
0.6237
(0.183)
0.299
(0.202)
0.182
(0.208)
0.618"
(0.183)
0.678"*
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as.factor(market)72
as.factor(market )73
as.factor(market)74
as.factor(market)75
as.factor(market)77
as.factor(market)78
as.factor(market)79
as.factor(market )80
as.factor(market)81
as.factor(market)82
as.factor(market)84
as.factor(market )85
as.factor(market)86
as.factor(market )87

as.factor(market )88

(0.274)
1.0627
(0.290)
1.0347
(0.298)
1.0917
(0.290)
1.281%
(0.267)
0.282
(0.289)
1.4387
(0.302)
0.418
(0.305)
0.202
(0.281)
0.846*
(0.271)
0.799**
(0.276)
1.9537
(0.269)
0.858"
(0.273)
0.083
(0.272)
1.420"*
(0.288)
1.4217
(0.284)

(0.223)
—0.548*
(0.236)
—0.041
(0.243)
—0.219
(0.234)
—0.187
(0.216)
—0.123
(0.233)
—0.565"
(0.245)
—0.362
(0.245)
—0.212
(0.228)
—0.340
(0.217)
0.495%
(0.223)
—0.355
(0.215)
0.120
(0.221)
0.500*
(0.222)
~0.278
(0.235)
—0.603"*
(0.231)

(0.183)
0.948"**
(0.194)
0.350
(0.199)
0.462*
(0.192)
0.769*
(0.177)
0.693"**
(0.191)
0.983"**
(0.201)
0.292
(0.201)
0.229
(0.187)
0.445"
(0.178)
0.388"
(0.183)
1,167
(0.177)
0.282
(0.181)
0.222
(0.182)
1.035%
(0.193)
0.375*
(0.189)
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as.factor(market)90 1.105* —0.407 0.816™*
(0.289) (0.234) (0.192)
as.factor(market)91 1.088*** —0.130 1.125%=
(0.324) (0.258) (0.211)
as.factor(market)92 1.077 —1.143" 1.473
(0.300) (0.247) (0.202)
as.factor(market)93 0.702* 0.158 0.162
(0.290) (0.237) (0.195)
as.factor(market)94 2.429*** —0.497 0.950"**
(0.366) (0.295) (0.242)
as.factor(market)95 0.713** —0.074 0.479*
(0.263) (0.214) (0.176)
as.factor(market)96 0.366 0.041 0.277
(0.272) (0.221) (0.182)
as.factor(market)97 3.474* —0.823* 1.562%**
(0.439) (0.365) (0.299)
as.factor(market)98 —2.731 —1.596 —0.490
(4.084) (3.339) (2.741)
as.factor(market)99 3.761** —3.222%* 5.216**
(0.751) (0.624) (0.512)
uik_population 0.0004** —0.0002*** 0.0002***
(0.00002) (0.00002) (0.00001)
Observations 31,439 33,564 33,564
R? 0.557 0.430 0.537
Adjusted R? 0.481 0.334 0.459
Note: *p<0.05; **p<0.01; **p<0.001
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Table 6: Regression results (regional + sectoral fixed effects): vote share - President

Dependent variable:

Putin 2012 Putin 2018 Zhirinovsky 2012 Zhirinovsky 2018
(1) (2) 3) (4)
proximity —4.348*** —7.121* —1.173* —1.466™*
(0.526) (0.590) (0.532) (0.226)
pop-hund —0.297 —0.426"* 0.083* —0.085"**
(0.028) (0.032) (0.034) (0.012)
as.factor(market )02 —2.487* —4.998** —4.016™* —0.955*
(1.038) (1.175) (0.851) (0.448)
as.factor(market)03 —3.548** —2.970* —4.044* —0.506
(1.034) (1.173) (0.840) (0.446)
as.factor(market )05 —5.767** —6.958"** —4.751"** —1.129
(1.405) (1.602) (1.117) (0.606)
as.factor(market)06 —3.689* —4.804* —7.820"** —1.704*
(1.813) (2.078) (1.481) (0.778)
as.factor(market )07 —7.102"** —7.456™** —3.068* —2.830"*
(1.567) (1.773) (1.452) (0.673)
as.factor(market)08 —2.755** —3.834* —4.333* —0.465
(1.017) (1.155) (0.849) (0.439)
as.factor(market )09 —6.166*** —5.745"** —6.348"** —1.635"**
(1.103) (1.248) (0.977) (0.475)
as.factor(market)10 —4.103*** —5.141*** —2.481* —1.233*
(0.998) (1.133) (0.832) (0.432)
as.factor(market)11 —3.836"* —5.016™** —2.607* —0.960"
(1.017) (1.147) (0.844) (0.439)
as.factor(market)12 —4.410** —6.382* —9.873** —0.647
(1.397) (1.596) (1.256) (0.602)
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Table 6: (continued)

Dependent variable:

Putin 2012 Putin 2018 Zhirinovsky 2012

Zhirinovsky 2018

(1) (2) () (4)
as.factor(market)13 —5.094" —5.086™** —6.590"** —0.347
(1.040) (1.176) (0.874) (0.449)
as.factor(market)14 —5.379"* —6.114*** —4.424*** —1.035*
(1.004) (1.139) (0.843) (0.434)
as.factor(market)15 —3.281* —2.429* —6.117* —0.053
(1.047) (1.188) (0.870) (0.450)
as.factor(market)16 —3.516™ —5.142"** —3.684™* —0.831
(1.075) (1.221) (0.902) (0.464)
as.factor(market)17 —5.857** —8.380™** —6.717* —0.502
(1.014) (1.155) (0.866) (0.437)
as.factor(market)18 —5.971** —6.256™** —4.422*+* —1.309*
(1.009) (1.143) (0.845) (0.435)
as.factor(market)19 —4.694* —2.827* —5.904** —1.913**
(1.282) (1.434) (1.071) (0.550)
as.factor(market )20 —6.001"** —7.901"** —5.713"* —1.500"**
(1.015) (1.158) (0.874) (0.438)
as.factor(market)21 —5.525"* —5.254™* —6.368™* —0.789
(1.149) (1.307) (0.959) (0.495)
as.factor(market)22 —1.633 —2.679* —2.407** —0.735
(1.100) (1.244) (0.903) (0.475)
as.factor(market)23 —0.905 —2.504* —2.564** —0.279
(1.090) (1.225) (0.903) (0.470)
as.factor(market )24 —4.869"** —8.005"** —5.983"** 0.048
(1.083) (1.238) (0.923) (0.468)
as.factor(market )25 —2.228 —6.084™* —4.974** —0.432
(1.169) (1.330) (1.006) (0.503)
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Table 6: (continued)

Dependent variable:

Putin 2012

Putin 2018

Zhirinovsky 2012

Zhirinovsky 2018

(1) (2) () (4)
as.factor(market)26 —9.052** —9.287** —6.286™"* —2.121™
(1.002) (1.130) (0.875) (0.431)
as.factor(market)27 —4.586™** —4.296*+* —6.629"** —1.247*
(1.081) (1.221) (0.906) (0.466)
as.factor(market )28 —2.932* —5.591** —4.530"** —0.193
(1.094) (1.241) (0.895) (0.472)
as.factor(market )29 —6.391"* —6.378™* —6.782"* —1.547
(1.119) (1.262) (1.000) (0.480)
as.factor(market )30 —7.527" —9.522** —7.515™* —2.093™*
(1.061) (1.200) (0.920) (0.456)
as.factor(market)31 —4.521*** —6.183*** —6.270*** —1.223*
(1.139) (1.295) (0.937) (0.493)
as.factor(market)32 —6.600"** —8.905** —6.559™** —0.464
(1.033) (1.176) (0.876) (0.446)
as.factor(market)33 —4.203** —7.271% —5.175"* —1.275%
(1.029) (1.169) (0.875) (0.445)
as.factor(market)35 —2.706** —1.941 —2.086* —0.548
(0.988) (1.117) (0.848) (0.427)
as.factor(market)36 —3.672"* —4.854*** —5.287*** —1.151*
(1.076) (1.196) (0.882) (0.463)
as.factor(market)37 —6.435"** —6.371* —8.433™* —1.150*
(1.079) (1.225) (0.883) (0.464)
as.factor(market )38 —2.011 —2.250 —2.787* 0.804
(1.088) (1.233) (0.900) (0.469)
as.factor(market )39 —0.259 —5.883* —8.597* 0.616
(1.736) (2.002) (1.406) (0.751)
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Table 6: (continued)

Dependent variable:

Putin 2012

Putin 2018

Zhirinovsky 2012

Zhirinovsky 2018

(1) (2) () (4)
as.factor(market )41 1.508 4.083** 4.672"** 1.413**
(1.163) (1.319) (0.927) (0.503)
as.factor(market)42 —2.884** —5.986*** —0.854 —0.844
(1.019) (1.160) (0.930) (0.440)
as.factor(market )43 6.503"** 4.611% 3.837 1.569*
(1.163) (1.308) (0.962) (0.502)
as.factor(market )45 —1.775 —2.274 —2.826** —0.320
(1.185) (1.341) (1.022) (0.511)
as.factor(market )46 12.102%* 13.192*** 9.032** 4.534*
(1.109) (1.267) (0.910) (0.479)
as.factor(market)47 4.800*** 3.506* 1.367 1.308*
(1.354) (1.548) (1.101) (0.586)
as.factor(market)49 1.639 —1.571 2.193* 0.491
(1.134) (1.293) (1.007) (0.491)
as.factor(market )50 —8.192"* —8.295"* —=9.770"* —2.627*
(1.364) (1.523) (1.122) (0.587)
as.factor(market)51 —2.872% —2.514 —6.358"* —1.131%
(1.254) (1.391) (1.053) (0.534)
as.factor(market)52 —0.113 —0.449 —1.106 0.517
(1.123) (1.268) (0.957) (0.485)
as.factor(market)53 —5.539"* —7.521"** —7.551"** —1.239*
(1.016) (1.152) (0.870) (0.437)
as.factor(market )55 —5.426"** —7.528"** —4.532"** —1.608"**
(1.055) (1.197) (0.868) (0.455)
as.factor(market)56 —0.538 —2.041 —2.205* —0.475
(1.168) (1.320) (0.939) (0.505)
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Table 6: (continued)

Dependent variable:

Putin 2012

Putin 2018

Zhirinovsky 2012

Zhirinovsky 2018

(1) 2 3) 4)
as.factor(market)58 —6.002"* —6.942* —6.059™* —1.121*
(1.082) (1.214) (0.873) (0.466)
as.factor(market)59 —5.873"* —5.413*** —5.973*** —1.553**
(1.121) (1.275) (0.926) (0.484)
as.factor(market)60 —3.460" —2.738* —3.646"** —1.061*
(1.012) (1.155) (0.829) (0.437)
as.factor(market )61 —5.580"** —5.806** —2.948"** —1.560"**
(0.974) (1.107) (0.807) (0.420)
as.factor(market)62 —4.234* —5.577 —4.397 —0.789
(1.137) (1.278) (0.961) (0.491)
as.factor(market)63 —5.425"* —7.530"** —4.799*+* —1.460**
(1.090) (1.232) (0.910) (0.469)
as.factor(market )64 —3.353* —4.216** —5.961** —1.296**
(1.027) (1.157) (0.867) (0.441)
as.factor(market)65 1.506 —2.320 —3.312* 2.296**
(1.171) (1.347) (1.150) (0.505)
as.factor(market )66 —5.473" —6.300"** —3.491* —1.897*
(1.092) (1.233) (0.922) (0.469)
as.factor(market)68 1.895 3.502** 4.010"** 0.774
(1.187) (1.343) (1.037) (0.513)
as.factor(market)69 —0.983 —3.305* —1.189 —0.856
(1.233) (1.404) (1.066) (0.532)
as.factor(market)70 —6.669*** —8.442"** —2.602* —2.478"**
(1.082) (1.232) (0.908) (0.468)
as.factor(market)71 —0.199 —2.545* 0.273 0.888
(1.081) (1.232) (0.930) (0.467)
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Table 6: (continued)

Dependent variable:

Putin 2012 Putin 2018 Zhirinovsky 2012

Zhirinovsky 2018

(1) (2) () (4)
as.factor(market)72 —5.774"* —7.924™* —5.587* —0.623
(1.150) (1.307) (0.981) (0.496)
as.factor(market)73 —3.086** —4.408** —2.647** —0.222
(1.183) (1.346) (0.968) (0.509)
as.factor(market )74 —3.846"* —4.361"** —3.808"** —0.019
(1.151) (1.300) (0.943) (0.496)
as.factor(market)75 —8.895"** —9.130"* —8.625"** —1.727*
(1.054) (1.192) (0.869) (0.453)
as.factor(market)77 —4.291 —6.151"* —2.154* —0.993*
(1.142) (1.290) (1.024) (0.493)
as.factor(market)78 —6.493"** —5.102*** —5.417* —1.229*
(1.197) (1.357) (0.995) (0.517)
as.factor(market )79 —3.542* —b5.140* —2.805** —1.365**
(1.211) (1.359) (0.987) (0.520)
as.factor(market )80 —3.190** —1.388 —1.086 —0.701
(1.114) (1.261) (0.929) (0.481)
as.factor(market)81 —4.478™ —3.045* —4.110™* —1.259*
(1.076) (1.204) (0.877) (0.465)
as.factor(market)82 —3.708"** —5.245"** —4.681*** —0.476
(1.092) (1.235) (0.964) (0.470)
as.factor(market)84 —7.1417 —8.334™ —7.304"** —1.500"**
(1.065) (1.190) (0.891) (0.455)
as.factor(market )85 —5.482"** —6.408™** —4.379** —0.946*
(1.083) (1.224) (0.873) (0.467)
as.factor(market)86 1.374 —1.201 0.233 0.013
(1.083) (1.230) (0.873) (0.468)
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Table 6: (continued)

Dependent variable:

Putin 2012 Putin 2018 Zhirinovsky 2012

Zhirinovsky 2018

(1) (2) () (4)
as.factor(market)87 —3.097 —4.512* —3.265"* 0.030
(1.139) (1.297) (0.923) (0.492)
as.factor(market)88 —5.359"** —5.557** —8.220™** —0.911
(1.122) (1.274) (0.930) (0.484)
as.factor(market )90 —4.012" —5.966"** —6.457* —1.039*
(1.147) (1.297) (0.930) (0.493)
as.factor(market )91 —6.411"* —8.178"** —9.919" —1.670*
(1.281) (1.425) (1.063) (0.551)
as.factor(market )92 —7.836™* —9.730"* —11.730"* —2.139™*
(1.181) (1.356) (1.031) (0.510)
as.factor(market)93 —3.863"** —6.450"** —1.703 —0.985*
(1.152) (1.317) (0.935) (0.498)
as.factor(market)94 —9.686"** —9.315™* —9.847** —3.154™*
(1.451) (1.632) (1.264) (0.627)
as.factor(market)95 —2.252* —5.457** —2.252** —0.468
(1.046) (1.187) (0.865) (0.452)
as.factor(market )96 —4.270" —3.919* —3.281"* —0.622
(1.079) (1.228) (0.905) (0.466)
as.factor(market)97 1.395 0.831 —5.078*** —0.929
(1.730) (2.009) (1.409) (0.747)
as.factor(market)98 —14.633 —1.971 4.373 —11.618
(16.308) (18.620) (12.725) (7.059)
as.factor(market )99 —15.901*** —15.057** —11.804** —3.564™
(2.962) (3.437) (2.274) (1.282)
proximity:pop-hund 0.218™ 0.299** 0.008 0.065"**
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Table 6: (continued)

Dependent variable:
Putin 2012 Putin 2018 Zhirinovsky 2012 Zhirinovsky 2018

1 (2) 3) 4)
(0.019) (0.021) (0.021) (0.008)
Observations 31,439 33,564 24,539 31,998
R? 0.052 0.046 0.082 0.029
Adjusted R? -0.107 -0.110 -0.091 -0.139
Note: *p<0.05; *p<0.01; **p<0.001

Table 7: Regression results (regional + sectoral fixed effects): vote share - President

Dependent variable:

Mironov 2012 Yavlinsky 2018  Prohorov 2012 Sobchak 2018

(1) (2) 3) (4)
proximity 0.053 0.070*** —0.335*** 0.126**
(0.030) (0.013) (0.072) (0.016)
as.factor(region) Yamalo-Neneckij avtonomnyj okrug —3.236™* —0.182* —7.328"** —0.189
(0.564) (0.080) (1.337) (0.103)
as.factor(region) Amurskaya oblast —1.512"** —0.238** —4.973"* 0.348**
(0.199) (0.087) (0.472) (0.112)
as.factor(region) Arhangelskaya oblast 1.314** 0.475% 2.380** 1.071%*
(0.165) (0.079) (0.391) (0.102)
as.factor(region) Astrahanskaya oblast —0.878* 0.031 —5.658"** 0.468***
(0.222) (0.098) (0.526) (0.126)
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Table 7: (continued)

Dependent variable:

Mironov 2012

Yavlinsky 2018

Prohorov 2012

Sobchak 2018

(1) (2) 3) (4)
as.factor(region)Belgorodskaya oblast 0.043 —0.158* —2.767* 0.138
(0.157) (0.075) (0.373) (0.097)
as.factor(region)Bryanskaya oblast —0.643** —0.275"* —3.722%* 0.057
(0.159) (0.077) (0.378) (0.099)
as.factor(region) Cecenskaya Respublika —4.704*** —0.034 —11.241"* —0.027
(0.226) (0.108) (0.537) (0.139)
as.factor(region)Celyabinskaya oblast 1.476*** 0.651*** 0.807*** 0.829***
(0.092) (0.046) (0.219) (0.059)
as.factOI'(region)Cukotskij avtonomnyj okrug —1.866*** —0.184 1.087 —-0.079
(0.555) (0.280) (1.316) (0.360)
as.factor(region)Cuvasskaya Respublika - Cuvasiya 2.698*** 0.082 0.891 0.731%**
(0.349) (0.079) (0.827) (0.102)
as.factor(region)Evrejskaya avtonomnaya oblast —0.596 —0.437** —0.536 —0.340
(0.307) (0.155) (0.728) (0.199)
as.factor(region)gorod Moskva 2.501*** 3.173***
(0.052) (0.067)
as.factor(region)gorod Sankt-Peterburg 2.805*** 3.778***
(0.054) (0.070)
as.factor(region)gorod Sevastopol —0.489*** 0.009
(0.115) (0.148)
as.factor(region)Habarovskij kraj 0.761*** —0.142 —0.285 0.481***
(0.168) (0.080) (0.399) (0.103)
as.factor(region)Irkutskaya oblast —0.575** —0.022 —0.994** 0.195*
(0.132) (0.063) (0.313) (0.081)
as.factor(region)Ivanovskaya oblast 0.063 0.122 —1.810*** 0.711**
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Table 7: (continued)

Dependent variable:

Mironov 2012

Yavlinsky 2018  Prohorov 2012

Sobchak 2018

(1) (2) 3) (4)
(0.153) (0.072) (0.363) (0.092)
as.factor(region)Kabardino-Balkarskaya Respublika —1.853"** —0.814*** —8.471* —1.059"**
(0.253) (0.118) (0.600) (0.152)
as.factor(region)Kaliningradskaya oblast —0.925"** 0.892*** 3.605%* 1.756***
(0.157) (0.074) (0.374) (0.096)
as.factor(region)Kaluzskaya oblast 0.330"** 0.583"**
(0.081) (0.104)
as.factor(region)Kamcatskij kraj —1.151"* —0.239* 0.063 —0.129
(0.185) (0.094) (0.440) (0.121)
as.factor(region)Karaéaevo—@erkesskaya Respublika —3.714™* —0.676™* —9.493* —0.720"*
(0.288) (0.137) (0.683) (0.177)
as.factor(region)Kirovskaya oblast 0.880"** 0.359*** 1.082** 0.871"**
(0.140) (0.067) (0.333) (0.087)
as.factor(region)Kostromskaya oblast 0.123 0.245** —1.923* 0.495***
(0.168) (0.082) (0.399) (0.106)
as.factor(region)Krasnoyarskij kraj —0.463*** 0.170** 0.302 0.573**
(0.108) (0.053) (0.257) (0.069)
as.factor(region)Krasnodarskij kraj —0.339** 0.048 0.776** 0.174*
(0.115) (0.054) (0.273) (0.070)
as.factor(region) Kurganskaya oblast —1.252%* —0.436™* —4.290*** —0.179
(0.157) (0.082) (0.372) (0.105)
as.factor(region)Kurskaya oblast —0.127 —0.304*** —1.548** —0.160*
(0.127) (0.063) (0.302) (0.082)
as.factor(region)Leningradskaya oblast 1.539** 0.500%** 0.985** 1.110%*
(0.132) (0.065) (0.314) (0.084)
as.factor(region)Lipeckaya oblast —0.572 —0.884
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Table 7: (continued)

Dependent variable:

Mironov 2012 Yavlinsky 2018  Prohorov 2012

Sobchak 2018

(1) (2) 3) (4)
(0.419) (0.539)
as.factor(region)Magadanskaya oblast —0.642* —0.216 1.562* —0.006
(0.278) (0.140) (0.659) (0.180)
as.factor(region)Moskovskaya oblast 0.031 0.738*** 1.806*** 1.139*
(0.097) (0.047) (0.231) (0.061)
as.factor(region)Murmanskaya oblast 0.909*** 0.330*** 1.087* 1.050%*
(0.140) (0.068) (0.333) (0.088)
as.factor(region)Neneckij avtonomnyj okrug 1.427 —0.339 2.952* 0.104
(0.497) (0.251) (1.180) (0.323)
as.factor(region)Nizegorodskaya oblast —1.291"* 0.297*** —3.676*** 0.670***
(0.108) (0.051) (0.257) (0.066)
as.factor(region)Novgorodskaya oblast 2.305*** 1.096*** 1.363* 1.124***
(0.269) (0.079) (0.638) (0.102)
as.factor(region)Novosibirskaya oblast —1.158*** 0.465*** —0.661* 0.656™**
(0.129) (0.062) (0.307) (0.080)
as.factor(region)Omskaya oblast 0.293** 0.196*** —0.498 0.642***
(0.110) (0.055) (0.260) (0.070)
as.factor(region)Orenburgskaya oblast 0.133 0.054 —2.022%* 0.345***
(0.112) (0.056) (0.266) (0.071)
as.factor(region)Orlovskaya oblast —0.647*** —0.019 —1.810* 0.413***
(0.157) (0.078) (0.373) (0.100)
as.factor(region)Penzenskaya oblast —0.634*** 0.037 —1.830" 0.336™**
(0.116) (0.058) (0.276) (0.075)
as.factor(region)Permskij kraj 0.548*** 0.895*** 3.696*** 1.516**
(0.135) (0.060) (0.321) (0.077)
as.factor(region)Primorskij kraj 0.120 0.307*** —0.692* 0.797**

373



CEU eTD Collection

Table 7: (continued)

Dependent variable:

Mironov 2012

Yavlinsky 2018

Prohorov 2012

Sobchak 2018

(1) (2) 3) (4)
(0.119) (0.054) (0.282) (0.069)
as.factor(region)Pskovskaya oblast 0.237 1.284* 0.281 0.831"**
(0.146) (0.073) (0.346) (0.094)
as.factor(region)Ryazanskaya oblast —0.061 0.108 —2.279*** 0.518***
(0.138) (0.068) (0.327) (0.088)
as.factor(region)Respublika Adygeya (Adygeya) —1.289*** —0.217 —3.308*** —0.054
(0.295) (0.139) (0.701) (0.179)
as.factor(region)Respublika Altaj —0.407 —0.369 —1.346 —0.213
(0.418) (0.203) (0.991) (0.262)
as.factor(region)Respublika Baskortostan —1.315"* 0.195* —5.394"** 0.322*
(0.187) (0.085) (0.444) (0.109)
as.factor(region)Respublika Buryatiya —0.993*** 0.588*** —1.504** 1.506***
(0.216) (0.101) (0.513) (0.130)
as.factor(region)Respublika Dagestan —3.962*** —0.507** —9.920"** —0.504***
(0.211) (0.099) (0.502) (0.128)
as.factor(region)Respublika Hakasiya —0.728"* —0.208* —1.016* 0.317*
(0.209) (0.100) (0.497) (0.129)
as.factor(region)Respublika Kalmykiya —1.528"* 0.021 —2.531* 0.864***
(0.313) (0.149) (0.742) (0.191)
as.factor(region)Respublika Kareliya 1.054* 1.022% 3.017* 1.184*
(0.230) (0.105) (0.547) (0.135)
as.factor(region)Respublika Komi —0.373 0.130 —1.142* 0.935"**
(0.213) (0.099) (0.505) (0.128)
as.factor(region)Respublika Krym —0.650"* 0.173
(0.147) (0.189)
as.factor(region)Respublika Marij El 0.096 —0.196 —1.968"** 0.472%
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Table 7: (continued)

Dependent variable:

Mironov 2012

Yavlinsky 2018

Prohorov 2012

Sobchak 2018

(1) 2) 3) (4)
(0.217) (0.103) (0.515) (0.132)
as.factor(region)Respublika Mordoviya —3.647* —0.377* —8.060*** 0.068
(0.204) (0.097) (0.485) (0.125)
as.factor(region)Respublika Saha (yakutiya) 0.194 —0.281* —2.153*** 0.796***
(0.198) (0.094) (0.469) (0.121)
as.factor(region)Respublika Severnaya Osetiya - Alaniya —1.498*** —0.840*** —8.399*** —1.004***
(0.207) (0.099) (0.491) (0.127)
as.factor(region)Respublika Tatarstan (Tatarstan) —2.003*** 0.310*** —4.835** 0.440*
(0.092) (0.046) (0.219) (0.059)
as.factor(region)Respublika Tyva —2.928"* —0.689"** —8.919*** 0.035
(0.291) (0.143) (0.690) (0.184)
as.factor(region)Rostovskaya oblast —0.816"** 0.058 —2.915** 0.144*
(0.097) (0.048) (0.231) (0.062)
as.factor(region)Sahalinskaya oblast —0.300 0.069 2.207 0.612%*
(0.167) (0.082) (0.397) (0.105)
as.factor(region)Samarskaya oblast —0.614 0.738*** —3.238*** 1.281***
(0.314) (0.057) (0.744) (0.073)
as.factor(region)Saratovskaya oblast —0.735"* 1.413* —0.415 1.876%*
(0.263) (0.125) (0.625) (0.160)
as.factor(region)Smolenskaya oblast 0.253* 0.181* —0.744* 0.514***
(0.125) (0.063) (0.296) (0.081)
as.factor(region)Stavropolskij kraj —1.353*** —0.409*** —3.159** —0.281*
(0.159) (0.075) (0.378) (0.096)
as.factor(region)Sverdlovskaya oblast 1.676** 0.611** 3.344* 1.070***
(0.097) (0.048) (0.230) (0.062)
as.factor(region) Tambovskaya oblast —1.641"** 0.089 —3.461** 0.196*
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Table 7: (continued)

Dependent variable:

Mironov 2012 Yavlinsky 2018  Prohorov 2012

Sobchak 2018

(1) 2) 3) (4)
(0.130) (0.066) (0.309) (0.085)
as.factor(region) Tomskaya oblast —0.704*** 0.713*** 4.076** 1.344%
(0.120) (0.061) (0.285) (0.078)
as.factor(region) Tulskaya oblast 0.604*** 0.756***
(0.061) (0.078)
as.factor(region) Timenskaya oblast —1.988"** —0.078 —3.590" 0.603***
(0.267) (0.068) (0.634) (0.087)
as.factor(region) Tverskaya oblast 0.335** 0.177** 0.299 0.490***
(0.114) (0.057) (0.269) (0.073)
as.factor(region) Udmurtskaya Respublika —0.406 —0.161 0.651 0.365
(0.335) (0.165) (0.795) (0.212)
as.factor(region)Ulyanovskaya oblast 0.092 0.217*
(0.070) (0.090)
as.factor(region) Vladimirskaya oblast 2.493** 0.075 1.389** 0.504***
(0.146) (0.070) (0.347) (0.090)
as.factor(region)Volgogradskaya oblast 0.607*** 0.318*** —2.457 0.233**
(0.115) (0.056) (0.273) (0.073)
as.factor(region) Vologodskaya oblast 2.344 0.835** 0.935™* 1.403***
(0.131) (0.064) (0.311) (0.083)
as.factor(region) Voronezskaya oblast 0.098 0.102 —1.847* 0.323***
(0.144) (0.067) (0.341) (0.086)
as.factor(region)Zabajkalskij kraj —2.125"* —0.376*** —6.999*** —0.067
(0.215) (0.092) (0.510) (0.118)
as.factor(market)02 0.126 0.170** 1.349*** 0.209**
(0.125) (0.058) (0.297) (0.074)
as.factor(market )03 0.342** 0.413*** 1.671%* 0.473"**
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Table 7: (continued)

Dependent variable:

Mironov 2012

Yavlinsky 2018  Prohorov 2012

Sobchak 2018

(1) (2) 3) (4)
(0.123) (0.057) (0.293) (0.074)
as.factor(market )05 0.263 0.857*** 2.297* 1.049*
(0.163) (0.078) (0.387) (0.100)
as.factor(market)06 0.389 0.385*** 2.413"* 0.621***
(0.216) (0.100) (0.511) (0.128)
as.factor(market)07 0.319 0.282* 1.169* 0.556™**
(0.212) (0.086) (0.502) (0.111)
as.factor(market)08 0.016 0.209** 0.962** 0.246*
(0.124) (0.056) (0.295) (0.072)
as.factor(market )09 0.198 0.393*** 1.665*** 0.407**
(0.143) (0.061) (0.339) (0.079)
as.factor(market)10 0.002 0.170* 0.227 0.248***
(0.122) (0.055) (0.289) (0.071)
as.factor(market)11 0.008 0.203*** 0.625* 0.288"**
(0.124) (0.056) (0.293) (0.073)
as.factor(market)12 0.370* 0.248* 1.753*** 0.153
(0.183) (0.077) (0.435) (0.100)
as.factor(market)13 0.296* 0.252*** 1.332% 0.371**
(0.128) (0.058) (0.303) (0.074)
as.factor(market)14 0.053 0.263*** 1.180*** 0.328"**
(0.123) (0.056) (0.203) (0.072)
as.factor(market)15 0.277* 0.282%** 22737 0.480**
(0.128) (0.058) (0.304) (0.075)
as.factor(market)16 —0.009 0.134* 0.568 0.164*
(0.132) (0.060) (0.313) (0.077)
as.factor(market)17 0.115 0.386"** 1.573™* 0.496***
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Table 7: (continued)

Dependent variable:

Mironov 2012 Yavlinsky 2018  Prohorov 2012

Sobchak 2018

(1) (2) 3) (4)
(0.127) (0.056) (0.301) (0.072)
as.factor(market)18 0.150 0.378*** 1.231%* 0.416™**
(0.123) (0.056) (0.293) (0.072)
as.factor(market)19 0.452** 0.546*** 2.598"** 0.801***
(0.156) (0.071) (0.371) (0.091)
as.factor(market )20 0.025 0.292%** 1.687*** 0.433**
(0.128) (0.056) (0.304) (0.072)
as.factor(market)21 0.341* 0.563** 2.563** 0.796**
(0.142) (0.064) (0.336) (0.082)
as.factor(market )22 0.125 0.161* 0.566 0.175*
(0.132) (0.061) (0.313) (0.078)
as.factor(market)23 0.085 0.113 0.959** 0.162*
(0.132) (0.060) (0.312) (0.077)
as.factor(market )24 0.048 0.283*** 1.398** 0.397**
(0.135) (0.060) (0.321) (0.077)
as.factor(market)25 0.309* —0.005 1.256*** 0.055
(0.147) (0.064) (0.348) (0.083)
as.factor(market )26 0.221 0.615"** 2.793"* 0.753"**
(0.128) (0.055) (0.304) (0.071)
as.factor(market)27 0.280* 0.488*** 1.915%= 0.637***
(0.133) (0.060) (0.315) (0.077)
as.factor(market)28 0.099 0.108 1.065*** 0.354"**
(0.131) (0.061) (0.311) (0.078)
as.factor(market)29 0.233 0.567** 2.861** 0.665**
(0.146) (0.062) (0.347) (0.080)
as.factor(market )30 0.086 0.494 1.583* 0.698***
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Table 7: (continued)

Dependent variable:

Mironov 2012

Yavlinsky 2018  Prohorov 2012

Sobchak 2018

(1) (2) 3) (4)
(0.135) (0.059) (0.320) (0.076)
as.factor(market)31 0.147 0.151* 0.929** 0.181*
(0.137) (0.063) (0.324) (0.081)
as.factor(market)32 0.433** 0.279* 1.691** 0.299***
(0.128) (0.057) (0.305) (0.074)
as.factor(market)33 0.190 0.160* 0.812* 0.178*
(0.128) (0.057) (0.304) (0.074)
as.factor(market)35 0.061 0.260** 0.510 0.273**
(0.124) (0.055) (0.294) (0.071)
as.factor(market )36 0.109 0.324*** 1.602** 0.352"**
(0.129) (0.060) (0.307) (0.077)
as.factor(market)37 0.359** 0.331*** 2.315™* 0.539***
(0.129) (0.060) (0.307) (0.077)
as.factor(market )38 —0.069 0.141* 0.716* 0.128
(0.131) (0.060) (0.312) (0.078)
as.factor(market)39 0.269 0.521** 2,448 0.709*
(0.206) (0.097) (0.488) (0.124)
as.factor(market )41 —0.260 0.075 0.103 0.129
(0.141) (0.067) (0.336) (0.086)
as.factor(market)42 —0.032 —0.072 0.005 —0.002
(0.135) (0.057) (0.321) (0.073)
as.factor(market)43 0.077 0.193* 0.240 0.281***
(0.142) (0.065) (0.337) (0.084)
as.factor(market)45 0.303* 0.121 0.173 0.128
(0.149) (0.066) (0.354) (0.084)
as.factor(market )46 0.200 0.112 0.453 0.291"**
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Table 7: (continued)

Dependent variable:

Mironov 2012 Yavlinsky 2018  Prohorov 2012

Sobchak 2018

(1) (2) 3) (4)
(0.140) (0.064) (0.333) (0.083)
as.factor(market )47 —0.093 0.068 0.050 0.020
(0.163) (0.076) (0.386) (0.098)
as.factor(market)49 —0.209 0.044 —0.246 0.093
(0.149) (0.063) (0.352) (0.082)
as.factor(market )50 0.191 0.574** 2,677 0.717**
(0.164) (0.075) (0.389) (0.097)
as.factor(market)51 0.361* 0.641* 2.083** 0.738**
(0.155) (0.069) (0.367) (0.089)
as.factor(market )52 0.406** —0.003 0.559 0.062
(0.139) (0.062) (0.331) (0.080)
as.factor(market)53 0.295* 0.453*** 2.330"* 0.567***
(0.127) (0.056) (0.302) (0.072)
as.factor(market)55 0.241 0.206** 1.440% 0.332"**
(0.127) (0.058) (0.301) (0.075)
as.factor(market)56 —0.013 0.004 0.667* —0.055
(0.138) (0.065) (0.326) (0.084)
as.factor(market )58 0.384** 0.270*** 1.999** 0.425"**
(0.128) (0.060) (0.303) (0.077)
as.factor(market)59 0.114 0.383*** 1.455** 0.574***
(0.135) (0.062) (0.321) (0.080)
as.factor(market )60 0.031 0.228* 0.848** 0.192**
(0.122) (0.056) (0.289) (0.072)
as.factor(market)61 0.157 0.449* 1.356*** 0.573**
(0.118) (0.054) (0.281) (0.069)
as.factor(market)62 0.210 0.274* 1.157* 0.364"*
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Table 7: (continued)

Dependent variable:

Mironov 2012

Yavlinsky 2018

Prohorov 2012

Sobchak 2018

(1) (2) 3) (4)
(0.140) (0.063) (0.333) (0.081)
as.factor(market )63 —0.047 0.234*** 1.072%* 0.189*
(0.133) (0.060) (0.315) (0.077)
as.factor(market)64 0.258* 0.526*** 2.110™* 0.535"**
(0.128) (0.057) (0.302) (0.073)
as.factor(market)65 0.264 0.406™** 0.905* 0.466™**
(0.187) (0.071) (0.444) (0.092)
as.factor(market)66 0.109 0.377** 1.254* 0.616**
(0.135) (0.060) (0.320) (0.077)
as.factor(market )68 —0.151 0.026 —0.006 0.011
(0.154) (0.067) (0.366) (0.086)
as.factor(market)69 0.133 0.090 0.326 0.089
(0.155) (0.068) (0.368) (0.088)
as.factor(market)70 0.032 0.622*** 0.893* 0.661***
(0.133) (0.060) (0.315) (0.077)
as.factor(market)71 —0.199 —0.081 —0.090 —0.058
(0.136) (0.060) (0.322) (0.077)
as.factor(market)72 0.386* 0.486* 2.582"* 0.554**
(0.144) (0.064) (0.341) (0.082)
as.factor(market)73 0.079 0.078 0.451 0.121
(0.141) (0.065) (0.335) (0.084)
as.factor(market)74 —0.003 0.211*** 1.274* 0.438"**
(0.138) (0.064) (0.326) (0.082)
as.factor(market)75 0.222 0.490** 1.981*** 0.624*
(0.128) (0.058) (0.303) (0.075)
as.factor(market)77 —0.059 0.350"** 0.038 0.282*
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Table 7: (continued)

Dependent variable:

Mironov 2012

Yavlinsky 2018  Prohorov 2012

Sobchak 2018

(1) (2) 3) (4)
(0.149) (0.063) (0.354) (0.082)
as.factor(market)78 —0.066 0.440"** 1.649** 0.552"**
(0.146) (0.066) (0.345) (0.085)
as.factor(market)79 —0.079 0.070 0.620 0.150
(0.144) (0.067) (0.342) (0.086)
as.factor(market)80 0.019 0.084 0.464 0.018
(0.136) (0.062) (0.322) (0.079)
as.factor(market)81 0.090 0.239** 1.159*** 0.343*
(0.128) (0.060) (0.304) (0.077)
as.factor(market )82 0.218 —0.147* 1.033** —0.001
(0.141) (0.060) (0.333) (0.078)
as.factor(market)84 0.336* 0.509*** 1.958*** 0.676***
(0.131) (0.059) (0.310) (0.075)
as.factor(market )85 0.288* 0.146* 0.673* 0.172*
(0.128) (0.060) (0.303) (0.077)
as.factor(market)86 0.052 0.006 —0.042 —0.023
(0.127) (0.060) (0.302) (0.077)
as.factor(market)87 0.168 0.507** 2.038* 0.676*
(0.135) (0.063) (0.321) (0.082)
as.factor(market)88 0.271* 0.548*** 2.727* 0.661***
(0.136) (0.062) (0.323) (0.080)
as.factor(market)90 0.238 0.441*** 1.640% 0.572***
(0.136) (0.063) (0.323) (0.081)
as.factor(market)91 0.368* 0.562** 3.333" 0.773**
(0.156) (0.071) (0.369) (0.091)
as.factor(market)92 0.476* 0.787** 5.340** 1.038**
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Table 7: (continued)

Dependent variable:

Mironov 2012

Yavlinsky 2018

Prohorov 2012

Sobchak 2018

(1) 2) 3) (4)
(0.152) (0.066) (0.360) (0.085)
as.factor(market)93 —0.005 0.252*** 0.564 0.204*
(0.136) (0.064) (0.323) (0.082)
as.factor(market)94 0.448* 0.647** 2.214* 0.914*
(0.185) (0.081) (0.438) (0.104)
as.factor(market )95 0.148 0.148* 0.572 0.144
(0.127) (0.058) (0.300) (0.075)
as.factor(market)96 0.177 —0.031 0.751* —0.016
(0.132) (0.060) (0.313) (0.077)
as.factor(market)97 0.707** 1.004** 4.379** 1.226%
(0.207) (0.096) (0.491) (0.124)
as.factor(market)98 —3.868* —0.001 —7.660 —0.400
(1.837) (0.900) (4.358) (1.158)
as.factor(market)99 0.889** 2.483** 9.808*** 2.679*
(0.333) (0.166) (0.790) (0.213)
uik_population 0.0001*** 0.0001*** 0.001** 0.0001***
(0.00001) (0.00000) (0.00003) (0.00001)
Observations 24,539 31,998 24,539 31,998
R? 0.366 0.512 0.390 0.483
Adjusted R? 0.243 0.425 0.271 0.392
Note: *p<0.05; *p<0.01; **p<0.001
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Table 8: Regression results (regional + sectoral fixed effects): vote share - President

Dependent variable:

Zuganov 2012 Grudinin 2018

(1) 2)
proximity 0.332%* 0.397**
(0.098) (0.053)
as.factor(region) Yamalo-Neneckij avtonomnyj okrug —18.250*** —17.883**
(1.819) (0.329)
as.factor(region) Amurskaya oblast —7.558"* —1.950"*
(0.643) (0.358)
as.factor(region) Arhangelskaya oblast —6.147* —12.907*
(0.533) (0.327)
as.factor(region) Astrahanskaya oblast —9.191"** —7.028**
(0.715) (0.403)
as.factor(region)Belgorodskaya oblast 1.748*** —10.747*
(0.508) (0.310)
as.factor(region)Bryanskaya oblast 0.247 —13.217*
(0.514) (0.316)
as.factor(region)Cecenskaya Respublika —24.057* —13.745*
(0.730) (0.446)
as.factor(region)Celyabinskaya oblast —6.504"* —11.119*
(0.298) (0.190)
as.factor(region)Cukotskij avtonomnyj okrug —9.657* —17.323"**
(1.791) (1.156)
as.factor(region)Cuvaéskaya Respublika - Cuvasiya —0.445 —9.667*
(1.126) (0.326)
as.factor(region)Evrejskaya avtonomnaya oblast —3.205" —5.056™**
(0.991) (0.640)
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Table 8: (continued)

Dependent variable:

Zuganov 2012 Grudinin 2018

(1) 2)
as.factor(region)gorod Moskva —10.667**
(0.215)
as.factor(region)gorod Sankt-Peterburg —14.345%*
(0.223)
as.factor(region)gorod Sevastopol —20.463***
(0.475)
as.factor(region)Habarovskij kraj —4.686*** —3.147*
(0.542) (0.329)
as.factor(region)Irkutskaya oblast —1.175* —6.603***
(0.426) (0.260)
as.factor(region)Ivanovskaya oblast —4.265"** —7.540**
(0.493) (0.297)
as.factor(region)Kabardino-Balkarskaya Respublika —11.934** —17.794***
(0.816) (0.489)
as.factor(region)Kaliningradskaya oblast —1.808*** —11.663***
(0.508) (0.307)
as.factor(region)Kaluzskaya oblast —12.195**
(0.334)
as.factor(region)Kamcatskij kraj —6.465** —6.375*
(0.598) (0.388)
as.factor(region) Karacaevo-Cerkesskaya Respublika —19.215"* —14.451**
(0.929) (0.567)
as.factor(region)Kirovskaya oblast —3.310"** —9.397*
(0.453) (0.278)
as.factor(region)Kostromskaya oblast 2.853*** —7.100*
(0.542) (0.340)
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Table 8: (continued)

Dependent variable:

Zuganov 2012 Grudinin 2018

(1) 2)
as.factor(region)Krasnoyarskij kraj —3.945"* —10.485**
(0.350) (0.220)
as.factor(region)Krasnodarskij kraj —1.103** —12.975*
(0.372) (0.225)
as.factor(region)Kurganskaya oblast —3.223** —9.498**
(0.507) (0.338)
as.factor(region)Kurskaya oblast —2.623" —14.976*
(0.411) (0.262)
as.factor(region)Leningradskaya oblast —7.946"* —13.814**
(0.427) (0.268)
as.factor(region)Lipeckaya oblast —8.324***
(1.731)
as.factor(region)Magadanskaya oblast —1.954* —10.163***
(0.897) (0.577)
as.factor(region) Moskovskaya oblast —2.221% —10.419*
(0.314) (0.195)
as.factor(region)Murmanskaya oblast —6.202"** —14.315**
(0.453) (0.283)
as.factor(region)Neneckij avtonomnyj okrug —4.346** —9.563***
(1.606) (1.037)
as.factor(region)Nizegorodskaya oblast —3.797*** —12.570**
(0.349) (0.212)
as.factor(region)Novgorodskaya oblast —4.436™ —0.149**
(0.869) (0.328)
as.factor(region)Novosibirskaya oblast 0.189 —5.835"**
(0.417) (0.258)
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Table 8: (continued)

Dependent variable:

Zuganov 2012 Grudinin 2018

(1) 2)
as.factor(region)Omskaya oblast 2.952"+* —1.320"*
(0.354) (0.225)
as.factor(region)Orenburgskaya oblast 3.616** —8.150***
(0.362) (0.229)
as.factor(region)Orlovskaya oblast 8.882*** —10.094***
(0.507) (0.321)
as.factor(region)Penzenskaya oblast —1.288** —13.433*
(0.376) (0.241)
as.factor(region)Permskij kraj —5.874"* —12.968"**
(0.437) (0.246)
as.factor(region)Primorskij kraj —1.473** —1.197*
(0.384) (0.222)
as.factor(region)Pskovskaya oblast —1.237** —12.494**
(0.471) (0.303)
as.factor(region)Ryazanskaya oblast —0.149 —9.526**
(0.445) (0.282)
as.factor(region)Respublika Adygeya (Adygeya) —3.920"* —7.423"*
(0.953) (0.575)
as.factor(region)Respublika Altaj —5.579*** 3.489™**
(1.348) (0.839)
as.factor(region)Respublika Baskortostan —7.630"** —9.797***
(0.604) (0.350)
as.factor(region)Respublika Buryatiya —5.669*** —6.218***
(0.698) (0.417)
as.factor(region)Respublika Dagestan —16.338"* —12.408"***
(0.683) (0.410)
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Table 8: (continued)

Dependent variable:

Zuganov 2012

Grudinin 2018

(1) 2)
as.factor(region)Respublika Hakasiya —1.898** —2.242%*
(0.676) (0.415)
as.factor(region)Respublika Kalmykiya —7.973** —9.650***
(1.009) (0.614)
as.factor(region)Respublika Kareliya —7.242"** —10.320***
(0.744) (0.434)
as.factor(region)Respublika Komi —10.462** —10.506**
(0.686) (0.410)
as.factor(region)Respublika Krym —19.971**
(0.608)
as.factor(region)Respublika Marij Kl —0.618 —7.343***
(0.701) (0.424)
as.factor(region)Respublika Mordoviya —19.295** —12.987***
(0.659) (0.402)
as.factor(region)Respublika Saha (yakutiya) —9.777*** 4.582*+*
(0.638) (0.390)
as.factor(region)Respublika Severnaya Osetiya - Alaniya —4.125"* —10.865***
(0.668) (0.407)
as.factor(region)Respublika Tatarstan (Tatarstan) —10.363** —13.445*
(0.298) (0.190)
as.factor(region)Respublika Tyva —17.932%* —17.935%*
(0.939) (0.591)
as.factor(region)Rostovskaya oblast —2.360"** —11.538***
(0.314) (0.198)
as.factor(region)Sahalinskaya oblast —1.163* —4.043**
(0.540) (0.338)
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Table 8: (continued)

Dependent variable:

Zuganov 2012

Grudinin 2018

(1) 2)
as.factor(region)Samarskaya oblast 4.370%* —11.777+*
(1.012) (0.235)
as.factor(region)Saratovskaya oblast —7.510"** —11.395**
(0.850) (0.514)
as.factor(region)Smolenskaya oblast 1.412%* —10.680**
(0.402) (0.259)
as.factor(region)Stavropolskij kraj —b5.571"* —11.767*
(0.514) (0.309)
as.factor(region)Sverdlovskaya oblast —9.183"** —11.839***
(0.313) (0.198)
as.factor(region) Tambovskaya oblast —3.368"** —13.516**
(0.421) (0.271)
as.factor(region) Tomskaya oblast —3.180** —8.755%
(0.387) (0.250)
as.factor(region) Tulskaya oblast —14.251%
(0.251)
as.factor(region) Tlimenskaya oblast —11.617"** —14.484**
(0.863) (0.280)
as.factor(region) Tverskaya oblast —3.917* —12.412**
(0.367) (0.235)
as.factor(region) Udmurtskaya Respublika —6.869"** —3.850***
(1.082) (0.680)
as.factor(region)Ulyanovskaya oblast —7.607*
(0.289)
as.factor(region)Vladimirskaya oblast —1.305** —10.049***
(0.472) (0.288)
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Table 8: (continued)

Dependent variable:

Zuganov 2012 Grudinin 2018

(1) 2)
as.factor(region) Volgogradskaya oblast —2.036"* —11.750"*
(0.371) (0.233)
as.factor(region)Vologodskaya oblast —6.472%* —11.371**
(0.423) (0.266)
as.factor(region) Voronezskaya oblast 2.791*** —10.597**
(0.463) (0.276)
as.factor(region)Zabajkalskij kraj —8.402*** —7.911**
(0.694) (0.379)
as.factor(market)02 0.390 —0.647**
(0.404) (0.238)
as.factor(market)03 0.890* —0.504*
(0.398) (0.237)
as.factor(market)05 —0.518 —1.350***
(0.527) (0.322)
as.factor(market )06 0.865 —0.817*
(0.696) (0.412)
as.factor(market)07 —1.291 —0.613
(0.683) (0.356)
as.factor(market)08 0.134 —1.161**
(0.401) (0.233)
as.factor(market )09 0.754 —1.300**
(0.462) (0.253)
as.factor(market)10 —0.192 —1.066"*
(0.393) (0.229)
as.factor(market)11 —0.122 —0.705**
(0.399) (0.233)
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Table 8: (continued)

Dependent variable:

Zuganov 2012 Grudinin 2018

as.factor(market)12
as.factor(market)13
as.factor(market)14
as.factor(market)15
as.factor(market)16
as.factor(market)17
as.factor(market)18
as.factor(market)19
as.factor(market)20
as.factor(market)21
as.factor(market)22
as.factor(market)23

as.factor(market )24

(1) (2)
1.058 —1.716"
(0.592) (0.320)
0.217 —0.904**
(0.413) (0.238)
0.566 —0.854**
(0.398) (0.230)
0.556 —1.403**
(0.413) (0.239)
—0.022 —1.124%
(0.426) (0.246)
0.650 —1.188*
(0.410) (0.232)
0.144 —0.733"
(0.399) (0.230)
0.244 —0.704*
(0.505) (0.291)
—0.371 —1.169"
(0.413) (0.232)
0.975* —1.302+
(0.457) (0.264)
0.166 —1.152%
(0.426) (0.252)
0.378 —0.548"
(0.425) (0.248)
1.253" —1.686"
(0.437) (0.248)
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Table 8: (continued)

Dependent variable:

Zuganov 2012 Grudinin 2018

as.factor(market )25
as.factor(market)26
as.factor(market)27
as.factor(market)28
as.factor(market)29
as.factor(market)30
as.factor(market)31
as.factor(market)32
as.factor(market)33
as.factor(market)35
as.factor(market)36
as.factor(market )37

as.factor(market )38

(1) (2)
1.206* —0.726"
(0.473) (0.266)
0.059 —0.880"*
(0.414) (0.229)
0.800 —0.678"
(0.428) (0.247)
0.451 —0.872"
(0.423) (0.250)
0.025 —0.371
(0.472) (0.256)
0.795 —1.025%
(0.436) (0.243)
0.636 —0.755"
(0.441) (0.261)
0.704 —1.001***
(0.414) (0.237)
0.518 —0.911"
(0.414) (0.236)
—0.098 —0.433
(0.400) (0.226)
0.131 —0.814*
(0.418) (0.246)
0.874* ~0.610"
(0.417) (0.246)
0.662 —0.773"
(0.424) (0.249)
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Table 8: (continued)

Dependent variable:

Zuganov 2012 Grudinin 2018

(1) 2)
as.factor(market )39 2.792"+* —1.630"**
(0.664) (0.399)
as.factor(market)41 0.325 —0.841*
(0.457) (0.277)
as.factor(market )42 —0.593 —0.535*
(0.437) (0.233)
as.factor(market )43 0.230 —0.121
(0.459) (0.268)
as.factor(market)45 0.241 —0.643*
(0.481) (0.271)
as.factor(market)46 0.318 —1.338**
(0.453) (0.265)
as.factor(market)47 0.469 —1.155**
(0.525) (0.314)
as.factor(market)49 —0.199 —1.102***
(0.479) (0.262)
as.factor(market)50 0.690 —0.798"
(0.529) (0.311)
as.factor(market)51 0.419 —0.582*
(0.499) (0.284)
as.factor(market)52 0.321 —0.402
(0.450) (0.256)
as.factor(market)53 0.937* —1.086***
(0.411) (0.232)
as.factor(market)55 0.347 —0.498*
(0.410) (0.241)

393



CEU eTD Collection

Table 8: (continued)

Dependent variable:

Zuganov 2012 Grudinin 2018

as.factor(market )56
as.factor(market)58
as.factor(market )59
as.factor(market )60
as.factor(market)61
as.factor(market)62
as.factor(market)63
as.factor(market)64
as.factor(market)65
as.factor(market)66
as.factor(market)68
as.factor(market )69

as.factor(market)70

(1) (2)
0.273 —0.588"
(0.444) (0.268)
0.215 —0.787"
(0.413) (0.247)
0.563 —0.737"
(0.437) (0.257)
~0.042 —0.721
(0.394) (0.232)
—0.079 —0.693"
(0.382) (0.223)
~0.092 —0.580"
(0.453) (0.260)
1.048* —0.251
(0.429) (0.248)
0.549 —0.951***
(0.412) (0.235)
1.231* —1.142+
(0.604) (0.295)
0.144 —0.580"
(0.435) (0.249)
0.163 ~0.381
(0.497) (0.276)
0.091 —0.387
(0.501) (0.281)
0.564 —0.212
(0.429) (0.248)
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Table 8: (continued)

Dependent variable:

Zuganov 2012 Grudinin 2018

as.factor(market)71
as.factor(market)72
as.factor(market)73
as.factor(market)74
as.factor(market)75
as.factor(market)77
as.factor(market)78
as.factor(market )79
as.factor(market)80
as.factor(market)81
as.factor(market)82
as.factor(market)84

as.factor(market )85

(1) (2)
—0.591 —0.556"
(0.438) (0.249)
0.220 —1.202+
(0.464) (0.263)
0.344 0.056
(0.456) (0.269)
—0.095 —1.216"
(0.444) (0.262)
0.626 —0.978"
(0.412) (0.241)
1.128* ~0.210
(0.482) (0.262)
—0.289 —0.808"
(0.470) (0.274)
—0.909 —0.689"
(0.466) (0.276)
—0.532 —0.010
(0.438) (0.255)
0.176 —0.544"
(0.413) (0.246)
0.714 —0.906***
(0.454) (0.249)
0.958* —0.553"
(0.421) (0.242)
0.318 —0.759*
(0.412) (0.247)
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Table 8: (continued)

Dependent variable:

Zuganov 2012 Grudinin 2018

as.factor(market )86
as.factor(market)87
as.factor(market )88
as.factor(market )90
as.factor(market)91
as.factor(market)92
as.factor(market)93
as.factor(market)94
as.factor(market)95
as.factor(market)96
as.factor(market)97
as.factor(market )98

as.factor(market )99

(1) (2)
—0.219 —0.413
(0.411) (0.247)
—0.674 —1.551%
(0.437) (0.262)
0.795 —1.025%
(0.440) (0.257)
0.242 —0.889"**
(0.439) (0.261)
1.048* —0.929*
(0.502) (0.293)
2188 —1.133%
(0.490) (0.272)
—0.179 —0.544*
(0.440) (0.263)
1.367* —1.176"
(0.596) (0.332)
0.301 —0.734*
(0.409) (0.239)
0.357 —0.837*
(0.426) (0.246)
1.308 —0.882"
(0.668) (0.398)
~7.080 3.041
(5.929) (3.715)
0.208 —0.820
(1.075) (0.684)
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Table 8: (continued)

Dependent variable:

Zuganov 2012 Grudinin 2018

(1) (2)
uik_population 0.0003*** 0.00004*
(0.00004) (0.00002)
Observations 24,539 31,998
R? 0.439 0.556
Adjusted R? 0.330 0.478
Note: *p<0.05; *p<0.01; **p<0.001

Table 9: Regression results (regional + sectoral fixed effects): vote share - UR+Putin

Dependent variable:

UR 2016 UR 2021 Putin 2012 Putin 2018
(1) 2) 3) (4)
proximity —4.348" —7.121" —1.173* —1.466"**
(0.526) (0.590) (0.532) (0.226)
pop-hund —0.297** —0.426* 0.083* —0.085***
(0.028) (0.032) (0.034) (0.012)
as.factor(market)02 —2.487* —4.998*** —4.016** —0.955*
(1.038) (1.175) (0.851) (0.448)
as.factor(market )03 —3.548"** —2.970* —4.044*** —0.506
(1.034) (1.173) (0.840) (0.446)
as.factor(market)05 —5.767* —6.958** —4.751 —1.129
(1.405) (1.602) (1.117) (0.606)
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Table 9: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016  Yabloko 2021
(1) (2) 3) 4)
as.factor(market )06 —3.689* —4.804* —7.820"* —1.704*
(1.813) (2.078) (1.481) (0.778)
as.factor(market)07 —7.102** —7.456*** —3.068* —2.830**
(1.567) (1.773) (1.452) (0.673)
as.factor(market)08 —2.755" —3.834™* —4.333" —0.465
(1.017) (1.155) (0.849) (0.439)
as.factor(market )09 —6.166"** —5.745"** —6.348"** —1.635"**
(1.103) (1.248) (0.977) (0.475)
as.factor(market)10 —4.103™ —5.141™* —2.481™ —1.233*™
(0.998) (1.133) (0.832) (0.432)
as.factor(market)11 —3.836** —5.016"** —2.607* —0.960*
(1.017) (1.147) (0.844) (0.439)
as.factor(market)12 —4.410* —6.382"* —9.873" —0.647
(1.397) (1.596) (1.256) (0.602)
as.factor(market)13 —5.094** —5.086"** —6.590"** —0.347
(1.040) (1.176) (0.874) (0.449)
as.factor(market )14 —5.379™ —6.114™* —4.424™ —1.035*
(1.004) (1.139) (0.843) (0.434)
as.factor(market)15 —3.281* —2.429* —6.117** —0.053
(1.047) (1.188) (0.870) (0.450)
as.factor(market)16 —3.516* —5.142*** —3.684** —0.831
(1.075) (1.221) (0.902) (0.464)
as.factor(market)17 —5.857"** —8.380"** —6.717* —0.502
(1.014) (1.155) (0.866) (0.437)
as.factor(market)18 —5.971" —6.256""* —4.422** —1.309*
(1.009) (1.143) (0.845) (0.435)
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Table 9: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016  Yabloko 2021
(1) (2) 3) 4)
as.factor(market)19 —4.694** —2.827* —5.904** —1.913**
(1.282) (1.434) (1.071) (0.550)
as.factor(market)20 —6.001"** —7.901* —5.713" —1.500"**
(1.015) (1.158) (0.874) (0.438)
as.factor(market)21 —5.525"* —5.254™** —6.368"** —0.789
(1.149) (1.307) (0.959) (0.495)
as.factor(market )22 —1.633 —2.679* —2.407* —0.735
(1.100) (1.244) (0.903) (0.475)
as.factor(market )23 —0.905 —2.504* —2.564* —0.279
(1.090) (1.225) (0.903) (0.470)
as.factor(market)24 —4.869** —8.005*** —5.983*** 0.048
(1.083) (1.238) (0.923) (0.468)
as.factor(market)25 —2.228 —6.084*** —4.974** —0.432
(1.169) (1.330) (1.006) (0.503)
as.factor(market)26 —9.052*** —0.287* —6.286™* —2.121*
(1.002) (1.130) (0.875) (0.431)
as.factor(market )27 —4.586™** —4.296™* —6.629" —1.247
(1.081) (1.221) (0.906) (0.466)
as.factor(market)28 —2.932* —5.591*** —4.530** —0.193
(1.094) (1.241) (0.895) (0.472)
as.factor(market)29 —6.391" —6.378"* —6.782" —1.547
(1.119) (1.262) (1.000) (0.480)
as.factor(market )30 —7.527"** —9.522"** —7.515" —2.093"**
(1.061) (1.200) (0.920) (0.456)
as.factor(market)31 —4.521 —6.183" —6.270" —1.223*
(1.139) (1.295) (0.937) (0.493)
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Table 9: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016  Yabloko 2021
(1) 2) 3) (4)
as.factor(market )32 —6.600*** —8.905"** —6.559*** —0.464
(1.033) (1.176) (0.876) (0.446)
as.factor(market)33 —4.203** —T7.271* —5.175** —1.275*
(1.029) (1.169) (0.875) (0.445)
as.factor(market )35 —2.706** —1.941 —2.086* —0.548
(0.988) (1.117) (0.848) (0.427)
as.factor(market)36 —3.672* —4.854* —5.287*** —1.151*
(1.076) (1.196) (0.882) (0.463)
as.factor(market)37 —6.435" —6.371"* —8.433*** —1.150"
(1.079) (1.225) (0.883) (0.464)
as.factor(market)38 —2.011 —2.250 —2.787* 0.804
(1.088) (1.233) (0.900) (0.469)
as.factor(market)39 —0.259 —5.883** —8.597*** 0.616
(1.736) (2.002) (1.406) (0.751)
as.factor(market)41 1.508 4.083* 4.672 1.413*
(1.163) (1.319) (0.927) (0.503)
as.factor(market)42 —2.884** —b5.986*** —0.854 —0.844
(1.019) (1.160) (0.930) (0.440)
as.factor(market)43 6.503"** 4.611* 3.837*** 1.569**
(1.163) (1.308) (0.962) (0.502)
as.factor(market)45 —1.775 —2.274 —2.826* —0.320
(1.185) (1.341) (1.022) (0.511)
as.factor(market)46 12.102** 13.192** 9.032** 4.534™*
(1.109) (1.267) (0.910) (0.479)
as.factor(market )47 4.800"* 3.506" 1.367 1.308*
(1.354) (1.548) (1.101) (0.586)
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Table 9: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016  Yabloko 2021
(1) (2) 3) 4)
as.factor(market )49 1.639 —1.571 2.193* 0.491
(1.134) (1.293) (1.007) (0.491)
as.factor(market)50 —8.192** —8.295"+* —9.770** —2.627**
(1.364) (1.523) (1.122) (0.587)
as.factor(market)51 —2.872* —2.514 —6.358** —1.131*
(1.254) (1.391) (1.053) (0.534)
as.factor(market )52 —0.113 —0.449 —1.106 0.517
(1.123) (1.268) (0.957) (0.485)
as.factor(market )53 —5.539™ —7.521"* —T7.551"* —1.239*
(1.016) (1.152) (0.870) (0.437)
as.factor(market)55 —5.426*** —7.528"** —4.532%* —1.608***
(1.055) (1.197) (0.868) (0.455)
as.factor(market)56 —0.538 —2.041 —2.205* —0.475
(1.168) (1.320) (0.939) (0.505)
as.factor(market)58 —6.002** —6.942* —6.059*** —1.121*
(1.082) (1.214) (0.873) (0.466)
as.factor(market )59 —5.873" —5.413™* —5.973"** —1.553*
(1.121) (1.275) (0.926) (0.484)
as.factor(market)60 —3.460*** —2.738* —3.646*** —1.061*
(1.012) (1.155) (0.829) (0.437)
as.factor(market)61 —5.580"** —5.806™** —2.948** —1.560"**
(0.974) (1.107) (0.807) (0.420)
as.factor(market )62 —4.234* —5.577"** —4.397* —0.789
(1.137) (1.278) (0.961) (0.491)
as.factor(market )63 —5.425" —7.530"** —4.799*** —1.460"
(1.090) (1.232) (0.910) (0.469)
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Table 9: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016  Yabloko 2021
(1) (2) 3) 4)
as.factor(market )64 —3.353* —4.216™* —5.961** —1.296*
(1.027) (1.157) (0.867) (0.441)
as.factor(market)65 1.506 —2.320 —3.312* 2.296™**
(1.171) (1.347) (1.150) (0.505)
as.factor(market)66 —5.473" —6.300"** —3.491* —1.897*
(1.092) (1.233) (0.922) (0.469)
as.factor(market )68 1.895 3.502** 4.010* 0.774
(1.187) (1.343) (1.037) (0.513)
as.factor(market )69 —0.983 —3.305* —1.189 —0.856
(1.233) (1.404) (1.066) (0.532)
as.factor(market)70 —6.669*** —8.442*+* —2.602* —2.478**
(1.082) (1.232) (0.908) (0.468)
as.factor(market)71 —0.199 —2.545* 0.273 0.888
(1.081) (1.232) (0.930) (0.467)
as.factor(market )72 —5.774*** —7.924* —5.587"** —0.623
(1.150) (1.307) (0.981) (0.496)
as.factor(market)73 —3.086™ —4.408* —2.647 —0.222
(1.183) (1.346) (0.968) (0.509)
as.factor(market)74 —3.846*** —4.361*** —3.808*** —0.019
(1.151) (1.300) (0.943) (0.496)
as.factor(market)75 —8.895"** —9.130* —8.625"* —1.727
(1.054) (1.192) (0.869) (0.453)
as.factor(market)77 —4.291** —6.151" —2.154* —0.993*
(1.142) (1.290) (1.024) (0.493)
as.factor(market)78 —6.493" —5.102"* —5.417 —1.229*
(1.197) (1.357) (0.995) (0.517)
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Table 9: (continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016  Yabloko 2021
(1) (2) 3) 4)
as.factor(market )79 —3.542* —5.140"* —2.805** —1.365**
(1.211) (1.359) (0.987) (0.520)
as.factor(market)80 —3.190* —1.388 —1.086 —0.701
(1.114) (1.261) (0.929) (0.481)
as.factor(market)81 —4.478** —3.045* —4.110" —1.259*
(1.076) (1.204) (0.877) (0.465)
as.factor(market )82 —3.708"** —5.245"** —4.681*** —0.476
(1.092) (1.235) (0.964) (0.470)
as.factor(market )84 —7.141% —8.334" —7.304** —1.500%*
(1.065) (1.190) (0.891) (0.455)
as.factor(market)85 —5.482*** —6.408"** —4.379** —0.946*
(1.083) (1.224) (0.873) (0.467)
as.factor(market)86 1.374 —1.201 0.233 0.013
(1.083) (1.230) (0.873) (0.468)
as.factor(market )87 —3.097 —4.512"* —3.265"** 0.030
(1.139) (1.297) (0.923) (0.492)
as.factor(market )88 —5.350* —5.557* —8.220** —0.911
(1.122) (1.274) (0.930) (0.484)
as.factor(market)90 —4.012** —5.966*** —6.457** —1.039*
(1.147) (1.297) (0.930) (0.493)
as.factor(market )91 —6.411* —8.178** —9.919* —1.670*
(1.281) (1.425) (1.063) (0.551)
as.factor(market)92 —7.836** —9.730** —11.730** —2.139*
(1.181) (1.356) (1.031) (0.510)
as.factor(market )93 —3.863** —6.450** —1.703 —0.985*
(1.152) (1.317) (0.935) (0.498)
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Table 9:

(continued)

Dependent variable:

UR 2016 UR 2021 Yabloko 2016  Yabloko 2021
(1) (2) 3) 4)
as.factor(market )94 —9.686** —0.315* —9.847* —3.154**
(1.451) (1.632) (1.264) (0.627)
as.factor(market)95 —2.252* —5.457*+* —2.252* —0.468
(1.046) (1.187) (0.865) (0.452)
as.factor(market)96 —4.270** —3.919* —3.281** —0.622
(1.079) (1.228) (0.905) (0.466)
as.factor(market)97 1.395 0.831 —5.078* —0.929
(1.730) (2.009) (1.409) (0.747)
as.factor(market )98 —14.633 —-1.971 4.373 —11.618
(16.308) (18.620) (12.725) (7.059)
as.factor(market)99 —15.901** —15.057** —11.804*** —3.564*
(2.962) (3.437) (2.274) (1.282)
proximity:pop-hund 0.218** 0.299*** 0.008 0.065***
(0.019) (0.021) (0.021) (0.008)
Observations 31,439 33,564 24,539 31,998
R? 0.052 0.046 0.082 0.029
Adjusted R? -0.107 -0.110 -0.091 -0.139
Note: *p<0.05; *p<0.01; **p<0.001
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C Robustness checks
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Figure 7: Robustness check: effect of geographical proximity on turnout at federal parliamentary and presidential elections

Newey-West HAC (Heteroskedasticity and Autocorrelation Consistent) Estimators
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Coefficient estimates (marginal effects)

Figure 8: Robustness check: effect of geographical proximity on vote shares at federal parliamentary elections

Newey-West HAC (Heteroskedasticity and Autocorrelation Consistent) Estimators
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Coefficient estimates (marginal effects)
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Figure 9: Robustness check: effect of geographical proximity on vote shares at presidential elections
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Figure 10: Robustness check: effect of geographical proximity and electoral committee size interaction on vote shares at
parliamentary and presidential elections

Newey-West HAC (Heteroskedasticity and Autocorrelation Consistent) Estimators
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D Robustness checks regression tables

Table 10: Newey-West HAC (Heteroskedasticity and Autocorrelation Consistent) Estimators

Model Coefficient ~ SE
LDPR 2016 -0.56  0.08
LDPR 2021 -0.32  0.05
KPRF 2016 0.68 0.07
KPRF 2021 -0.29 0.09
UR 2016 -0.72 0.14
UR 2021 -0.10 0.16
Yabloko 2016 0.29 0.04
Yabloko 2021 -0.29 0.09
SR 2016 0.01 0.06
SR 2021 -0.32  0.05
NP 2021 0.34 0.04
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Model Coefficient ~ SE
Putin 2012 0.09 0.16
Putin 2018 -0.46 0.07
Zhirinovsky 2012 -0.14  0.05
Zhirinovsky 2018 -0.27 0.03
Mironov 2012 0.05 0.03
Yavlinsky 2018 0.07 0.01
Prohorov 2012 -0.33  0.08
Sobchak 2018 0.13 0.02
Zuganov 2012 0.33 0.10
Grudinin 2018 0.40 0.05

Table 11: Newey-West HAC (Heteroskedasticity and Autocorrelation Consistent) Estimators

Table 12: Newey-West HAC (Heteroskedasticity and Autocorrelation Consistent) Estimators

Model Coefficient  SE
Presidential elections 2018 0.79 0.13
Presidential elections 2012 0.61 0.17
Parliametary elections 2016 1.01 0.17
Parliametary elections 2021 0.63 0.17
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E Robustness checks: salary test for turnout
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Figure 11: Regression results: effect of geographical proximity on turnout at 2012 presidential elections (market and region FE
included)

Coefficient Estimates for First Predictor Across Wage Quantiles

Coefficient estimates (marginal effects)

Quantile Models
Note: Error bars indicate the 95% confidence interval.
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Figure 12: Regression results: effect of geographical proximity on turnout at 2016 federal parliamentary elections (market and
region FE included)

Coefficient Estimates for First Predictor Across Wage Quantiles

Coefficient estimates (marginal effects)
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Figure 13: Regression results: effect of geographical proximity on turnout at 2018 presidential elections (market and region FE
included)

Coefficient Estimates for First Predictor Across Wage Quantiles
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F Robustness checks: salary test for turnout. Regression Tables

Table 13: Regression results by wage quartiles: effect of geographical proximity on turnout at 2012 presidential elections (market
and region FE included)

Dependent variable:
Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) 2 3) 4)
proximity 0.699* 1.250*** 1.071** 1.504***
(0.284) (0.261) (0.251) (0.249)
as.factor(market)02 0.018 —1.879 1.727 2.238*
(1.058) (1.135) (1.001) (1.136)
as.factor(market)03 —1.126 —1.444 —0.022 1.389
(1.103) (1.042) (1.002) (1.208)
as.factor(market )05 —1.654 3.998 0.546 4.095**
(1.998) (2.579) (1.337) (1.504)
as.factor(market)06 0.088 —2.996 —1.838 1.290
(3.310) (1.575) (1.703) (1.593)
as.factor(market)07 —1.343 —1.527 0.882 1.873
(1.935) (1.731) (1.495) (1.347)
as.factor(market)08 —0.487 —0.229 0.024 1.829
(1.002) (0.997) (1.180) (1.190)
as.factor(market )09 —0.318 —0.943 —1.991 —0.709
(1.638) (1.099) (1.386) (1.234)
as.factor(market)10 —1.129 —2.116* —0.874 1.736
(0.927) (0.994) (1.111) (1.242)
as.factor(market)11 —2.424* 0.771 0.763 0.504
(1.005) (0.958) (1.072) (1.222)
as.factor(market)12 —2.414 2.224 —0.569 0.708
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Table 13: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(2.178) (1.439) (1.388) (1.343)
as.factor(market)13 —0.549 0.095 0.961 0.365
(1.054) (0.971) (1.152) (1.177)
as.factor(market)14 —0.036 —1.413 0.686 1.205
(1.044) (0.993) (1.072) (1.156)
as.factor(market)15 —0.194 —1.960 —0.730 3.977
(1.146) (1.068) (1.111) (1.160)
as.factor(market)16 —0.579 —0.833 —0.212 2.696*
(1.094) (1.024) (1.104) (1.188)
as.factor(market)17 0.428 —3.346™* —0.127 1.644
(1.158) (1.024) (1.020) (1.119)
as.factor(market)18 —0.500 —1.425 —0.291 2.137
(1.029) (1.005) (1.038) (1.093)
as.factor(market)19 —1.937 —1.882 —0.596 2.747*
(1.719) (1.475) (1.238) (1.323)
as.factor(market)20 —0.678 0.300 —0.217 1.861
(1.048) (1.066) (1.068) (1.170)
as.factor(market)21 —0.953 —1.495 —0.272 1.634
(1.119) (1.191) (1.294) (1.346)
as.factor(market)22 —0.373 —1.708 2.581* —0.210
(1.009) (1.078) (1.158) (1.214)
as.factor(market)23 0.108 —1.654 0.429 1.680
(1.043) (1.062) (1.136) (1.317)
as.factor(market)24 —1.365 —2.264" 0.243 1.835
(1.161) (1.132) (1.057) (1.170)
as.factor(market)25 —3.045" 0.578 —1.397 0.555
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Table 13: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(1.148) (1.151) (1.344) (1.362)
as.factor(market )26 —1.674 0.018 —1.208 0.434
(1.065) (1.040) (1.172) (1.183)
as.factor(market)27 —0.371 0.769 0.743 2.306
(1.144) (1.058) (1.165) (1.204)
as.factor(market )28 —0.875 0.129 —1.121 0.949
(1.075) (1.030) (1.120) (1.246)
as.factor(market)29 —2.080 —0.993 —1.555 1.614
(1.236) (1.128) (1.154) (1.195)
as.factor(market )30 —0.341 —0.334 —1.284 2.923*
(1.139) (1.200) (1.073) (1.217)
as.factor(market)31 —0.355 —1.179 —0.723 3.078**
(1.152) (1.234) (1.095) (1.173)
as.factor(market)32 —0.053 —0.552 —0.532 1.965
(1.008) (0.978) (1.196) (1.161)
as.factor(market)33 —1.478 —0.394 —0.870 2.502*
(1.059) (0.999) (1.246) (1.130)
as.factor(market)35 —0.489 —0.825 —0.162 1.651
(1.024) (0.965) (1.042) (1.192)
as.factor(market)36 0.005 —0.117 —0.128 0.609
(1.152) (1.088) (1.080) (1.113)
as.factor(market)37 0.211 —1.286 —1.078 0.965
(1.198) (1.034) (1.185) (1.070)
as.factor(market)38 —1.327 1.121 —0.573 0.889
(1.039) (1.054) (1.132) (1.225)
as.factor(market)39 0.380 —2.013 —0.837
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Table 13: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(1.652) (1.593) (1.719)
as.factor(market )41 0.888 —0.699 —0.640 —0.147
(1.051) (1.230) (1.818) (2.436)
as.factor(market)42 0.696 —1.391 —0.382 2.018
(1.039) (1.126) (1.249) (1.205)
as.factor(market )43 —0.051 —0.779 0.779 2.312
(0.998) (1.091) (1.724) (1.863)
as.factor(market)45 —2.235 —0.945 —0.758 2.486
(1.155) (1.121) (1.183) (1.591)
as.factor(market )46 —0.436 0.659 —5.150* 0.917
(0.960) (1.470) (2.581) (1.917)
as.factor(market )47 —2.524* —0.955 0.443 0.579
(1.155) (1.435) (1.912) (2.694)
as.factor(market)49 —2.115* 0.327 —0.792 —0.048
(1.068) (1.217) (1.541) (1.698)
as.factor(market)50 —4.259 —-3.023* 0.863 1.922
(2.224) (1.252) (1.343) (1.195)
as.factor(market)51 —1.851 1.434 0.810 0.669
(1.873) (1.324) (1.217) (1.155)
as.factor(market)52 0.767 0.173 0.128 3.295*
(1.034) (1.137) (1.268) (1.547)
as.factor(market)53 —0.262 —0.469 0.541 2.363*
(1.039) (0.998) (1.053) (1.172)
as.factor(market)55 —1.941 —0.569 0.069 0.857
(1.048) (1.017) (1.301) (1.104)
as.factor(market)56 —1.574 0.860 0.119 0.154
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Table 13: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(1.032) (1.186) (1.409) (1.563)
as.factor(market)58 0.676 —0.743 —0.053 1.518
(1.151) (1.030) (1.102) (1.137)
as.factor(market)59 —0.172 0.795 1.618 1.775
(1.238) (1.083) (1.174) (1.125)
as.factor(market )60 2.105 —0.383 0.493 2.899**
(1.144) (0.978) (1.013) (1.089)
as.factor(market)61 —0.498 —0.212 0.549 2.487*
(0.990) (0.993) (0.991) (1.101)
as.factor(market )62 —0.308 —0.522 2.449* 1.769
(1.110) (1.265) (1.226) (1.387)
as.factor(market)63 —1.154 1.260 —0.748 3.130*
(1.073) (1.055) (1.151) (1.306)
as.factor(market )64 —1.780 1.124 1.923 1.013
(1.103) (1.038) (1.260) (1.167)
as.factor(market)65 —4.755"* 1.301 —1.747 0.179
(1.420) (1.454) (1.830) (1.588)
as.factor(market )66 —0.642 0.859 2.511* 1.208
(1.076) (0.936) (1.137) (1.211)
as.factor(market)68 —0.005 —1.123 —0.391 5.826™*
(1.085) (1.261) (1.820) (1.917)
as.factor(market )69 —2.330* 0.846 0.511 3.762*
(1.141) (1.242) (1.225) (1.598)
as.factor(market)70 —0.807 0.611 —0.042 1.416
(1.136) (1.035) (1.172) (1.537)
as.factor(market)71 —1.223 0.186 —0.254 0.477
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Table 13: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(1.087) (1.157) (1.280) (1.376)
as.factor(market )72 0.927 0.474 —1.083 1.241
(1.229) (1.093) (1.302) (1.479)
as.factor(market)73 —0.385 —0.756 1.677 3.467
(1.065) (1.137) (1.239) (1.312)
as.factor(market )74 —0.245 —1.279 1.130 0.465
(1.102) (1.078) (1.165) (1.237)
as.factor(market)75 —1.740 —1.209 2.171* 1.648
(1.102) (1.006) (1.079) (1.219)
as.factor(market)77 0.200 —1.153 1.628 2.886*
(1.173) (1.311) (1.263) (1.384)
as.factor(market)78 —1.076 —1.501 0.317 0.187
(1.412) (1.116) (1.254) (1.260)
as.factor(market)79 0.607 —0.664 2.300 2.076
(1.250) (1.132) (1.264) (1.405)
as.factor(market)80 —1.188 —1.647 0.631 1.583
(1.075) (1.086) (1.184) (1.328)
as.factor(market )81 0.027 —0.020 0.347 1.487
(1.029) (0.983) (1.200) (1.252)
as.factor(market)82 —0.898 —2.030 2.167 2.046
(1.116) (1.133) (1.271) (1.253)
as.factor(market )84 —1.382 —1.292 —0.301 1.505
(1.188) (1.097) (1.020) (1.116)
as.factor(market)85 0.087 —1.039 —-1.214 2.047
(1.089) (0.982) (1.200) (1.155)
as.factor(market )86 —0.684 —0.757 1.455 2.750*
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Table 13: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) 2) 3) 4)
(0.969) (1.089) (1.170) (1.234)
as.factor(market )87 —1.315 0.155 0.624 2.076
(1.405) (1.141) (1.090) (1.247)
as.factor(market)88 0.205 —0.245 1.370 2.611*
(1.133) (1.156) (1.094) (1.156)
as.factor(market)90 —0.288 0.593 0.987 4.304*
(1.061) (1.103) (1.386) (1.168)
as.factor(market)91 —0.908 —-3.115* —1.159 0.509
(1.463) (1.216) (1.275) (1.221)
as.factor(market)92 —2.269 —0.291 1.923 2414
(2.598) (1.332) (1.533) (1.340)
as.factor(market)93 0.533 1.847 1.405 2.934*
(0.989) (1.133) (1.351) (1.297)
as.factor(market )94 —1.807 —2.360 1.357 2.287
(2.020) (1.387) (1.547) (1.348)
as.factor(market)95 —0.894 —0.886 1.626 —0.231
(1.062) (0.983) (1.081) (1.191)
as.factor(market)96 —1.265 0.912 1.563 0.426
(1.042) (1.008) (1.241) (1.259)
as.factor(market)97 —3.575 3.089 0.659 3.510*
(3.305) (3.808) (1.455) (1.478)
as.factor(market)98 0.151
(6.869)
as.factor(market)99 9.826
(5.504)
uik_population —0.002"** —0.002"** —0.001"* —0.002"**
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Table 13: (continued)

Dependent variable:
Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) () (3) (4)
(0.0001) (0.0001) (0.0001) (0.0001)
Observations 7,998 7,127 7,011 8,008
R2 0.041 0.048 0.031 0.050
Adjusted R? -0.020 -0.015 -0.030 -0.005
Note: *p<0.05; *p<0.01; **p<0.001

Table 14: Regression results by wage quartiles: effect of geographical proximity on turnout at 2016 parliamentary elections
(market and region FE included)

Dependent variable:
Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) 2) 3) 4)
proximity 0.157 2.349* 1.888*** 1.212%**
(0.377) (0.326) (0.310) (0.311)
as.factor(market)02 1.805 0.777 2.814* 0.757
(1.450) (1.376) (1.225) (1.405)
as.factor(market)03 —0.674 —1.102 1.399 2.469
(1.408) (1.342) (1.230) (1.487)
as.factor(market )05 1.616 7.390* 1.776 5.153**
(2.625) (3.251) (1.644) (1.823)
as.factor(market )06 2.229 —1.787 1.008 0.123
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Table 14: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) 2) 3) 4)
(4.343) (2.018) (2.057) (1.969)
as.factor(market)07 1.332 —1.671 2.959 0.014
(3.280) (1.930) (1.838) (1.714)
as.factor(market)08 —0.639 —0.343 0.488 1.243
(1.315) (1.271) (1.406) (1.460)
as.factor(market )09 1.431 —1.073 —1.587 —0.633
(2.091) (1.391) (1.720) (1.535)
as.factor(market)10 —0.723 —1.928 1.106 1.380
(1.213) (1.295) (1.405) (1.501)
as.factor(market)11 —1.411 1.847 0.419 —0.415
(1.304) (1.207) (1.319) (1.489)
as.factor(market)12 —0.207 4.454* —0.657 4.777*
(2.857) (1.809) (1.706) (1.666)
as.factor(market)13 —0.110 0.380 1.894 —0.301
(1.368) (1.233) (1.389) (1.446)
as.factor(market)14 —0.966 —0.669 1.779 —0.215
(1.370) (1.254) (1.300) (1.429)
as.factor(market)15 —3.230* —0.231 0.235 2.807
(1.546) (1.314) (1.383) (1.464)
as.factor(market)16 —1.241 1.302 0.531 1.655
(1.435) (1.293) (1.349) (1.456)
as.factor(market)17 —3.283* —2.423 1.331 —0.066
(1.583) (1.280) (1.256) (1.371)
as.factor(market)18 0.375 —0.557 1.135 0.927
(1.366) (1.255) (1.272) (1.334)
as.factor(market)19 —1.832 0.731 2.315 2,142
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Table 14: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(2.282) (1.881) (1.535) (1.612)
as.factor(market )20 —2.025 3.775 0.754 3.181*
(1.398) (1.335) (1.301) (1.433)
as.factor(market)21 —1.278 —1.581 —0.690 1.187
(1.498) (1.486) (1.600) (1.646)
as.factor(market )22 —1.960 —0.014 1.603 0.271
(1.321) (1.372) (1.413) (1.478)
as.factor(market)23 0.685 —1.191 2.681 1.278
(1.376) (1.201) (1.395) (1.603)
as.factor(market)24 —1.531 —0.099 —1.012 1.765
(1.533) (1.449) (1.295) (1.454)
as.factor(market)25 —0.047 1.482 1.264 —0.315
(1.498) (1.532) (1.605) (1.649)
as.factor(market)26 —1.200 —0.103 —0.209 —0.177
(1.371) (1.322) (1.430) (1.472)
as.factor(market)27 0.351 1.011 0.277 0.875
(1.465) (1.363) (1.449) (1.475)
as.factor(market )28 —0.327 1.183 0.195 1.426
(1.409) (1.307) (1.373) (1.514)
as.factor(market)29 —0.385 —1.487 3.291* 0.376
(1.501) (1.439) (1.442) (1.497)
as.factor(market)30 —2.345 3.336* —0.830 1.047
(1.510) (1.480) (1.348) (1.524)
as.factor(market)31 0.508 —0.366 2.026 1.986
(1.533) (1.562) (1.333) (1.430)
as.factor(market)32 —0.727 0.089 0.070 0.218
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Table 14: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) 2) 3) 4)
(1.286) (1.256) (1.464) (1.408)
as.factor(market)33 —1.420 —0.512 0.622 2.721*
(1.383) (1.265) (1.513) (1.376)
as.factor(market)35 —1.092 —0.411 0.585 —0.158
(1.350) (1.205) (1.266) (1.457)
as.factor(market )36 —0.738 0.062 2.041 1.800
(1.514) (1.382) (1.323) (1.359)
as.factor(market)37 0.281 —0.274 1.619 0.673
(1.585) (1.294) (1.477) (1.312)
as.factor(market )38 —2.572 0.982 0.550 0.994
(1.371) (1.334) (1.373) (1.484)
as.factor(market)39 —1.127 2.142 0.222
(2.077) (1.926) (2.081)
as.factor(market)41 1.122 —1.797 2.458 0.330
(1.382) (1.657) (2.005) (2.948)
as.factor(market)42 1.325 0.222 —0.733 1.693
(1.354) (1.455) (1.510) (1.484)
as.factor(market )43 —1.384 —1.175 3.722 3.076
(1.299) (1.408) (2.015) (2.331)
as.factor(market)45 —1.480 —1.565 1.238 0.616
(1.517) (1.452) (1.418) (1.926)
as.factor(market )46 —1.203 —1.731 7.866™ 2.229
(1.263) (2.168) (2.506) (2.320)
as.factor(market)47 —2.099 —1.282 3.270 —0.156
(1.510) (1.879) (2.243) (3.261)
as.factor(market )49 —4.104** 0.736 0.249 —0.261
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Table 14: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(1.408) (1.559) (1.807) (2.031)
as.factor(market)50 —0.246 —1.110 0.919 1.568
(2.823) (1.583) (1.677) (1.464)
as.factor(market)51 —1.212 1.888 0.629 0.860
(2.106) (1.647) (1.496) (1.425)
as.factor(market )52 —0.743 0.507 1.508 1.835
(1.361) (1.430) (1.564) (1.873)
as.factor(market)53 —0.236 —1.136 0.857 1.638
(1.359) (1.266) (1.292) (1.433)
as.factor(market)55 —2.728* —0.348 0.822 0.246
(1.357) (1.311) (1.531) (1.363)
as.factor(market)56 0.069 0.381 2.847 1.004
(1.375) (1.473) (1.702) (1.892)
as.factor(market )58 —0.810 —0.063 0.115 1.250
(1.508) (1.296) (1.352) (1.395)
as.factor(market)59 —2.311 1.425 0.549 1.999
(1.627) (1.373) (1.421) (1.377)
as.factor(market )60 1.955 0.900 2.686* 1.508
(1.525) (1.224) (1.238) (1.333)
as.factor(market)61 —1.177 0.243 3.127* 1.501
(1.304) (1.249) (1.214) (1.344)
as.factor(market)62 —0.955 2.550 4.464* 2.253
(1.456) (1.620) (1.501) (1.680)
as.factor(market)63 —1.041 0.673 —0.165 2.093
(1.403) (1.344) (1.401) (1.611)
as.factor(market )64 —1.750 0.429 3.508* 1.626
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Table 14: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(1.457) (1.297) (1.579) (1.440)
as.factor(market )65 —4.331* 3.929* —0.107 2917
(1.826) (1.827) (2.252) (1.968)
as.factor(market )66 —0.641 2.698* 3.648" 0.693
(1.371) (1.261) (1.388) (1.495)
as.factor(market )68 0.642 0.783 —0.725 2.946
(1.418) (1.716) (1.987) (2.322)
as.factor(market)69 -0.171 —0.095 2.203 3.316
(1.497) (1.603) (1.479) (1.954)
as.factor(market)70 —1.189 4.016** 2.749 2.136
(1.365) (1.342) (1.435) (1.860)
as.factor(market)71 —0.885 1.258 2.149 0.008
(1.432) (1.476) (1.537) (1.670)
as.factor(market )72 0.368 1.903 2.160 —0.433
(1.557) (1.373) (1.582) (1.791)
as.factor(market)73 0.044 —0.328 2.422 0.972
(1.401) (1.430) (1.524) (1.619)
as.factor(market )74 1.279 —1.840 2.630 —1.725
(1.472) (1.343) (1.427) (1.525)
as.factor(market)75 —0.682 —0.204 2.824* 1.447
(1.378) (1.304) (1.333) (1.503)
as.factor(market)77 0.596 0.653 2.820 2.240
(1.613) (1.622) (1.525) (1.675)
as.factor(market)78 —0.410 —0.443 0.461 0.581
(1.795) (1.419) (1.542) (1.554)
as.factor(market)79 —0.205 0.738 3.941* 3.156
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Table 14: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) 2) 3) 4)
(1.608) (1.443) (1.555) (1.701)
as.factor(market )80 —0.290 —2.555 0.823 0.979
(1.392) (1.431) (1.410) (1.624)
as.factor(market)81 —0.973 —0.492 4.060** 2.230
(1.357) (1.248) (1.427) (1.523)
as.factor(market )82 —1.051 —0.417 3.154* —0.155
(1.494) (1.390) (1.553) (1.560)
as.factor(market)84 —0.462 —0.063 2.069 0.193
(1.497) (1.431) (1.286) (1.376)
as.factor(market )85 —0.478 0.016 1.258 1.468
(1.407) (1.255) (1.431) (1.402)
as.factor(market)86 0.370 1.393 3.241* 1.732
(1.274) (1.379) (1.422) (1.508)
as.factor(market)87 —1.700 —0.392 2.544 1.633
(1.790) (1.457) (1.339) (1.538)
as.factor(market)88 0.890 —0.629 0.566 1.756
(1.466) (1.494) (1.351) (1.418)
as.factor(market)90 —0.683 0.847 2.874 4.842***
(1.402) (1.412) (1.638) (1.438)
as.factor(market)91 —0.492 —1.820 —0.053 —0.577
(2.039) (1.487) (1.568) (1.496)
as.factor(market)92 —1.535 —1.064 4.015* 1.533
(3.382) (1.734) (1.885) (1.652)
as.factor(market)93 —0.590 3.487* 2.428 3.133*
(1.320) (1.434) (1.572) (1.579)
as.factor(market)94 —1.803 —1.059 1.826 3.127
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Table 14: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) 2) 3) 4)
(2.966) (1.706) (1.863) (1.636)
as.factor(market)95 —0.819 0.623 2.760* —0.018
(1.369) (1.274) (1.279) (1.450)
as.factor(market)96 —1.199 1.185 1.563 —0.771
(1.382) (1.283) (1.469) (1.536)
as.factor(market)97 —1.421 0.618 —0.093 1.929
(4.679) (4.256) (1.788) (1.807)
as.factor(market)98 3.489
(8.667)
as.factor(market)99 9.934
(6.662)
uik_population —0.002"** —0.003"** —0.002*** —0.003"**
(0.0002) (0.0002) (0.0002) (0.0002)
Observations 8,000 6,823 7,169 7,610
R? 0.034 0.071 0.038 0.074
Adjusted R2 -0.026 0.010 -0.023 0.018
Note: *1<0.05; *p<0.01; **p<0.001
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Table 15: Regression results by wage quartiles: effect of geographical proximity on turnout at 2018 presidential elections (market

and region FE included)

Dependent variable:

Wage 1st quar

Wage 2nd quar

Wage 3rd quar

Wage 4th quar

(1) (2) 3) (4)
proximity 0.699* 1.250%* 1.071* 1.504**
(0.284) (0.261) (0.251) (0.249)
as.factor(market)02 0.018 —1.879 1.727 2.238*
(1.058) (1.135) (1.001) (1.136)
as.factor(market)03 —1.126 —1.444 —0.022 1.389
(1.103) (1.042) (1.002) (1.208)
as.factor(market)05 —1.654 3.998 0.546 4.095*
(1.998) (2.579) (1.337) (1.504)
as.factor(market )06 0.088 —2.996 —1.838 1.290
(3.310) (1.575) (1.703) (1.593)
as.factor(market)07 —1.343 —1.527 0.882 1.873
(1.935) (1.731) (1.495) (1.347)
as.factor(market )08 —0.487 —0.229 0.024 1.829
(1.002) (0.997) (1.180) (1.190)
as.factor(market)09 —0.318 —0.943 —1.991 —0.709
(1.638) (1.099) (1.386) (1.234)
as.factor(market)10 —1.129 —2.116* —0.874 1.736
(0.927) (0.994) (1.111) (1.242)
as.factor(market)11 —2.424* 0.771 0.763 0.504
(1.005) (0.958) (1.072) (1.222)
as.factor(market)12 —2.414 2.224 —0.569 0.708
(2.178) (1.439) (1.388) (1.343)
as.factor(market)13 —0.549 0.095 0.961 0.365
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Table 15: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(1.054) (0.971) (1.152) (1.177)
as.factor(market)14 —0.036 —1.413 0.686 1.205
(1.044) (0.993) (1.072) (1.156)
as.factor(market)15 —0.194 —1.960 —0.730 3.977*
(1.146) (1.068) (1.111) (1.160)
as.factor(market)16 —0.579 —0.833 —0.212 2.696*
(1.094) (1.024) (1.104) (1.188)
as.factor(market)17 0.428 —3.346* —0.127 1.644
(1.158) (1.024) (1.020) (1.119)
as.factor(market)18 —0.500 —1.425 —0.291 2.137
(1.029) (1.005) (1.038) (1.093)
as.factor(market)19 —1.937 —1.882 —0.596 2.747*
(1.719) (1.475) (1.238) (1.323)
as.factor(market )20 —0.678 0.300 —0.217 1.861
(1.048) (1.066) (1.068) (1.170)
as.factor(market)21 —0.953 —1.495 —0.272 1.634
(1.119) (1.191) (1.294) (1.346)
as.factor(market )22 —0.373 —1.708 2.581* —0.210
(1.009) (1.078) (1.158) (1.214)
as.factor(market)23 0.108 —1.654 0.429 1.680
(1.043) (1.062) (1.136) (1.317)
as.factor(market )24 —1.365 —2.264* 0.243 1.835
(1.161) (1.132) (1.057) (1.170)
as.factor(market)25 —3.045™ 0.578 —-1.397 0.555
(1.148) (1.151) (1.344) (1.362)
as.factor(market )26 —1.674 0.018 —1.208 0.434
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Table 15: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(1.065) (1.040) (1.172) (1.183)
as.factor(market)27 —0.371 0.769 0.743 2.306
(1.144) (1.058) (1.165) (1.204)
as.factor(market)28 —0.875 0.129 —1.121 0.949
(1.075) (1.030) (1.120) (1.246)
as.factor(market )29 —2.080 —0.993 —1.555 1.614
(1.236) (1.128) (1.154) (1.195)
as.factor(market)30 —0.341 —0.334 —1.284 2.923*
(1.139) (1.200) (1.073) (1.217)
as.factor(market)31 —0.355 -1.179 —0.723 3.078**
(1.152) (1.234) (1.095) (1.173)
as.factor(market)32 —0.053 —0.552 —0.532 1.965
(1.008) (0.978) (1.196) (1.161)
as.factor(market)33 —1.478 —0.394 —0.870 2.502*
(1.059) (0.999) (1.246) (1.130)
as.factor(market)35 —0.489 —0.825 —0.162 1.651
(1.024) (0.965) (1.042) (1.192)
as.factor(market )36 0.005 —0.117 —0.128 0.609
(1.152) (1.088) (1.080) (1.113)
as.factor(market)37 0.211 —1.286 —1.078 0.965
(1.198) (1.034) (1.185) (1.070)
as.factor(market)38 —1.327 1.121 —0.573 0.889
(1.039) (1.054) (1.132) (1.225)
as.factor(market)39 0.380 —2.013 —0.837
(1.652) (1.593) (1.719)
as.factor(market )41 0.888 —0.699 —0.640 —0.147
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Table 15: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) 2) 3) 4)
(1.051) (1.230) (1.818) (2.436)
as.factor(market )42 0.696 —1.391 —0.382 2.018
(1.039) (1.126) (1.249) (1.205)
as.factor(market)43 —0.051 —0.779 0.779 2.312
(0.998) (1.091) (1.724) (1.863)
as.factor(market )45 —2.235 —0.945 —0.758 2.486
(1.155) (1.121) (1.183) (1.591)
as.factor(market)46 —0.436 0.659 —5.150* 0.917
(0.960) (1.470) (2.581) (1.917)
as.factor(market)47 —2.524* —0.955 0.443 0.579
(1.155) (1.435) (1.912) (2.694)
as.factor(market)49 —2.115* 0.327 —0.792 —0.048
(1.068) (1.217) (1.541) (1.698)
as.factor(market )50 —4.259 —3.023" 0.863 1.922
(2.224) (1.252) (1.343) (1.195)
as.factor(market)51 —1.851 1.434 0.810 0.669
(1.873) (1.324) (1.217) (1.155)
as.factor(market)52 0.767 0.173 0.128 3.295*
(1.034) (1.137) (1.268) (1.547)
as.factor(market)53 —0.262 —0.469 0.541 2.363*
(1.039) (0.998) (1.053) (1.172)
as.factor(market)55 —1.941 —0.569 0.069 0.857
(1.048) (1.017) (1.301) (1.104)
as.factor(market)56 —1.574 0.860 0.119 0.154
(1.032) (1.186) (1.409) (1.563)
as.factor(market)58 0.676 —0.743 —0.053 1.518
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Table 15: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(1.151) (1.030) (1.102) (1.137)
as.factor(market)59 —0.172 0.795 1.618 1.775
(1.238) (1.083) (1.174) (1.125)
as.factor(market )60 2.105 —0.383 0.493 2.899**
(1.144) (0.978) (1.013) (1.089)
as.factor(market)61 —0.498 —0.212 0.549 2.487*
(0.990) (0.993) (0.991) (1.101)
as.factor(market)62 —0.308 —0.522 2.449* 1.769
(1.110) (1.265) (1.226) (1.387)
as.factor(market )63 —1.154 1.260 —0.748 3.130*
(1.073) (1.055) (1.151) (1.306)
as.factor(market )64 —1.780 1.124 1.923 1.013
(1.103) (1.038) (1.260) (1.167)
as.factor(market)65 —4.755"** 1.301 —1.747 0.179
(1.420) (1.454) (1.830) (1.588)
as.factor(market)66 —0.642 0.859 2.511% 1.208
(1.076) (0.986) (1.137) (1.211)
as.factor(market )68 —0.005 —1.123 —0.391 5.826™*
(1.085) (1.261) (1.820) (1.917)
as.factor(market )69 —2.330* 0.846 0.511 3.762*
(1.141) (1.242) (1.225) (1.598)
as.factor(market)70 —0.807 0.611 —0.042 1.416
(1.136) (1.035) (1.172) (1.537)
as.factor(market)71 —1.223 0.186 —0.254 0.477
(1.087) (1.157) (1.280) (1.376)
as.factor(market)72 0.927 0.474 —1.083 1.241
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Table 15: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(1.229) (1.093) (1.302) (1.479)
as.factor(market)73 —0.385 —0.756 1.677 3.467
(1.065) (1.137) (1.239) (1.312)
as.factor(market)74 —0.245 —1.279 1.130 0.465
(1.102) (1.078) (1.165) (1.237)
as.factor(market )75 —1.740 —1.209 2.171* 1.648
(1.102) (1.006) (1.079) (1.219)
as.factor(market)77 0.200 —1.153 1.628 2.886*
(1.173) (1.311) (1.263) (1.384)
as.factor(market)78 —1.076 —1.501 0.317 0.187
(1.412) (1.116) (1.254) (1.260)
as.factor(market)79 0.607 —0.664 2.300 2.076
(1.250) (1.132) (1.264) (1.405)
as.factor(market)80 —1.188 —1.647 0.631 1.583
(1.075) (1.086) (1.184) (1.328)
as.factor(market)81 0.027 —0.020 0.347 1.487
(1.029) (0.983) (1.200) (1.252)
as.factor(market )82 —0.898 —2.030 2.167 2.046
(1.116) (1.133) (1.271) (1.253)
as.factor(market)84 —1.382 —1.292 —0.301 1.505
(1.188) (1.097) (1.020) (1.116)
as.factor(market)85 0.087 —1.039 —1.214 2.047
(1.089) (0.982) (1.200) (1.155)
as.factor(market)86 —0.684 —0.757 1.455 2.750*
(0.969) (1.089) (1.170) (1.234)
as.factor(market)87 —1.315 0.155 0.624 2.076
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Table 15: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) 2) 3) 4)
(1.405) (1.141) (1.090) (1.247)
as.factor(market )88 0.205 —0.245 1.370 2.611*
(1.133) (1.156) (1.094) (1.156)
as.factor(market)90 —0.288 0.593 0.987 4.304***
(1.061) (1.103) (1.386) (1.168)
as.factor(market )91 —0.908 —3.115* —1.159 0.509
(1.463) (1.216) (1.275) (1.221)
as.factor(market)92 —2.269 —0.291 1.923 2.414
(2.508) (1.332) (1.533) (1.340)
as.factor(market)93 0.533 1.847 1.405 2.934*
(0.989) (1.133) (1.351) (1.297)
as.factor(market)94 —1.807 —2.360 1.357 2.287
(2.020) (1.387) (1.547) (1.348)
as.factor(market)95 —0.894 —0.886 1.626 —0.231
(1.062) (0.983) (1.081) (1.191)
as.factor(market)96 —1.265 0.912 1.563 0.426
(1.042) (1.008) (1.241) (1.259)
as.factor(market)97 —3.575 3.089 0.659 3.510*
(3.305) (3.808) (1.455) (1.478)
as.factor(market)98 0.151
(6.869)
as.factor(market)99 9.826
(5.504)
uik_population —0.002*** —0.002*** —0.001*** —0.002***
(0.0001) (0.0001) (0.0001) (0.0001)
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Table 15: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

_ () 2) (3) (4)
Ubservations (,998 127 (,UIl 5,003
R? 0.041 0.048 0.031 0.050
Adjusted R? -0.020 -0.015 -0.030 -0.005

Note:

*p<0.05; *p<0.01; **p<0.001
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G Robustness checks: salary test for vote share
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Figure 14: Regression results: effect of geographical proximity on vote share at 2012 presidential elections (market and region
FE included)
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Figure 15: Regression results: effect of geographical proximity on vote share at 2016 parliamentary elections (market and region
FE included)
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Figure 16: Regression results: effect of geographical proximity on vote share at 2018 presidential elections (market and region
FE included)
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H Robustness checks: salary test for vote share (Regression tables for UR
and Putin

Table 16: Regression results by wage quartiles: effect of geographical proximity on Putin’s vote share at 2012 presidential
elections (market and region FE included)

Dependent variable:
Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) (2) 3) (4)
proximity —0.480 —0.917 —0.348 —0.470
(0.299) (0.257) (0.259) (0.287)
as.factor(market )02 —0.127 0.654 —0.793 —1.979
(1.048) (0.985) (1.033) (1.251)
as.factor(market)03 0.612 —0.242 0.950 —1.130
(1.082) (0.854) (1.068) (1.310)
as.factor(market )05 2.576 1.553 0.570 —0.544
(1.861) (1.387) (1.820) (1.459)
as.factor(market)06 0.482 2.056 0.241 —2.299
(3.767) (1.376) (1.834) (1.660)
as.factor(market)07 —0.250 —2.226 1.956 —2.719
(2.832) (1.400) (1.786) (1.727)
as.factor(market )08 0.937 —1.185 —0.609 1.876
(1.012) (0.941) (1.052) (1.360)
as.factor(market )09 2.353 —0.262 —1.494 —1.749
(1.271) (1.057) (1.525) (1.372)
as.factor(market)10 0.498 1.189 0.468 —0.680
(0.930) (0.975) (0.952) (1.460)
as.factor(market)11 0.663 0.990 0.541 —1.173
(0.985) (0.910) (0.986) (1.340)
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Table 16: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) (4)
as.factor(market)12 0.138 2.579* 0.162 —3.276*
(2.090) (1.176) (1.792) (1.511)
as.factor(market)13 0.356 —0.227 1.834 —1.157
(1.038) (0.902) (1.104) (1.294)
as.factor(market)14 0.658 —0.278 —0.009 —0.321
(1.014) (0.920) (0.965) (1.332)
as.factor(market)15 2.073 0.155 —1.179 —1.918
(1.241) (0.948) (1.099) (1.321)
as.factor(market)16 0.179 0.294 —0.039 —1.742
(1.114) (0.913) (1.069) (1.331)
as.factor(market)17 0.694 1.838 0.297 —2.318
(1.121) (0.970) (0.983) (1.239)
as.factor(market)18 —0.051 0.904 —0.688 —2.081
(1.032) (0.895) (0.972) (1.241)
as.factor(market)19 —0.998 0.369 —0.521 —1.735
(1.624) (1.074) (1.276) (1.563)
as.factor(market)20 1.026 —0.029 0.954 —0.401
(1.051) (0.963) (1.044) (1.275)
as.factor(market)21 1.351 0.525 —1.420 —2.155
(1.078) (1.174) (1.429) (1.462)
as.factor(market)22 —0.772 0.663 —1.545 —0.681
(0.982) (0.973) (1.110) (1.307)
as.factor(market)23 —0.337 —0.860 1.863 —2.001
(0.986) (1.012) (1.008) (1.366)
as.factor(market)24 0.430 0.500 —1.903 —0.337
(1.195) (1.066) (1.096) (1.302)
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Table 16: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
as.factor(market)25 —1.394 —0.191 —1.323 —1.976
(1.124) (1.102) (1.224) (1.512)
as.factor(market)26 2.912* 0.384 —0.031 —0.345
(1.037) (1.017) (1.117) (1.292)
as.factor(market )27 —0.116 1.438 —0.879 —3.935**
(1.077) (0.995) (1.224) (1.332)
as.factor(market)28 0.178 1.140 —0.272 —2.487
(1.066) (0.980) (1.036) (1.316)
as.factor(market)29 —0.931 1.934 —1.749 0.593
(1.287) (1.063) (1.181) (1.308)
as.factor(market)30 0.453 1.780 —1.240 —1.653
(1.154) (1.093) (1.059) (1.335)
as.factor(market)31 0.744 0.570 —1.380 —1.852
(1.113) (1.155) (1.071) (1.317)
as.factor(market)32 1.061 —0.519 —1.793 —3.715*
(0.979) (0.952) (1.089) (1.278)
as.factor(market)33 —0.553 0.320 0.479 —3.338*
(1.025) (0.930) (1.132) (1.253)
as.factor(market)35 0.336 —0.428 —0.775 —1.062
(1.022) (0.867) (1.013) (1.389)
as.factor(market)36 1.241 0.855 0.512 —0.512
(1.239) (0.921) (1.175) (1.217)
as.factor(market)37 0.302 —0.462 —2.062 —2.371*
(1.181) (1.031) (1.070) (1.189)
as.factor(market)38 —1.909 0.245 0.205 —1.049
(1.031) (0.960) (1.053) (1.362)
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Table 16: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) (4)
as.factor(market)39 8.913 —2.558 —3.688* —2.081
(5.154) (1.608) (1.439) (1.928)
as.factor(market)41 1.337 0.193 —0.755 —3.364
(1.008) (1.172) (2.092) (1.991)
as.factor(market)42 —0.220 0.182 —0.786 —0.354
(1.020) (1.000) (1.252) (1.376)
as.factor(market )43 1.024 0.348 —1.333 —1.694
(0.948) (1.053) (1.777) (2.059)
as.factor(market)45 —0.100 —0.121 —1.919 —2.222
(1.085) (1.058) (1.259) (1.776)
as.factor(market)46 0.867 —0.524 —3.505 —3.762
(0.908) (1.486) (2.196) (2.459)
as.factor(market)47 0.196 5.707** —1.132 —4.051
(1.078) (1.526) (1.901) (2.920)
as.factor(market)49 0.242 1.065 0.010 —1.556
(1.057) (1.201) (1.479) (1.883)
as.factor(market )50 3.869 —0.928 —1.422 —1.613
(2.425) (1.136) (1.300) (1.304)
as.factor(market)51 4.895 —1.306 —0.011 —0.566
(2.545) (1.073) (1.439) (1.277)
as.factor(market)52 —0.434 —0.894 0.381 0.340
(0.973) (1.048) (1.218) (1.966)
as.factor(market)53 —1.584 —1.552 —0.669 —1.477
(1.073) (1.001) (0.992) (1.269)
as.factor(market)55 0.089 —0.976 0.261 —1.908
(0.996) (0.979) (1.078) (1.282)
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Table 16: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) (4)
as.factor(market)56 0.596 —0.370 —0.035 —0.404
(0.976) (1.106) (1.393) (1.661)
as.factor(market)58 —0.387 —0.088 0.525 —2.364
(1.143) (0.965) (0.996) (1.253)
as.factor(market)59 0.195 0.878 —0.114 —1.664
(1.174) (1.152) (1.068) (1.243)
as.factor(market )60 0.831 0.081 —1.008 —0.344
(1.094) (0.870) (0.967) (1.258)
as.factor(market)61 2.618™ 1.262 —0.745 0.835
(0.970) (0.888) (0.963) (1.245)
as.factor(market)62 —1.040 —0.693 —1.655 —1.503
(1.067) (1.179) (1.215) (1.454)
as.factor(market)63 —0.698 0.354 —1.327 0.062
(1.025) (1.015) (1.037) (1.568)
as.factor(market )64 0.294 1.962 —1.884 —2.046
(1.072) (1.044) (1.084) (1.308)
as.factor(market)65 1.398 0.703 —0.461 —1.577
(1.355) (1.491) (1.636) (2.268)
as.factor(market)66 0.061 —0.363 —1.729 —0.249
(1.055) (1.007) (1.032) (1.333)
as.factor(market)68 1.222 —0.469 —2.001 —0.322
(1.047) (1.220) (1.780) (2.069)
as.factor(market)69 —1.584 1.353 0.927 —1.068
(1.163) (1.102) (1.336) (1.804)
as.factor(market)70 0.842 —0.890 —2.017 —1.364
(1.034) (0.953) (1.104) (1.716)
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Table 16: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) (4)
as.factor(market)71 1.996 —0.084 0.990 —2.331
(1.068) (1.024) (1.153) (1.734)
as.factor(market)72 1.697 —0.928 —1.353 —2.280
(1.210) (1.180) (1.132) (1.504)
as.factor(market)73 1.216 2.231* 0.126 —0.451
(1.030) (1.065) (1.138) (1.414)
as.factor(market )74 0.748 —0.087 0.036 —0.559
(1.075) (1.025) (1.130) (1.372)
as.factor(market)75 —0.098 0.721 —1.128 0.299
(1.078) (0.984) (1.090) (1.328)
as.factor(market)77 0.272 0.837 —3.887* —0.409
(1.265) (1.121) (1.209) (1.539)
as.factor(market)78 0.743 0.273 1.176 —1.119
(1.282) (1.091) (1.194) (1.381)
as.factor(market)79 1.155 —0.778 0.357 —2.705
(1.195) (1.044) (1.253) (1.632)
as.factor(market)80 1.290 1.518 —2.395* 0.080
(1.020) (1.062) (1.108) (1.469)
as.factor(market)81 0.684 0.415 0.260 —0.497
(0.978) (0.910) (1.100) (1.373)
as.factor(market)82 0.097 —0.492 —0.223 0.163
(1.098) (1.068) (1.117) (1.499)
as.factor(market)84 —0.617 0.110 —0.082 —0.452
(1.161) (0.993) (1.019) (1.243)
as.factor(market)85 —1.640 0.872 —0.289 —1.187
(1.031) (0.941) (1.053) (1.263)
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Table 16: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) (4)
as.factor(market)86 1.339 —0.106 —1.681 —1.701
(0.946) (0.925) (1.120) (1.401)
as.factor(market)87 —0.028 0.143 0.019 0.012
(1.319) (0.959) (1.136) (1.400)
as.factor(market)88 —0.247 0.212 —1.362 —0.594
(1.118) (1.050) (1.082) (1.274)
as.factor(market )90 —0.876 2.460* 0.241 —0.367
(1.016) (1.095) (1.281) (1.298)
as.factor(market)91 —0.369 0.291 —3.333* —1.882
(1.428) (1.035) (1.585) (1.351)
as.factor(market)92 5.280 —0.629 —1.193 -3.167*
(3.231) (1.163) (1.300) (1.560)
as.factor(market)93 0.538 0.537 0.877 —1.241
(0.965) (1.161) (1.066) (1.472)
as.factor(market)94 —1.840 0.358 0.357 —0.955
(1.881) (1.223) (2.157) (1.397)
as.factor(market)95 —0.603 —0.375 —0.057 —0.992
(1.018) (0.974) (0.991) (1.279)
as.factor(market)96 0.373 0.650 —2.283* —3.319*
(1.000) (0.944) (1.155) (1.400)
as.factor(market)97 —3.474 0.667 1.970 —3.725*
(3.053) (1.484) (2.291) (1.527)
as.factor(market)98 5.431
(6.352)
as.factor(market)99 —2.061
(4.997)
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Table 16: (continued)

Dependent variable:

Wage 1st quar

Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

1) 2 (3) “4)
uik_population —0.0002 —0.0005*** —0.0002 —0.001***
(0.0001) (0.0001) (0.0001) (0.0001)
Observations 6,652 5,786 5,598 5,394
R? 0.018 0.028 0.027 0.029
Adjusted R? -0.042 -0.033 -0.040 -0.030

Note:

*p<0.05; *p<0.01; **p<0.001

Table 17: Regression results by wage quartiles: effect of geographical proximity on UR’s vote share at 2016 parliamentary

elections (market and region FE included)

Dependent variable:

Wage 1st quar

Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) (2) 3) 4)
proximity —1.736"** —1.104™* —1.292%* —0.470*
(0.286) (0.259) (0.248) (0.222)
as.factor(market)02 3.060** 1.262 —0.813 —0.901
(1.099) (1.092) (0.981) (1.001)
as.factor(market)03 0.629 1.314 —1.269 —0.302
(1.068) (1.065) (0.985) (1.060)
as.factor(market)05 3.007 0.276 —0.943 0.197
(1.990) (2.579) (1.316) (1.299)
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Table 17: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
as.factor(market )06 3.993 0.664 0.462 1.523
(3.293) (1.601) (1.647) (1.403)
as.factor(market)07 —0.604 2.008 0.375 —0.043
(2.486) (1.531) (1.471) (1.221)
as.factor(market )08 1.101 0.303 0.606 0.093
(0.997) (1.008) (1.126) (1.041)
as.factor(market)09 2.885 0.042 —2.448 —1.151
(1.585) (1.104) (1.377) (1.094)
as.factor(market)10 0.771 1.003 0.144 —1.821
(0.919) (1.028) (1.125) (1.070)
as.factor(market)11 0.742 2.185* —0.647 1.304
(0.989) (0.958) (1.056) (1.062)
as.factor(market)12 —0.701 8.909** —1.651 1.586
(2.166) (1.436) (1.366) (1.187)
as.factor(market)13 1.731 0.905 0.149 —0.560
(1.037) (0.979) (1.112) (1.031)
as.factor(market)14 0.292 0.307 —0.046 —0.418
(1.039) (0.995) (1.041) (1.019)
as.factor(market)15 —0.492 2.233* 0.365 1.722
(1.172) (1.042) (1.108) (1.043)
as.factor(market)16 0.259 0.794 —1.620 0.393
(1.088) (1.026) (1.080) (1.038)
as.factor(market)17 2.289 1.371 —0.779 —0.225
(1.200) (1.015) (1.006) (0.977)
as.factor(market)18 1.241 0.422 —0.591 0.739
(1.036) (0.996) (1.019) (0.951)
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Table 17: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
as.factor(market)19 —1.724 1.231 0.430 —0.211
(1.730) (1.492) (1.229) (1.149)
as.factor(market)20 0.128 2.543* 0.076 1.276
(1.060) (1.060) (1.042) (1.022)
as.factor(market )21 —0.568 0.784 —1.365 —1.026
(1.136) (1.179) (1.281) (1.174)
as.factor(market )22 —0.195 2.175% —0.387 —0.021
(1.002) (1.089) (1.131) (1.054)
as.factor(market)23 1.372 0.961 —0.434 0.655
(1.043) (1.025) (1.116) (1.142)
as.factor(market)24 —0.324 2.172 —0.609 0.970
(1.162) (1.149) (1.037) (1.036)
as.factor(market)25 1.345 —0.486 —0.710 0.511
(1.136) (1.215) (1.285) (1.175)
as.factor(market)26 —0.301 0.047 —1.083 —0.823
(1.039) (1.049) (1.145) (1.049)
as.factor(market)27 0.224 —0.537 —0.605 —0.251
(1.110) (1.081) (1.160) (1.051)
as.factor(market)28 0.149 2.620* 0.140 0.420
(1.068) (1.037) (1.099) (1.079)
as.factor(market)29 0.205 0.588 1.111 —0.003
(1.206) (1.142) (1.155) (1.067)
as.factor(market )30 —1.857 0.895 —0.843 2.268*
(1.145) (1.174) (1.079) (1.087)
as.factor(market)31 0.817 0.512 1.841 0.659
(1.162) (1.239) (1.067) (1.020)
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Table 17: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
as.factor(market )32 0.568 0.114 —1.742 —0.873
(0.975) (0.996) (1.172) (1.003)
as.factor(market)33 —0.729 0.898 —0.878 —0.114
(1.048) (1.004) (1.211) (0.981)
as.factor(market)35 —0.630 0.466 —1.697 —0.181
(1.023) (0.956) (1.013) (1.039)
as.factor(market )36 —1.016 0.129 —0.105 0.430
(1.148) (1.097) (1.060) (0.969)
as.factor(market)37 0.188 0.568 —2.452* —0.308
(1.201) (1.026) (1.183) (0.935)
as.factor(market)38 —2.098* 0.628 —0.491 1.085
(1.040) (1.059) (1.099) (1.058)
as.factor(market )39 0.311 0.689 1.753
(1.647) (1.542) (1.483)
as.factor(market )41 1.270 1.046 0.114 —0.297
(1.048) (1.315) (1.606) (2.102)
as.factor(market )42 1.154 0.980 —0.432 0.684
(1.027) (1.154) (1.209) (1.058)
as.factor(market)43 —0.373 —0.445 1.478 1.332
(0.985) (1.117) (1.613) (1.662)
as.factor(market)45 —0.167 1.039 0.413 —0.012
(1.150) (1.152) (1.135) (1.373)
as.factor(market )46 0.231 2.845 —0.334 1.767
(0.958) (1.720) (2.006) (1.654)
as.factor(market)47 —2.002 —0.817 0.511 4.337
(1.145) (1.491) (1.796) (2.324)
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Table 17: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
as.factor(market )49 —0.283 2.910* —-1.717 —0.046
(1.068) (1.237) (1.447) (1.448)
as.factor(market)50 —2.036 0.274 —2.554 0.982
(2.140) (1.256) (1.343) (1.044)
as.factor(market)51 1.644 0.935 —1.041 0.176
(1.596) (1.307) (1.198) (1.015)
as.factor(market)52 1.549 —1.047 0.402 —0.966
(1.032) (1.135) (1.252) (1.335)
as.factor(market)53 —1.184 0.691 —0.245 0.889
(1.031) (1.004) (1.034) (1.021)
as.factor(market)55 0.787 0.621 0.018 —1.099
(1.029) (1.040) (1.225) (0.971)
as.factor(market)56 1.370 0.749 1.430 —0.202
(1.042) (1.169) (1.363) (1.349)
as.factor(market )58 0.188 1.326 —1.938 —0.691
(1.143) (1.028) (1.082) (0.995)
as.factor(market)59 0.017 0.667 —0.976 0.179
(1.233) (1.089) (1.138) (0.982)
as.factor(market )60 —0.253 0.803 —0.594 0.441
(1.156) (0.971) (0.991) (0.950)
as.factor(market)61 —0.586 0.734 —0.032 —0.522
(0.989) (0.991) (0.972) (0.958)
as.factor(market )62 0.688 0.905 0.792 1.059
(1.104) (1.285) (1.202) (1.197)
as.factor(market )63 0.048 1.241 —1.049 0.194
(1.064) (1.066) (1.121) (1.148)
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Table 17: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
as.factor(market )64 1.074 0.521 0.633 —2.169*
(1.104) (1.029) (1.264) (1.026)
as.factor(market)65 —1.874 2.474 —0.678 1.530
(1.384) (1.450) (1.803) (1.403)
as.factor(market )66 0.436 0.686 0.055 0.803
(1.040) (1.000) (1.111) (1.065)
as.factor(market)68 1.271 1.517 —1.468 1.957
(1.075) (1.361) (1.591) (1.655)
as.factor(market )69 0.413 0.560 0.693 —0.276
(1.135) (1.272) (1.184) (1.393)
as.factor(market)70 —1.824 1.666 —0.311 0.235
(1.035) (1.065) (1.149) (1.326)
as.factor(market )71 —0.474 1.149 0.110 —0.009
(1.086) (1.171) (1.230) (1.191)
as.factor(market)72 0.471 —1.035 0.567 0.996
(1.180) (1.089) (1.266) (1.276)
as.factor(market)73 0.281 —0.820 —0.590 —0.399
(1.062) (1.134) (1.220) (1.154)
as.factor(market)74 0.172 —0.130 —0.654 —0.112
(1.116) (1.066) (1.142) (1.087)
as.factor(market)75 0.908 0.420 —1.432 0.054
(1.045) (1.035) (1.067) (1.071)
as.factor(market)77 0.400 —0.563 0.365 —0.462
(1.223) (1.287) (1.221) (1.194)
as.factor(market)78 0.055 0.936 —0.994 —0.187
(1.361) (1.126) (1.234) (1.108)
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Table 17: (continued)

Dependent variable:

Wage 1st quar ~ Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
as.factor(market)79 —0.669 0.156 —0.328 0.025
(1.219) (1.145) (1.245) (1.212)
as.factor(market)80 0.806 —0.542 —0.744 1.067
(1.055) (1.135) (1.129) (1.157)
as.factor(market)81 —0.302 0.384 —0.314 1.427
(1.029) (0.990) (1.142) (1.085)
as.factor(market )82 —0.210 1.792 0.360 —0.067
(1.132) (1.103) (1.244) (1.112)
as.factor(market )84 —0.209 0.774 —1.240 —1.562
(1.135) (1.135) (1.030) (0.981)
as.factor(market)85 —0.459 0.913 —0.871 —0.030
(1.067) (0.996) (1.145) (1.000)
as.factor(market)86 0.383 0.701 —0.309 1.549
(0.966) (1.094) (1.138) (1.075)
as.factor(market )87 —0.827 0.903 —0.688 0.574
(1.357) (1.156) (1.072) (1.097)
as.factor(market )88 —0.837 0.915 —0.335 —1.280
(1.111) (1.186) (1.081) (1.011)
as.factor(market)90 0.468 0.158 —2.222 1.972
(1.063) (1.121) (1.311) (1.025)
as.factor(market)91 2.285 0.832 —0.233 —1.768
(1.546) (1.180) (1.255) (1.066)
as.factor(market)92 —1.652 —0.296 1.869 —0.499
(2.564) (1.376) (1.509) (1.177)
as.factor(market)93 —0.982 1.840 0.506 —0.479
(1.001) (1.138) (1.259) (1.125)
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Table 17: (continued)

Dependent variable:

Wage 1st quar

Wage 2nd quar

Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
as.factor(market)94 2.039 1.197 —0.137 1.728
(2.249) (1.353) (1.491) (1.166)
as.factor(market)95 —0.101 —0.108 —0.045 0.438
(1.038) (1.011) (1.024) (1.033)
as.factor(market)96 —1.219 0.150 —1.722 —0.279
(1.048) (1.018) (1.176) (1.095)
as.factor(market)97 1.171 —2.852 —3.697* 0.208
(3.547) (3.377) (1.431) (1.288)
as.factor(market)98 2.562
(6.877)
as.factor(market)99 0.098
(4.749)
uik_population —0.001** —0.001"** —0.001** —0.001"**
(0.0001) (0.0001) (0.0001) (0.0001)
Observations 8,000 6,823 7,169 7,610
R? 0.024 0.040 0.023 0.037
Adjusted R? -0.036 -0.024 -0.039 -0.021
Note: *p<0.05; **p<0.01; **p<0.001
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Table 18: Regression results by wage quartiles: effect of geographical proximity on UR’s vote share at 2018 parliamentary

elections (market and region FE included)

Dependent variable:

Wage 1st quar

Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) (2) 3) 4)
proximity —0.581*** —0.270* —0.219 —0.154
(0.150) (0.129) (0.127) (0.109)
as.factor(market)02 1.367* —0.473 —0.206 0.051
(0.560) (0.561) (0.505) (0.498)
as.factor(market )03 —0.045 —1.062* —0.700 0.751
(0.584) (0.515) (0.506) (0.529)
as.factor(market )05 1.199 —3.020* 0.056 0.545
(1.057) (1.275) (0.675) (0.659)
as.factor(market)06 1.725 —2.060** 0.447 0.406
(1.752) (0.778) (0.860) (0.698)
as.factor(market )07 0.033 —0.319 —0.315 —0.178
(1.024) (0.856) (0.755) (0.590)
as.factor(market )08 0.806 —1.097* 0.559 0.992
(0.530) (0.492) (0.596) (0.521)
as.factor(market )09 1.921* —0.957 —0.148 —1.012
(0.867) (0.543) (0.700) (0.541)
as.factor(market)10 0.597 0.058 —0.252 0.139
(0.491) (0.491) (0.561) (0.544)
as.factor(market)11 1.161* 0.137 —0.407 0.690
(0.532) (0.473) (0.541) (0.535)
as.factor(market)12 0.020 3.199** 0.421 —0.022
(1.153) (0.711) (0.701) (0.588)
as.factor(market)13 0.405 —0.060 0.517 0.276
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Table 18: (continued)

Dependent variable:

Wage 1st quar Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(0.558) (0.480) (0.582) (0.516)
as.factor(market)14 0.802 —0.591 0.366 0.566
(0.553) (0.491) (0.541) (0.506)
as.factor(market)15 0.777 —0.759 0.192 0.340
(0.606) (0.528) (0.561) (0.508)
as.factor(market)16 0.450 —0.458 0.124 1.098*
(0.579) (0.506) (0.557) (0.520)
as.factor(market)17 2.194** —0.715 0.212 0.601
(0.613) (0.506) (0.515) (0.490)
as.factor(market)18 0.126 —0.398 —0.902 0.835
(0.545) (0.497) (0.524) (0.479)
as.factor(market)19 0.366 —0.675 —0.221 0.230
(0.910) (0.729) (0.625) (0.580)
as.factor(market)20 0.432 0.131 —0.004 0.495
(0.555) (0.527) (0.540) (0.512)
as.factor(market)21 1.213* —0.828 0.976 —0.210
(0.592) (0.589) (0.653) (0.590)
as.factor(market)22 0.202 —0.066 0.657 —0.465
(0.534) (0.533) (0.585) (0.532)
as.factor(market)23 0.813 —0.291 —0.101 0.822
(0.552) (0.525) (0.574) (0.577)
as.factor(market)24 1.165 —0.230 0.463 0.996
(0.614) (0.559) (0.534) (0.513)
as.factor(market)25 0.631 —1.038 —0.779 0.041
(0.608) (0.569) (0.679) (0.597)
as.factor(market)26 1.077 0.057 —0.703 0.121
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Table 18: (continued)

Dependent variable:

Wage 1st quar Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(0.564) (0.514) (0.592) (0.518)
as.factor(market )27 0.721 —0.767 0.786 0.327
(0.606) (0.523) (0.588) (0.527)
as.factor(market)28 0.704 —0.175 0.192 0.633
(0.569) (0.509) (0.566) (0.546)
as.factor(market)29 —0.399 —0.245 —0.693 0.287
(0.654) (0.558) (0.583) (0.524)
as.factor(market)30 0.084 0.001 —0.367 0.199
(0.603) (0.593) (0.542) (0.533)
as.factor(market)31 0.920 —0.398 0.037 0.794
(0.610) (0.610) (0.553) (0.514)
as.factor(market)32 1.237* —0.664 —0.418 0.508
(0.534) (0.483) (0.604) (0.500)
as.factor(market)33 0.204 —0.507 0.535 0.091
(0.560) (0.494) (0.629) (0.495)
as.factor(market)35 —0.023 —0.536 —0.422 0.783
(0.542) (0.477) (0.526) (0.522)
as.factor(market)36 0.696 —0.860 0.047 0.002
(0.610) (0.538) (0.545) (0.487)
as.factor(market)37 0.432 —0.522 —1.575* 0.654
(0.634) (0.511) (0.598) (0.469)
as.factor(market)38 0.372 0.485 —0.914 0.164
(0.550) (0.521) (0.572) (0.537)
as.factor(market)39 —0.793 0.620 0.783
(0.816) (0.804) (0.753)
as.factor(market)41 1.747* 0.584 0.345 0.182
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Table 18: (continued)

Dependent variable:

Wage 1st quar Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(0.556) (0.608) (0.918) (1.067)
as.factor(market )42 0.901 —1.216* 0.014 —0.358
(0.550) (0.557) (0.631) (0.528)
as.factor(market)43 0.470 —1.042 —0.164 0.798
(0.528) (0.539) (0.871) (0.816)
as.factor(market)45 —0.016 —0.121 —1.178* 1.093
(0.611) (0.554) (0.597) (0.697)
as.factor(market)46 0.940 0.418 —0.300 0.482
(0.508) (0.727) (1.303) (0.840)
as.factor(market )47 —0.887 —1.343 0.718 —1.079
(0.611) (0.709) (0.966) (1.180)
as.factor(market)49 —0.499 —0.225 —0.110 —0.217
(0.565) (0.601) (0.778) (0.744)
as.factor(market)50 0.001 —1.527* —1.160 0.338
(1.177) (0.619) (0.678) (0.523)
as.factor(market)51 —0.087 —1.103 —0.488 0.580
(0.991) (0.655) (0.615) (0.506)
as.factor(market)52 0.617 —0.526 —0.599 —0.119
(0.547) (0.562) (0.641) (0.678)
as.factor(market)53 0.293 —0.246 —0.129 0.517
(0.550) (0.493) (0.532) (0.514)
as.factor(market )55 0.858 —0.974 0.050 —0.420
(0.555) (0.503) (0.657) (0.484)
as.factor(market)56 0.586 0.336 0.628 0.869
(0.546) (0.586) (0.712) (0.685)
as.factor(market)58 0.002 0.114 0.039 0.043
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Table 18: (continued)

Dependent variable:

Wage 1st quar Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

(1) 2) 3) 4)
(0.609) (0.509) (0.557) (0.498)
as.factor(market)59 0.747 —0.753 —0.338 —0.341
(0.655) (0.535) (0.593) (0.493)
as.factor(market)60 0.709 —0.313 0.401 0.614
(0.605) (0.483) (0.511) (0.477)
as.factor(market)61 0.316 —0.405 —0.105 0.268
(0.524) (0.491) (0.500) (0.482)
as.factor(market)62 1.434 0.466 0.064 —0.165
(0.588) (0.625) (0.619) (0.608)
as.factor(market)63 0.166 —0.911 0.515 0.480
(0.568) (0.522) (0.581) (0.572)
as.factor(market)64 0.112 —0.121 1.713** —0.154
(0.584) (0.513) (0.637) (0.511)
as.factor(market )65 —0.158 —0.202 0.889 —0.428
(0.752) (0.719) (0.924) (0.696)
as.factor(market)66 —0.345 —0.125 0.079 0.440
(0.569) (0.487) (0.574) (0.532)
as.factor(market )68 1.432* —1.165 —0.626 2,577
(0.574) (0.623) (0.919) (0.840)
as.factor(market)69 0.810 —0.596 —0.110 0.519
(0.604) (0.614) (0.619) (0.700)
as.factor(market)70 0.101 —0.386 —0.241 0.801
(0.601) (0.512) (0.592) (0.673)
as.factor(market)71 —0.071 —0.256 —0.161 0.970
(0.575) (0.572) (0.646) (0.603)
as.factor(market)72 0.744 —0.974 —0.534 0.187
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Table 18: (continued)

Dependent variable:

Wage 1st quar Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) 2) 3) 4)
(0.650) (0.540) (0.658) (0.648)
as.factor(market)73 0.092 —0.374 0.832 —1.157*
(0.564) (0.562) (0.626) (0.575)
as.factor(market)74 1.001 —0.713 0.990 1.115*
(0.583) (0.533) (0.588) (0.542)
as.factor(market)75 0.974 —0.918 —0.293 —0.672
(0.583) (0.497) (0.545) (0.534)
as.factor(market)77 0.240 —0.371 —0.172 0.740
(0.621) (0.648) (0.638) (0.606)
as.factor(market)78 0.543 —0.630 0.108 —0.254
(0.747) (0.552) (0.633) (0.552)
as.factor(market)79 0.344 —1.279* 0.947 0.480
(0.662) (0.560) (0.638) (0.616)
as.factor(market)80 1772 —0.649 0.639 0.546
(0.569) (0.537) (0.598) (0.582)
as.factor(market)81 0.740 —0.294 —0.612 0.389
(0.545) (0.486) (0.606) (0.548)
as.factor(market)82 0.647 —0.295 —0.191 —0.214
(0.591) (0.560) (0.642) (0.549)
as.factor(market)84 —0.208 —0.855 —0.321 0.573
(0.629) (0.542) (0.515) (0.489)
as.factor(market)85 0.201 —0.222 —1.290* 0.332
(0.576) (0.485) (0.606) (0.506)
as.factor(market)86 0.284 —0.738 0.006 0.726
(0.513) (0.538) (0.591) (0.541)
as.factor(market )87 0.081 —0.601 0.679 0.945
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Table 18: (continued)

Dependent variable:

Wage 1st quar Wage 2nd quar ~ Wage 3rd quar

Wage 4th quar

(1) (2) () 4)
(0.744) (0.564) (0.550) (0.546)
as.factor(market)88 0.815 —0.117 —0.266 0.123
(0.599) (0.571) (0.552) (0.507)
as.factor(market)90 0.610 —0.565 —1.125 0.755
(0.561) (0.545) (0.700) (0.512)
as.factor(market)91 1.440 —1.020 —0.457 —0.208
(0.774) (0.601) (0.644) (0.535)
as.factor(market)92 1.451 —0.641 —0.851 —0.366
(1.375) (0.658) (0.774) (0.587)
as.factor(market)93 0.309 0.273 0.037 —0.254
(0.523) (0.560) (0.682) (0.568)
as.factor(market)94 1.790 —0.667 —0.672 0.071
(1.069) (0.685) (0.781) (0.590)
as.factor(market)95 0.290 —1.026* 0.198 0.810
(0.562) (0.486) (0.546) (0.522)
as.factor(market)96 —0.588 —0.202 —0.200 0.225
(0.551) (0.498) (0.627) (0.551)
as.factor(market )97 2.731 —0.615 —0.433 0.192
(1.749) (1.882) (0.735) (0.648)
as.factor(market)98 —0.807
(3.395)
as.factor(market )99 —0.501
(2.411)
uik_population —0.0003*** —0.0003*** —0.0002*** —0.0003***
(0.0001) (0.0001) (0.0001) (0.0001)
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Table 18: (continued)

Dependent variable:

Wage 1st quar Wage 2nd quar ~ Wage 3rd quar ~ Wage 4th quar

_ (1 2) (3) (4)
Ubservations (998 127 (ULT 5,007
R? 0.020 0.025 0.022 0.023
Adjusted R? -0.042 -0.039 -0.040 -0.033

Note:

*p<0.05; *p<0.01; **p<0.001
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I Robustness checks: state share in market interaction
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Figure 17: Regression results: effect of geographical proximity on turnout at federal parliamentary and presidential elections
(region FE included)

Regression results (market state ownership+proximity interaction): turnout
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J Robustness checks: state share in market interaction. Regression table

Table 19: Regression results with market state wonership share interaction (market share  20%)

Dependent variable:

Pres 2018 Pres 2012 Parl 2016 Parl 2021
(1) 2 3) (4)
proximity 2.044** 1.122%* 3.086* 2.822%
(0.154) (0.216) (0.191) (0.193)
market_dum 0.603 —0.756 0.705 0.431
(0.380) (0.606) (0.471) (0.478)
as.factor(region) Yamalo-Neneckij avtonomnyj okrug 25.885"** 35.929*** 29.932*** 26.523***
(0.848) (3.440) (1.048) (1.086)
as.factor(region) Amurskaya oblast —8.491"* 3.785** —1.900 —0.537
(0.919) (1.221) (1.134) (1.167)
as.factor(region) Arhangelskaya oblast —6.630"** —3.363** —5.852%** 3.389**
(0.839) (1.010) (1.041) (1.064)
as.factor(region)Yaroslavskaya oblast —0.909
(0.879)
as.factor(region) Astrahanskaya oblast —7.100"** —3.947 —3.510"* 6.361***
(1.012) (1.319) (1.248) (1.289)
as.factor(region)Belgorodskaya oblast —1.258 9.716** 10.817* 11.676**
(0.794) (0.962) (0.981) (1.006)
as.factor(region)Bryanskaya oblast 9.444* 2.025* 8.393*** 27.498***
(0.811) (0.973) (1.001) (1.031)
as.factor(region)Ceéenskaya Respublika 19.512%* 40.313*** 59.111%* 61.451*
(1.142) (1.381) (1.417) (1.430)
as.factor(region)Celyabinskaya oblast —0.849 —2.723* —0.729 7.627*
(0.489) (0.566) (0.605) (0.627)
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Table 19: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) (3) 4)
as.fa(:tor(region)éukotskij avtonomnyj okrug 15.227** 19.890*** 14.174* 15.301***
(2.985) (3.421) (3.675) (3.827)
as.fa(:tor(region)éuvaéskaya Respublika - Cuvasiya —0.855 2.426 5.077 7.825
(0.838) (2.141) (1.037) (1.062)
as.factor(region)Evrejskaya avtonomnaya oblast —0.887 —0.122 2.060 22.248**
(1.648) (1.891) (2.030) (2.113)
as.factor(region)gorod Moskva —4.030** —1.983* 3.508"**
(0.550) (0.680) (0.700)
as.factor(region)gorod Sankt-Peterburg —0.092 —6.634** 3.704*
(0.565) (0.699) (0.721)
as.factor(region)gorod Sevastopol 11.512% 12.524*** 16.213***
(1.141) (1.406) (1.462)
as.factor(region)Habarovskij kraj —3.444"* 0.348 —4.087* 7.280%**
(0.844) (1.028) (1.043) (1.070)
as.factor(region)Irkutskaya oblast —10.435"** —5.328"** —9.450*** —1.585
(0.668) (0.809) (0.826) (0.849)
as.factor(region)Ivanovskaya oblast —11.405*** —2.201* —8.755%** —3.174*
(0.762) (0.937) (0.941) (0.967)
as.factor(region)Kabardino-Balkarskaya Respublika 26.305*** 16.600*** 54.028*** 51.587**
(1.232) (1.518) (1.522) (1.556)
as.factor(region)Kaliningradskaya oblast —6.549"* —3.744"* —0.147 5.118***
(0.790) (0.966) (0.977) (1.003)
as.factor(region)Kaluzskaya oblast —1.244 —3.690*** 4.387+*
(0.858) (1.061) (1.088)
as.factor(region)Kamcatskij kraj 3.850%** 2.890* 0.882 4.604**
(0.999) (1.141) (1.231) (1.275)
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Table 19: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) 3) (4)

as.fa(:tor(region)Kaméaevo—éerkesskaya Respublika 22.399*** 29.687*** 57.249* 53.136"**
(1.439) (1.739) (1.776) (1.826)

as.factor(region)Kemerovskaya oblast - Kuzbass 35.331"*
(0.800)

as.factor(region)Kirovskaya oblast —6.830"** —0.0005 —3.373*** 4.322%*
(0.716) (0.862) (0.885) (0.911)
as.factor(region)Kostromskaya oblast —6.410"* —1.667 —3.585"** —0.028
(0.875) (1.032) (1.079) (1.116)

as.factor(region)Krasnoyarskij kraj —7.013** —4.789** —7.897* 2.826™*
(0.565) (0.664) (0.698) (0.723)

as.factor(region)Krasnodarskij kraj 7.554%** 1.172 1.745* 20.300***
(0.579) (0.707) (0.721) (0.737)

as.factor(region) Kurganskaya oblast 0.830 9.443*** 15.218*** 4.938**
(0.869) (0.961) (1.072) (1.039)
as.factor(region)Kurskaya oblast 1.197 3.433*** 7.589™** —0.176
(0.673) (0.781) (0.830) (0.861)

as.factor(region)Leningradskaya oblast —1.450* 1.585 —0.047 2.935%*
(0.689) (0.811) (0.855) (0.878)

as.factor(region)Lipeckaya oblast —0.773 6.263 26.363***
(4.469) (5.503) (5.720)
as.factor(region)Magadanskaya oblast T.T97+* —1.307 3.148 —3.944*
(1.487) (1.710) (1.832) (1.906)

as.factor(region)Moskovskaya oblast —2.983"* —3.604"* —4.288"** 6.921%
(0.500) (0.595) (0.620) (0.639)
as.factor(region) Murmanskaya oblast —2.041* —2.517* —4.560"** —1.331
(0.726) (0.860) (0.895) (0.923)
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Table 19: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) (3) 4)
as.factor(region)Neneckij avtonomnyj okrug —0.471 5.286 6.933* 4.932
(2.674) (3.064) (3.292) (2.948)
as.factor(region)Nizegorodskaya oblast —2.251%* 7.267+* —1.336* 4.305**
(0.544) (0.663) (0.671) (0.694)
as.factor(region)Novgorodskaya oblast —11.541"* —1.347 —6.268"* 0.547
(0.844) (1.656) (1.041) (1.078)
as.factor(region)Novosibirskaya oblast —7.591*** —0.055 —8.251** —1.215
(0.656) (0.787) (0.811) (0.835)
as.factor(region)Omskaya oblast —6.122"* 0.581 —5.498"** 0.818
(0.576) (0.668) (0.711) (0.737)
as.factor(region)Orenburgskaya oblast —2.290*** —3.435%* —5.329"** 2.389**
(0.590) (0.690) (0.729) (0.756)
as.factor(region)Orlovskaya oblast —1.443 4.749*** 3.017 4.139**
(0.824) (0.963) (1.018) (1.052)
as.factor(region)Penzenskaya oblast 5.833* 4.971% 11.896*** 11.491**
(0.622) (0.716) (0.767) (0.796)
as.factor(region)Permskij kraj —3.663"* —12.473* —9.729* —1.587*
(0.632) (0.832) (0.786) (0.804)
as.factor(region)Primorskij kraj —6.712%* 0.862 —9.033*** 1.310
(0.571) (0.731) (0.708) (0.729)
as.factor(region)Pskovskaya oblast 0.559 0.238 2.278* 6.485"*
(0.779) (0.895) (0.961) (0.998)
as.factor(region)Ryazanskaya oblast —3.801*** 1.026 —1.346 5.905***
(0.725) (0.847) (0.897) (0.922)
as.factor(region)Respublika Adygeya (Adygeya) —1.099 8.770*** 5.858** 23.500%**
(1.460) (1.788) (1.809) (1.847)
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Table 19: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) (3) 4)

as.factor(region)Respublika Altaj —5.495* 4.221 1.503 6.775*
(2.152) (2.555) (2.654) (2.741)

as.factor(region)Respublika Baskortostan 4.283*+* 10.385*** 25.525™** 28.960"**
(0.887) (1.131) (1.100) (1.113)

as.factor(region)Respublika Buryatiya 10.476*** 14.421%* —0.937 7.939**
(1.057) (1.310) (1.306) (1.339)

as.factor(region)Respublika Dagestan 17.258*** 30.809*** 49.498*** 49.309**
(1.033) (1.272) (1.273) (1.306)
as.factor(region)Respublika Hakasiya —3.070* 0.632 —4.132* —1.757
(1.062) (1.278) (1.310) (1.348)

as.factor(region)Respublika Ingusetiya 47.931%
(1.944)

as.factor(region)Respublika Kalmykiya 2.915 3.768* 18.327*** 11.044**
(1.557) (1.885) (1.921) (1.974)
as.factor(region)Respublika Kareliya —6.922%* —4.200** 2.202 3.182*
(1.113) (1.411) (1.375) (1.406)
as.factor(region)Respublika Komi —8.204"* 8.417*** —1.070 —0.228
(1.050) (1.300) (1.298) (1.325)

as.factor(region)Respublika Krym 8.612*** 12.009*** 13.295**
(1.545) (1.906) (1.980)

as.factor(region)Respublika Marij El —3.346™ 7.101** 10.413** 5.755™**
(1.087) (1.326) (1.342) (1.377)

as.factor(region)Respublika Mordoviya 2.982* 32.424% 38.506** 21.329*
(1.032) (1.251) (1.275) (1.310)

as.factor(region)Respublika Saha (yakutiya) 2.897** 12.612* 1.531 10.847**
(1.000) (1.211) (1.234) (1.269)
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Table 19: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) 3) (4)
as.factor(region)Respublika Severnaya Osetiya - Alaniya 23.271%** 21.567** 47.236* 50.94 7%
(1.045) (1.268) (1.290) (1.322)
as.factor(region)Respublika Tatarstan (Tatarstan) 9.025"** 17.452%* 33.945"* 40.492*+*
(0.487) (0.564) (0.602) (0.624)
as.factor(region)Respublika Tyva 23.642"** 29.539"** 46.094*** 37.423"*
(1.517) (1.783) (1.871) (1.937)
as.factor(region)Rostovskaya oblast —5.242%* 0.452 0.702 2.315%
(0.510) (0.597) (0.630) (0.653)
as.factor(region)Sahalinskaya oblast —8.269"* —7.387* —9.324** —0.767
(0.869) (1.028) (1.071) (1.115)
as.factor(region)Samarskaya oblast —3.282*** 6.734*+* 3.205** 3.597**
(0.603) (1.932) (0.765) (0.768)
as.factor(region)Saratovskaya oblast —2.002 5.413** 24.356** 3.359*
(1.239) (1.426) (1.527) (1.602)
as.factor(region)Smolenskaya oblast —5.463"* —4.189"* —5.432"* —0.404
(0.668) (0.766) (0.825) (0.852)
as.factor(region)Stavropolskij kraj 8.865*** 2.686™* 1.357 32.200%*
(0.792) (0.975) (0.979) (1.002)
as.factor(region)Sverdlovskaya oblast —3.970"** —6.371*** —2.317** 11.730**
(0.507) (0.592) (0.626) (0.649)
as.factor(region) Tambovskaya oblast 1.818** 8.128"** —0.329 17.844***
(0.697) (0.800) (0.862) (0.890)
as.factor(region) Tomskaya oblast —2.181"** —1.248 —4.414* 6.484"*
(0.643) (0.737) (0.794) (0.824)
as.factor(region) Tulskaya oblast 0.333 —3.030"* 11.881***
(0.647) (0.798) (0.827)
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Table 19: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) 3) (4)
as.factor(region) Tmenskaya oblast 9.084*** 21.542% 34.714" 19.642*
(0.721) (1.648) (0.893) (0.918)
as.factor(region) Tverskaya oblast —6.149*** —2.526™** 2.513"** 2.533**
(0.605) (0.698) (0.746) (0.775)
as.factor(region)Udmurtskaya Respublika —T7.724"* 0.313 1.428 7.621%
(1.749) (2.058) (2.155) (2.228)
as.factor(region)Ulyanovskaya oblast —10.724* —5.132" —5.325"
(0.743) (0.958) (0.950)
as.factor(region)Vladimirskaya oblast —1.909** —9.035"** —4.581*** —0.260
(0.739) (0.895) (0.913) (0.939)
as.factor(region) Volgogradskaya oblast 0.216 —2.230** —1.866* 26.267*
(0.599) (0.706) (0.740) (0.766)
as.factor(region)Vologodskaya oblast 0.080 —1.886* —2.845*** 6.551"**
(0.684) (0.805) (0.846) (0.875)
as.factor(region)Voronezskaya oblast —6.963"* —0.133 0.096 5.469**
(0.709) (0.880) (0.878) (0.897)
as.factor(region)Zabajkalskij kraj —9.747* —2.377 —6.760"** —1.371
(0.974) (1.319) (1.205) (1.238)
uik_population —0.001** —0.0004*** —0.001** —0.002**
(0.00005) (0.0001) (0.0001) (0.0001)
proximity:market_dum —0.499* 0.361 —0.572 —0.475
(0.245) (0.377) (0.303) (0.307)
Observations 31,999 24,539 31,439 33,564
R? 0.369 0.385 0.587 0.573
Adjusted R2 0.260 0.269 0.517 0.502
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Table 20: Regression results with market state ownership share interaction (market share ; 50%)

Dependent variable:

Pres 2018 Pres 2012 Parl 2016 Parl 2021
(1) (2) (3) 4)
proximity 1.875% 1.276** 2.945* 2.784*
(0.140) (0.194) (0.173) (0.174)
market_dum_1 —0.555 0.378 0.231 1.009
(0.542) (0.877) (0.673) (0.686)
as.factor(region) Yamalo-Neneckij avtonomnyj okrug 25.868*** 36.017** 29.917* 26.535%*
(0.848) (3.439) (1.048) (1.085)
as.factor(region) Amurskaya oblast —8.540"* 3.766™* —1.925 —0.565
(0.919) (1.221) (1.134) (1.167)
as.factor(region) Arhangelskaya oblast —6.691** —3.395"** —5.882** 3.346™
(0.839) (1.010) (1.042) (1.064)
as.factor(region) Yaroslavskaya oblast —0.920
(0.879)
as.factor(region) Astrahanskaya oblast =774 —3.912* —3.541* 6.358"*
(1.011) (1.319) (1.248) (1.289)
as.factor(region)Belgorodskaya oblast —1.310 9.697** 10.797* 11.656™**
(0.794) (0.963) (0.981) (1.006)
as.factor(region)Bryanskaya oblast 9.389*** 1.995* 8.370** 27.463**
(0.811) (0.974) (1.001) (1.031)
as.factor(region) Cecenskaya Respublika 19.443** 40.280*** 59.079*** 61.401%*
(1.142) (1.381) (1.417) (1.430)
as.factor(region)Celyabinskaya oblast —0.856 —2.731"* —0.743 7.608***
(0.489) (0.566) (0.605) (0.626)
as.factor(region)@ukotskij avtonomnyj okrug 15.244*** 19.853*** 14.204*** 15.299***
(2.984) (3.421) (3.675) (3.826)
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Table 20: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) 3) (4)
as.fa(:tor(region)éuvaéskaya Respublika - Cuvasiya —0.903 2.372 5.058"** 7.804**
(0.838) (2.141) (1.037) (1.062)
as.factor(region)Evrejskaya avtonomnaya oblast —0.907 —0.083 2.041 22.243**
(1.648) (1.890) (2.030) (2.113)
as.factor(region)gorod Moskva —4.070"** —1.997* 3.505"**
(0.550) (0.680) (0.700)
as.factor(region)gorod Sankt-Peterburg —0.044 —6.624"* 3.687*
(0.566) (0.699) (0.721)
as.factor(region)gorod Sevastopol 11.547* 12.629*** 16.211**
(1.135) (1.398) (1.454)
as.factor(region)Habarovskij kraj —3.502"* 0.316 —4.113"* 7.243***
(0.844) (1.028) (1.044) (1.070)
as.factor(region)Irkutskaya oblast —10.491*** —5.346** —9.480*** —1.613
(0.669) (0.809) (0.826) (0.849)
as.factor(region)Ivanovskaya oblast —11.447** —2.230* —8.770*** —3.201*
(0.762) (0.937) (0.941) (0.967)
as.factor(region)Kabardino-Balkarskaya Respublika 26.195** 16.592*** 53.978*** 51.548***
(1.232) (1.519) (1.522) (1.556)
as.factor(region)Kaliningradskaya oblast —6.582"* —3.760"* —0.158 5.110%*
(0.790) (0.966) (0.977) (1.003)
as.factor(region)Kaluzskaya oblast —1.260 —3.699*** 4.395***
(0.858) (1.061) (1.088)
as.factor(region)Kamcatskij kraj 3.841%* 2.879* 0.874 4.580***
(0.999) (1.141) (1.231) (1.275)
as.factor(region) Karacaevo-Cerkesskaya Respublika 22.288*** 29.679** 57.212% 53.112%
(1.439) (1.739) (1.776) (1.826)
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Table 20: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) 3) (4)

as.factor(region)Kemerovskaya oblast - Kuzbass 35.320"**
(0.800)

as.factor(region)Kirovskaya oblast —6.856™** —0.003 —3.389*** 4.313**
(0.715) (0.862) (0.885) (0.911)
as.factor(region)Kostromskaya oblast —6.410"** —1.652 —3.569*** 0.006
(0.875) (1.032) (1.079) (1.116)

as.factor(region)Krasnoyarskij kraj —7.050*** —4.794™* —7.918* 2.807*
(0.565) (0.664) (0.698) (0.723)

as.factor(region)Krasnodarskij kraj 7.557*** 1.181 1.752* 20.321%*
(0.579) (0.707) (0.721) (0.737)

as.factor(region) Kurganskaya oblast 0.805 9.418*** 15.215%* 4.927**
(0.869) (0.961) (1.072) (1.039)
as.factor(region)Kurskaya oblast 1.155 3.421*** 7.561*** —0.208
(0.673) (0.781) (0.830) (0.861)

as.factor(region)Leningradskaya oblast —1.467* 1.568 —0.053 2.919**
(0.689) (0.811) (0.855) (0.878)

as.factor(region)Lipeckaya oblast —0.888 6.161 26.255***
(4.468) (5.503) (5.718)
as.factor(region)Magadanskaya oblast 7.708*** —1.337 3.082 —4.031*
(1.487) (1.710) (1.832) (1.905)

as.factor(region)Moskovskaya oblast —2.994*** —3.610"** —4.305"** 6.902"*
(0.500) (0.595) (0.620) (0.639)
as.factor(region) Murmanskaya oblast —2.099* —2.575" —4.600"** —1.414
(0.726) (0.861) (0.895) (0.923)
as.factor(region)Neneckij avtonomnyj okrug —0.531 5.227 6.870* 4.848
(2.673) (3.064) (3.293) (2.948)
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Table 20: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) (3) 4)
as.factor(region)Nizegorodskaya oblast —2.278"* 7.268*** —1.354* 4.204**
(0.543) (0.663) (0.671) (0.694)
as.factor(region)Novgorodskaya oblast —11.570** —1.402 —6.282*** 0.524
(0.844) (1.656) (1.041) (1.077)
as.factor(region)Novosibirskaya oblast —7.590"** —0.077 —8.248"** —1.225
(0.656) (0.787) (0.811) (0.835)
as.factor(region)Omskaya oblast —6.129*** 0.607 —5.511*** 0.822
(0.576) (0.667) (0.711) (0.737)
as.factor(region)Orenburgskaya oblast —2.300"* —3.412"* —5.335"* 2.404**
(0.590) (0.690) (0.729) (0.756)
as.factor(region)Orlovskaya oblast —1.498 4.715%* 2.986™* 4.088***
(0.824) (0.963) (1.018) (1.052)
as.factor(region)Penzenskaya oblast 5.824** 4.990** 11.898*** 11.511%*
(0.622) (0.716) (0.767) (0.796)
as.factor(region)Permskij kraj —3.704™* —12.499** —9.758"** —1.600*
(0.632) (0.832) (0.786) (0.804)
as.factor(region)Primorskij kraj —6.735"* 0.874 —9.047* 1.296
(0.571) (0.731) (0.708) (0.729)
as.factor(region)Pskovskaya oblast 0.526 0.215 2.252* 6.441**
(0.779) (0.895) (0.961) (0.998)
as.factor(region)Ryazanskaya oblast —3.870"* 1.010 —1.399 5.850***
(0.725) (0.847) (0.897) (0.922)
as.factor(region)Respublika Adygeya (Adygeya) —1.182 8.729*** 5.840** 23.488"**
(1.461) (1.789) (1.809) (1.847)
as.factor(region)Respublika Altaj —5.578** 4.147 1.497 6.746*
(2.152) (2.555) (2.654) (2.740)
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Table 20: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) (3) 4)

as.factor(region)Respublika Baskortostan 4.200"** 10.411%* 25.485™** 28.954**
(0.887) (1.131) (1.100) (1.113)

as.factor(region)Respublika Buryatiya 10.405*** 14.449** —0.962 7.944%*
(1.057) (1.310) (1.306) (1.339)

as.factor(region)Respublika Dagestan 17.170* 30.777 49.464* 49.280***
(1.033) (1.272) (1.273) (1.306)
as.factor(region)Respublika Hakasiya —3.162* 0.580 —4.185** —1.836
(1.062) (1.278) (1.311) (1.348)

as.factor(region)Respublika Ingusetiya 47.957*
(1.944)

as.factor(region)Respublika Kalmykiya 2.822 3.667 18.318*** 11.006***
(1.557) (1.886) (1.922) (1.975)
as.factor(region)Respublika Kareliya —7.004*** —4.242* 2.151 3.113*
(1.113) (1.411) (1.375) (1.406)
as.factor(region)Respublika Komi —8.274** 8.386™** —1.098 —0.262
(1.050) (1.300) (1.298) (1.325)

as.factor(region)Respublika Krym 8.847*** 12.155% 13.330**
(1.544) (1.905) (1.978)

as.factor(region)Respublika Marij El —3.415* 7.056*** 10.385*** 5.710™*
(1.087) (1.327) (1.343) (1.377)

as.factor(region)Respublika Mordoviya 2.914** 32.404*** 38.473** 21.289***
(1.032) (1.251) (1.276) (1.310)

as.factor(region)Respublika Saha (yakutiya) 2.852** 12.622%* 1.518 10.852***
(1.000) (1.211) (1.234) (1.269)

as.factor(region)Respublika Severnaya Osetiya - Alaniya 23.192%** 21.537%* 47.196*** 50.896***
(1.045) (1.268) (1.290) (1.322)
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Table 20: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) 3) (4)
as.factor(region)Respublika Tatarstan (Tatarstan) 9.028"** 17.454* 33.945"* 40.489"**
(0.487) (0.564) (0.602) (0.623)
as.factor(region)Respublika Tyva 23.572*+* 29.497+* 46.072** 37.389*+*
(1.517) (1.783) (1.871) (1.936)
as.factor(region)Rostovskaya oblast —5.261"** 0.451 0.693 2.310™*
(0.510) (0.597) (0.631) (0.653)
as.factor(region)Sahalinskaya oblast —8.249** —7.356*** —9.312% —0.737
(0.869) (1.028) (1.071) (1.115)
as.factor(region)Samarskaya oblast —3.304"* 6.741*** 3.202% 3.613***
(0.603) (1.932) (0.765) (0.768)
as.factor(region)Saratovskaya oblast —2.021 5.185"** 24.418"** 3.357*
(1.237) (1.420) (1.524) (1.599)
as.factor(region)Smolenskaya oblast —5.479* —4.199"* —5.445"* —0.425
(0.668) (0.766) (0.825) (0.852)
as.factor(region)Stavropolskij kraj 8.812%** 2.658"* 1.333 32.166***
(0.792) (0.975) (0.979) (1.002)
as.factor(region)Sverdlovskaya oblast —4.014"* —6.376™* —2.347* 11.701**
(0.507) (0.592) (0.626) (0.649)
as.factor(region) Tambovskaya oblast 1.799** 8.110"** —0.340 17.819**
(0.697) (0.800) (0.862) (0.890)
as.factor(region) Tomskaya oblast —2.222"%* —1.264 —4.455"** 6.431*
(0.643) (0.737) (0.793) (0.824)
as.factor(region) Tulskaya oblast 0.305 —3.055"** 11.845*
(0.647) (0.798) (0.827)
as.factor(region) Timenskaya oblast 9.041** 21.546*** 34.694* 19.614™*
(0.721) (1.647) (0.893) (0.918)
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Table 20: (continued)

Dependent variable:

Putin 2018 Putin 2012 UR 2016 UR 2021
(1) 2) 3) (4)
as.factor(region) Tverskaya oblast —6.201"** —2.526™** 2.468"* 2.490*
(0.605) (0.698) (0.746) (0.775)
as.factor(region) Udmurtskaya Respublika —T7.770"** 0.308 1.440 7.664**
(1.748) (2.058) (2.155) (2.228)
as.factor(region)Ulyanovskaya oblast —10.747*** —5.153*** —5.341*
(0.743) (0.958) (0.950)
as.factor(region)Vladimirskaya oblast —1.964** —9.054*** —4.606*** —0.289
(0.739) (0.895) (0.913) (0.939)
as.factor(region) Volgogradskaya oblast 0.209 —2.248** —1.865* 26.266***
(0.599) (0.706) (0.740) (0.766)
as.factor(region) Vologodskaya oblast 0.024 —1.908* —2.892%** 6.490***
(0.684) (0.805) (0.846) (0.875)
as.factor(region)Voronezskaya oblast —7.017** —0.146 0.068 5.442"*
(0.709) (0.880) (0.878) (0.897)
as.factor(region)Zabajkalskij kraj —9.769*** —2.408 —6.751** —1.341
(0.974) (1.319) (1.206) (1.238)
uik_population —0.001*** —0.0004*** —0.001™* —0.002**
(0.00005) (0.0001) (0.0001) (0.0001)
proximity:market_ dum_1 —0.085 —0.634 —0.466 —1.232*
(0.367) (0.571) (0.456) (0.463)
Observations 31,999 24,539 31,439 33,564
R? 0.369 0.385 0.587 0.573
Adjusted R? 0.260 0.269 0.517 0.502
Note: *p<0.05; **p<0.01; **p<0.001

481



CEU eTD Collection

Friends with benefits: exploring donors of the Russian
ruling party

Abstract

Why do private companies contribute to the ruling party in an authoritarian regime?
While part of the motivation may align with democratic logic, involving both ideological
and opportunistic strategies of support, non-democratic regimes introduce additional
factors into this dynamic. This results in a more direct and widespread manifestation
of corruption, particularly in sectors of specific interest to autocrats. This paper delves
into the donations made by private companies to United Russia party from 2011 to
2022. Specifically, it presents evidence suggesting that a one-time contribution to
United Russia by major business entities increases the value of contracts awarded to
the company, particularly in two economic sectors. In contrast, regular contributions
do not have the same significant impact on returns from public procurement contracts,
differentiating ideological supporters from opportunistic ones.

1 Introduction

What characterizes the relationship between the dominant party and its donors in an author-
itarian setting? While extensive literature on party donors typically explores their influence
in mature democracies like the United States or the United Kingdom, there is a lack of infor-
mation on these dynamics in less studied non-democratic contexts. This scarcity is primarily
attributable to limitations in data availability and reporting regulations, coupled with the
overall reliance of political parties on private donations. For instance, in the UK, the two
major parties derive less than 15% of their funds from public sources, with the remainder
originating from membership fees and donations (Barr et al., 2020). In the United States,
candidates from both the Republican and Democratic parties fund their entire electoral
campaigns through private donations, with only a small fraction coming from self-funding
(Federal Election Committee, n.d.). Understanding information about donors becomes cru-
cial in shaping the agenda for electoral campaigns in these countries. However, democratic
systems still grapple with challenges arising from private donations to parties, including
concerns related to corruption and inequality (Birch, 2022).

Although it is evident why politicians depend on private donations—these funds are
necessary for electoral campaigns and party operations—the rationale behind donors is more
intricate and extensively studied. Donors, particularly significant contributors, strategically
decide on their donations (Brown, 2013), often wielding the potential to influence legislative
outcomes with financial support (Powell, 2012), gain economic benefits (Titl & Geys, 2019),
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lobby corporate interests (Acton & Hawkins, 2022), or in general contribute to various
forms of corruption (Fisher, 1994). Individual donors may have different perspectives on
their motives compared to corporate ones. For instance, (Barber, 2016) demonstrated that
individual donations are primarily ideological, while political action committees aim for
access and influence through their contributions. In Canada, where private donations are
capped and constitute one of two party income sources, Garnett et al., 2022 identified two
types of motivation: generalized support and transactional support, with ideological support
being more prevalent among smaller or individual donors.

Therefore, in democracies, the motivation behind donations depends on the type of sup-
port offered to individual politicians or parties, distinguishing between ideology-based sup-
port and reciprocity-anticipation support (Powell et al., 2003), which could also involve
either access or influence, as highlighted by Barber, 2016. While ideological support is
present in both democracies and autocracies with similar underlying mechanisms (Geddes &
Zaller, 1989; Mauk, 2017, 2020), reciprocity-anticipation support or opportunistic support
in autocracies is likely to manifest in different ways.

Due to the transparency and accountability mechanisms in place, corruption in demo-
cratic countries is, on average, less wide-spread than in autocracies (Gerring & Thacker, 2004;
Hollyer & Wantchekon, 2015; Kunicova & Rose-Ackerman, 2005). Authoritarian systems of-
ten lack grand corruption prevention mechanisms (Rose-Ackerman, 1996), which instruments
like corporate donations sometimes attempt to overcome in democracies. Hence, it can be
anticipated that in an authoritarian setup characterized by state capture and heightened lev-
els of corruption, donating money to politicians may not be necessary for achieving private
gains. Yet such practices persist.

The motivation behind party donations in authoritarian settings also differs due to the
absence of party competition. In democracies, donations to political parties ultimately sup-
ply resources for them to compete and influence their electoral success (Brown, 2013). In
authoritarian regimes, election outcomes are typically highly predictable, and competition
in donations has limited impact on the results. This raises the question: why do private
companies contribute to the dominant party in an authoritarian regime?

This article examines donors of the United Russia party from 2011 to 2022. We argue that
the relationship between donors and the dominant Russian party follows a logic similar to
donors in democracies, revealing both ideological and ”investment” strategies. However, due
to the nature of the regime, the investment leads to direct corrupt exchanges involving returns
from public funds. Through an analysis of donors’ involvement in public procurement, we
discovered evidence suggesting that contributing money to United Russia by large business
actors increases the value of contracts won by a company, resembling the behavior of an
opportunistic donor as opposed to an ideological supporter. Furthermore, this effect appears
to be particularly pronounced in sectors that can prove useful to the dominant party.

2 Business actors support in authoritarian regimes
Some authors claim that the nature of business cooperation with political parties in non-

democratic environments is in mutually beneficial exchange, while others argue that the
relationship is more unilateral. As it is demonstrated in the comparative studies of economy
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of non-democratic states, business actors in competitive authoritarian setting are subject
to constant renegotiation of the terms of business-state relations (Sallai & Schnyder, 2021),
which causes a lot of uncertainty and limits business ability for innovations (Wang et al.,
2021) or getting private investments (Gehlbach & Keefer, 2012) unless institutions restricting
autocratic government are in place. Business relationships with state under dictatorship
usually imply higher state dependency of economic actors, reduction of economic pluralism
to align the interests of the business elite with those of the ruling elite, and the general use of
the state to pursue the interests of the ruling elite (Sallai & Schnyder, 2021, p.1340). Such an
approach views economic actors as dependent on the state and does not allow economic elites
much room for maneuver. Esen and Gumuscu, 2018 showed that in order to consolidate its
support in business circles, Turkey’s ruling party AKP took a number of measures, such as
politicizing state bureaucracy, weakening judicial oversight, and undermining the rule of law.
The authors state that such measures were taken for the sake of channeling public resources
from the ruling party to its supporters through patronage. In addition, it allowed to transfer
capital from opponents to cronies and discipline dissidents within business circles. These
actions have tilted the playing field in favor of the AKP by giving pro-AKP businessmen
access to private resources, campaign contributions, and media support.

However, viewing business actors as mere ”"hostages” of the regime oversimplifies the
reality. Business actors may appreciate or even take steps to undermine the country’s legal
or political system in cases where the state’s economy is predominantly rent-seeking. As
demonstrated by El Tarouty, 2016 in the case of Mubarak’s Egypt, business actors often
opt to align with an authoritarian regime in pursuit of their own economic advantages. In
Indonesia high-level businessmen support attempts to reduce the Corruption Eradication
Commission’s institutional powers to assure possibility to extract rent (Mudhoffir & A’yun,
2021). Support for system features typical of authoritarian settings often goes hand in hand
with political cooptation, especially when business actors are interested in lobbying for their
own interests. The Chinese example of state-business relations shows that collusive relations
between business and politics or informal ties with local governments are more likely to
produce favorable outcomes for business in lobbying for its interests (Huang & Chen, 2020).

The very nature of the regime does not allow for independent economic competition and
tends to involve various forms of corruption for business actors to gain profit. Furthermore,
it appears that both parties are more likely to gain significantly when closely cooperating.
Dosal, 1993 illustrated this point through the example of the American company ”United
Fruit,” which strategically engaged with dictators in Guatemala. This collaboration provided
the company with the opportunity to monopolize the banana business and railroad network,
often in exchange for bribes. The argument is made that under democratic institutions, this
level of economic success would not have been achievable for the company. Similarly, the
construction sector in Spain during Franco’s dictatorship greatly benefited from existing po-
litical repressions, gaining access to prison labor (Gonzalo, 2013). This addressed the issue of
workforce shortages for state infrastructural or military tasks. The economic transformation
initiated by the Pinochet regime, including privatizations, led to the concentration of wealth
in a small number of economic groups, redistributing the state’s wealth to elites (Huneeus
& Undurraga, 2021).

In general, robust economic performance becomes crucial for the survival of the regime,
particularly for securing the support of ruling elites or redistributing benefits among core

485



CEU eTD Collection

supporters (Arias et al., 2018; Bak & Moon, 2016; De Mesquita et al., 2005; Wintrobe,
2000). Furthermore, dictatorships can leverage businesses for regime survival in various
ways beyond mere economic prosperity. This includes utilizing labor to mobilize political
support (Frye et al., 2014; Kim & Gandhi, 2010), engaging in patronage (Gomez & Jomo,
1999; Hadiz & Robison, 2004), or utilizing returns from grand corruption for clientelism
(Singer, 2009).

The degree to which a regime seeks to co-opt its economic actors for political gains,
as well as the means to use for that can vary depending on the sector. Certain sectors,
such as natural resource extraction industries, may be utilized for gaining profit into state
budget (Jensen & Wantchekon, 2004; van der Ploeg, 2011), or for more direct rent extraction
(Dorsch & Maarek, 2018). On the other hand, other sectors can contribute to the provision of
visible public goods by the government (Mani & Mukand, 2007) and aid in garnering popular
support. In this study, it is presumed that business actors are aware of the regime’s intentions
to instrumentalize them and comply with the rules set by the regime to extract profits. This
assumption stems from the mutual interests inherent in business-state relationships within
a dictatorship.

While the regime aims to acquire resources to maintain its power, businesses seek to
gain profits, leading to their collaboration. It is expected that the dynamics of relationships
between the state apparatus and the private sector in competitive authoritarianism differ
based on the type of business actors but generally follow mutually beneficial rent-extracting
patterns. We anticipate the following determinants to explain heterogeneity in cooperation
between the state and businesses in autocracy.

Firstly, it is expected that the size of the company influences the potential for businesses
to derive extra profits from collaborating with the state and participating in rent-seeking
exchanges. While small and medium businesses are likely to face and struggle with increased
corruption and a high level of uncertainty (Yadav & Mukherjee, 2016), it is large businesses
that capture the interest of autocrats the most (Basualdo et al., 2020, 2021; Bogliaccini et
al., 2021). Large businesses enable regimes to implement ambitious infrastructure projects
through major construction companies, as observed in the case of Brazil under the military
regime (Basualdo et al., 2020; Pedreira Campos, 2021). They also allow for the distribution of
rent among selected business elites without the need to redistribute it among many, as seen
in Pinochet’s Peru (Huneeus & Undurraga, 2021). Additionally, having major industries
under control ensures they are not, for example, unionizing (Stillerman, 2003), which is
important for control over potential political opponents. Certainly, in dictatorships, the
state often finds it necessary to partially suppress large businesses to ensure they align with
the state’s interests and do not shift their loyalty. This strategy was notably employed by
Vladimir Putin at the beginning of his presidential term with Russian oligarchs (Sakwa,
2014; Sixsmith, 2010), as well as by Recep Erdogan in Turkey (Esen & Gumuscu, 2018).
Forming alliances with big businesses, using both rewards and punishments, provides the
state with essential resources but demands a willingness to share those resources as well.

Secondly, specific sectors of companies typically engage in collaboration with the state
under dictatorship. Similar to the interest in large businesses, autocratic regimes require
resources to maintain political stability. Consequently, their interest in particular sectors
depends on profitability and usefulness for other subjective goals of the ruling elites. For
instance, autocracies that benefit the most from food production are more likely to witness
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collaboration between the state and major agricultural companies, as seen in Guatemala
(Dosal, 1993). Meanwhile, regimes dependent on natural resource extraction tend to coopt
this sector first, as observed with the steel industry in Argentina (Basualdo et al., 2020).
In addition to acquiring resources and ensuring enrichment for themselves and their elites,
autocrats also engage in redistribution (Wintrobe, 2000). They often require resources for
some inefficient yet politically advantageous social policies or infrastructure projects aimed
at securing popular support (Diaz-Cayeros et al., 2016). Consequently, sectors such as
construction appear to be particularly corrupt and of significant interest to many autocrats,
including Franco (Gonzalo, 2013), Orban (Fazekas et al., 2015), or the military junta in
Brazil (Pedreira Campos, 2021).

Lastly, it is unreasonable to assume that certain businesses may not be interested in col-
laborating with or supporting the state due to ideological alignment. Nazi Germany stands
as a prominent example of the ideological support businesses provided to Hitler’s regime
(Nicosia & Huener, 2004). As demonstrated by Basualdo, 2021, the Argentinian dictator-
ship of 1976-1983 was characterized by ideological alignment between businesses and the
military. Such support could hinge on the access that the state provides to businesses in
the decision-making process, as long as this influence persists, as was the case with busi-
ness elites in Pinochet’s Chile (Silva, 2019). In any scenario, akin to corporate support in
democracies, collaboration between business and state in dictatorships can stem from either
ideological or opportunistic motives. The conceptual distinction between the two is grounded
in the anticipated outcomes of such support. Ideological support anticipates policies aligned
with shared values, while opportunistic support expects more tangible, materialistic returns
(Barber, 2016).

3 Party resources

This research proposes to examine the nature of business support for authoritarian states
through corporate donations received by the dominant party. There are several reasons why
this can serve as a valuable measurement. Firstly, authoritarian regimes often face challenges
in assessing the "real” popular support due to restricted access to closed dictatorships by
international researchers and pollsters (Guriev & Treisman, 2020). Additionally, the so-called
"spiral of silence” (Noelle-Neumann & Petersen, 2004) prevails in autocracies, hindering
people from expressing opinions they perceive as unsafe or potentially isolating (Kalinin,
2016). In this context, donations made to the dominant party can serve as a reliable proxy for
measuring business support for the regime. Secondly, existing literature on authoritarianism
often neglects the variation in types of resources involved in dominant party operations
(Diaz-Cayeros et al., 2016, p.68-69), instead concentrating on the overall resource advantage
(Greene, 2010), access to state resources (Schedler, 2006), or allocation of resources among
the ruling elite (Boix & Svolik, 2013). Exploring donations could enhance this field of
research by providing the opportunity to assess support in its heterogeneity. This includes
examining the sectors in which a company-supporter operates, the resources this company
possesses, its size, and its behavior towards the dominant party, such as the regularity of
support.

This research centers on the dominant party as it holds significance within authoritarian
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regimes. The dominant party plays a crucial role in enhancing regime stability through in-
creased institutionalization, a characteristic often lacking in personalist dictatorships, making
them more susceptible to collapse (Geddes et al., 2014). Furthermore, the dominant party
addresses the credible commitment problem among political elites (Reuter & Remington,
2009). Given its functions of mediating, coopting, and distributing resources, the study
focuses on resources of the dominant party by focusing at private donations. We contend
that providing support to the dominant party ensures the distribution of benefits among
elites and is motivated by factors distinct from those influencing support for the head of
state (Sirotkina & Zavadskaya, 2020). These differences arise from variations in roles, public
perception, and institutional foundations.

This article suggests that the mechanism of the party’s financial inflow through donations
from private companies has its routes in corrupt exchange, when companies are allowed to
get access to public money through public procurement contracts in exchange for financial
support to the party. It is anticipated that there will be significant heterogeneity in public
procurement outcomes based on three dimensions reflecting key company characteristics and
donation behavior. First, two types of dominant party support are expected: ideological and
opportunistic. Ideological support is less likely to yield significant economic benefits for the
company and is anticipated to be less common, while opportunistic support is expected to
result in substantial returns through public procurement contracts. Secondly, there is an
expectation of variation in public procurement returns across different sectors. Markets of
particular interest to the autocrat, such as the construction sector, are expected to exhibit
a higher proportion of opportunistic behavior from companies, resulting in greater returns
in exchange for their support of the dominant party. Finally, variation is expected in the
amount of returns the company receives from supporting the dominant party depending on
its size. Larger companies in terms of revenue are expected to experience higher returns
from donations due to their particular significance to the regime.

4 Description of Russian donors

Political parties in Russia receive funding from various sources, with the state budget serving
as the primary financial contributor for most. According to the law !, parties are entitled
to 152 RUB for each vote garnered in the latest parliamentary elections if they surpass
the 3% threshold. Over the years, there has been noticeable variation among parties in
the proportion of funding received from the state budget, corporate donations, and party
membership fees. United Russia stands out not only as the wealthiest party, given its
substantial number of votes compared to others, but also as one of the few parties with a
significant share of corporate donations. For instance, in 2023, United Russia’s share of state
financing was below 50% (anastasiyakornyaGosbyudzhetomEdiny).

Approximately 30% of all United Russia donors secure government procurement con-
tracts. As anticipated, larger companies are noted for having received state contracts (Fig-
ure 1, right side). However, the median value of donations is lower for companies involved
in public procurement compared to those who are not (Figure 1, left side). The median

Federal Law of Russian Federation of July 11, 2001 No. 95-FZ (as amended on July 24, 2023) ”On
Political Parties”. Chapter VII. State Financing of Political Parties
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Figure 1: Donor Revenue and Donation Amount Based on Public Procurement Participation
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donation for donors participating in public procurement is 1,000,000 RUB, in contrast to
2,000,000 RUB for non-participants.

Figure 2 illustrates the distribution of donations in terms of both quantity and monetary
value across various sectors. The three most prolific contributors in terms of the number of
donations are the Construction sector, Wholesale and Retail Trade, and Manufacturing and
Processing Industries, constituting 44%, 24%, and 13% of the total donations, respectively.
The remaining sectors collectively share from 10% to 0.5% of the overall donors. Yet, upon
scrutinizing the donation values, Wholesale and Retail Trade stands out as the most sub-
stantial contributor, representing over 54% of the total monetary value of donations, with an
average donation amount of 2,3 billion RUB. The construction sector follows closely, holding
a 30% share, and an average donation amount of 1,2 billion RUB. Manufacturing and Pro-
cessing Industries contribute 8% to the overall value of donations received by United Russia,
with an average donation amount of 330 million RUB.

The elevated donation amounts observed among companies not involved in public pro-
curement may be attributed to a distinct organizational category that frequently appears as
a donor for United Russia — non-profit organizations. These entities exclusively function as
support funds for the party and are often registered at the same address as United Russia
offices. Due to their non-profit status, tracing the origin of their funding proves particu-
larly challenging. According to media investigations, these non-profit funds are linked to
prominent figures such as Gennadiy Timchenko, Sergey Shoigu, and other influential busi-
nesspeople and politicians within the ruling elite (occrpAnonimnayaShchedrostChto).
This form of financing became actively employed during the 2018 presidential campaign and
was thought to be a strategy for circumventing sanctions, enabling companies to contribute
funds without leaving public traces.
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Figure 2: Share of Donation Numbers and Values Across Sectors

Share of number of donations Share of donation values
per sector per sector
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5 Event study design

This article employs an event study design to investigate the impact of donations to the
United Russia party on the number and value of public contracts received by a firm. The
issue of endogeneity arises when examining the relationship between donations and public
procurement contracts at the company level. We operate under the assumption that the
allocation of public procurement contracts is, to some extent, influenced by the company’s
decision to participate in bidding. However, we argue that the final decision is predominantly
made by public officials and is based on external evaluation and judgment. Additionally,
our analysis involves matching groups of companies with similar characteristics that partic-
ipate in public procurement. The anticipation of the null hypothesis involves expecting no
discernible differences between donors and non-donors if the outcome of public procurement
primarily depends on company characteristics and the willingness to submit bids. Yet on
contrary, descriptive statistics reveal significant distinctions between the two groups (Figure
3). This enables us to conclude that the allocation of public procurement is not influenced
by the company’s contributions to the dominant party and proceed with event study design
2

One of the other key challenges in this research is the timing of donations, which varies
among different companies. To address this issue, the article utilizes the Sun and Abraham
interaction, to prevent contamination by effects from other periods typical for two-way fixed
effects regressions (TWFE) commonly used for such analyses (Sun & Abraham, 2021). The
results for general model with the use of the Two-way Fixed Effects Counterfactual estimator,
also known as the two-stage DiD (Borusyak et al., 2021; Butts & Gardner, 2021) are also

2For other works using event study where the event is partially within the unit’s control see Molitor, 2018
on physicians’ pattern of behavior as they move to new locations, Becchetti et al., 2009 on Corporate Social
Responsibility and shareholder’s value, Becchetti et al., 2009 on corporate entry and exist from the Domini
400 Social Index and consequential asset prices reaction
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Figure 3: Violin plot: Average and total contract values for donors vs. non-donors (left) and
donors who already made donations vs. those who haven’t (right).
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presented (Table 1 and 2).
The standard two-ways fixed effects with dynamic set-up the event study formula is
presented below (Sun & Abraham, 2021):

—2 L
Yii=o;+v+ Z MlDi,t + Z MlDzl"t + Vig
I=—K 1=0

Where Y}; is the outcome variable for company-year, o; is the unit-specific fixed effect, ;
is the time-specific fixed effect. The first summation term represents the effect of treatment
leads (K), where Dﬁ’t is an indicator variable that equals 1 if unit ¢ is [ periods away from
the initial treatment at time ¢ and 0 otherwise. The coefficient i captures the impact of the
donation in those lead periods. The second summation represents the effect of treatment lags
(L), with the coefficient p capturing the impact of the donation in lag periods. The model
excludes relative periods —1 to avoid multicollinearity in the model. The cohort-specific
average treatment effect on the treated calculated as below:

CATT,y = E(Yieri — Y2 | B = e)

Where E; is the time period of the first donation, and a cohort e is a set of companies
for which E; = e; Y%, is the counterfactual outcome if the donation was never made. Sun
and Abraham (2021) further updated this specification with a weighted average®, where the
weights correspond to the proportion of cohorts that undergo their initial treatment in period
e, or at least [ periods in relation to the treatment. These weights are normalized by the
relative periods.

Table 1 and 2 present the Average Treatment Effect of the Treated (ATT) and standard
errors for various model types and control groups with two outcome variables. Notably,
models incorporating Sun and Abraham interactions, exhibit one of the smallest standard
errors, implying the higher precision. Hence, the primary model in this paper relies on the
interaction proposed by Sun and Abraham, given the nature of the data and the research
objectives and limitation®.

The event study design can have two types of data structures: with a common or varying
event date (Miller, 2023). In this research, a varying event date is employed, along with
a grouping of treated, not yet treated, and never-treated companies. This means that the
analysis includes companies that never made a donation and participated in public procure-
ment, as well as those that made a donation and also participated in public procurement.
The latter group exhibits variation in the year when the donation was made, and some of
them made donations more than once.

To distinguish non-donating companies and establish the control group, we employed
propensity score matching using the nearest neighbor algorithm on the entire population of

3Likewise, Callaway and Sant’Anna (2021) address treatment effect heterogeneity by weighting averages
based on the propensity score, with normalization to zero. The specification aims to reweight the covariates
of both the treatment and control groups, ensuring a more balanced distribution.

4Callaway and Sant’Anna emphasize the staggered Difference-in-Differences framework, which, while
potentially applicable to the research setup, does not adequately address the significant bias in interpreting
coefficients arising from variations in the length of group exposure to the treatment
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Table 1: Outcome - average income from public procurement contracts

ATT SE Model Control group — Pr(> |t|)

Two-way
fixed effects
2 6884.510 1d24.920 Owband Abraham g o ated 0,000
Interactions
Imputation Method
(two-stage DID)
Group-Time Average
Treatment Effects
Group-Time Average
Treatment Effects

1 6769.684 1252.289 Never Treated 0.000

3 6447.551 2439.301 Never Treated 0.001
4 5608.207 1492.747 Never Treated 0.000

5 5089.229 1540.409 Not Yet Treated 0.000

Table 2: Outcome - total value of public procurement contracts

ATT SE Model Control group — Pr(> |t])

Two-way
fixed effects
2 30040.70 4101.940 Owrand Abraham gl ated 0,000
Interactions
Imputation Method
(two-stage DID)
Group-Time Average
Treatment Effects
Group-Time Average
Treatment Effects

(a) Group-Time Average Treatment Effects models, as well as TWFE have a reference period set
to -1, hence the difference in ATT from the rest of the models. The outcome variable is in 1000
RUB.

1 31595.96 5643.337 Never Treated 0.000

3 28849.25 7376.666 Never Treated 0.003
4 25596.24 5044.270 Never Treated 0.000

5 23894.89 5032.959 Not Yet Treated 0.000

companies involved in Russian public procurement from 2011 to 2022. Following the method-
ology outlined in (Ham & Miratrix, 2022), the matching specifically focused on covariates.
The matching process was conducted on a one-to-one basis, meaning that each donor com-
pany was paired with a non-donor possessing similar characteristics. The outcomes of the
matching process by used covariates are detailed in Annex B. The distribution graphs indi-
cate that the matching is particularly accurate for numerical variables such as income and
the number of employees. However, it exhibits slightly lower precision for categorical covari-
ates like region and sector, although it still ensures a reasonably balanced distribution across
different localities and markets.

The model specifications align with standard event study specifications as outlined in
Miller, 2023. The pre-event reference period is set as the year prior to the donation (denoted
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as y-1) . The control groups encompass companies that have never been treated but have
participated in public procurement at any point, as well as companies that have participated
in public procurement but have not yet made a donation. Given the relatively low overall
number of observations, relying solely on not-yet-treated units could diminish statistical
power and increase standard errors. Therefore, both specifications were tested. Considering
the variation in the number of donations between 2011 and 2022, the results are presented
within a time span of -5 to +7 years around the donation event.

The models incorporate controls for unit-specific trends to mitigate omitted variable bias
and partially address endogeneity concerns. Each model includes fixed effects for both com-
pany and year, accounting for potential determinants at the company-year level that might
influence the distribution of public procurement contracts. Additionally, clustered standard
errors at the company level are integrated into the models, as well as robust standard er-
rors controlling for heterogeneity. Given the research question’s nature, we assume that a
company experiences a single event—the first donation. Consequently, the model does not
include the impact of multiple donations made by a company. Although we examine the
effect of the first donation on different donor groups based on the number of times they have
contributed, the analysis focuses exclusively on the relevance of the initial donation.

This study examines two outcome variables: the total value of public procurement con-
tracts won by a company and the average value derived from public procurement, which is
calculated by dividing the total sum of contract values by the total number of contracts won
by a company in a given year. The final formula of this paper is

1
y;+ = Calender Year FEs + Company FEs + Z Z 0et(I{E; = e} - Dﬁ)t) + €,
ec{0:7} I==5

with fixed effects representing company and calendar year time-ivariant characteristics,
e, representing the weighted average for relative cohorts, the summations capturing the
impact of the donation in lag and lead periods with reference period set to —1 and time
prior and after donation limited to 5 years, and Dé)t being an indicator variable that equals
1 if company 7 is [ periods away from the first donation at time ¢.

6 Data

Several separate data sources were used to collect data for the analysis. To obtain data on
United Russia’s donors, the information provided by the NGO ” Golos” within the framework
of the "Party Wallet” project was used®. The information on donations has been manually
collected by activists from the declarations of the parties that are available in the public

5The 8th and 9th year after the donation, as well as 9th to 6th year prior the donation are included in the
sample but with no dummy variable generated for them due to very low number of observations for these
groups.

6At present, the government of the Russian Federation has declared NGO ”Golos” a foreign agent and
has a head of organization under prosecution for cooperation with undesirable organization. Therefore, some
of the sources are experiencing disruptions in the operation online and do not provide ”Party Wallet” data
in open access.

494



CEU eTD Collection

Figure 4: Company’s donation status over time

Observations per donation status

Company

201 2012 2013 2014 2015 2016 2017 2018 2019 2020 2021 2022
Year

Donation not made  [JJll Donation not yet made  [Jflj Donation made

domain. The data span from 2005 to 2020 and provide information on funding for election
campaigns and general party operations. For the purpose of the analysis, the total amount
of donations per company in a particular year has been used. Number of unique donors in
the dataset = 3400

Figure 4 illustrates the company matrix based on their donation status. Notably, exactly
half of all observations did not make any donations, constituting the control group. The
remaining companies exhibited a gradual increase in donations over time, with a spike in
2016 coinciding with the federal Duma elections. Post-2020, companies that had previously
made donations show no variation in donation status, as a single donation was considered
a permanent treatment for this research. To assess the impact on contract distribution, the
data for the years 2021 and 2022 was retained, observing if donations in 2020 influenced
contracts up to two years later.

Next, company information was obtained from the Federal Tax Service (FNS) open data.
The agency publishes information on all the companies and private enterprises that are
registered in Russia (the total number of observations is approximately 6,000,000). The
data gathered by FNS included tax identification, income, number of employees, address,
and type of economic activity 7.

The data on public procurement contracts was provided by the Government Transparency
Institute®. The data contains contract-level information on public procurement regulated by

“For this purposes Russia uses standardized code of economic activity OKVED. The exact definition of
markets per OKVED categories is presented in Annex A
8The data was provided by the Government Transparency Institute for research purposes. Technical
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Figure 5: Contract value by type of company and cohort
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Federal Law Ne44 (about two-thirds of all public contracts are covered by this law?). The
data has been matched to the company data using the tax ID, and then matched to data
on donors via tax identifier and year of contract or donation. The public procurement
dataset contains about 10,000 records of companies that have ever donated, with about 1000
individual donation records (almost one third of all registered donors of United Russia party).
The final dataset before matching included 1.5 million contracts for 700,000 companies for
the period 2011 to 2021. After propensity score matching 1 to 1 (1 donor to 1 non-donor) and
filtering to 2011-2022 time span, the final number of observations in the dataset is 20,370.

In line with the distribution overview depicted in Figure 4, Figure 5 provides an ag-
gregated representation of the total and average contract values distributed by cohort. A
cohort, in this context, is defined as a group of observations corresponding to companies
that were treated (i.e., made donations) in the same year. The distribution pattern indi-
cates a consistent trend, with the highest total and average values being prominent following
the year of donation for nearly every cohort. Moreover, the distribution indicates that the
average contract value shows marginal divergence from the total value. This implies that
the observed contract values are not disproportionately influenced by exceptionally large
contracts but rather reflect the typical value of contracts received by a company in a given
year.

7 Results

Analytical model employed in this study assesses the influence of donations to the United
Russia party on both the total and average values of public procurement contracts awarded
to a company over an 11-year period relative to the year of the donation event. Since the
timing of the donation event varies for each company, cohorts are formed based on the year of
their initial donation. The model’s findings reveal a statistically significant increase in both
the total and average contract values following donations to the United Russia party. Figure
6 illustrates a 4-year pre-trend and the impact of the donation for up to 7 years post-event.
Importantly, the model indicates no significant impact on outcome variables prior to the
year of the donation event, affirming the non-violation of the main assumptions of the event
study. Subsequently, both total and average contract values exhibit a substantial increase
starting from the year of the donation, reaching a peak one year after the donation. This
effect persists for 6 years post-donation with slight variations in coefficients and standard

details can be found in: Fazekas, Mihdly; Bence, Téth; Abdou, Aly & Ahmed Al-Shaibani (2024) Global
Contract-level Public Procurement Dataset. Data in Brief

9In Russia, public procurement procedures are governed by two primary laws: No. 223 and No. 44. The
latter encompasses all public contracts granted by federal, regional, or municipal public agencies, while the
former pertains specifically to public contracts awarded by companies with a 50% or higher state shareholding,
as well as natural monopolies. While Law 223 allows organizations to establish their own requirements for
public procurement, Federal Law 44 clearly delineates the responsibilities of both contracting parties. This
research focuses on contracts regulated by Federal Law Ned4 due to a) number of observations since this law
covers vast majority of all contracts in the country b) anticipation that donations show effect on procurement
contracts which are distributed by public institutions rather than state-owned enterprises c¢) expectation that
donation serve as a form of interference with competition, which is also higher under 44 Federal Law making
this instrument more relevant
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errors.

Annex C provides precise estimates for each relative time period, along with standard
errors clustered at the company level and heteroskedasticity-robust standard errors. Specif-
ically, the year of donation and the year after the donation contribute to an increase in
total contract value by 17 and 43 million rubles, respectively. Similarly, average contract
value experiences a rise of 6 and 8,5 million rubles in the respective years. Importantly, the
cumulative effect of donations influences roughly 70% of the total value of contracts secured
by donor companies'®.

Although the model incorporates potential time-invariant company characteristics, it is
essential to investigate whether the observed effect remains consistent across diverse groups
of companies. An initial and apparent criterion for differentiation is based on sectoral dis-
tinctions. We anticipate observing an increase in contract value within markets that are of
particular interest to the dominant party or can be used for its needs. Figure 6 illustrates
the model’s outcomes for two markets that exhibit a significant effect: Construction Work,
and Wholesales and Retail Trade. These specific markets were chosen due to the absence
of a noteworthy pre-trend, indicating compliance with event study assumptions, and a sub-
stantial increase in average contract value following the donation event (for exact coefficients
and full list of sectors see Annex D).

The findings highlight the construction and sales sectors as the most prominent and
consistently impacted markets, primarily due to the sheer volume of observations and the
overall share of donations. However, the construction sector stands out as more coherent and
stable in the increase in the total value of contracts, with the effect being visible immediately
after the donation was made. Simultaneously, noticeable rises in total contract values are
observed in the Wholesale and Retail sector, demonstrating an overall upward trend, albeit
with insignificant coefficients two years after the year of donation. The act of donation
elevates the total contract value by 10 million RUB in Wholesale and Retail and 66 million
RUB in construction. This translates to 61% and 70% of the total contract value among
donors, respectively.

Another factor that may influence the event’s outcome is the number of donations a
company has made to United Russia over time. The sample was divided into four groups
based on the number of donations made by a company, ranging from 1 to 4 (the maximum
number of donations is 5, but only four companies reached that level, so they were included
in the last group). Figure 8 illustrates the results (with exact coefficients provided in Annex
E), revealing a distinct variation in the impact of donations across different groups.

The results indicate that the first donation has the most substantial effect compared to
subsequent donations, with a consistent decline in impact with each additional donation
made. For companies making a single donation, the effect on average contract value is 20%.
However, for companies making two donations, the effect decreases to 4% and is statistically
insignificant.

The final source of heterogeneity in effects is companies’ earnings, which serve as a proxy
for company size. Companies of different sizes may benefit differently from donations to the
dominant party. To explore this, the sample was divided into four quantiles based on the

0The share is calculates as ATT / Average value of contracts in treated group * 100, in this case
30040,/40852*100
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Figure 6: Event study model
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(a) The model used is Sun & Abraham interaction. The period marked as -1 serves as a reference. Time
intervals -9 to -6 and 8 to 10 are encompassed in the sample; however, no dummy variables were generated
for these periods due to a limited number of observations. The reference cohort consists of companies that
have never made donations.
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Figure 7: Event study model: sampling for sectors

Construction works Wholesale and Retail Trade
' |
150,000
o 150/
3 30,000
o
=1 ! I
=3 |
™ 100,000 : 20,000
£ !
[
= ' '
. ‘ '
5 10,000
® 50,000
c | |
S I I
Y A [ T SR UpR A SRR (RPN SUUS UPIDURIPRINY SURN SN PR Rt MR
Y 0
)
o 0 — (P ————————————— - ————— T~ g~
)
z | I
' -10,000 !
|
|
-5 0 5 0 5

Time to treatmeit
(a) The model used is Sun & Abraham interaction. The period marked as -1 serves as a reference. Time
intervals -9 to -6 and 8 to 10 are encompassed in the sample; however, no dummy variables were generated
for these periods due to a limited number of observations. The reference cohort consists of companies that
have never made donations. Each sector was sampled from a full list of donors and matched non-donors, with
the models performed separately on each sample. The presented sectors exhibit no parallel trends violations
and demonstrate significant coefficients.

Figure 8: Event study model: sampling for different number of donations
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(a) The model used is Sun & Abraham interaction. The period marked as -1 serves as a reference. Time
intervals -9 to -6 and 8 to 10 are encompassed in the sample; however, no dummy variables were generated
for these periods due to a limited number of observations. The reference cohort consists of companies that
have never made donations. Each sample was extracted from a full list of donors and matched non-donors
depending on the number of donations made by a company.
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total earnings of each company in the dataset. Figure 9 illustrates the model results for each
of the four groups (refer to coefficients in Annex F).

The model indicates that donations have a long-lasting and significant effect primarily
in the third and fourth quantiles of companies’ earnings, with the wealthiest companies
experiencing the most substantial return in the form of public procurement contracts. The
first quantile also shows a statistically significant increase for three years after the donation,
although the average effect is lower. The increase due to donation for companies in the
fourth quantile accounts for 75% of the average contract value, and for companies in the
third quantile, it constitutes 70%.

Therefore, the overall heterogeneous effect yields the following insights: United Russia
donors with high earnings, who make a single donation experience a significant increase in
the values of contracts they win through public procurement. Moreover, such increase can
be observed in three sectors, with Construction Sector demonstrating the most robust jump
in public procurement returns.

8 Case studies

Among the companies in the construction sector, LLC Transsignalstroy stands out as the
largest donor to United Russia. While not the biggest player in the sector, it ranks among
the top 40 construction companies in Russia, boasting an annual turnover of 1.6 billion
rubles in 2022. Established in 2001, the company made contributions to United Russia in
2016 and 2019, amounting to 15,000,000 and 43,300,000 RUB, respectively. Notably, prior
to 2016, Transsignalstroy exhibited relatively stable revenues, hovering around 1.5 million
RUB. A year before its first donation, in 2015, there was a significant increase, with revenues
reaching 8.5 million rubles and an annual turnover of 1.5 billion RUB. In 2016, the company
experienced a sharp spike, reaching 389 million RUB in revenue and an annual turnover of 3.4
billion RUB. This spike coincided with the company securing numerous contracts, primarily
from Russian Railways (JSCo RZD). Interestingly, only the impact of the first donation is
reflected in Transsignalstroy’s revenues; after the second one in 2019, they reverted to a
decline. In total, the company secured approximately 750 public procurement contracts,
with 660 contracts awarded during the years 2016 and 2017, and only 24 contracts obtained
in the period preceding these years.

An illustration of a considerably less notable company in terms of market significance
is LLC ”Agni Elevators RUS.” This firm is engaged in the wholesale trade of lifting and
transport machinery and equipment. Established in 2018, it made its inaugural and sole
donation to United Russia in 2020. Prior to this, the company had not secured any contracts
in public procurement, and in the year 2020, its revenue amounted to 159 million RUB.
Subsequently, the company began winning contracts, primarily from the ”Capital Repair
Fund of Pskov Oblast,” a state fund responsible for the reconstruction of old buildings.

9 Discussion and Conclusion

The presented results illustrate that the dynamics of relationships between donors and the
ruling party in an authoritarian regime somewhat mirror the rationale behind donations in
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Figure 9: Event study model: sampling for income groups
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(a) The model used is Sun & Abraham interaction. The period marked as -1 serves as a reference. Time
intervals -9 to -6 and 8 to 10 are encompassed in the sample; however, no dummy variables were generated
for these periods due to a limited number of observations. The reference cohort consists of companies that
have never made donations. Each sample was extracted from a full list of donors and matched non-donors
depending on the income quartiles (0-25%, 26-50%, 51-75%, 75%-100%).
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democracies, distinguishing between ideological and opportunistic donors. However, there
are a few distinctive differences related to the logic of political survival in dictatorships and
the nature of business-state relationships. In a democratic setting, providing donations in
exchange for benefits is more likely to result in gaining access to the decision-making process
or influencing legislative behavior favorably towards the company (Acton & Hawkins, 2022;
Powell, 2012). In contrast, in authoritarian conditions, such exchanges lead to direct mone-
tary benefits for both parties—funds for electoral campaigns and party operations are traded
for money obtained through public procurement contracts. Hence while in a democratic sys-
tem, corporate donations may aim to influence procedural barriers, in an autocracy, they
serve to gain access to the distribution of public funds.

Second, the selection of sectors where this dynamic persists suggests that such exchanges
are not common to all business entities but rather prevalent among those operating in the
construction sector and retail trade. Two possible reasons may account for this. First, these
sectors could exhibit lower transparency, making them more susceptible to corruption. For
instance, the construction sector is known for its susceptibility to corruption due to the scale
of projects, their non-comparability, lack of standardization, extensive subcontracting, and
other related factors. Additionally, sectors such as construction and wholesale might also
be strategically utilized by the government. For example, a government aims to construct
a large stadium in the city center. Such a prominent infrastructure project would capture
the attention of voters and carry symbolic significance for the politician spearheading the
initiative. The crucial decision then arises: to whom should the construction be delegated?
Given the significant opportunity to build and generate economic profits, the project is
often awarded to a company with ties to the state. The extent of these connections varies
based on the project’s scale. Making a donation to the dominant party could be a way of
establishing such connection!!. The findings also indicate that the impact of an increase in
public procurement value is observable in the short term for small-income companies and
enduring in the long term for larger enterprises. This implies that, for small companies,
making a donation may serve as an entry point into the market for public procurement
contracts, almost constituting a direct exchange of funds. Conversely, for large companies,
a donation signals an established connection between the dominant party and the company,
indicating involvement in institutionalized grand corruption.

In summary, the findings indicate a departure from the expectation that United Russia
enjoys broad support and ideological popularity. Instead, support for the dominant party
appears to be driven by opportunistic and strategic considerations. Corporate donations
frequently aim to secure private benefits rather than endorsing the party’s policies. While this
system is inherently corrupt, it also implies that the support for the dominant party hinges
on the specific advantages it offers rather than ideological alignment. This assumes that the
system is less stable than one might anticipate and can only be sustained as long as there are
sufficient resources available to exchange for support. Following the logic proposed by De

Ty illustrate, the infamous ” Gazprom Stadium” in Saint Petersburg, known for being one of the largest
corruption projects in terms of embezzled funds, was constructed under the supervision of a former vice-
governor of the city, who was later imprisoned for orchestrating a grand corruption scheme during the
stadium’s construction. The project also involved the participation of companies connected to Russian
billionaires such as Oleg Deripaska and Gennadiy Timchenko (Alexander Ermakov, 2021; Lyubov Chizhova,
2018).
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Mesquita et al., 2005, the political survival of autocrats is contingent on the resources they
can distribute to their winning coalition and core group of supporters. This perspective also
holds relevance for modern Russia, where the phenomenon of popular support for the political
regime is actively studied (Kuzio, 2023; Rosenfeld, 2023). Considering the historical context
and the roots of support established prior to the onset of the full-scale Russian invasion of
Ukraine, it is reasonable to assume that, at present, this support is as well largely contingent
on existing resources and the manner in which they are distributed among supporters.
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A Sector categories

Table 3: OKVED Categories

OKVED 2 digits

Corresponding Sector

01, 02, 03 Agriculture, Forestry, Hunting,
Fishing
05, 06, 07, 09 Mining and Extraction of Mineral

Resources

10, 11, 12, 13, 14, 15, 16, 17, 18, 19,
20, 21, 22, 23, 24, 25, 26, 27, 28, 29,
30, 31, 32, 33

Manufacturing and Processing
Industries

35, 36, 37, 38, 39

Energy and Water Supply

41, 42, 43, 68, 77, 81

Construction works

45, 46, A7

Wholesale and Retail Trade

49, 50, 51, 52, 53

Transportation

58, 59, 60, 61, 62, 63

Information and Communication

Activities
78, 79, 81, 82 Administrative and Business Support
Services
84, 80 Military and Security Activities

59, 56, 85, 86, 87, 88

Healthcare and Social Services
Activities

90, 93, 95, 96

Cultural, Sports, Leisure Services
Sector

64, 65, 66

Financial and Insurance Services
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B Distribution of covariates by matched groups

Figure 10: Matching results by covariates
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C Coefficients for general model

Results for Contract Value

Relative event time Estimate SE t value Pr(> |t|) SE Robust
Event year -5 -3293.299  2203.228  -1.495 0.135 4649.713
Event year -4 -2923.965 2081.978 -1.404 0.160 4504.636
Event year -3 -405.793  3027.529 -0.134 0.893 4709.338
Event year -2 3216.275  3219.680  0.999 0.318 4815.144
Event year 17348.384  4070.305  4.262 0.000 4464.250
Event year +1 42955.587 10122.341 4.244 0.000 9076.768
Event year +2 36056.124  9425.829  3.825 0.000 8364.961
Event year +3 28807.948  8872.257  3.247 0.001 8277.750
Event year +4 31377.901 8473.991  3.703 0.000 7832.214
Event year 45 30453.596  9450.285  3.223 0.001 9093.346
Event year 46 25364.120 8296.761  3.057 0.002 8502.388
Event year +7 14014.944  8390.127  1.670 0.095 8866.457

(a) OLS estimation, Dep. Var.: Sum44; Observations: 18,791; Fixed-effects: INN: 1,566, Year: 12
RMSE: 102,298.0; Adj. R2: 0.21913; Within R2: 0.016346

Results for average contract value

Relative event time Estimate SE t value Pr(> |t|) SE Robust

Event year -5 -835.777 1481.201 -0.564 0.573 4649.713
Event year -4 391.795 1927.565 0.203 0.839 4504.636
Event year -3 -195.290 1496.062 -0.131 0.896 4709.338
Event year -4 661.645 1558.784  0.424 0.671 4815.144
Event year 5741.596 1870.819  3.069 0.002 4464.250
Event year +1 9594.485 2363.425  4.060 0.000 9076.768
Event year +2 5757.052 1781.935 3.231 0.001 8364.961
Event year +3 4279.939 1779.117  2.406 0.016 8277.750
Event year +4 8591.131 2683.993  3.201 0.001 7832.214
Event year +5 7452.347 2778.031  2.683 0.007 9093.346
Event year +6 8560.737 3829.471  2.235 0.025 8502.388
Event year +7 3943.516 3137.323  1.257 0.209 8866.457

(a) OLS estimation, Dep. Var.: avinc; Observations: 18,791; Fixed-effects: INN: 1,566, Year: 12
RMSE: 31,650.2; Adj. R2: 0.171804; Within R2: 0.010033
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D Coefficients for sectoral model

Time to Estimate  SE Robust t value p value model
treatment
-5 -3786.746 6043.008  -0.627  0.533 administration
-4 -2311.111 6050.093  -0.382  0.704 administration
-3 -2319.030 6051.934  -0.383 0.703 administration
-2 -2974.027 6178.658 -0.481 0.632 administration
0 -1281.335 8431.776  -0.152  0.880 administration
1 13292.847 6327.485 2.101 0.040 administration
2 16153.686  12326.832 1.310 0.195 administration
3 55692.025  43523.489 1.280 0.205 administration
4 -499.307 8971.896 -0.056 0.956 administration
5 -275.240 13694.110 -0.020 0.984 administration
6 -276.309 13694.841 -0.020 0.984 administration
7 -1070.224  13732.003 -0.078  0.938 administration
Observations: 120; RMSE: 16,606.1; Adj. R?: 0.213733; Within R?: 0.448313
-5 -203.596 14102.786  -0.014 0.988 construction
-4 -289.542 12877.247  -0.022 0.982 construction
-3 990.186 13519.154  0.073 0.942 construction
-2 10079.773  13353.229  0.755 0.450 construction
0 35561.779  12030.967  2.956 0.003 construction
1 106426.105 26336.292  4.041 0.000 construction
2 91133.093  24175.039  3.770 0.000 construction
3 61743.006  22801.117  2.708 0.007 construction
4 74894.296  21906.963  3.419 0.001 construction
5 61969.706  24547.338  2.524 0.012 construction
6 33821.516  22018.445 1.536 0.125 construction
7 10192.591  21418.001  0.476 0.634 construction
Observations: 4,619; RMSE: 190,606.0; Adj. R?: 0.225903; Within R?: 0.045672
-5 -3091.425 4008.842  -0.771  0.441 sales
-4 -2962.132 3593.402  -0.824  0.410 sales
-3 -2756.596 3361.714  -0.820 0.412 sales
-2 1513.742 3352.850 0.451 0.652 sales
0 7706.307 4741.918 1.625 0.104 sales
1 16059.459 7200.773 2.230 0.026 sales
2 11431.531 4967.306 2.301 0.021 sales
3 7343.030 4202.696 1.747 0.081 sales
4 3385.144 4384.227 0.772 0.440 sales
5 9245.657 7019.322 1.317 0.188 sales
6 14173.260 9855.303 1.438 0.150 sales
7 3984.813 8236.684 0.484 0.629 sales
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Time to
treatment

Estimate

SE Robust t value

p value

model

Observations: 5,543; RMSE: 29,717.7;Adj. R2: 0.29068; Within R2: 0.05008

Adj. R?: 0.376182; Within R%: 0.157273

-5 658.386 10932.833  0.060 0.952
-4 -1115.742 9713.915  -0.115  0.909
-3 -3442.051 8137.487  -0.423  0.672
-2 -5045.316 8476.676  -0.595  0.552
0 13782.823  22077.780  0.624 0.533
1 156.496 9790.988 0.016 0.987
2 13683.364  19445.459  0.704 0.482
3 -11350.491 9062.454 -1.252 0.211
4 5962.165 19918.575  0.299 0.765
5 366.277 10724.918  0.034 0.973
6 -20093.254  9159.518 -2.194 0.029
7 -13169.568  7658.981 -1.719  0.086
Observations: 766; RMSE: 64,993.0;
-5 -2662.704 3087.187  -0.863  0.388
-4 -2400.099 2687.437  -0.893  0.372
-3 2482.666 4956.503 0.501 0.616
-2 -1618.312 2643.610 -0.612 0.540
0 4791.126 4694.586 1.021 0.308
1 2257.066 5739.178 0.393 0.694
2 -2361.600 3437.853  -0.687  0.492
3 -1843.105 3686.390  -0.500  0.617
4 6259.916 8737.046 0.716 0.474
5) -4483.241 1666.563  -2.690  0.007
6 -4174.996 2010.636  -2.076  0.038
7 -3999.547 1547.927  -2.584  0.010
Observations: 2,711; RMSE: 29,173.1; Adj. R%:
-5 -3.940 29.122 -0.135 0.892
-4 -4.265 24.746 -0.172  0.863
-3 28.944 44.790 0.646 0.518
-2 -3.403 35.960 -0.095  0.925
0 47.928 59.120 0.811 0.418
1 75.769 76.510 0.990 0.322
2 6.065 96.258 0.108 0.914
3 73.961 80.781 0.916 0.360
4 263.460 119.503 2.205 0.028
5 896.568 551.052 1.627 0.104
6 349.258 193.181 1.808 0.071
7 227.978 198.880 1.146 0.252
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Time to

Estimate  SE Robust t value p value model
treatment

CEU eTD Collection

Observations: 684; RMSE: 546.9; Adj. R?: 0.432478; Within R?: 0.482046

-5 0.000 42.362 0.000 1.000 mining
-4 32.967 36.091 0913  0.366 mining
-3 0.000 42.362 0.000 1.000 mining
-2 0.000 42.362 0.000 1.000 mining
0 0.000 42.362 0.000 1.000 mining
1 128.401 91.741 1.400 0.169 mining
2 0.000 42.362 0.000 1.000 mining
3 234.235 185.312 1.264  0.213 mining
4 0.000 42.362 0.000 1.000 mining
5 0.000 42.362 0.000 1.000 mining
6 0.000 42.362 0.000 1.000 mining
Observations: 71; RMSE: 40.9; Adj. R?: 0.304365; Within R?: 0.4
-5 -3041.179 5994.069  -0.507  0.615 financial
-4 -2556.689 5141.231  -0.497  0.622 financial
-3 -2556.689 5141.231  -0.497  0.622 financial
-2 -2556.689  4844.475  -0.528  0.601 financial
0 -6034.354  10065.177  -0.600  0.552 financial
1 -6301.555  10161.886 -0.620  0.539 financial
2 -3047.732  10172.351  -0.300  0.766 financial
3 -22858.162  27949.870  -0.818  0.419 financial
4 -12805.839  15063.349  -0.850  0.401 financial
5 -1672.984  4400.613  -0.380  0.706 financial
6 -2579.063  4302.799  -0.599  0.553 financial
7 -7737.188  12903.451  -0.600  0.552 financial
Observations: 84; RMSE: 13,670.2; Adj. R?: -0.514666; Within R?: 0.155592
-5 0.000 6880.141 0.000 1.000 military
-4 0.000 4168.205 0.000 1.000 military
-3 0.000 4168.205 0.000 1.000 military
-2 0.000 4107.984  0.000 1.000 military
0 -49.367 4110.559  -0.012  0.990 military
1 6853.402 3944.484 1.737  0.084 military
2 7227.044 2964.681 2438  0.016 military
3 8280.215 6397.863 1.294  0.197 military
4 4394.735 4457.100 0.986  0.325 military
5 5944.073 3509.391 1.694  0.092 military
6 21951.242  13253.524  1.656  0.099 military
7 368.881 4478.729 0.082  0.934 military

Observations: 264; RMSE: 7,194.8; Adj. R?: 0.334708; Within R?: 0.193156
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Estimate  SE Robust t value p value model
treatment
-5 648.603 3072.085 0.211 0.833 information
-4 371.084 2543.219 0.146 0.884 information
-3 -1572.155 2621.190  -0.600  0.549 information
-2 -735.684 2639.404  -0.279  0.781 information
0 -4070.439 2800.672  -1.453  0.147 information
1 -2434.882 2581.476  -0.943  0.346 information
2 -2454.083 3142.501 -0.781 0.435 information
3 -3189.051 3345.509  -0.953  0.341 information
4 462.809 4555.298 0.102 0.919 information
5 2144.739 5550.884 0.386 0.699 information
6 15396.625  15155.039  1.016 0.310 information
7 -8372.805 7150.087  -1.171  0.242 information
Observations: 538; RMSE: 14,407.6; Adj. R?: 0.29722; Within R%: 0.077183
-5 -113.606 1079.602  -0.105  0.916 culture
-4 -87.213 874.892 -0.100  0.921 culture
-3 -530.533 929.346 -0.571  0.569 culture
-2 -644.151 823.814 -0.782  0.436 culture
0 -1496.915 979.485 -1.528  0.129 culture
1 -1416.675 1197.841  -1.183  0.239 culture
2 -1164.563 2132.219  -0.546  0.586 culture
3 -1970.155 3541.405  -0.556  0.579 culture
4 -2463.425 2461.037  -1.001  0.319 culture
5 -3681.858 3202.353  -1.150  0.252 culture
6 -5097.045 4703.126  -1.084  0.280 culture
7 -9059.766 9061.559  -1.000  0.319 culture
Observations: 216; RMSE: 6,545.1; Adj. R?: -0.171086; Within R?: 0.039141

-5 -3221.697 4792.265  -0.672  0.502 utilities
-4 -2817.171 4475.386  -0.629  0.529 utilities
-3 -3964.548 4749.032  -0.835  0.404 utilities
-2 -839.616 4087.561  -0.205  0.837 utilities
0 6102.767 6356.871 0.960 0.338 utilities
1 9829.300 7652.023 1.285 0.200 utilities
2 5978.668 5213.460 1.147 0.252 utilities
3 4502.161 6401.394 0.703 0.482 utilities
4 16938.124  11546.365  1.467 0.143 utilities
5 -222.302 2156.890  -0.103  0.918 utilities
6 -1107.194 2998.185  -0.369  0.712 utilities
7 -2025.873 1166.324  -1.737  0.083 utilities

Observations: 623; RMSE: 13,981.7; Adj. R?: 0.252979; Within R?: 0.163682
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Ti .
ime o Estimate  SE Robust t value p value model
treatment

Table 6: OLS estimation, Dep. Var.: contract value sum; Fixed-effects: INN: 10, Year: 12;
Standard-errors: Heteroskedasticity-robust
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E Coefficients for model with number of donations

Time to Estimate  SE Robust t value p value model
treatment
-5 -3911.010 4860.681 -0.805  0.421 donation_count_1
-4 -3325.714 4809.718 -0.691 0.489 donation_count_1
-3 1204.213 5088.169 0.237 0.813 donation_count_1
-2 4760.804 5250.906 0.907 0.365 donation_count_1
0 19892.265 4790.647 4.152 0.000 donation_count_1
1 40847.684  10302.121  3.965 0.000 donation_count_1
2 36475.622 9427.366 3.869 0.000 donation_count_1
3 29715.198 9528.417 3.119 0.002 donation_count_1
4 31136.661 8777.147 3.547 0.000 donation_count_1
5 21681.711 7791.742 2.783 0.005 donation_count_1
6 22898.001 8368.538 2.736 0.006 donation_count_1
7 13367.711 9766.844 1.369 0.171 donation_count_1
N: 17,219; FE: INN: 1,435, Year: 12; RMSE: 31,135; Adj. R?: 0.160499; Within R?: 0.011244
-5 -14698.424  11056.977  -1.329 0.184 donation_count_2
-4 -11271.433  12433.529  -0.907  0.365 donation_count_2
-3 -11452.896  11837.301 -0.968  0.333 donation_count_2
-2 -4107.419  11562.022 -0.355  0.722 donation_count_2
0 6963.530 12689.673  0.549 0.583 donation_count_2
1 45449.763  17674.690 2.571 0.010 donation_count_2
2 33402.804  18298.728  1.825 0.068 donation_count_2
3 7874.322 10071.602  0.782 0.434 donation_count_2
4 30916.791  19510.250  1.585 0.113 donation_count_2
5 16291.784  16958.667  0.961 0.337 donation_count_2
6 51120.860  34317.658 1.490 0.136 donation_count_2
7 27930.912  25969.436  1.076 0.282 donation_count_2
N: 10,235; FE: INN: 853, Year: 12; RMSE: 17,160.3; Adj. R?: 0.192608; Within R?: 0.01536
-5 53773.487  47847.589  1.124 0.261 donation_count_3
-4 33940.356  30948.660 1.097 0.273 donation_count_3
-3 -4452.656  33219.655 -0.134 0.893 donation_count_3
-2 -316.926 34160.523  -0.009 0.993 donation_count_3
0 18781.485  27664.242  0.679 0.497 donation_count_3
1 71589.158  31160.880  2.297 0.022 donation_count_3
2 62046.828  39707.404  1.563 0.118 donation_count_3
3 96663.012  53460.908 1.808 0.071 donation_count_3
4 53909.463  34161.679 1.578 0.115 donation_count_3
5 237127.426 136821.890 1.733 0.083 donation_count_3
6 -11688.857  52209.545 -0.224  0.823 donation_count_3
7 1858.738 39838.254  0.047 0.963 donation_count_3
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Estimate  SE Robust t value p value model
treatment

N: 9,407; FE: INN: 784, Year: 12; RMSE: 46,861.6; Adj. R?: 0.354433; Within R2: 0.150009

-5 889.674 93439.731  0.010 0.992 donation_count_4
-4 725.329 59144.127  0.012 0.990 donation_count_4
-3 2556.731 43027.420 0.059 0.953 donation_count_4
-2 3157.833 39170.226 0.081 0.936 donation_count_4
0 1028.430 39163.762  0.026 0.979 donation_count_4
1 128665.050 86958.557  1.480 0.139 donation_count_4
2 45163.351  31503.036 1.434 0.152 donation_count_4
3 45803.007  31482.577  1.455 0.146 donation_count_4
4 38601.355  41314.511 0.934 0.350 donation_count_4
5 114371.626  83639.547  1.367 0.172 donation_count_4
6 50712.515  36201.794  1.401 0.161 donation_count_4
7 3320.907 7818.716 0.425 0.671 donation_count_4

N: 9,252; FE: INN: 771, Year: 12; RMSE: 38,180.1; Adj. R?: 0.305215; Within R?: 0.059444

CEU eTD Collection

Table 7: OLS estimation, Dep. Var.:  contract value sum; Standard-errors:
Heteroskedasticity-robust

518



CEU eTD Collection

F Coefficients for income model

Estimate  SE Robust t value p value Time to model
treatment
-2575.530 2484.745  -1.037  0.300 -5 EarningsQ1
-1798.506 2273.577  -0.791 0.429 -4 EarningsQ1
-2584.322 3346.091  -0.772  0.440 -3 EarningsQ1
-119.728 3235.108  -0.037  0.970 -2 EarningsQ1
14276.891 6693.924 2.133 0.033 0 EarningsQ1
22955.606 7307.165 3.142 0.002 1 EarningsQ1
12094.091 5517.050 2.192 0.028 2 EarningsQ1
7379.701 7352.893 1.004 0.316 3 EarningsQ1
5925.002 5251.760 1.128 0.259 4 EarningsQ1
126.937 3926.001 0.032 0.974 5 EarningsQ1
1190.735 4539.622 0.262 0.793 6 EarningsQ1
-587.940 8149.765  -0.072  0.942 7 EarningsQ1

N: 4,703; FE: INN: 392, Year: 12; RMSE: 42,402.9; Adj. R?: 0.19594; Within R?: 0.048212

-2571.950  9935.325  -0.259  0.796 - EarningsQ2
-2661.371  8429.938  -0.316  0.752 -4 EarningsQ2
-2086.605  7921.527  -0.263  0.792 -3 EarningsQ?2
-844.475 7883.749  -0.107  0.915 -2 EarningsQ2
13632.852  7239.592 1.883  0.060 0 EarningsQ2
38788.287  28288.502  1.371  0.170 1 EarningsQ2
26811.642  19304.522  1.389  0.165 2 EarningsQ2
814.743 9132.828 0.089 0.929 3 EarningsQ?2
487.584 9629.597  0.051  0.960 4 EarningsQ2
-706.518 12016.558  -0.059  0.953 5 EarningsQ2
-962.516 14805.835 -0.065  0.948 6 EarningsQ2
-1325.877  1607.878  -0.825  0.410 7 EarningsQ2

N: 4,691; FE: INN: 391; Year: 12; RMSE: 97,785.6; Adj. R?: 0.137167; Within R?: 0.022767

-4435.305 5392.084 -0.823 0411 -5 EarningsQ3
-4406.789 4923.747  -0.895  0.371 -4 EarningsQ3
-5337.870  4613.736  -1.157  0.247 -3 EarningsQ3
8425.570 8941.431 0.942 0.346 -2 EarningsQ3
17157.101  6530.633 2.627  0.009 0 EarningsQ3
32283.362  9302.372 3.470  0.001 1 EarningsQ3
23996.411  9075.792 2.644  0.008 2 EarningsQ3
27599.593  9985.069 2.764  0.006 3 EarningsQ3
14709.527  6328.336 2.324  0.020 4 EarningsQ3
24093.393  9488.377  2.539  0.011 5 EarningsQ3
26944.319  11879.313  2.268  0.023 6 EarningsQ3
20573.867  14179.917  1.451 0.147 7 EarningsQ3
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. Ti
Estimate  SE Robust t value p value ime to model
treatment

N: 4,703; FE: INN: 392, Year: 12; RMSE: 63,581.4; Adj. R?: 0.207756; Within R?: 0.033124

-4358.356 14274924  -0.305  0.760 -5 EarningsQ4
-3028.916  14570.951  -0.208  0.835 -4 EarningsQ4

7668.176  16203.278  0.473 0.636 -3 EarningsQ4

4591.130  14788.850  0.310 0.756 -2 EarningsQ4
25443.851  13146.192  1.935 0.053 0 EarningsQ4
81532.706  20743.145  3.931 0.000 1 EarningsQ4
86135.594  26059.267  3.305 0.001 2 EarningsQ4
84266.449  30299.619  2.781 0.005 3 EarningsQ4
119414.750 30931.211  3.861 0.000 4 EarningsQ4
115230.371  35978.5564  3.203 0.001 5 EarningsQ4
96378.931  31489.827  3.061 0.002 6 EarningsQ4

48353.363  34214.194 1.413  0.158 7 EarningsQ4
N: 4,691; FE: INN: 391, Year: 12; RMSE: 156,493.1; Adj. R?: 0.2738; Within R?: 0.060178

CEU eTD Collection

Table 8 OLS estimation, Dep. Var.: contract value sum; Standard-errors:
Heteroskedasticity-robust
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